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Introduction

Unemployment is a severe problem in Germany. In 2004, thenptayment rate
amounted to 20.1 in East and 9.4 percent in West Germany @agenturidr Ar-
beit, 2005). Unemployment causes major economic and stenaage. On the macro
level, unemployment represents an inefficient allocatidalwour and human capital
to the economy. Therefore, the economy’s production capacnot fully utilised.
On the micro level, unemployment disables persons fromiegua living on their
own! The Federal Employment AgericyBundesagenturii Arbeit, FEA) spends
substantial amounts of the annual fiscal budget to overcbenertemployment prob-
lem. In particular, the use of active labour market polici #P) programmes should
help to balance labour supply and demand. There is a valfigipgrammes that aim
at adjusting the human capital of workers and unemployesioperto the demands
of the market, e.g., vocational training programmes ariditrg courses, or are used
to support the creation of new jobs, e.g., wage subsidiegadncteation schemes.

Job creation schemes have been an important measure argdly 2000s. From
1997 to 2003, over 23 hillion Euro were spent on job creataremes, and approx-
imately 1.6 million participants joined the programmed geeation schemes are a
kind of subsidised employment and aim at improving the eggddity of unem-
ployed persons with barriers to employment. Although ¢ffof the FEA were im-
mense, scepticism about the effectiveness of the prograrimuoeder to improve the
employability of the participants increased due to a peen#y bad labour market
situation.

These doubts are not specific to Germany. For example, HetKmahonde, and
Smith (1999) point out that previous evaluations in OECDntdas indicate that

! Although German social security generally prevents the unemployed getting poor,
the majority of them suffers from financial difficulties. In addition, unéogment is often
followed by social exclusion and a decay of human capital. Furtherritoray indicate a
break in the professional career, induce psychosocial and phgialstress, and in some
cases may heighten the crime rate and prevent the occupational sticialisgarticular
for younger unemployed persons. For that reason, unemploymemteavy burden for the
economy (see, e.g., German Council of Economic Experts, 1994).

2 Until the end of 2003Bundesanstaltifr Arbeit.
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ALMP programmes usually have at best a modest impact oncpaatits’ labour
market prospects, but at the same time there is a considenabérogeneity in the
impact of these programmes. This is also a common findingérr¢leent evalua-
tion literature of ALMP programmes in Europe (see, e.g.,dherviews by Martin
and Grubb, 2001, for OECD countries; Hagen and Steiner, ,200@Germany; or
Calmfors, Forslund, and Hemétn, 2001, for Sweden). Whereas ALMP were seen
as a reasonable opportunity to reduce and avoid unempldyimea long time, the
international experiences with the implemented programsi@w a mixed picture,
and the majority of programmes seem to be ineffective in seofrtheir goals. For
that reason, international evidence on the effectivenesé WP suggests that pro-
grammes should be well-targeted to the needs of the individb-seekers and the
labour market, and that treatment should start as early ssilge in the unemploy-
ment spell (OECD, 1998). The aim of this study is to evaluagesimployment effects
of job creation schemes in Germany with respect to these tggestions. My first
question asks how programme effects differ with respediéaiming of treatment
in the individual unemployment spell. The second questiomy analysis consid-
ers a more adequate targeting of the programmes to the nédals enemployed
individuals.

Evaluation of programme effects is not an easy task. Theiohatl causal effect
of a programme is defined as the difference of the value ofainicfpant’s outcome
in the current situation and the value of the outcome in aasiin where the par-
ticipant has not joined the programme. Since an individaahot be in both states
at the same time, one could never observe both states simaaltaly for the same
individual. Therefore, the outcome for the participantthia situation without train-
ing has to be estimated by using information of non-paritig individuals, i.e.
a comparison group. However, if the selected non-partitipdiffer from the par-
ticipants in relevant characteristics, treatment effetdy be biased, and they could
not be used as the comparison group. Thus, it is essentiav&nation that partici-
pants and non-participants are identical in all relevaseokable characteristics that
jointly determine programme patrticipation and labour neadutcomes. In addition,
when using administrative data to evaluate the employnféatdts one has to apply a
non-experimental evaluation approach. Since the seteptiocess into programmes
is non-random, ignoring the nature of the data may lead &xteh bias.

| use propensity score matching to solve the selection protdccording to
Rosenbaum and Rubin (1983b). The basic idea of matching fiadoin a large
group of non-participants, those individuals who are simib the participants in all
relevant observable pre-programme characteristics €lfedsvant characteristics are
summarised in the estimated propensity to participatedrptbgramme (propensity
score). Thus, matching resembles an experimental cortsapgn one key respect:
The distribution of the counterfactual outcome of the pigtints is the same as the
observed distribution of the outcome of the comparison jgr@onditional on the
propensity score. Since matching methods concern theasssblely with selection
on observable variables, they require very rich data inrotlenake the estimates
credible. The main advantage of the method of matching isatwo properties of
the approach. First, matching is non-parametric. Theeefow particular distribution
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has to be assumed. Second, matching is highly flexible. It beagombined with
other methods or may be used to consider further aspectabfadion, e.g., evalu-
ation of the effects for sub-groups or with respect to thértgrof treatment. Recent
empirical studies on evaluation of ALMP programmes in caghpensive systems
like Sweden (Sianesi, 2004), Switzerland (Steiger, 2004 ermany (Fitzenberger
and Speckesser, 2005) have emphasised the importancetiofithg of treatment in
the individual unemployment spell for the estimation of tleatment effects.

| do so by applying the approach by Sianesi (2004). She stgydissretising the
unemployment duration and estimating the treatment effegt series of matching
estimators. For different durations of unemployment ptothe start of the pro-
grammes, treatment effects are estimated separately, fieusstimated effects pro-
vide a picture of the effects with respect to the timing oatreent. However, it has to
be mentioned that this approach does not look at any interdimcies between the
individual groups under analysis; and effects with respette timing of treatment
can only be compared descriptively. Fortunately, | am ablese unique data derived
from the final version of the programme participants masteéa det (MTG) of the
Institute for Employment Research (IAB) that allow us tolgsa the employment
effects for entries in job creation schemes between July 20@ May 2001 until
30 months after programmes have started. Moreover, witkethieh data at hand,
considering explicitly the timing of treatment in the inidiual unemployment spell
is possible.

A number of empirical studies have been conducted to renf@vencertainties
about the effectiveness of job creation schemes in GernTdreyearlier studies are
all based on survey data sets. Drawing policy-relevantlosians from the results is
problematic since those survey data have several shontgsiirst, the data cover
a small number of observations only. Therefore, taking antof heterogeneity in
the treatment effects is not possible in the estimationso®#® although the data are
very informative due to a large number of attributes to dbscthe labour market
situation of the individuals, inexact information on tinefdreatments as well as on
the (un)employment histories of individuals makes therprietation of the estimates
difficult. Third, as they concentrate on East Germany, exiédor West Germany is
missing in the earlier studies.

With the enaction of Social Code lIBpzialgesetzbuch |IEGB lll) as the le-
gal basis, output evaluation of all ALMP instruments becanaadatory. Moreover,
the legislator postulated the liberalisation of admimiste data for scientific re-
search. Subsequently, administrative data have been madabde for researchers
making it possible to evaluate the effects of job creatidmestes (see, e.g., Hujer,
Caliendo, and Thomsen, 2004, or Caliendo, Hujer, and Thoj2@04), but also
of vocational training programmes (see, e.g., Lechneruglicand Wunsch, 2005a;
2005b, Fitzenberger and Speckesser, 2005, and Hujer, BEmiasd Zeiss, 20068).
The major advantage of these administrative data is thgtdbetain a large num-
ber of participants allowing effect heterogeneity to besidered. The studies using
administrative data to evaluate the employment effect®lbfgreation schemes in

3 The studies evaluating vocational training focus on programmes camurdgefore 1998.
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Germany are based on a prototype version of the MTG of the s ¢ontain rich
information to characterise the individuals’ labour maituations. However, these
data cover one single entry month of job creation schemes (G@bruary 2000).
Although different sources of effect heterogeneity areardgd, i.e. individual, sec-
toral and regional heterogeneity in the employment effqmssible differences in
the allocation of unemployed persons to programmes dueetbrtting of treatment
in the unemployment spell or changes in the economy (sebdiffeaences) could
not be consideref.

Another aspect that has gained interest in the evaluatienature recently refers
to the role of the allocation mechanisms for the programrfects. The results of,
for example, Caliendo, Hujer, and Thomsen (2006a; 2006Gtirate that the aver-
age employment effects for the participating individudlfob creation schemes are
negative. Possible reasons may be a poor quality of the gmuges in association
with often cited stigma and locking-in effects, but alsdficéencies in the allocation
of unemployed persons to the programmes. Since progranfewsére heteroge-
neous, negative mean impacts do not necessarily imply imegeffects for all of
the participating individuals. Therefore, identifyingp#e individuals who gain from
participation is an obvious opportunity to improve theituite efficiency, i.e. target
the programmes to those individuals who benefit.

Answering this question will be the second aspect | examinthis study. To
do so, | use data on participants in job creation schemes athe $tarted the pro-
grammes in February 2000. In the first step, treatment sffex estimated for a
selection of special target groups of the labour market llkey-term unemployed
persons or individuals without professional training.ekfthat, | construct a simple
indicator calledtarget scorebased on the individual's number of disadvantages on
the labour market to analyse whether programme effectsrdifirresponding to the
individual labour market obstacles. If programmes aretad to the needs of the
most disadvantaged, one would expect stronger effectsefsops with a highear-
get scoreFinally, | use the estimated participation probabilitattswer the question
whether a higher participation probability correlatedwéthigher programme effect.

The study proceeds as follows. Chapter 2 presents some owthe relevance
of job creation schemes in Germany. Due to the clear diff@smf the labour mar-
ket in West and East Germany, | start with a brief overviewlsf tlevelopment
since German Unification. Further topics of this chaptertiaeerole of job creation
schemes within the variety of ALMP programmes in Germany #redempirical
and institutional arrangement. After summarising the figdiof previous empirical
studies evaluating the effects of job creation schemes im@aey, | discuss intended
and possible impacts of job creation schemes with a digtim¢tetween the micro-
and macroeconomic level. Chapter 3 presents the methddaldgmework for my
evaluation. The evaluation approach in the static settinggéd to discuss the funda-
mental evaluation problem, the parameter of interest, thblpm of selection bias

4 See Caliendo, Hujer, and Thomsen (2006a) for an analysis congjdedividual and re-
gional heterogeneity, and Caliendo, Hujer, and Thomsen (2006different aspects of
sectoral heterogeneity in the employment effects of job creation schien@ermany.
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and different identifying assumptions invoked in the Gieire to deal with it. After
that, the matching estimator and its identifying assunmgtiare discussed as well
as the extension to the dynamic setting that allows to cenglte timing of treat-
ments. Moreover, several aspects to be considered in ealpimplementation are
discussed at the end of the chapter. Chapter 4 describesdparation and content
of the data used for the empirical analyses. The resulthéoestimated employment
effects of job creation schemes are presented and discuussegpter 5. The analysis
considers the timing of treatment in the individual unergptent spell explicitly and
takes account of regional differences by estimating trecedffor West and East Ger-
many separately. The results for the second evaluatiortignese given in chapter
6. It provides an approach identifying effect heteroggneitthe employment ef-
fects to improve the efficiency of job creation schemes im@eary. The last chapter
concludes this study.






2

Some Notes on the Relevance of Job Creation Schemes
in Germany

2.1 Overview

In this chapter, | will discuss the relevant empirical anstitutional issues of job
creation schemes in Germany. For a reasonable evaluatithe ahpacts, a careful
characterisation of the programmes in analysis is neededo o, | will start with
a brief characterisation of the German labour market sineem@n Unification in
1990 in section 2.2. Reviewing the development of the lalmarket is necessary
as on the one hand, the situation in East and West Germarsaidyckeparated, and
on the other hand, relevance and efficiency of job creatiberses depend on the
actual situation of the labour market. Section 2.3 provigie®verview of German
ALMP and a description of the legal basis and institutionafrfework of job creation
schemes. To base my evaluation of programme impacts on auageeconomic
model, it is important to know the main determinants of ggutition and outcomes.
Here, a particular focus is on the admission criteria andatteeation mechanism
that are essential for modelling the participation pro@gsfor the construction of
the comparison group. Furthermore, the admission critegaa constituent part for
the participants’ structure. As my empirical analyses iaptbrs 5 and 6 are based
on programmes that have started during the years 2000 arid RO focus on this
time span in particular.

To improve the quality of my characterisation, a review & #xperiences with
job creation schemes in East and West Germany from previopérieal studies is
given in section 2.4. Careful consideration of the resulthese studies may help to
obtain possible sources of heterogeneity and distinctiméufes of the programmes.
Section 2.5 discusses the possible effects of job creatibamses taking account of
the results from the previous sections of this chapter. Trred §ection summarises
the findings and implications.
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2.2 A Brief Characterisation of the German Labour Market
Since German Unification

The German Unification in 1990 reflects an incisive point fagial, political and in-
dividual life in Germany. In consequence of the collapséhef€ommand Economy
of the German Democratic Republic (GDR) two countries, Wihiiffered widely not
only in their institutional and constitutional arrangertseut also in their monetary
systems and real economic conditions, were unified (Sieb8#1). In the last 15
years since German Unification, massive efforts have beele masocial and labour
market policy to smooth the differences of the labour marketween East and West
Germany. However, the situation is still clearly separatewl talking of the ‘Ger-
man labour market’ might be misleading. The substantifé¢ifices in the regional
labour markets in eastern and western Germany are to somet ¢xé legacy of the
former countries, but also a result of labour market and esa policy of the past
years. The following description will characterise thedabmarket development in
East and West Germany since 1990.

To point up some of the differences, Tables 2.1 to 2.3 presemie selected
figures of the labour market for the years 1991 to 2003 withs#irdition between
West and East Germany. Table 2.1 contains information omlptipn, unemploy-
ment, unemployment rates and GDP growth. The populatiomeffggoover the resi-
dent population, the labour force potential and the worlgogulation. Whereas the
resident population gives an idea of the relative size df parts, labour force poten-
tial and working population are indicators for the econoagtivity. The unemploy-
ment category comprises the number of openly unemployezbpsy of long-term
unemployed individuals, of hidden unemployed persons aedstim of the open
and hidden unemployment. Open unemployment is defined esutheof all regis-
tered unemployed persons at the FEA. Hidden unemploymésrio the concept
of the German Council of Economic Exper&achversindigenrat zur Begutachtung
der gesamtwirtschaftlichen Entwicklundt contains all persons who participate in
labour market programmes and would have been unemployéwutithose sub-
sidies. Since they do neither receive unemployment bensfitassistance, these
persons are not registered as unemployed persons. The nafrlbeg-term unem-
ployed persons is added to map the persistence of unemphdymethermore, the
GDP growth in both parts as well as the productivity and gwages per employee
for East Germany in relation to the western level are digdags indicators for the
economic situation and development.

Table 2.2 provides a selection on the deployment of sevactivg) labour mar-
ket policy programmes since German Unification. The choias made according
to the importance of the single programmes in terms of thebauof promoted indi-
viduals and the corresponding expenditures. As unemployaleo depends on the
structure and development of the labour force potentidd|€la.3 tries to summarise
the changes of the main determinants for the labour forcenpial following Bun-
desanstaltifr Arbeit (2001) for three periods (1990 to 1993, 1994 to 129id 1998
to 2000). These determinants are inner German migrationpragers’ balance, im-
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Table 2.1: Selected Figures of the German Labour Market (1991-2003)

Year 1991 1993 1995 1997 1999 2001 2003
West Germany"

Population
Resident Population 64,485 65,740 66,342 66,688 66,946 65,353 65,619
Labour Force Potential 34,013 34,824 35,147 35,562 35,936 35,580 35,830
Working Population 31,069 31,120 30,850 30,814 31,507 31,51@031

Unemployment
Open Unemployment 1,689 2,270 2,565 3,021 2,756 2,321 2,753
Long-Term Unemployed 455 594 828 1,057 963 729 857
Hidden Unemploymefit 786 1,006 964 1,027 1,030 1,019 1,039

Open and Hidden Unemployment 2,475 3,276 3,529 4,048 3,78@033792
Unemployment Rates

Open Unemployment 5.7 7.3 8.3 9.8 8.8 8.0 9.3
Open and Hidden Unemployment 79 103 11.2 129na na na
GDP growth 50 -26 14 15 21 11 -01
East Germany'
Population
Resident Population 15,790 15,598 15,476 15,369 15,217 17,118 16,913
Labour Force Potentidl 9,025 8,781 8,615 8,493 8,333 9,520 9,485
Working Population 7,385 6,245 6,532 6,380 6,435 7,396 7,155
Unemployment
Open Unemployment 913 1,149 1,047 1,364 1,344 1,532 1,624
Long-Term Unemployed na 396 344 462 469 525 674
Hidden Unemploymefit 1,810 1,573 1,215 928 931 748 599

Open and Hidden Unemployment 2,723 2,722 2,262 2,292 2,278022223
Unemployment Rates

Open Unemployment 111 151 140 181 176 188 20.1

Open and Hidden Unemployment 29.5 30.5 26.2 27.lna na na
GDP growth -19.2 8.7 3.5 0.5 18 -05 -0.2
Productivity’ 329 39.0 425 446 67.7 69.1 na
Gross wages per employee 575 742 791 79.8 809 812 81.2

na= not available

1 West Germany refers to federal states that constituted the former Federal Republic of Germlmng West
Berlin until 1999). East Germany refers to the federal states that constituted the demmean Democratic Republic
(including East Berlin until 1999, and Berlin since 1999).

2 Resident population of West Germany including West Berlin until 2001t Easmany including East Berlin until
2001, and Berlin since 2001.

3 Figures for the labour force potential are based on estimations by the I1AB.

4 The hidden unemployment covers all unemployed persons who participate i kataoket programmes, do not
receive unemployment benefits or assistance, and are therefore not registered as epeplyyed (German Council
of Economic Experts).

5 All figures are in percent. GDP growth based on GDP constant 1995 prices. Prigliet@DP per hours worked
in 1995 prices.

6 In relation to West Germany. Figures are taken from Wunsch (2005).

Sources: BundesanstalirfArbeit (2001), BundesagenttifArbeit (2004), German Council of Economic Experts (1999;

2000; 2002; 2003), Federal Statistical Office Germany.

migration from abroad, number of German resettlers fromGbenmonwealth of
Independent States, and sum of demographic developmemptapensity to work.
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| start the description of the development of the labour mtarlith East Germany
and describe the West German analogue afterwards. All ntenib¢he text refer to
the figures of Tables 2.1 to 2.3 and the respective references

2.2.1 Development of the East German Labour Market

For the characterisation of the East German labour matkstugeful to distinguish
between three different periods of its development. Thegesiod covers the years
1989/1990 to 1993 during which the East German labour markeerienced an
enormous employment reduction together with a strong asg®f open and hidden
unemployment. In the following years, 1994 to 1996, the laboarket stabilised to
some extent and the employment reduction of the first yetes@erman Unification
came to an end. However, since 1997 the development of tlraidabarket has
worsen again due to strong structural deficits of the Eastn@ereconomy.

Before German Unification the labour market of the former Gi® typical for
the Command Economies in Eastern Europe at first sight. Tdmcteristic elements
were a full employment and a large labour market partioguedif women. However,
it must be assumed that hidden unemployment amounted to 36 percent at a
closer inspection (Bundesanstalt fArbeit, 2001)! In 1989, the working population
amounted to 9.8 million persons. As becomes obvious fronfigiuees in Table 2.1,
working population as well as labour force potential desegadramatically until
1993. In that year, the working population was 6.25 milliajch is (almost) 3.55
million less compared to 1989. In the same time, unemploymerurred for the first
time. However, open unemployment increased only up to 1.lf®muntil 1993.
The reason for this relatively small increase, compareddg@tmployment reduction,
was the massive deployment of labour market policy prograsnamd a strong East-
West migration together with a large number of commutersg¢dit/est.

The employment reduction — and in consequence the rise afpiogment —
was caused by several factors. The first factor was the diestdgital and produc-
tion stock. Siebert (1991) notes that 64 percent of the abgitods of the equipment
in industry were older than 5 years and 21.1 percent were @den than 20 years.
Furthermore, the capital stock was geared towards dist@mgironmental and en-
ergy costs. As the production and capital stock were orieatethe COMECOR,
many products were not able to compete internationally diledir poor quality, but
also for environmental and safety reasons. Finally, 47r2qré of the employment

! Hidden unemployment in the former GDR is not comparable to hidden plogment as
defined by the German Council of Economic Experts. Hidden unempoyeontains all
persons who would be unemployed if their occupations were not sigaploy governmen-
tal institutions. These are, for example, participants in ALMP progranong®rsons in
early retirement. As the majority of the former GDR occupations was pshkliter spon-
sored, an explicit distinction between necessary and supported jobsdssible.

2 The Council for Mutual Economic Assistance (abbreviated COMECOKRMEA) was
an international organisation of socialist countries for economic catiparfrom 1949 to
1991. Members were the Soviet Union, the German Democratic RepBhliaria, Cuba,
Poland, Romania, Czechoslovakia, Hungary, Albania, Mongolia, Viietewad Yugoslavia.
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Table 2.2: Selected Figures on the Deployment of Labour Market Poticy i
Germany (from 1991 to 2003)

1991 1993 1995 1997 1999 2001 2003

West Germany'
Early Retirement Schemes 122,408 129,030 148,148 131,053 112,186 139,328 281,319
Short-Time Work 145,009 766,935 128,059 133,363 91,608 96,146 160,496
Vocational Training Progt. 593,904 338,211 391,552 266,193 307,479 261,199 153,975
Training Courses - - — 74,684 264,811 338,516 694,322
Job Creation Schemiés 108,983 62,783 87,548 74,041 85,003 61,890 31,495
Struct. Adjustment Schemés — - 4335 6,859 11,183 11,466 6,970

East Germany'
Early Retirement Schemes 555,000 852,000 376,884 137,586 89,077 85,658 145,204
Short-Time Work 1,616,224 181,428 70,521 49,490 27,039 26,729 34,876
Vocational Training Progt. 892,145 294,153 237,103 155,448 183,317 188,423 92,270
Training Courses - — 28,500 166,745 226,616 375,815
Job Creation Schemés 422,349 243,094 222,488 141,865 210,496 130,147 109,398
Struct. Adjustment Schemiés — 70,337 57,264 49,786 45,836 42,581 32,279

1 West Germany refers to federal states that constituted the formeraf&agublic of Ger-
many (including West Berlin until 2001). East Germany refers to therBddstates that
constituted the former German Democratic Republic (including East Benlih 2001,
and Berlin for 2003).

2 In yearly averages.

3 In entries.

Sources: BundesanstaltrfArbeit (1993; 1996; 2001), Bundesagentilr Arbeit (2004).

were in agriculture, manufacturing, and goods-producrafie (West Germany: 37.0
percent). Therefore, severe structural problems had tabecéed for the transition
to a market economy.

The second factor, which fortified the problems, was the ariversion of wages,
salaries and pensions that led to a heavy burden for the diivgzgess of the East-
ern German economy. One consequence was the triplicatittre @Xxport prices for
goods. This increase in price resulted in a loss of the maés saarkets. In addition,
the liquidation of the former economic structtieaused the losing of the domestic
trade channels. As wages were set well above the full-emptoy, market-clearing
level by collective bargain after conversion in the East abvent of free trade placed
the majority of firms in a severe price-cost squeeze (AkeRake, Yellen, and Hes-
senius, 1991). The wage settlements were not related tetimomic conditions and
productivity developments, but were simply set to catchhepre-specified target
of reaching parity with West Germany in 1994. Two main argnteevere used for
this policy. On the one hand, employment losses were vieweddexitable and not
related to wages at all, and on the other hand, East Germauisl Wwave migrated
to the West on large scale and congest the already crowdedrlabd housing mar-

3 316 Kombinate have been transformed into 8,000 legally independasttiiy law (Siebert,
1991).
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ket (Franz and Steiner, 2000). However, Akerlof et al. fothmat only few workers
would have migrated to the West for higher wages, but foralek bf Eastern jobs.

The third factor was the sharp drop in demand for Eastern @eproducts. East
German consumers and firms diverted their spending away Fash German con-
sumption and investment goods towards previously unddail/estern goods on a
large scale. For that reason, in particular the industaata in East Germany suf-
fered from this development. Industrial production destirio one third on a quan-
titative basis and to one fifth on a value basis (Bundesdristahrbeit, 2001). Be-
sides, the primary sector experienced a strong employneeliction as well. An
exception was the construction business; due to a stroriddoain demand on the
one hand and a massive subvention on the other hand, this sgpanded.

Table 2.3: Development of the Determinants for the Labour Force Piatient
(balances in million persons)

1990 to 1993 1994 to 1997 1998 to 2000

West East West East West East
Migration' +0.50 -0.50 +0.10 -0.10 +0.05 -0.05
Commuter$ +0.33 -0.33 +0.36 -0.36 +0.42 -0.42
Immigratior? +0.60 n.r. +0.40 n.r. +0.08 n..
German Resettlets +0.50 n.r. +0.40 n.r. +0.14 +0.08
Demographic Development and
Propensity to Work +0.10 n.r. +0.00 -0.20 +0.40 -0.25

n.r. = not relevant
! Migration refers to the balance of East-West and West-East migration.
2 Commuters: Commuters’ balance between East and West Germany.
3 Immigration refers to the number of immigrants from abroad. As asykeekers do not
receive an employment permission since 1997, the numbers redigreficantly.
4 German resettlers: With the opening of the borders in 1989/1990, reséttlar the Com-
monwealth of Independent States (CIS) were allowed to return to Ggrman
Source: Bundesanstalirf Arbeit (2001), own view.

The changed situation affected the population in East Geyrseverely. To cush-
ion the negative impacts of the German Unification (GDP ghawEast Germany in
1991: -19.2 percent) and to preserve social peace, labatetmzolicy programmes
were implemented on a large scale. As becomes obvious frerfighres of Table
2.2, especially early retirement schemes and short-tind were used to reduce
open unemploymerttThus, the stock of short-time workers amounted to more than
1.6 million persons in 1991, but was reduced rapidly (1998t,428). The num-
ber of persons entitled to early retirement measures reatheeak in 1993 with
about 852,000. Further important programmes were fuletivocational training
programmes with 892,145 entries in 1991 and job creatioarsels with 422,349.

4 The purpose of short-time work compensation is to avoid lay-offs duaripdeary, unan-
ticipated reductions in firms’ labour demand. Until 1992, short-time workensations
were also paid if working hours were reduced to zero and even if it \ess that the
reduction in labour demand was permanent (Wunsch, 2005).



2.2 A Brief Characterisation of the Labour Market 13

Another aspect which was conducive to a relaxation of thedeituation of the
labour market was the East-West migration in associatigh wilarge humber of
commuters. Particulary during the first years after Germaifi¢ation, this migra-
tion reduced the labour force potential by 0.5 million in Baermany. The reduction
was reinforced by the large number of commuters to West Gayrtleat amounted
to about 330,000 in 1993. The massive deployment of laboukehgolicies to-
gether with the strong migration resulted in an open uneymémnt of about 913,000
(1991) to 1.15 million (1993). However, the hidden unempteyt in East Germany
amounted to 1.81 million in 1991 and 1.57 million in 1993 (lEaR.1). For that
reason, the majority of East German workers experiencethployment or labour
market programmes. Bielenski, Brinkmann, and Kohler ()9®ie that about three
quarters of the East German labour force have been in a labatket programme
between November 1989 and November 1994 at least once.

During the years 1994 to 1995, the labour market stabilised! r@covered
slightly. Since the East German economy had a weak expoerdigmce only, there
were no strong aftereffects of the global recession of tiky €890s determined by
the collapse of the Warsaw Pact states and the oil-pricekshiaring and after the
first Gulf War. During this period of stabilisation, emplognt increased up to 6.53
million in 1995. Reasons for this development were the omgj@xpansion of the
construction sector as well as an enlargement of the sargeetor. However, the
industrial and public sector were still characterised bymtinuing employment re-
duction. Due to a decrease in East-West migration comparéuktfirst years after
German Unification (0.1 million, Table 2.3), the labour fegotential changed only
slightly. Hence, the temporary release of the tense labarket situation is indi-
cated by the reduced number of labour market programmesveAalb (see Table
2.2), the number of persons in short-time work (from 181,#28993 to 70,521 in
1995), persons placed in early retirement (852,000 in 1998;884 in 1995) and
also the number of vocational training programmes (294jh5B993; 237,103 in
1995) decreased.

Due to the strong subvention to the construction sectorénetlirly 1990s, the
omission of these subventions resulted in a shrinkage sfaversized sector from
1996/97 onward. In consequence, employment decreased ioltbwing years to
6.44 million in 1999. Although open unemployment increa§k2b9: 1.34 million),
hidden unemployment remained constant at a level of ab8&uhdlion persons (Ta-
ble 2.1). However, the structure of hidden unemploymerfedifi compared to the
past. Whereas the early retirement schemes were on the lveksince German
Unification (89,077 in 1999, Table 2.2), ALMP programmeseaxignced a partic-
ular emphasis (apart from short-time work). The most imgarprogrammes were
vocational training programmes and training courses akaggbublic employment
programmes, i.e. job creation schemes and structural tatji$ schemes (see Ta-
ble 2.2). Another reason for rising unemployment rates \lasstrong decrease of
the labour force potential mainly due to the demographieiigment (apart from
commuters and resettlers: -0.3 million between 1998 an@®R00

For the description of the development of the labour market 2000 | have to
rely on figures using the re-definition of the regions acewgdo the geographic sit-
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uation (figures in Tables 2.1 and 2.2 for the years 2001 an@)20is re-definition
accounts the former West Berlin (2.08 million residents)D0to East Germany.
Therefore, the figures are not directly comparable and tie fat that could be
established is a continuing decrease of hidden unemplaymen

In summary, the development of the East German labour manke¢ German
Unification shows a mixed picture. On the one hand, there asitiye aspects of
the restructuring of the East German economy that shoulddrgiomed. About 0.5
million new companies have been established with about 8li@mjobs which are
in line with the market (BundesanstaitrfArbeit, 2001). In addition, the efficiency
of labour increased significantly from 32.9 percent in 19989.1 percent in 2001
of the West German level. Due to that the strongest East Geratpons are com-
parable to the weakest West German ones, but there is stilja productivity gap
between both parts. On the other hand, there are a numbeipafeq deficits as
well. First, the relation of the gross-wages per employetdl amounted to 81.2
percent of the West German level and was clearly above théuptivity. Hence,
there is still no self-contained economic basis in East Gegnand quick conver-
gence to the western level is not expected. Second, theagmaeht of the number of
long-term unemployed people shows that unemployment hamnte steadily more
persistent. In 2003, 674,000 persons were long-term ur@ragl(Table 2.1). In re-
lation to the number of 1.6 million unemployed people, thia ratio of more than 40
percent. Finally, the difference in the labour force p&ptition rate has to be men-
tioned: In contrast to the overall rate which is fairly eqimaboth parts (60 percent
in East Germany, 61 percent in West Germany), about 72.2ptaf the East Ger-
man women compared to only 62.1 percent of the West Germarewame willing
to work (Bundesanstalilf Arbeit, 2001). The reader should bear this difference in
mind in the empirical analyses below.

2.2.2 Development of the West German Labour Market

After having discussed the development of the East Germanoaey and labour
market since German Unification, | will review the West Gemaaalogue. Whereas
East Germany experienced an economic slowdown and a massp®yment re-
duction during the first years, the West German economy bdd@®P growth in
1991: +5.0 percent, Table 2.1). This upswing was accomganyean increase in
employment in all sectors (except the primary one). The maason for this de-
velopment was the strong demand for consumption and iridugtiods from East
Germany, financed by massive West-East transfers which mteddo 200 billion
Deutschmarks on an annual basis (BundesansialAfbeit, 2001). Although the
labour force potential increased by about two million peailiring the years 1989
and 1993, mainly due to the strong East-West migration, igffelevel of commuters,
but also due to immigration from abroad and the German fesetfrom Com-
monwealth of Independent States (see Table 2.3), open uogment decreased
from 2.04 million (1989) to 1.69 million (1991). Open unemynent was higher
in absolute numbers than in East Germany at that time, bdehidnemployment
was clearly lower (786,000 in 1991). Thus, labour markeiqeed were used more
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sparsely than in the East. However, the rest of the world ifastad by a strong
recession during those years.

The aftereffects of this global recession reached the ¢&xjependent West Ger-
man economy in the years between 1993 (GDP growth: -2.6 pgf@ed 1997 when
the demand for consumer durables from East Germany dineididiloreover, the
lower demand for German products from abroad together witinerease in price
of the currency lead to new restrictions in monetary, buglyeind foreign trade de-
pendent policy. As a consequence, investments and ecoigoouith in the following
years were unsatisfactory — the end was a structural chiatseixceedingly affected
the industrial sector. Thus, employment decreased frorh23dillion in 1993 to
30.81 million in 1997 while unemployment increased from/2:&llion to 3.02 mil-
lion, which equals an unemployment rate of 9.8 percent. g&irrindicator for the
crisis is the use of labour market policies. Whereas duriegotiom in 1991, about
145,000 persons were on short-time work; this figure amautgelmost 767,000
in 1993 (see Table 2.2). The number of job creation schengosis this picture.
As policy decisions for the use of ALMP programmes were higieintralised during
those years, the effect of the boom as well as the recessi@reféected in the num-
ber of programmes with a time lag. Whereas in 1991, the numfjgairticipants in
job creation schemes amounted to 108,983, only 62,783ithdils were newly pro-
moted in 1993. In 1995, the number increased again with 8/84sons employed.
A further consequence of the recession resulted in striates for immigration.

A new temporary economic upswing characterises the endeol #90s (1998
to 2001). The reasons for the bettering of the economic tgituavere a growing
foreign and domestic demand as well as the boom of the Newddegpnn partic-
ular, the services sector benefited from this developmedmtréfore, GDP growth
exceeded 2 percent in 1999. Unemployment reduced to 2.3@mih 2001 (un-
employment rate: 8.0 percent). With the introduction of SIBRs the legal basis
for labour market policy in 1998, a stronger emphasis orvactdmpared to passive
labour market policies was postulated. The effects of thenge become obvious
by the figures of Table 2.2. In 1999, more individuals pgptted in active mea-
sures (vocational training programmes, training cour@éscreation and structural
adjustment schemes) compared to 1997, whereas the numpeassife measures
(early retirement schemes, short-time work) decreaseel effact of the stricter im-
migration rules was a clear decrease of immigrants (abq008Mhetween 1998 and
2000).

However, economic growth decelerated following the capf the dot-com
bubble and the slowdown of the world economy after Septerhbg2001. The con-
sequence was a hew rise in unemployment to about 9.3 perc@®03. To sum-
marise the development, it has to be argued that the Gernmaomy suffers from
the enormous costs of its high and persistent unemploymitth limits Germany’s
full participation in the recovery of the world economy adiM@/unsch, 2005).
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2.3 Labour Market Policy in Germany and the Institutional
Set-Up of Job Creation Schemes

2.3.1 Labour Market Policy in Germany

Labour market policy has a long tradition in Germany. Unampient insurance
(Ul) was established in 1927 by the Job Placement and Ungmmglot Insurance
Act (Gesetdlber die Arbeitsvermittiung und Arbeitslosenversichejuit is one of
the main pillars of the German social insurance system bsdigalth insurance,
accident insurance, pension insurance, and the computsaryterm care insurance.
The legal basis for labour market policy has been reformécktaince that time, in
1969 with the introduction of the Work Support Act (AF&rbeitsbrderungsgeselz
and in 1998 with the adoption of SGB III, the current legalisaBhe most important
innovation of the AFG was the introduction of ALMP progranstimsides the pure
provision of ‘passive’ income support during unemployment

However, the AFG was adopted in a period of almost full empiegt. Due to
the persistently high and rising unemployment, the law brecanore and more in-
adequate to achieve its main purposes (Lampert, 1989) tewagh is was amended
repeatedly. In particular, after German Unification and the adoption hef AFG
to Eastern Germany, the set-up of labour market policy wasapable anymore
to reach the main purposes, namely the achievement of a bigh of employ-
ment, the enhancement of the employment structure, anddheopion of economic
growth (81 AFG). Hence, a reform of labour market policy wasassary. Fertig and
Schmidt (2000) argue that one reason for the divergencedegtwolicy instruments
and needs of the labour market was a high degree of centiatisdhe overall bud-
get for ALMP programmes allocated to the local employmemraies (LEAS) as
well as the budget shares received by individual measurespfoyment promotion
were determined by the central advisory board of the FEAsSgubsidisation be-
tween policy measures was impossible. Thus, the systemighly nflexible to be
adjusted to the heterogeneous circumstances in the lafffaxe districts. A further
reason was the concern of the legislator that the widesgvebef in ALMP pro-
grammes as a way to create many new jobs was quite unredistithat, quite the
contrary, there was the possibility of endangering exisfibs by those measures.

Therefore, SGB Il as the new legal basis for labour markdéitpin Germany
was enacted in 1998In contrast to the macroeconomic goals of the AFG, the law
focusses on job-seekers who are unemployed or threateneddmyployment. The
main emphasis lies on the prevention or reduction of uneympdmt or payment of
income support during unemployment (81 SGB Ill). To preveetproblems of the
AFG, priority is given to job placement compared to otheivacand passive labour

5 Sell (1998) notes 115 amendments.

5 Sell (1998), Fitzenberger and Speckesser (2000) and Fertig ana®¢2000) discuss the
relevant reforms of labour market policy and the consequencésrBann (1999) deals
with the introduction of decentralisation and regionalisation as well as theat@aydut-
put evaluation of labour market policy. A more recent and compr&hemverview is given
by Wunsch (2005).
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market policy (84 SBG lll). A further important innovatios the substantial amount
of self-responsibility of the employers and employees @ation of new jobs as well
as in maintaining existing ones with tightened requirerséat the acceptability of
jobs (82 SGB Ill). Regarding the organisation of labour neaolicy, a further in-
novation is a higher degree of decentralisation associatida better flexibility of
support. The responsibility for the implementation of labmarket policy is dele-
gated to the LEAs that directly determine the amount of mapaynt for each ALMP
programme. Instruments should be efficiently used to imprire re-employment
chances of priority groups of the labour market, e.g., lterga unemployed per-
sons, disabled people, individuals who lack a professitnaahing (87 SGB ).
Furthermore, the LEAs are allowed to allocate up to ten peroktheir budget for
innovative measures not defined in SGB Il (§10 SGBHtkie Forderung. In addi-
tion, the FEA defines general principles to be adhered anddes guidance to the
local decision makers.

The catalogue of ALMP instruments maintained almost theesédout was partly
modified and supplemented by new measures. The literatavides different clas-
sifications to categorise the set of instruments. For exantipe OECD distinguishes
five general types of ALMP programmeg1) Public employment services and ad-
ministration, (2) labour market training, (3) youth measyn(4) subsidised employ-
ment, and (5) measures for the disabled. Fertig and Sch2080] distinguish four
classes of ALMP instruments: (1) Monetary and non-monedasystance for finding
jobs, (2) human capital formation, (3) incentives for emyeis and self-employed,
and (4) active measures promoting the creation of jobs.|&intiut not congruent
to Fitzenberger and Speckesser (2000) and Fitzenbergetwgad(2002), | will use
three complexes of ALMP in Germany and describe the maimunstnts in the
following:

1. Measures to Enhance and Adjust the Qualification of the Iddals:

The complex contains different measures aiming at humaitat&prmation of
unemployed individuals and those threatened by unemployn@ne instru-
ment are training courses (8848-52 SGB Ttainingsmalnahm@rthat con-
sist of three different types. The first type are coursesdhatsed to examine
the ability of the unemployed for specific jobs lasting fougeks. Furthermore,
two-week courses to improve the ability of the unemployeaply for jobs
are provided as well as eight-week courses that teach spsekifis necessary
for employment, e.g., computer courses. Another instrarisehe so-called ba-
sic vocational training (8859-76 SGB IFodrderung der Berufsausbilduhdi-
nancial support for a regular vocational training in the repticeship system
could be granted covering course costs and a maintenamveaalte if the in-
dividual lacks professional qualification. In additionther vocational training
(8877-96, 153-159, 417 SGB{rderung der beruflichen Weiterbilduhbas the
purpose to adjust human capital to the changed demands t#ltber market.
The assistance of the FEA is similar to that for basic vocatidraining, but
promoted individuals have to own a professional qualifaatirior to the pro-

" See Martin and Grubb (2001).
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grammes and meet tighter eligibility rules. Moreover, Ganfanguage courses
(8419 SGB lll) as well as granting of the service providersviacational train-
ing (88248-252) are provided by the FEA.
. Subsidised Employment:
The second category of instruments could be differentiatedwage subsidies
and employment programmes. Wage subsidies are offeredptmgens to hire
unemployed persons with a reduced productivity. The idéagéve an incentive
to employers by (partial) compensation for the reduced veagacity. Wage
subsidies consist of integration subsidies (§8217-224 8GEingliederungs-
zuscliissg, integration contracts (88229-334 SGB IHingliederungsvertray
bridging allowances (§§57-58 SGB IlJberbriickungsgeljl and recruitment
subsidies (88§225-228 SGB I|Eingliederungszusgélsse bei Neugmdungeh
There are two types of employment programmes defined by SIGBb cre-
ation schemes (88260-271, 416 SGB AtpeitsbeschaffungsmalRnahmeand
structural adjustment schemes (88272-279, 415 SGESttykturanpassungs-
mafl3nahmen The programmes aim at preserving the human capital of the u
employed and of the long-term unemployed persons in péatiday offering
occupations mainly in the public and non-profit sector. Rerrtintentions are
the relief of the labour market in regions with strong stanat deficits and the
maintenance of social peace. Job creation schemes andusatuadjustment
schemes found the so-called second labour market in Geramitiye jobs are
not allowed to compete with regular employment to avoid stlion effects
and deadweight losses. | will discuss the institutionalgeand possible effects
of job creation schemes in more detail below.
Counselling and Assistance for Regional and Vocational iNtgb
The main programmes of this third complex of ALMP in Germang eoun-
selling and placement assistance (§829-44 SGBEratung und Vermittlurjg
as well as mobility benefits (§853-56 SGB IMobilitatshilfer). Counselling
should be offered to any unemployed or threatened-by-utmmg person by
providing information and advice that cover aspects lileitidividual’s career
options and employment prospects, the actual labour maikettion and the
availability of ALMP programmes. Mobility benefits shoultlexiate the take-
up of employment in a different region by providing, amonkess, interest-free
loans and assistance for travelling expenses.

This classification of instruments has to be completed bgiapeneasures for

the disabled like vocational rehabilitation training aethted measures to make the
disabled employable as well as by several smaller meadwab®ére mainly accom-

plished on a regional level. The most noteworthy measures been the following.

A programme for unemployed aged 25 or younger is the soecaUdP Jugend mit
Perspektivi It combines a set of different aspects from several ALM&gpammes
like further vocational training, promotion of apprensté, intensified counselling,
social assistance, wage subsidies as well as job creatimmss to qualify the un-

8

German language courses were supported until the end of 2004 fiora@ee-settlers and

immigrants.
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employed youth (Dietrich, 2001). Another programme inthtb improve the in-
centives for low-qualified and long-term unemployed to tagemployment was the
so-called CAST Chancen und Anreize zur Aufnahme sozialversicherungsjifie
Tatigkeiten).® The idea was to subsidise the payment to social security wf lo
income earners who were unemployed or employed in margimala®/ment be-
fore. The programme was accomplished in two prototypidahapts of which one
also proposed the opportunity of further qualification @i€aborn, 2001; Holled-
erer, Kaltenborn, and Rudolph, 2001). The so-caliéustiegsgeldifr Langzeitar-
beitslosewas undertaken during 1999 and 2002 and allowed unemplogesbo
cial assistance to earn a higher share for their living tathate the participating
individuals to regular employment (Spermann, 2003). A fasigramme worth to
mention is MozArT Modellvorhaben zur Verbesserung der Zusammenarbeit von
Arbeitéamtern und Tagern der Sozialhilfe It was a prototype programme during
the years 2001 and 2002/2004 to combine unemployment aral agsistance by a
joint administration and provision of qualification and doyment programmes for
both groups (BundesministeriurarfWirtschaft und Arbeit, 2001).

However, in spite of the new legislation the situation on ldt@our market did
not advance. For that reason, two substantial amendmettte ¢dw have been en-
acted since 1998. In 2002, tleb-AQTIV Gesettactivate, qualify, train, invest,
place’) was adopted. The main emphasis was a change frowe dotiactivation
measures. In addition, job search monitoring and placemeng intensified, job-
seekers were classified by a qualitative profiling, and labmarket policy was made
more flexible and preemptive. The second amendment are dos ¢alled ‘Mod-
ern Services on the Labour MarkeModerne Dienstleistungen am Arbeitsmaurkt
The first two laws provide foundations for faster and lasfireg)integration of job-
seekers into employment as well as new opportunities fopteary work, small
jobs, self-employment and employment in private househ@Munsch, 2005). The
third law rules the restructuring of the FEA (from an admtir@son of unemployed
to an agency for customers). The fourth law establishes areambasis for all job-
seekers without unemployment benefit claims, pooling theméo unemployment
assistanceArbeitslosenhilfe and social assistanc&dgzialhilf§ into the so-called
unemployment benefits IAfbeitslosengeld )L1°

Besides the postulations of the legislator for the desigh@fabour market pol-
icy, assessment of the efforts for ALMP has become mandaitidinthe reform of the
legal basis in 1998. The tight budgetary situation of the BEBA doubts about the ef-
ficiency of programmes are the main reasons for that. Theceadinecessity of mon-
itoring the success of the programmes is arranged in twetitires. On the one hand,
each LEA has to publish the so-callEihgliederungsbilanzéf (8§11 SGB 1lI) that
contain, inter alia, information on the number of particifsawho have left unem-

9 CAST was finished in 2003 with the adoption of the second law of Modewi&eron the
Labour Market.

10 These changes do not affect the empirical analyses as they adsdved@ta on programmes
that have started during 2000 and 2001, and the observation perietdied in 2003.

11 Brinkmann (1999) translateBingliederungsbilanzems output evaluations, Fertig and
Schmidt (2000) use the term balance sheets.
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ployment or became regular employed six months after theoktite programmes.
These outcome-based measures should provide a quick feebeaseworkers and
programme managers on the efficiency of programmes and tiefplfetter control
of ALMP. On the other hand, the legislator postulates théuatin of the impacts
for participants in terms of individual employability amttégration chances into reg-
ular employment (8282 SGB IIl). The major drawback of thecoate-based mea-
sures is the lack of information on the individual utility thfe programmes. They
provide no information on how individuals would have perfied without the pro-
gramme. Therefore, measuring the performance of ALMP jamognes using impact
evaluations is necessary as it implies a great scientifigafitical value on how the
programmes affect the employability of the participants.

Table 2.4: Absolute and Relative Spending of the FEA on Labour Markditl?a

Germany (2000 to 2003)
2000 2001 2002 2003 2000 2001 2002 2003
Absolute Spending (bn Euro) Relative to LMP (percent)

Passive Labour Market Policy
Germany 37.80 38.77 4412 47.3463.20 63.46 66.33 69.07
West 2409 2491 28.13 3158 66.33 66.73 69.84 72.00
East 13.71 13.86 16.00 15.76 58.39 58.36 60.95 63.86
Active Labour Market Policy
Germany 22.01 2232 2240 21.2036.80 36.54 33.67 30.93
West 12.23 1242 1215 12.28 33.67 33.27 30.16 28.00
East 9.77 9.89 10.25 8.92 4161 4164 39.05 36.14
Labour Market Policy
Germany 59.81 61.09 66.52 68.54

West 36.32 37.33 40.28 43.86
East 23.48 2375 26.25 24.68
Selected Programmes of Active Labour Market Policy
Absolute Spending (bn Euro) Relative to ALMP (percent)

Job Creation Schemes
Germany 3.67 2.98 2.33 1.68 16.68 13.33 10.42 7.90
West 1.02 0.86 0.55 0.37 8.35 6.95 4.56 3.02
East 2.66 2.11 1.78 1.31 2721 21.36 17.36 14.63
Further Vocational Training
Germany 6.81 6.98 6.70 5.00 30.93 31.28 29.92 23.59
West 4.06 4.19 3.82 3.03 33.20 33.71 3146 24.64
East 2.75 2.80 2.88 1.87 28.12 28.26 28.09 21.02

Source: BundesanstalirfArbeit (2001), BundesagentdiirfArbeit (2004).

The higher emphasis of ALMP after enaction of SGB lll is aleflected in a
higher number of participants (see Table 2.2) and increasgenditures (Table 2.4).
This becomes obvious by taking a closer look on vocatioaalitng programmes and
job creation schemes. Whereas in 1997 the number of newlygiszhindividuals in
vocational training programmes was 266,193 (155,558) ist\{east) Germany, it
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increased by 15.51 (17.93) percent in 1999 to 307,479 (183,23 similar tendency
could be observed for job creation schemes, where in the siameethe number
of participants increased by 14.81 percent to 85,003 in \@estmany, and clearly
stronger by 48.38 percent to 210,496 in East Germany.

The spending on labour market policy (Table 2.4) during tine tof the analy-
sis (2000 to 2003) mirrors the relevance of ALMP. It also i&fiehe problematic
situation of the labour market. Although overall spending’.MP increased from
2000 to 2001 in West Germany and from 2000 to 2002 in East Geyynita ratio on
the total spending on labour market policy decreased. Tasorefor this develop-
ment is the legal claim of workers who fulfil the eligibilityiteria for the reception
of unemployment benefits which cannot be rejected by the HlBArefore, a rising
unemployment is highly correlated with a higher spendingassive labour market
policy. Thus, whereas the ratio of ALMP on the overall spagdin labour market
policy amounted to 33.76 (41.61) percent in West (East) @aygnin 2000, it is de-
creased to 28.00 (36.14) percent in 2003. In contrast tQ thattotal spending on
labour market policy increased from 59.81 bn Euro in 2008t&4 bn Euro in 2003
for Germany.

With respect to the spending on the two most important ALM&gpstmmes in
the late 1990s and early 2000s, there are some notable fsdimtgerms of spend-
ing, job creation schemes and vocational training programaimost experienced
the same relevance in Eastern Germany in 2000 as 27.21 pé2de® bn Euro) of
the spending on ALMP funded for job creation schemes and22&tcent (2.75 bn
Euro) for vocational training attest. However, the impod®of job creation schemes
has been less emphasised in comparison to vocationahggimogrammes in West
Germany. Here, only 8.35 percent of the spending on ALMP2(b® Euro) were
allocated to job creation schemes in 2000, whereas 33.2tepie(4.06 bn Euro)
were distributed for vocational training. Two charactics describe the develop-
ment of the spending in the following years: on the one hawnigcaeasing relevance
of job creation schemes, on the other hand, a short accantwatvocational train-
ing programmes with a subsequent decrease after 2002. datiocr schemes were
strongly reduced in West Germany. Only 31,495 individuagehbeen newly pro-
moted in 2003 with a corresponding spending of 0.37 bn Eueo3i02 percent of
the spending on ALMP in that region. Although the reductioftast Germany was
significant as well, programmes are still quite relevant @8,398 promoted indi-
viduals in 2003 and a spending of 1.31 bn Euro, i.e. 14.63guercf the ALMP
expenditures, demonstrate.

2.3.2 Institutional Set-Up of Job Creation Schemes

As already mentioned, job creation schemes are a kind ofdisbd employment
in Germany. In association with structural adjustment sedgthey establish the so-
called second labour market in Germany. The legal basi®focijeation schemes is
defined in 88260 to 271 and 416 SGB lll. As my analysis is basepgrogrammes
that have started during 2000 and 2001, | will concentragediscription of the
institutional set-up on this time span. However, as theke lieeen some important



22 2 Notes on the Relevance of Job Creation Schemes

amendments in 2002 and 2004, | will note the most relevamaésin brief at the
end of this sub-section.

Financial assistance for job creation schemes could betegtan the imple-
menting institutions by the FEA as wage subsidies or loatigeifobs fulfil several
requirements. The primary condition is that occupatiorsvided in job creation
schemes must be additional in nature, of value for society,carried out by un-
employed persons in need of assistance. Priority shouldive® go projects that
explicitly aim at improving the pre-conditions for permahemployment, provide
occupations for unemployed persons with special barr@rmnployment, or im-
prove the social and environmental infrastructure (8268 3G. Additional in na-
ture means that, without the subsidy, the activities wouoldhe undertaken now or in
the near future. Occupations are of value for society if thte@me of the work is for
the collective good. Job creation schemes could also beosigghif the participants
take part in qualification programmes (up to 20 percent oftithe) or internships
(up to 40 percent, in sum no more than 50 percent) to improsie émployability
(8261 SGB llI). According to 87 SGB Ill, unemployed persoasifhg barriers to
employment are defined as long-term unemployed, seversdpldid persons, older
unemployed with placement restrictions, as well as appi&tor vocational rehabil-
itation programmes.

Eligibility of potential participants is generally appexy if they are long-term
unemployed (for more than one year, 86 SGB Ill) or unemploipedat least six
out of the last twelve months prior to programme start anfil fible eligibility cri-
teria for reception of unemployment benefits or assistaforeyocational training
programmes, or for vocational integration of the disaBfeshdependently of these
eligibility criteria, the LEAs are allowed to place youngaremployed (aged 25 or
younger) without completed professional training, selyedesabled persons, tutors

12 Unemployment benefitsAfbeitslosengeldUB) are paid for individuals who have con-
tributed for at least twelve months to unemployment insurance (Ul) guha last three
years before unemployment (seasonally employed workers hageiead contribution pe-
riod of six months). UB amount to 60 (67) percent of the last averagearnings from
insured employment (with at least one dependent child) and are padUi funds. The
entitlement lasts for at least six months. The maximum duration is up to 3thsiand de-
pends on the contribution period and the individual's age. Payment toltisecompulsory
for all employees and amounts to 6.5 percent of employee’s grtzsy.gddowever, persons
with only a minor employment, civil servants, judges, clergymen, gsifmal soldiers,
and some other groups of persons are exempted from contributiamsr &nployment are
jobs with a salary of less than 325 Euro (400 Euro since 04/2003) as sveh@t-term
and occasional jobs. The set-up of unemployment assistémbei(slosenhilfeUA) was
changed within the Fourth Law ‘Modern Services on the Labour Marketlanuary 1st,
2005. Until that time, UA was paid for persons who had exhausted theietdiement.
UA amounted to 53 (57) percent of the last average net earningsrfisared employment
(with at least one dependent child). UA could have been paid potentidilyited (un-
til retirement age) if the individual satisfied the benefit conditions. UA a@®inistered
by the FEA, but funding was by tax. Since 2005, UA are pooled with s@sdsistance
(Sozialhilfg in the so-called unemployment benefitsArpeitslosengeld )L
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and up to five percent of the participants who do not meet timegé eligibility
criteria in the programmes (8263 SGB Il1).

Subsidies amount to 30 up to 75 percent of the worker's satartycan be ex-
tended to up to 90 percent if the allocated individual is iacsal need of assistance
and if the implementing institution is not able to cover thwsts® A further ex-
ception can be made with a subsidy of 100 percent for prigmibgrammes (8264
SGB Ill). Furthermore, the LEAs could provide additionabsidies and loans if the
programmes have an emphasised priority for labour markétypincreased sup-
port) and if the funding was not accomplished otherwise s€radditional grants are
not allowed to exceed 30 percent of the total spending onahtcplar programme
(8266 SGB ).

The ordinary duration of support for occupations in job teaschemes is
twelve months. This duration can be extended to up to 24 nsdisthprogrammes
with increased priority, and to up to 36 months if the impleirgg institution
guarantees a permanent contract for the individual aftelsvgg267 SGB Ill). Pro-
grammes could also be supported in the commercial sect@léfydted to private
businesses. To prevent substitution effects and wind&ilhsy the number of pro-
moted jobs in a region and an economic sector is limited. Jeation schemes in
the commercial sector could be accomplished by publictirt&iins only for the fol-
lowing reasons. The patrticipants have to achieve speciatatihnal assistance or
fulfil a qualification or internship of at least 20 percentoé total programme dura-
tion. Participants employed have to be younger than 25 yaatdack a completed
professional training or have to be older than 50 years.rigiah assistance should
only be granted in case of missing interest or insufficiepatdities of private busi-
nesses to accomplish the tasks (8262 SGB III).

The allocation of unemployed individuals to places in jobation schemes re-
sults from decisions of the responsible caseworkers. Omc@@mployed person has
registered at the LEA, the responsible caseworker takdsaugase and meets the un-
employed individual at regular intervals. In these meetjitige caseworker evaluates
the individual’s efforts for finding a job. Furthermore, hesbie conceives a plan for
the integration into employment in cooperation with therapi®yed person. By this
procedure, the responsible caseworker possesses a lange ae discretion with
respect to the allocation of unemployed persons into progres. The caseworker
decides to offer a specific occupation in a job creation sewutely if his assessment
of the individual’s need of assistance implies that the yplegred person cannot be
integrated into regular employment and does not meet thditboms for other ALMP
programmes. The occupations can be accomplished in diffemmnomic sectors of
which the most important are Agriculture, Construction &amdustry, Community
Services, and Office and Services. The caseworker choosextiupation in con-
sultation with the unemployed person and according to titgual’'s qualification
and interest. Once decreed by a caseworker, the programoosisulsory for the

131t may be worth noting that the average monthly costs per participant &oFEA have
been 1,419 Euro in West Germany and 1,518 Euro in East Germany igeir 2001
(Bundesanstaltiir Arbeit, 2002).
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individual and rejection will be sanctioned by benefit cdlation for up to twelve
weeks. In repeated cases, the unemployed individual mayhistgher Ul entitlement
completely (8269 SGB lI}# Since placement depends on the availability of pro-
grammes, unemployed persons may not be assigned to progsachua to a limited
supply.

In the following, | will note some aspects of the importanfiorens of law for
job creation schemes in 2002 and 2004. As these reforms dtalhinto the ob-
servation period (with respect to the programme start)raine from discussing the
changes in detail. With the 2002 amendment of SGB Il (JoBFAQ, the eligibil-
ity criteria for job creation schemes have been relaxedces2002, all unemployed
individuals could be placed in a job creation scheme indéeetty of the preced-
ing unemployment duration. Furthermore, support for thgl@menting institutions
could be granted as lump sum payments, according to the déwbe individual's
qualification. In addition to that, the delegation of pragraes to private businesses
has been simplified. Since 2002, financial support for prognas in the commercial
sector requires the agreement of the local advisory boatteib EA only.

With the adoption of the Third Law ‘Modern Services on the dabMarket’ in
2004, the former structural adjustment schemes have besacdwith job creation
schemes into one homogeneous instrumeftie purpose of the new job creation
schemes is adjusted with respect to the experiences frompaste From 2004 on-
ward, job creation schemes can be promoted only if they aed ts reduce high
unemployment according to regional and vocational problenthe labour market,
support activities which are additional in nature, are dtigdor society, and are
undertaken by unemployed persons in need of assistancen@&ndament in the law
serves the purpose that any damage of the economy due t@pmogrs must be ex-
cluded prior to allowance of financial support. Payment édsjis arranged by lump
sum grants only according to the level of qualification. Efere, the traditional
aim of job creation schemes to enhance the qualificationeop#iuticipants has been
abandoned, and job creation schemes are mainly used agraimest to relieve the
labour market.

2.4 Experiences with Job Creation Schemes in East and West
Germany from Previous Microeconometric Empirical Studies

Due the enormous use of ALMP measures in the transition psdtem a centrally
planned to a market economy in Eastern Germany, the comdspphigh expendi-
tures raised the interest of the public and scientific conitpabout efficiency and
effectivity. Thus, researchers started to make vario@srgits to uncover the effects
of German ALMP since the mid 1990s, using microeconometgthmds to account
for selectivity in the assignment process to programmesthai reason, there is a

14 See §144 SGB I for the definitions regarding the exposure of incappast.
15 See Caliendo and Huijer (2004) for a discussion of the reform of jaitioreand structural
adjustment schemes.
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considerable number of studies analysing the effects ofjjeation schemes. How-
ever, the lack of appropriate data hampered evaluatiomteffor a long time. The
only data available were survey data sets like the Germaio-Emonomic Panel
(GSOEP) and the Labour Market Monitor (LMM) for Eastern Ganyand the state
of Saxony-Anhalt (LMM-SA). Since the GSOEP does not contaformation on
job creation schemes, all of the earlier studies focus ogrprame effects in East
Germany based upon data from the LMM and the LMM-SA (exceetstudy of
Reinowski, Schultz, and Wiemers, 2003). The LMM is a pan¢h dat based upon
a representative 0.1 percent sample of the working-agelatipu (persons between
16 and 64) in East Germany. The information is derived by @esubased on ques-
tionnaires in eight waves between November 1990 and Novet 8! (Bielenski,
Brinkmann, Magvas, and Parmentier, 1997). It containsrmédion on individual
and socioeconomic aspects as well as the (un)employmenthisased on retro-
spective information. As the sample of the LMM is too smalatiow analyses with
regional differentiation, the ministry of labour of the tet@f Saxony-Anhalt decided
to survey regional information since 1992 (Bielenski, Rrimann, Plicht, and von
Rosenbladt, 1997). In 1999, the survey was conducted fotatftetime. Both the
LMM and the LMM-SA have two important drawbacks: First, trey not allow to
identify job creation schemes separately from other kirfdsibsidised employment
in the so-called second labour market. Second, the smafilsasizes for participants
in ALMP measures limit the scope for the analysis of sub-gsoconsiderably?
Within the project ‘Effects of Job Creation and Structuraljéstment Scheme¥,
the large and informative administrative data of the FEAehasen made accessible
for scientific purposes (see chapter 4 for a descriptionetidita) which enables the
evaluation of programmes for West and East Germany as wélleasonsideration
of specific sub-groups.

In this section, | review the major findings of the previousreconometric
studies which analyse the effects of job creation schemEashand West Germany
for the participating individual&® | start with the studies employing survey data to
study the effects of the programmes. After that, | review rigults of the studies
based on administrative data.

16 To give an idea of the sample sizes, Steiner and Kraus (1995), for&ause 582 partici-
pants and 2,179 comparison individuals for their analysis from LMMhIgicand Lechner
(2002) are able to base their study on 1,123 participants and 12,5%anticipants from
LMM-SA.

17 The German title of the project Bingliederungseffekte und weiterer Nutzen von ABM
und SAM unter besonderer Bmksichtigung von ‘SAMif Altere’ (IAB project number
10-535).

18 Since | analyse the microeconometric effects of job creation schenhgd cefrain from
reviewing the evidence from the macroeconom(etr)ic literature. Howéwmethe sake of
completeness, studies that analyse, among others, macroeconfauis ef job creation
schemes in Germany should be mentionedttier and Prey (1998), Hagen and Steiner
(2000), Schmid, Speckesser, and Hilbert (2001), Hagen (206Q8gr, Blien, Caliendo,
and Zeiss (2006), and Hujer and Zeiss (2005).
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2.4.1 Studies Based on Survey Data

Steiner and Kraus (1995) analyse the effects of public eynpdmt programmes
(PEP) on re-employment probabilities compared to noniggation in East Ger-
many. PEP consist of job creation schemes and structunastmagnt schemes with-
out differentiation. Their analysis is based on the firstwgaves of the LMM from
November 1990 to November 1992. The authors apply a dishetard rate model
with multiple destinations and consider unobserved hgeteity. The results of the
estimation of the participation probability show a high lpability for women who
have a high probability to find an unsubsidised job anywayréfore, the authors
presume that women apply for PEP as a transition state falealEave from the
labour market. The results of the programmes in terms ofdkermployment prob-
abilities establish a short-term re-integration successrien; for the other groups,
programme participation seems to have no effect.

The effects of PEP in East Germany based on the LMM are alslysath
by Hubler (1997) using different econometric methods (mutired logit model,
random-effects probit model with and without pre-prograentest-based control
group selection). Based on the eight waves of the LMM from éolier 1990 to
November 1994, he analyses the programme effects on thepme@ht status after
training in 1994 as well as the probability of becoming emplbin 1993 or 1994.
Although the results vary with the different methods applitne author states that
PEP do not achieve the (expected) positive impacts.

The study of Kraus, Puhani, and Steiner (2000) extends thlsia of Steiner
and Kraus (1995). The authors evaluate the effects of PER&t Germany by a
discrete hazard rate model using the eight waves of the LMMe ®bservation
window is decomposed into two sub-periods, covering thes tetween January
1989 and August 1992 and between September 1992 and Nové®®ér Effects
are estimated separately for men and women. They analyseutgomes of inter-
est: the probability of finding stable employment and thebphility of becoming
non-employed after participation. The results of the ¢ffeaess of bringing people
back into stable employment are not encouraging; partitgpa PEP are on average
worse off in terms of individual re-employment prospectartipeople who do not
join a programme. For that reason, the authors concludeptiity makers should
reconsider the role of PEP as an ALMP tool.

Eichler (1997) analyses the effects of PEP in the East Gestada of Saxony-
Anhalt based on the information of the LMM-SA. He estimates employment
probabilities of regular employment for participating iWiduals using probit mod-
els for the single cross-sections of 1993 and 1996. Thetsesfithe probit models
show clear negative impacts of programme participatiore @uhe small number of
variables available, unobserved heterogeneity may affecestimates. Therefore,
the author applies a difference-in-differences estimatwering the time between
German Unification and autumn 1996. The information useehstieom the retro-
spective calendar surveyed in the wave of 1996. The redithgsestimator establish
significant positive effects for a participation in PEP ix8ay-Anhalt. However, the
results vary considerably with different model specificas.
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Based on the waves of 1997 and 1998 of the LMM-SA, BergemadrSahultz
(2000) are able to use the employment history of individfras 1990 onward to
analyse the effects of vocational training programmes dgB. A special empha-
sis is spent on the possible occurrencéshenfelter's Digsee Ashenfelter, 1978),
i.e. potential participants anticipate the upcoming treait by reducing their search
efforts. For that reason, the authors apply a conditiorfidrdince-in-differences es-
timator, where participants and non-participants arelypadmparable conditional
on observable covariates (Heckman, Ichimura, Smith, arldl,Td998). In the first
step, participants and non-participants are matched basetservable character-
istics. In a second step, a difference-in-differencegrestir is used based on the
matched set of participants and non-participants. Thdteesiuow thaiAshenfelter's
Dip amounts to about 20 percent lower employment rates forgiaatits immedi-
ately before programmes start. Although the employmemet o&participants is on
average significantly lower than for non-participants raftegrammes end, partici-
pants of PEP gain from participation about one and a half ted2g/after the end of
the programmes.

Bergemann, Fitzenberger, Schultz, and Speckesser (288Gha same data as
Bergemann and Schultz (2000) and analyse the effects of RiERagational train-
ing but allow individuals to participate more than once. fEfere the authors extent
the conditional difference-in-differences estimatorhe tontext of multiple treat-
ments. Due to this, the identification of causal treatmefigices becomes more dif-
ficult for two reasons. First, the identification of separmeatment effects for the
single programmes is not straightforward. Second, probleray arise as a second
treatment may be endogenous to a certain extent becausecthive structure of
a programme could motivate further treatment. Programrieetsfare evaluated in
terms of the employment rates. The authors estimate theteffer different time
periods (programmes starting at the end of 1990, at the e83#, and at the end
of 1994). They find negative impacts for the first programmeigpation until 3
years after the programmes have ended for persons statting end of 1990. The
results for programmes starting at the end of 1992 and 1994ignificantly neg-
ative shortly after treatment, but become zero until thregry after the start of the
programmes. The results of a second participation arenifigigntly different from
zero.

The study of Eichler and Lechner (2002) extents the prekmimesults of Eich-
ler (1997) using data of the LMM-SA from 1992 to 1997. They aseonditional
difference-in-differences estimator based on a matchegkato estimate the prob-
ability of becoming unemployed, employed, and of leaving tbour force. The
results show a significant reduction of unemployment fotigigants. For male par-
ticipants, this is due to an increased employment prolighidir female participants
due to a higher propensity to leave the labour market.

Based on two census surveys for the free state of Saxony faf}d and 2001,
Reinowski et al. (2003) analyse the effects of PEP for l@rgitunemployed par-
ticipants on the probability of leaving unemployment. Tle¢raspective calendar
enables the authors to reproduce the individual employimistdries until 1989 for
a representative 0.5 percent sample of all Saxon houselirldgramme effects are
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evaluated using a two-step procedure. In a first step, paatits and comparable
non-participants are matched. In a second step, the indiidsk of leaving un-
employment is estimated using a proportional hazards mathel results establish
negative programme effects, i.e. participation prolofgsaverage duration of un-
employment.

Bergemann, Fitzenberger, and Speckesser (2004 information of the sur-
veys from the LMM-SA of the years 1997 to 1999 with the retexgjve information
until 1990 to evaluate the effects of public-sector-spoeddraining possibly fol-
lowed by a PEP. They apply an extension of the condition&gihce-in-differences
estimator in hazard rates (cDiDiHR) based on a matched satom@nalyse the ef-
fects on the transition rates to employment. In the contéxtogational training
followed by a PEP they distinguish two possible sequences first approach, they
estimate the combined effect of the sequence of both trerdsnas a straightforward
application of the single binary treatment case. In a seepmioach, they estimate
the incremental effect of the sequence using a heuristiestep procedure. Based
on the timing of treatment, the effect is estimated usingdhtcome before and
after the second treatment by the conditional differemediiferences estimator in
hazard rates, treating previous participation (the vooati training programme) as
non-employment. However, the results do not show any sagmifi effects on the
transition rates to employmefft.

Based on the same data, Bergemann (2005) evaluates thts effdREP on the
re-employment probabilities and the probability of renragnemployed using the
cDiDIiHR estimator. Bergemann analyses the effects for nmelveomen separately
and distinguishes between five points of programme stamgsdmMber of the years
1990, 1992, 1994, 1996 and 1997). The results at the end gfdtieds indicate
insignificant effects on the re-employment probability feomen except for the
group that starts the programme in December 1997. For mateipants the re-
employment probabilities do not differ from zero eithereTesults for the probabil-
ity to remain employed show a slightly different picture.daf the female groups
have a positive probability, for the other three there aresigaificant differences
between treated and non-treated women. Men who have s@rpgdgramme in
December 1992 or December 1997 have a higher probabilitgrtain employed
compared to the non-treated. However, men who have starthd ather dates con-
sidered do not experience an increased probability to meeraployed.

In summary, the evidence of the studies based on surveysiatixéd. However,
as the results of any programme evaluation depend on saspatts, like the data
in use, the underlying model, the definition of the outcoméntdrest, this variety
of aspects must be considered when comparing the resulte different studies.
Therefore, possible reasons for the lack of robustnesseoéstimates may be the

19 A preliminary version of this paper circulated as Bergemann, Fitzeeheagd Speckesser
(2001).

29 The authors find positive effects on the probability to remain employed pdigicipation
in a PEP following a participation in a vocational training.
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sensitivity of the results to the different parametric asptions, the small sample
sizes, and the inability of the studies to measure long-figtts.

2.4.2 Studies Based on Administrative Data of the FEA

Based on information derived from administrative sourdethe FEA (see chapter
4), Caliendo, Hujer, and Thomsen (2003; 2004; 2006a; 20a6d)Hujer, Caliendo,
and Thomsen (2004) evaluate the effects of job creatiomseldor Germany using
matching estimator&: All studies are based on the population of participants in jo
creation schemes starting their programmes in Februar@ a8 a sample of eli-
gible non-participants from the population of unemployedspns in January 2000.
For that reason, the original participants’ sample costaiore than 12,000 individ-
uals, the non-participants’ sample more than 260,000 persihe large number of
observations, in association with the very rich and infdimeaset of characteristics
in the data set, enables the analysis of job creation scheoresdering different
sources of effect heterogeneity, like the individual dditgr of the participants, the
programme design, the types of providers and support, anthtget-oriented allo-
cation of individuals to programmes.

Common to all studies is the purpose to evaluate whetherrgdition schemes
help unemployed persons to find regular (unsubsidised)®mmnt. However, the
two earlier studies (Caliendo et al., 2003; Hujer, Caliersaha Thomsen, 2004) have
to deal with an unsatisfying outcome variable that does naércregular employ-
ment. To approximate the employment effects, the indivicifects in terms of
unemployed or job-seeking were estimated using two passibicome scenarios.
Unfortunately, this information only provides an impetfapproximation of the em-
ployment effects. Furthermore, the observation windownistéd by March 2002,
i.e. about 2 years after the start of programmes. With anageeduration of job
creation schemes of one year, programme effects are estifatthe majority of
participants for a period of one year after programmes hadee In the later stud-
ies, Caliendo et al. (2004; 2006a; 2006c) are able to usenfbamation of the Em-
ployment Statistics Register on regular employment anidnagt the effects until
December 2002, i.e. for almost 3 years after the programrees $tarted. Although
the results vary with respect to the different sources afatfheterogeneity consid-
ered as well as with respect to the different outcome vagldne finding is stable
throughout all studies: Job creation schemes are asstaidtie strong locking-in
effects during the first months of the programmes. Henceicpzants are worse off
in terms of search for regular employment.

Caliendo, Hujer, and Thomsen (2003) analyse the effectsafijeation schemes
with respect to regional and individual differences on thie 1of leaving unemploy-
ment and registered job-search. Regional differencesarsidered by separate es-
timation of treatment effects for East and West Germany dkasdor Berlin. Sep-
arate evaluation of the effects of the capital city is neagsto take account of the
special situation of the labour market. Moreover, effe¢etrageneity resulting from

21 See Brinkmann, Caliendo, Hujer, and Thomsen (2006) for a sumafiding results.
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individual characteristics is considered by analysingé¢hdifferent age and unem-
ployment groups. As local labour market information is ampdrtant determinant

of treatment effects, regional differences are considbesedsing the classification

of Hirschenauer (1999Y. The results — based on nearest-neighbour matching with
replacement — show clear negative results for the East Gegmaps, and the best
results are insignificantly different from zero for some Wegrman groups at the
end of the observation period in March 2002.

Hujer, Caliendo, and Thomsen (2004) provide an extensiathefpreliminary
results of the former study by additionally consideringtseal heterogeneity of the
programmes. The outcome variables used are the same adendieét al. (2003).
Sectoral heterogeneity of the programmes is due to theréiffeeconomic sectors
job creation schemes are accomplished in. The analysis$esuwn the main four
sectors (Agriculture, Construction and Industry, Officel 8ervices, Community
Services); the remaining sectors are summarised in ancaltegory (Other). Effects
are estimated separately by gender and region based orestraighbour matching
without replacement. The labour market of Berlin is exciiftem analysis as the
number of participants is too small for considerable eu#duaof the programme
impacts in the sub-groups. Instead of using the classificatf Hirschenauer (1999)
for the labour offices, the underemployment quota and theeafizhe labour office
district are included as regional context variables. Farrtiore, Hujer, Caliendo, and
Thomsen conduct a sensitivity analysis to test the robastakthe estimates against
unobserved heterogeneity. The results in March 2002 casstablish significant
positive effects in terms of leaving unemployment or registl job-search for any of
the groups in analysis.

Caliendo et al. (2004) is the first study for Germany whichlikedo explicitly
evaluate the effects of job creation schemes on regulaufsidised) employment
for participating individuals. Information on regular elmpment is also available in
the survey data sets for Eastern Germany. However, jobigresthemes are not
clearly identified as a single programme, but are part of the Recorded in those
data. In this study, regional heterogeneity is analyseddrerdetail using the classifi-
cation of similar and comparable labour office districtédaing Blien et al. (2004).
The aspects of individual heterogeneity are considered bglection of specific
problem groups of the labour market. These groups are pevsitimout professional
training (with a further differentiation by age), personishahealth restrictions, bar-
riers to employment, vocational rehabilitation attendaand persons with college
or university degree. All effects are estimated separaiglgender and region or
rather by regional cluster. The results in December 2002 dignificant positive
effects on the employment rates for women and insignifictiets for men in West
Germany; the employment chances of participants in Eagn@my are harmed by
the programme as negative effects on the employment radesatr. The results of
the regional clusters establish positive effects for woinéest Germany in office
districts with advantageous labour market prospectshEuriore, the analysis of the
group-specific effects provides positive programme impé&mt persons with health

22 See, e.g., Heckman, LaLonde, and Smith (1999).
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restrictions and for persons with barriers to employmetit@end of the observation
period (December 2002).

As the results of any evaluation depend on the underlyingainaad the chosen
evaluation method, Caliendo et al. (2006a) consider thegeds in the evaluation
of job creation schemes. They test and report several speaifins for the model of
the propensity scores and estimate the programme impateenis of employment
rates for participants in East and West Germany with redpegptnder using differ-
ent matching algorithm& These algorithms comprise nearest-neighbour matching
estimators with and without replacement and with additicadliper levels of 0.01,
0.02, and 0.05. Furthermore, matching estimators with 2ydb1® times oversam-
pling are used. The results imply that, due to the rich datasi the estimates are
insensitive with respect to the varying algorithms. Funthare, the treatment effects
for selected sub-groups of the labour market are analysggheanting the selection
of the former paper by different unemployment durations apglying a nearest-
neighbour matching estimator with a calliper of 0.02. Theutes show positive ef-
fects in December 2002 for long-term unemployed men and wam@Vest as well
as for women in East Germany. Further groups that benefit frarticipation are
higher qualified men and older women in West Germany. Howeven and women
in East Germany with only a short duration of unemploymeifditgeprogramme en-
try (up to 13 weeks) suffer from participation in terms ofuedd employment rates.
Women in East Germany, aged 26 to 50 as well as women with higladification
are harmed in their employment chances by participationeds kor all other groups
in the analysis, the programme effects are not significatiffgrent from zero at the
end of the observation period.

The last study | want to review is the one carried out by Cadlieet al. (2006c)
that focusses on effect heterogeneity resulting from wiffees in the implementa-
tion of programmes. The evaluation considers the diffeemmnomic sectors, the
types of support, and the types of providers. The matchiggriahm used is the
same as in Caliendo et al. (2006a) and effects are estimapadagely by gender and
region. The employment effects at the end of the observatéiod in December
2002 for the different programme sectors are positive fan meéDffice and Services
in West Germany and women in Community Services in East GeyniRarticipa-
tion in a programme in Construction and Industry harms thpleyment chances of
male, in Office and Services of female, and in Other of allipig@nts independently
of gender in East Germany. For all other groups in consiterathe effects do not
differ from zero. Referring to the type of promotion withiectors, men in Office
and Services with regular promotion, women with enforceahption in Commu-
nity Services and with regular promotion in Other benefit iesMGermany. In con-
trast to that, regularly promoted men in Agriculture and §aiction and Industry
as well as women with enforced promotion in Agriculture irsE&ermany suffer
from participation. Last but not least, the analysis of thfetent types of providers
does not provide much evidence for the effectiveness ofraromes as most of the
estimates are insignificantly different from zero; the ogtpups that are affected

23 | will discuss the method of matching and the different algorithms in detathapter 3.
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negatively by participation are persons in programmesigeavby non-commercial
institutions, namely men in Agriculture and women in OtheEiast Germany with
reduced employment in December 2002.

2.5 Possible Effects of Job Creation Schemes

The description of the development of the German labour etdrks shown that job
creation schemes have been used to a large extent espatitdly first years after
German Unification. Although the number of persons allat&beprogrammes has
decreased during the last years, they are still an impottehtof ALMP particu-
larly in East Germany. Nevertheless, from the review of thisteng microeconomic
studies, questions about the effectiveness of the progesnbacome obvious. In
addition, the recent change of the institutional set-up leasfses these questions as
well. However, before assessing the value of job creatibemes too quickly, | want
to discuss possible effects of the programmes.

Table 2.5: Possible Effects of Job Creation Schemes — Pros and Cons

Microeconomic Dimension

Pros Cons
e Prevention of human capital loss e Discreation of human capital
e Adjustment of human capital e Negative signal to potential employers
e Improve motivation e Reduce one’s own initiative
e Habituation to regular employment e Discourage people
e Bridge to regular employment e Imply negative incentives for job-search
e Reduce stigmatisation of long-term unem- Locking-in effects

ployed persons
e Bridge to early retirement
e Screening device for new workers
e Social protection
e ‘Soft’ human capital effects
Macroeconomic Dimension

Pros Cons
e Relief of the labour market e Misallocation of resources
e Assumed to be self-financing e Compete with private production
e Investment in infrastructure e Displacement and substitution of regular

employment
e Distort competition

Table 2.5 summarises the popular pros and cons for the usebofrpation
schemes from the empirical literature in Germany with armti$ion of the economic
dimension, i.e. microeconomic and macroeconomic argusiéfie list is ordered
without valuing the content of the single arguments. As ot in the description

24 | will reference the respective arguments from Table 2 Hailic letters in the text.
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of the institutional set-up (2.3.2), job creation schenfésr¢emporary employment
in particular to unemployed persons with barriers to emplegt, like long-term
unemployed, disabled or older aged people, and individwhls lack a completed
professional training. The main purpose is to increase thel@yability of the in-
dividuals by providing a stable foundation and relevantlifjoations for later (re-)
integration into regular jobs. For that reason, the mosbirtgmt microeconomic ef-
fects are, on the one hand, the prevention of a professi@salemt associated with
a loss of human capital and a downgrading of the employgresdéntion of human
capital los3. Professional descent is a usual consequence of unemgidy®n the
other hand, job creation schemes should increase the chaificke participating
individuals for regular and permanent employmeartdge to regular employment

Further intended positive aspects due to the offering ofleynpent in such a
programme are an increase of the personal motivation aftdesglect improve mo-
tivation). Being employed enhances the social cachet of the indivigind prevents
further negative effects of unemployment, like a strongchsgocial burden, health
trouble, or crime gocial protection Spitznagel, 1992). Moreover, occupational sta-
bilisation should be achieved by habituating unemployertkess to regular employ-
ment. It should help to reduce problems of an anew profeakmucialisation and
enhance the (re-)integration chanckalfjituation to regular employméntOccupa-
tions offered in job creation schemes may also provide itgonbicontacts and refer-
ences (e.g., private businesses) that can be helpful imfingérmanent jobsqoft’
human capital Gerfin, Lechner, and Steiger, 2005). Another argumentghaaks
for the use of job creation schemes relies on the belief ttegrammes may act as
a bridge to early retirement and leaving the labour folw@le to early retirement
and may therefore help to alleviate the psychosocial effe€tunemployment in
particular for older unemployed personsifiier, 1997). In addition, primarily long-
term unemployed persons may experience a reduced stigiaisf participation
is seen as a positive signal for the willigness and proditigtaf the individual by
potential employerg¢duce stigmatisation of long-term unemployed persdarem
an employer’s perspective, job creation schemes cheapployment for firms and
allow them to collect information on the individual’s aliis without concluding a
permanent contract¢reening device for new workérg\ last point, mentioned by
Eichler (1997), is the potentialdjustment of human capitéd changed demands of
the labour market by participating in a job creation scherwmvever, this argument
seems to be of limited explanatory power for the followingsan only. Although ac-
tivities undertaken in job creation schemes should be afevédr society, they must
not compete with regular employment, i.e. in particulavgeé production. There-
fore, achieving both tasks simultaneously seems to be @mudtic, and if occupa-
tions are not in line with the market, it is questionable tcatvxtent a competitive
qualification could be transferred to the individuals.

Thus, itis more likely that occupations in job creation soks reduce the human
capital discreation of human capitgla possible negative effect. An empirical find-
ing that supports this assumption is that activities in jaation schemes usually do
not meet the individuals’ qualification. Spitznagel and Mag(1997) point out that
about 40 percent of the participants are allocated to joltsate below the individ-
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ual qualification level. Further arguments that speak agahe use of job creation
schemes are uncertainties about the possible signalsntrasbto the opinion that
job creation schemes reduce the stigmatisation of long-tamemployed persons,
the opposite may also be the casedative signal to potential employgr$he main
reason is that programmes are targeted to persons with theriaworst labour mar-
ket perspectives (due to low discipline and productivignd participation may be
interpreted as a negative selection of low productive persim addition, participants
may be seen to be passive in terms of job search as they haspteddhe alloca-
tion to the programme by the LEA. The results of Spitznagel liagvas highlight
some aspects of the passivity of participants. Whereas thegarching behaviour
of programme participants within their individual neighiobood (i.e. their circle of
friends) is fairly similar to that of other unemployed, peiiants do more often rely
on the offers of the LEA. In addition, a large share of aboupékent of the par-
ticipants do not look for a job at all for different reasongitdagel and Magvas
speculate that this may be mainly due to unrealistic extieasof the participants
concerning a permanent contract following the programmelsaaconsequently re-
duced own initiative to look for a jobréduce one’s own initiatiye Moreover, a
strong discouragement with respect to the individual lalmoarket chances may oc-
cur, in particular if unemployed persons are allocated ffeidint occupations subse-
quently, which in addition results in discontinuities iretimdividual’'s labour market
career liscourage peop)e Further arguments which point in the same direction are
a discouragement of the participants to search for regut@i@/ment because pro-
grammes have to offer contract wages which often exceed sMagecomparable
work in the private sectoiiriply negative incentives for job-seardkraus, Puhani,
and Steiner, 2000), or just due to the involvement in the anognes lpocking-in
effects.

Besides those microeconomic effects, one can think of aewesicroeconomic
effects of job creation schemes in Germany. The most impbrteacroeconomic
argument with common consent for the use of the programntbgiisability to re-
lieve the tense situation on regional labour markets wigh hinemploymentrélief
of the labour markgt For that reason, job creation schemes are used as a means to
preserve social peace. In contrast, the validity of thergblossible positive effects
from the literature is more ambiguous. Proponents of jolataa schemes have
claimed programmes to be self-financing in the sense thgtanmomes’ costs would
be compensated by savings on passive labour market polityamigher tax re-
ceipts due to higher employment as well as a higher consomfgvel of the partici-
pants &ssumed to be self-financingpitznagel, 1992). However, Kraus et al. (2000)
note that costs on the programmes seem to exceed the suneof sivings and
additional income generated by any macroeconomic effgcéslarge margin. Espe-
cially with the introduction of large-scale programrfie@viega-ABN) and Societies

25 Each of the large scale programmes had a funding of at least three niliotschmarks
and more than 150 persons per programme with a focus towardstinftase and eco-
nomic development.
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for Employment Promotion and Structural AdjustnférfaABS-Gesellschaft@npro-
grammes became more cost-intensive. A last aspect to béamedts suggested by
Buttler and Emmerich (1995). It states that job creatioresuds have been intended
as investments in the East German infrastructunfegstructure investmeht

In contrast to these possible positive effects associatédtive deployment of
job creation schemes, there are strong disbeliefs in tleetaféness and efficiency
for the following reasons. The most striking argument ig thh creation schemes
compete with private production since the purposes of badditional in nature and
of value for society could not be achieved simultaneouslydnsequence, job cre-
ation schemes result in deadweight losses, in substitaffents and in displacement
effects flisplacement and substitution of regular employmeftcording to Calm-
fors (1994), deadweight losses are defined as hirings frentatget group of the
programme that would have occurred also in the absence girtiggamme; substi-
tution effects describe the extent to which jobs created faertain category of work-
ers simply replace jobs in other (regular) categories. [Dube high wage subsidies,
displacement effects of regular employment are a furthesequence and the imple-
mentation of programmes distorts the competition on mark®tgoods and factors
(distort competitioh?” In particular, the large scale programmes in East Germany
(during the 1990s) have not been without controversy réggutthis point. Although
competition with private production should have been agdith the past and in the
present, allocation of individuals was carried out with loegpect to the targeting
criteria only. Primarily during the first years after Germamification, many people
have entered programmes directly from employment, e.gcase of mass redun-
dancies (Kraus et al., 2000). The results of Brinkmann,e&®dld, Hujer, Jahn, and
Thomsen (2002) have shown that even ten years after Gernifiodtion the shares
of long-term unemployed persons amounted to about 40 tois@peonly; the share
of disabled people was 20 percent. Therefore, if allocatiobmemployed persons is
accomplished with this small degree of target orientatialy,ét has to be questioned
if there are no better alternatives for the individuals anldbour market that do not
meet the target criteriar(isallocation of resource$pitznagel, 1992).

2.6 Summary

In this chapter, | have discussed the relevant aspects afr@aiion schemes in Ger-
many. The discussion started with an overview of the devatag of the German
labour market since German Unification. The current sitwatif East Germany is
characterised by a high and persistent unemployment witmamployment rate of
about 20.1 percent and a share of long-term unemployed aftatio5 percent in

26 The task of these Societies for Employment Promotion and Structurabhaunt was to
employ and qualify people within job creation and structural adjustmermnses. In the
beginning of 1995, more than 150,000 persons were employed ingberies (Kraus et
al., 2000).

27 According to Calmfors (1994), displacement effects describe theileseduction of jobs
elsewhere in the economy because of competition in goods markets.
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2003. Due to the lower productivity of about 70 percent tbgetith gross wages
per employee of about 81.2 percent compared to the Westataderman economy
suffers from the lack of a self-contained economic basisolmsequence, active and
passive labour market policy play an important role for thstEerman labour mar-
ket. In contrast, the situation of the labour market in Westr@any is less severe,
but unemployment is a serious problem here as well. With @mphoyment rate of
about 9.3 percent and a ratio of long-term unemployed psrsbabout 31.1 percent
in 2003, the persistence is not as strong as in the East. A¥¢seGerman economy
is export dependent to a high degree, a strong Euro and thedie-solved struc-
tural problems harm the expectation of a positive developrogthe labour market
in the near future. Following the description of the devebtept of the labour mar-
ket, | have explained the set-up of ALMP in Germany in genana of job creation
schemes in particular. | have also reviewed the resultsedigus microeconometric
studies evaluating the effects of job creation schemes im@&my. The last section
has provided a discussion of the possible effects of johtioreachemes with a dis-
tinction between the micro- and macroeconomic dimension.

To conclude, | will discuss the findings of this chapter irtigf the five fea-
tures of programmes that should be kept in mind for evalonattated by Heckman,
LaLonde, and Smith (1999). The first featuréécentralisationDue to decentralisa-
tion in the operation of programmes, differences may emeitierespect to design
and implementation of the programmes. Furthermore, theahptractice of imple-
mentation can deviate from the explicit written policy iretlaw. As becomes obvi-
ous from my description, labour market policy in Germany b@some more decen-
tralised with the reform of the legal basis in 1998. Prograsm@re accomplished in
the responsibility of the local employment agencies; tfuees regional differences
should be considered in the evaluation. Moreover, sincejehtion schemes have
been used on a large scale in East Germany during and afteattsiion process of
the economy in association with a low target-oriented alfion of individuals, the
question has been raised whether the purpose of the progratonbe additional in
nature together with being of value for society could be el simultaneously.

The second aspect concemrmalltiple servicesSince participants may receive
services from more than one category, the various types sdilpe combinations
constitute a source for heterogeneity. Isolation of thedatjpf one particular service
may therefore be difficult or impossible. The descriptiortha institutional set-up
of job creation schemes has shown that participants ameedldo do practical train-
ing or vocational qualification during the programmes. Thiufsequently used, this
aspect raises a further question for the evaluation of tbgrammes.

The influenced patrticipation decisiois the third feature Heckman, LalLonde,
and Smith (1999) note. In some countries, like SwétlenSwitzerland®, participa-
tion in a programme is a condition for receiving unemployienefits rather than
less generous social assistance payments. For that réagiviguals’ decisions to
participate may be affected by features of ALMP programrfiée. discussion clar-

28 See, for example, Sianesi (2002).
29 See, for example, Gerfin and Lechner (2002).
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ified that participation is no general condition for receyiunemployment benefits
in Germany. However, since job creation schemes have bemusted as regular
employment until 2004, participation in a programme hadgomged the eligibility
for unemployment benefits of the participants. This aspeatilsl be regarded when
interpreting the results.

Feature four refers to thdiscretion of the caseworkers most countries and for
the majority of programmes, allocation of participantsasried out by caseworkers’
discretion. This discretion results from the fact that thenber of applicants usually
exceeds the number of programme places by far. Thereforekrin, Lal.onde,
and Smith (1999) recommend a special emphasis on the atloaaiechanism in
modelling the participation decision, i.e. it has to be actted not only for the in-
dividuals’ incentives to participate, but also for thosdta programme operators. |
have started the discussion of the allocation processsrctiapter relying on the in-
stitutional set-up and on information from interviews wiiseworkers in the LEAs.
Since caseworker discretion is an important determinanthf® allocation of indi-
viduals to programmes, | will take up the discussion in chaptwhen establishing
the evaluation question. Moreover, in my empirical analgdithe effect heterogene-
ity to improve the efficiency of the programmes in chapterill analyse whether
unsatisfying impacts of job creation schemes may be dueeftidiencies in the al-
location process.

The last feature to be considered for evaluating progranmpacts reflects the
specificity of programmes. Hence, it could be caltkffierent programmes — differ-
ent economic modelst is concerned with the modelling of the participation idec
sion and the modelling of the impacts. Heckman, LaLonde,&mith (1999) rec-
ommend a careful choice of the economic model that is seitabthe respective
programme. From the discussion of the possible effectstotjeation schemes it
becomes obvious that a standard human capital model woondder little guidance
to the programmes in analysis. Therefore, for a reasonahlaation of programme
impacts, the model of the participation decision has to lsetb@n a careful descrip-
tion of the relevant determinants influencing participatibhese determinants must
be revealed from the institutional set-up, the assignmentgss of participants, the
available data as well as from experiences from the empliieeature.
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The Methodological Framework of Evaluation

3.1 Overview

The main purpose of any microeconometric evaluation is twan the question
whether the outcome variable of interest is affected byigpétion in the pro-
gramme under study. This question is analysed using indiWidata. The empir-
ical evaluation literature deals with different outcomeiables, like the duration
of individual unemployment, the probability of employmeaot the future earnings.
Whereas earnings have been more often analysed in US sthdiespean studies
typically rely on the employment probability of the partiants or their unemploy-
ment duration.

The individual causal effect of treatment is defined as tfferdince of the value
of the participant’s outcome in the current situation anel ¥hlue of the outcome
in a situation where the participant has not taken the treatmBoth states are
mutually exclusive, i.e. an individual cannot be in bothetaat the same time and
thus, one could never observe both states simultaneoudlyfeame individual. For
that reason, one of the states is counterfactual. This i$ Mbiand (1986) calls the
fundamental problem of causal inferen@oth experimental and non-experimental
approaches require assumptions to construct the missingedactual that cannot
be tested without collecting data specifically designeesb the assumptions of the
model (see Heckman, Ichimura, Smith, and Todd, 1996; 1998).

Solving the missing data problem lies at the heart of the @e@iconometric eval-
uation problem. The literature provides a set of approatiasattempt to estimate
the missing data. These approaches differ in the assunspti@y make about how
the missing data are related to the available data and weaada availablé.Thus,
constructing an adequate comparison group is necessargke acomparison pos-
sible.

! Following the bio-statistical literature, programmes are referred to aatritients’. Both
terms are used interchangeably throughout this thesis.
2 See Heckman, LaLonde, and Smith (1999) for an overview on thgseaghes.
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In this chapter, | will describe the methodological framekfor the microecono-
metric evaluation of job creation schemes in Germany usétkiempirical analyses
in chapters 5 and 6. | will begin my discussion with a briefieewof the evaluation
approach for the static binary treatment case in sectionTd.2lo so, | will present
the standard framework for microeconometric evaluatient{en 3.2.1) and the most
common parameter of interest (section 3.2.2). After thatilldiscuss the issue of
selection or evaluation bias which occurs when using ngregmental data (section
3.2.3). The three basic principles of possible compariadhe evaluation approach
will be presented by a description of three commonly useg&mon-experimental
estimators in section 3.2.4. As the empirical analyses asedyon the matching es-
timator, | will present this estimator in section 3.3. Thetgm contains a discussion
of the identifying assumptions (section 3.3.2) as well athefbalancing property
of the propensity score (section 3.3.3). In section 3.3wdilIdiscuss the matching
estimators used in the empirical analyses in detail.

The recent empirical literature on evaluation of socialgpamnmes has empha-
sised that the timing of treatment in the individual unemptent spell conveys im-
portant information on the parameter of interest. This afsigeeonsidered in the con-
text of matching estimators, for example, in the studiesiap&si (2002; 2003; 2004)
for Sweden, for Switzerland by Steiger (2004), and by Spese(2004) and Fitzen-
berger and Speckesser (2005) for Germany. In addition ntieeeisted reader is re-
ferred to Abbring and van den Berg (2003) who discuss thetififeation of the
treatment effect in the timing-of-events approach. An oate bridge of both ap-
proaches is provided by Fredriksson and Johansson (2008).20will analyse the
differences in the effects of job creation schemes on tregation into regular em-
ployment with respect to the timing of treatment in the ingdidal unemployment
spell in chapter 5. Hence, | will present the extension ofrtfaching estimator to
the dynamic setting in section 3.4. To do so, | will discussiexonsiderations on
the timing of treatment (section 3.4.1) as well as the chamgé¢he identifying as-
sumptions and the estimator (section 3.4.2). Section 3lprvide some important
issues to be regarded when implementing the estimator.eTliksges comprise the
estimation of the propensity score (section 3.5.1), thelcloéthe common support
assumption (section 3.5.2), the choice of an adequate mgteltgorithm (section
3.5.3) as well as the estimation of the standard errorsi¢ge8t5.4), the assessment
of the quality of matching (section 3.5.5) and some furthethudological ques-
tions to be answered for the empirical analyses (sectiaB)3.bhe final section will
summarise this chapter.

3.2 Evaluation Approach — The Static Binary Treatment Case

3.2.1 The Evaluation Problem

The standard model in the microeconometric evaluatiomalitee is the so-called
potential outcome approachlhich has been variously attributed to Neyman (1923;
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1935), Fisher (1935), Roy (1951), Quandt (1972; 1988) oriR(1974). In the sim-
ple form, the model considers two possible states of thedsfofin individual i is
imagined to either participate in a programme or not. Ygtand Y’ denote the
potential outcomes corresponding to the states, where atelertreatment and 0
non-treatment. According to this definition, the indivitluausal effect of treatment
is defined as the difference of the two potential outcomes, i.

A=Y -YP (3.2)

However, since the individual cannot be in both states ofwbed at the same time,
the actual observed outcome for each individuedn be written as:

Y, =Y Di+(1-Dy)- Y}, (32)
whereD; € {0,1} is a binary treatment indicator, with = 1 denoting participation
andD = 0 denoting non-participatiohTo complete the notation, Iéf denote vari-
ables that are unaffected by treatment — the so-calfgibutesby Holland (1986).
Eq. (3.2) makes clear that one of the outcomes is unobseriabéach individual,
i.e. onlyY;! or " is observable. For that reason, there is no opportunityltutze
individual effects directly from the data, and; is not observed for anyone. In the
words of Dawid (2000) this is that potential outcomes are glementary.

To render the model useful for causal analysis, one must ttakestable unit
treatment value assumption (SUTVA, see, e.g., Rubin, 1988Y VA rules out any
cross-effects or general equilibrium effects that may o@muong potential pro-
gramme participants because of their participation decidiechner, 2001). In other
words, the potential outcomes of an individual depend orhibeor her participa-
tion decision only and are not affected by the treatmentistaf other individuals.
Furthermore, whether an individual participates or notsdoet depend on the par-
ticipation decision of other individuals. This additiori@hture excludes peer-effects
(Sianesi, 2004). If one is willing to estimate the effect loé programme for a per-
son drawn randomly from the participants sample, thosesffare negligible and
SUTVA could be assumed to be fulfilléd.

A further interesting issue to note in this context is memid by Heckman,
LaLonde, and Smith (1999). They point out that microeconoimevaluation con-
centrates on direct effects only. A full evaluation of thegmamme of interest would

3 The model has been extended for the case of multiple treatments bydrg@®01) and
Imbens (2000).

4 Alternatively, in the case of mutually exclusive treatments (e.g., for the case of evaluating
different ALMP programmes)D could be an indicator for thd + 1 possible states the
individual faces.D could also beR; := [0, c0), representing a continuum of doses of
some medication, for example (see Abbring, 2003).

5 It should be noted that since job creation schemes have been used ¢ @Xéent es-
pecially in East Germany, assuming no spill-over effects on non-patitspmay be ques-
tionable. Thus, microeconometric evaluation can only analyse partigibegun effects of
the programmes. Further macroeconometric analyses of prograffeces are necessary
for a full evaluation, see, e.g., Hujer and Zeiss (2005).
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require an enumeration of all outcomes of interest for epemgon, both in the ac-
tual state of the world as well as in the alternative statéfshe most general view,
almost everyone in a modern economy participates in eadalgmogramme ei-
ther directly or indirectly. Direct effects affect the sition of only those persons
enrolled to the programmes. Effects that do not flow fromipigetion directly are
defined as indirect effects. The indirect effects could oéouparticipants and non-
participants. For example, participants may pay taxes arddtributions to support
the programme just as persons who do not participate. Funtire, indirect effects
occur for persons with whom the participants compete indhedr market and for
the firms that hire the participants. The problem of the ilireffects is ignored
in the econometric and statistical evaluation literatarg] treatment outcomes are
equated with the direct outcomé! in the programme state; no treatment outcomes
are equated with the direct outcoi¥i€ in the no-programme state. However, this is a
crucial assumption in the traditional evaluation literat(Heckman and Smith, 1998)
and should be kept in mind when drawing policy-relevant iogilons.

3.2.2 The Average Effect of Treatment on the Treated

As already mentioned, direct estimation of the individuée of treatment in eq.

(3.1) is impossible. Therefore, evaluation has to focus opugation averages of
gains from treatment. Under certain assumptions, it isiples$o estimate group
impact measures even though it may be impossible to medsumpacts of a pro-
gramme on any particular individual (Heckman, LaLonde, 8ndaith, 1999). The

most common parameter of interest in the empirical liteesisithe average effect of
treatment on the treated (AT¥)The ATT is defined as

AT = E(AD=1)=EY"'-Y°D=1)
=E(Y'D=1)-EY°D=1), (3.3)

which is the difference of the expected outcomes with andhiout treatment for
participants. As it focusses directly on the actual pgrtiots, it determines the re-
alised gross gain for this group (Heckman, LaLonde, and I§milthus, its impor-
tance for policy makers becomes obvious as programmes agzaily targeted to

5 Heckman, LaLonde, and Smith (1999) discuss further parametdrsthabe of interest:
for example, the average effect of treatment (ATE) defined as:

AYME Z BA) =EBY'-Y%) = EY" - EY").

The ATE computes the difference of the expected outcomes after patiieipand non-
participation. It answers the question what the impact of treatment weuildrdividuals
are randomly assigned to treatment. However, for policy implications itlis afrminor
relevance as persons are included for whom the programme wasmeveled (Heckman,
1997). Further parameters of interest may be the proportion of ptadhey the programme
who benefit from it, or the increase in the proportion of outcomes aboeetain threshold
outcome value due to a policy. As the empirical analyses are based orTihd will
concentrate the discussion on this parameter.
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certain groups; and by comparing the programme effect wdtlcasts, the ATT is
a reasonable approach to measure the performance of theapnog, i.e. deciding
whether the programme is a success or not (see Heckman arg Refbb, and
Heckman, Ichimura, and Todd, 1997).

The ATT can also be defined for a certain sub-population ofrémted individ-
uals defined by attributeX:

AMT(X)=FE(AIX,D=1)=EY'-Y°|X,D=1)
=E(Y'X,D=1)-EY°X,D=1).(3.4)

A requirement for the interpretation of this parameter & the conditional distribu-
tion of X has to satisfy

F(X|Y°,Y', D)= F(X|Y°Y"), (3.5)

i.e. that conditional on potential outcomes, the realisatigipation decisiorD does
not predictX (Heckman, Ichimura, Smith, and Todd, 1998). If this requieat
holds, conditioning on variables that are determined bypteicipation decision
is ruled out. Otherwise, this would mask the total effecfofThe parameter allows
different groups to have different programme impacts dif gxample X determines
the schooling of the individuals, one could define the exgetanpact of a job cre-
ation scheme for individuals with O-level.

In addition, Heckman, Ichimura, Smith, and Todd (1998) ps®pan averaged
version forX in some regionk’,

—ATT

AV (XeK)=FEAXeK,D=1)=EY'-YXcK,D=1)
_ [x B(AIX,D =1)dF(X|D =1)
B [ dF(X|D =1)

, (3.6)

where F(X|D = 1) is the distribution of the attribute(sY for the participants.
Whereas in the example, the estimator in eq. (3.4) allowsttmate the effect of a
job creation scheme for a person with a completed O-levelegtimator in eq. (3.6)
allows to estimate the effect of the programme for a spedifisst of the schooling
variable, e.g., the effect of a job creation scheme for alt@es with a schooling of
O-level or below.
To show some further properties of the ATT, | will follow Simiand Todd

(2005a). Let the potential individual outcomés, andY,”, be represented by

" Another parameter that might be of interest is the average effectaifrtemt for the non-
treated (ATU). It is symmetrically constructed to the ATT and is defined as:
AU = B(AID=0) = E(Y' =Y°|D =0)
= E(Y'D=0)-EY°D=0).

This parameter can be used to estimate the impact on the group that vizdeexitom
treatment of what they would have gained if they had participated.

43
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V! =¢'(Xi) + U} (3.7)
and Y = ¢°(X;) + U, (3.8)

whereU}! andU? are distributed independently across persons and sa#tigfy ) =
0 and E(U?) = 0. The observed outcome (similar to eq. (3.2)) can be writhem t
as

Vi = ¢%(X;) + D A(X) + U, B 3.9)

where the treatment effect(X;) is given by
A(X;) = o1 (X;) — %(X0) + U - UY. (3.10)

Since the treatment effect varies across persons eventiooadion X;, this is a ran-
dom coefficient model. This is an important feature becauakows the treatment
effects to be heterogeneous. In the simplest case, thengaaeffect is assumed to be
constant across individuals, i.4. = A;. This is the fixed effects model, sometimes
called ‘common effect’ assumption. In that case, eq. (3wd)Id be

A= AX;) = ¢1(X;) — ¢°(X), (3.11)

for anyi. This means thap' and¢” are two parallel curves, only differing in the
level, and the participation-specific error terms are nfeica®d by the treatment since
U} = US = U;. Eq. (3.9) denoting the outcome is then

Y; = ¢%(Xy) + D;A+ U, (3.12)

Although this common effect has been used in the earlier goapliterature (Smith,
2000a), it does provide a poor approximation of most reabsivns only. Therefore,
the consideration of the evaluation problem in the contékieterogenous treatment
effects points up that there is more than one parametereariist. The feature of the
estimator to capture heterogeneous effects is also imgddathe analysis in chap-
ter 6. Since programme effects are heterogeneous (Mar@ki; 2000), the average
effects for the whole population must not apply to all straftéhe population. Neg-
ative mean impacts may be acceptable if the majority of gpethts gain from the
programme (Heckman, LaLonde, and Smith, 1999). Thus, airang the ‘common
effect’ assumption of treatment effects provides an opity to identify individu-
als that benefit from the programme, and therefore, improeduture efficiency of
the social intervention.

8 This is derived by:
Yi = D(¢"(X:) + U) + (1 — D)(¢°(X:) + UY)
= ¢y + U{ + D(¢" (Xi) — ¢°(X:) + U} = UY)
= ¢? + DA(X;) + UY.
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3.2.3 Examining Selection Bias

It becomes obvious from eq. (3.3) that the second term onighéhand side is un-
observable. The term describes the hypothetical outconigegbarticipants if they
had not participated in the programme. In an experimentuation, the missing
counterfactual data for the treatments can be derived mguseformation from a
control group. Here, the hypothetical outcome of partiotpaf they had not par-
ticipated would not differ from the expected outcome of tlm-participants, i.e.

E(Y°D=1)=EY°D=0). (3.13)

Therefore, it would be possible to approximate the couateufal outcome of the par-
ticipants by the non-participants’ outcomes. The ATT casilgde computed since
the data on programme participants identify the mean outcionthe treated state,
E(Y!|D = 1), and the randomised-out comparison provides the direichats for
E(Y°|D = 1) (Smith and Todd, 20058&).

Social experiments have been seen as the ideal way to evahmtimpacts
of programmes in particular for US programmes (Smith, 2000t his survey,
Smith (2000a) notes a set of advantages of social experinmeetr standard non-
experimental methods. First, they are easy to explain teayolakers because most
educated persons understand the issue of random assigr8eeond, as becomes
obvious by eq. (3.13), social experiments produce comgisttimates of the impact
of treatment on the treated and they are less controvelsal hon-experimental
methods. Third, for conductors of experiments it is mordidift to cheat, i.e. to
produce the impact they want, because the evaluators cotildhoose from a set
of estimators. Fourth, experiments provide an opportuoigxamine the efficacy of
different alternative non-experimental estimatts.

However, social experiments also have some important drekgh On the one
hand, they cannot address many questions of interest tarobszs or policy mak-
ers for the following reason. As they generate choice-hamsdbgenously stratified
samples that are difficult to use in any other economic qoiesthey only allow
the evaluation of the impact of treatment on the treated f@ programme with
one set of participants and eligibility rules (Heckman, batle, and Smith, 1999).
On the other hand, social experiments may be hard to acceima$ they entail
high costs and ethical issues concerning the use of thosriments. Moreover,
there are some practical problems with the implementatiosooial experiments
mentioned in the literature: the problem of non-compliaribe problem of substi-
tution and of randomisation bias. Non-compliance occupeitons assigned to the
treatment group do not participate or if members assigndidet@ontrol group par-
ticipate in the programme. Selective non-compliance may e biased estimates
of the programme effects (see Bijwaard and Ridder, 2000)dBmisation bias de-
scribes the phenomenon if persons selected for the progeadiffer from persons

9 See Heckman, Ichimura, and Todd (1997), for a description of lméamisation solves
the evaluation problem.

10 The interested reader is referred to the paper of LaLonde (1986)handksponses and
extensions by Dehejia and Wahba (1999; 2002) and Smith and Tod8gR00
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who would participate in the programme under usual conuttiae. the effects of the
programme are estimated for an unrepresentative samgistitsition bias occurs if
members of the control group participate in similar prograens to the experimental
treatment (see Heckman and Smith, 1995).

Whereas in the experimental situation the randomised-autaayroup provides
a direct estimate of the non-treated outcome of the tre#tede is no such group
available in non-experimental data. Therefore, in a ngregrmental evaluation, an-
alysts must replace the missing data with data on non-gaatits along with addi-
tional assumptions invoked when using the method of sogiaé®ments since no
direct estimate for this counterfactual mean is available @g. (3.13) will usually
not hold, i.e.E(Y°|D = 1) # E(Y°|D = 0). Using the unadjusted outcomes of the
non-participants to approximate the missing counterédtuthe ATT will lead to
selection or evaluation bias:

AT = BE(YYD=1)-E(Y°|D=0)
=EY'-Y°D=1)+{EY"D=1)-EY°D=0)}. (3.14)

=B

The term in the curly brackets is the selection biis,.e. the difference between
the hypothetical and actual outcomes after non-participairhe reason why this
selection bias could not be assumed to be zero with non-expetal data is that
participants and non-participants would also have haemifft non-treatment out-
comes even in the absence of the programme. As has been eexthé description
of the allocation mechanism for job creation schemes in @egnfsee section 2.3.2),
participation in a programme depends on certain eligjbdiiteria, the individuals’
characteristics, and to a large extent on caseworkerg'adien. Therefore, it is rea-
sonable to assume that selection into programmes is nobmanolt is carried out
according to some allocation rules.

To provide a more appropriate selection bias measufefof the more narrowly
defined ATT parameters in eq. (3.4) and (3.6) B¢fX ) denote the selection bias for
a particular value o (Heckman, Ichimura, Smith, and Todd, 1996; 1998):

B(X)=E(Y°X,D=1)-EY"X,D=0). (3.15)

This selection bias measure is limited to the seXKofalues common to th® =1
andD = 0 populations. Following Heckman, Ichimura, Smith, and T¢tl@98), let

Six = {X|f(X|D =1) > 0} (3.16)
be the support ok for D = 1. Analogously, let
Sox ={X[f(X|D =0) > 0} (3.17)

to be the support oX for D = 0. f(X|D = 1) and f(X|D = 0) denote the
conditional distributions o for D = 1 and D = 0 respectively. For the region of
the overlap between both groups then follows
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Sx = Sox NS1x (common support) (3.18)

The mean selection biaBs, that conditions on the set of common support can be
constructed as an average versioB39X ) for X € Sx (Heckman, Ichimura, Smith,
and Todd):

[ B(X)dF(X|D = 1)
Bg, = =

f dF(X|D =1) (3.19)
Sx

To show how the conventional measure of selection agiom eq. (3.14) is related
to Bs, andB(X) itis useful to decompose it into three terms. To do so, (Herkm
Ichimura, Smith, and Todd) note that it might help to rewigeas

B=EY°D=1)-EY°D=0)
= / EY%X,D=1JdF(X|D=1)— / E(Y°|X,D = 0)dF(X|D = 0)

SlX S(JX

= By + By + Bs, (3.20)

where

By = / E(Y°X,D=1)dF(X|D=1)
S1x\Sx
- / E(Y°|X,D = 0)dF(X|D = 0), (3.21)
Sox \Sx

By = /E(Y°|X, D =0)[dF(X|D =1)—dF(X|D =0)] and (3.22)
Sx
Bs = PxBg,,. (3.23)

The termPx = fsx dF(X|D = 1) is the proportion of the density oX given
D = 1in the common support regiasiy. The support ofX givenD =1 (D = 0)
that is not in the overlap is denoted Byx\Sx (Sox\Sx)-

The termB; therefore defines the bias due to non-overlapping suppdtieof
treated and the comparison group. That is, for some treatbdduals it is impos-
sible to find comparable persons from the non-treated grodpvice versa, i.e. to
construct the counterfactuals #(Y°| X, D = 1) from Sy x \ Sx or the counterfac-
tuals to E(Y°| X, D = 0) from S;x\Sx. The termB, describes the bias due to
different weighting of E(Y°|X, D = 0) by the densities of{ given D = 1 and
D = 0 within the common support. Differences in the outcomesriraain even af-
ter controlling for the observable differences are giverBgyThus, this bias is due to
unobservable or unmeasured differences in the chardaterixetween participants
and non-participantst

1 This is the true econometric selection bias resulting from ‘selection on endiides’
(Blundell and Costa Dias, 2000).
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3.2.4 Three Basic Principles of Evaluation Estimators

All evaluations are based on comparisons between treatedrareated individuals.
To impute the counterfactual outcomes for non-experimergmators, two types
of data can be used: First, data on participants measuréx inrttreated state, and
second, data on non-participaffsdeckman, LaLonde, and Smith (1999) note that
the evaluation literature makes an artificial distincti@ivieeen the task of creating
a comparison group and the task of selecting an economstiinaor to apply to
that comparison group although in truth all estimators @efircomparison group,
and the choice of the comparison group affects the progedfighe estimator. In
principle, there are three different ways to compare thatée with the untreated
persons and to estimate the impact of treatment on the dkeBibese principles are
(i) a comparison of the same person in the treated and theatatt state, (ii) a com-
parison of (different) treated and untreated persons apoi# of time, and (iii)) a
hybrid of these two principles. In the following, | will brflg review three commonly
used non-experimental estimators and their identifyirsamptions that are in line
with these principles: the before-after estimator, thesstgection estimator, and the
difference-in-differences estimator. The estimatorshefthree classes differ in the
way they adjust, condition or transform the data in ordertostruct the counterfac-
tual E(YY|D = 1). As noted by Heckman, LaLonde, and Smith, these estimators
would identify the same parameter only if there is no sedectiias at all.

Before-After Estimator

The idea of the simple before-after estimator (BAE) is to pane a person with
himself/herself. Based on longitudinal data, it expldits intuitively appealing idea
that a person can be in treatment and non-treatment statéfeagnt points of time.
For that reason, the values of the outcome in one state atiroeeate good prox-
ies for the value(s) of the outcomes in the same state at tithes (at least for the
non-treatment state). The estimator is valid if there isasd¢o longitudinal data on
outcomes measured before and after programme partiaipatiaf repeated cross-
section data from the same population with at least one -@estson before the treat-
ment are available (see Heckman and Robb, 1985a; 1985b}iriiee denotes the
post-treatment period. TheF,: denotes the post-treatment outcome of peistet
t' denote the time before treatment and therefigfeis the pre-treatment outcome
of the individual.

The underlying identifying assumption of the BAE is

EY?-Y)D=1)=EXY’D=1)-EY?D=1)=0. (3.24)
If this assumption holds, the ATT can be estimated by the B&EBows:
Ay =B D=1 - (YJID=1)]. (3.25)

12 This distinction primarily results from the US literature. As will be seen wheaduss the
extension to the dynamic setting, for the analyses of the effects of jobarrexhemes,
one has to be careful in defining the non-participation state.
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The major advantage of this estimator is that it does notiregoformation on
non-participants and is therefore easy to implement. Botitmportant drawbacks
have to be noted. First, the underlying assumption implieissumes that there are
no time-variant effects that influence the potential outesritom one period to an-
other. This is very restrictive since any change in the iiidial life-cycle position as
well as in the overall state of the economy could violate #sisumption (Heckman,
LaLonde, and Smith, 1999). The second drawback follows ftuafirst assumption:
By excluding any time variation from the model the estimaiibributes changes due
to macro or life-cycle factors to the programme effect, too.

The standard example in the empirical literature where #saimption of eq.
(3.24) is likely to be violated is provided by Ashenfelte®{B) and is known as
the so-calledAshenfelter’s Dipln his analysis of the training effects on earnings, he
observed that participants experienced a decline in egsrprior to the start of the
programmes. This effect was also observable in other ecapisinalyses based on
different outcome variabl€s.If this change is permanent, the BAE provides unbi-
ased estimates for the ATT, but if this change is only tramgijtthe approximation
error, E(Y,? — Y;?), will not average out, and it is likely that the ATT is overiest
mated. One solution to overcome the problem of Ashenfslf®ip is to collect more
pre-programme periods and to choose a reference periode@AE before the dip
has occured.

Cross-Section Estimator

The second basic principle to estimate the parameter oksttées to compare treated
and non-treated individuals at one point in time, i.e. aterprogramme took place
in t. The corresponding estimator is the so-called crosseseastimator (CSE).

From the discussion above, it is clear that the same perspevisr observable in

different states at the same time. Therefore, the CSE caspdifferent persons.
Data are required for participants and non-participantsphly for the time after the

programme has taken place. However, to be reliable, addit@ssumptions about
the distributions of gains have to be invoked. The centrahiilying assumption of

the CSE is given by

EY?|D=1)-E(Y"D=0)=0, (3.26)

i.e. that the expected non-treatment outcomes of the jatits equate to the out-
comes of the non-participants. If this assumption is vdld,ATT can be estimated
by the CSE as follows:

AT =FE[Y'|D=1)— (YD =0)]. (3.27)

CSE

As Heckman, LalLonde, and Smith (1999) mention, the estichATel by the CSE
will be violated if persons go into the programme based ora@ue-measures in

13 See, e.g., for job creation schemes in Germany Bergemann antiZS@000) and Berge-
mann et al. (2000) who analyse the occurrence of Ashenfelter’s Dip.
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the post-programme state. However, the assumption hopdstitipation in the pro-
gramme is unrelated to the outcomes in the no-programmeatttitnet. Therefore,
Ashenfelter's Dip does not affect the estimates of the C&Eaddition, as long as
participants and non-participants respond to changeseofrificro-environment or
the ageing process in the same way, the CSE is robust to thieprs of the BAE.

Difference-in-Differences Estimator

If longitudinal data or repeated cross-section data orngiaants and non-participants
are available, one can estimate the ATT by the differenediffierences estimator
(DID). The DiD estimates the impact of the programme as tlfferéince between
participants and non-participants in the before-aftefiediince in outcomes (Smith
and Todd, 2005a). The underlying identifying assumptidhas the mean change in
the no-programme outcome measures would be the same faripeamts and non-
participants, i.e. biases are on average the same beforftanthe programme,

EY?-Y?D=1)-EY?-YJ|D=0)=0. (3.28)
If this assumption holds, the ATT is calculated by the DIiD as

AN = B[V} - YD =1)— (¥ - YD = 0)]. (3.29)
By differencing the differences in the outcomes betweenigpants and non-
participants the estimator is able to capture selectiomimpservable factors to some
extent, but only when the underlying assumption of timeaitant linear selection ef-
fects holds (Heckman, Ichimura, Smith, and Todd, 1998) r&foee, the estimator
overcomes one shortcoming of the BAE by allowing for timessfic intercepts that
are common across groups (Smith and Todd, 2005a). But, the@nnot control for
unobserved temporary individual-specific componentseeittind the estimates are
biased in presence of Ashenfelter’s Dip.

Summary

So far, | have reviewed the trilogy of conventional non-paetric evaluation estima-
tors that consists of the BAE, the CSE and the DiD estimatwoe. 8stimators employ
the three basic principles to make a comparison. It becorei®us that the iden-
tifying assumptions of each method would in general not tioidthe others. The
three estimators could be extended by conditioning on obbér covariatesy. In
that case (or by alternatively conditioning on additiomastiumental variables), the
modified versions of the identifying assumptions for théneators (eq. (3.24), (3.26)
and (3.28)) may be more likely to be satisfied, but this is natrgnteed (Heckman,
LaLonde, and Smith, 1999). An enhancement of the estimatottd be achieved,
if the distributions of the attributeX differ between treated and non-treated individ-
uals, and therefore an additional conditioning may elingrsystematic differences.

14 see Blundell and Costa Dias (2002) for a further discussion.
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But if these differences are due to unobservable factorsnglsiconditioning on
the X may aggravate the differences. To give an example, imapaiehe absolute
value of the difference between the expected non-treatmenbme for participants
and non-participants amounts to a constane.

IE(Y°|D=1)-EY°D=0)=c (3.30)

Then, conditioning in addition on the attributéSis possible to reduce the differ-
ence,
|IE(Y°|X,D=1)-EY"X,D=0)|<c, (3.31)

but this is not guaranteed. Instead, if unobservable factetermine the differences
between the treated and non-treated group, it is possilestime set ok increases
the difference (see Heckman, LaLonde, and Smith).

In addition to these three simple estimators, the liteeprovides a set of more
‘sophisticated’ evaluation estimators that extend theptémmean differences by
making a variety of adjustments to the mean. All of the edfimsaare based on
one of the three basic principles described in this secfibe. most important ones
are the matching estimator, the instrumental variablenedtr, the Heckman selec-
tion estimator, the regression discontinuity estimatoe, ¢conditional DiD (or DiD
matching), and duration models. As | use the matching esinfar the empiri-
cal analyses below, | discuss its idea, identifying assionptand properties in de-
tail in the next section. | refrain from presenting detaildh®e other estimators. A
comprehensive overview on instrumental variable methttedsHeckman selection
and the regression discontinuity estimator can be fountl@tkman, LaLonde, and
Smith, 1999)!° For the conditional DiD the interested reader is referreéiéak-
man, Ichimura, and Todd (1997), Heckman, Ichimura, Smitll, Todd (1998) and
the recent work of Smith and Todd (2005a). An overview on tiomamodels for the
evaluation of social programmes is provided by van den B&§1); in addition, see
Abbring and van den Berg (2003) for the non-parametric ifieation of treatment
effects in duration models.

3.3 The Matching Estimator

3.3.1 Some Introducing Remarks

An important share of the non-experimental evaluatiomditere deals with provid-
ing estimators for average treatment effects of receivingat receiving a binary

15 General surveys are provided by Angrist and Krueger (1999%kian, LalLonde, and
Smith (1999) and Blundell and Costa Dias (2002). For instrumentalblariaethods see
also Imbens and Angrist (1994) and Angrist, Imbens, and Rubin6)1®undell and
Costa Dias (2000) provide further information on the Heckman selectittimator in the
evaluation context. A good example for an application of the regressioardisuity esti-
mator is given by Angrist and Lavy (1999).
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treatment under the assumption that the treatment satsfiae kind of exogene-
ity. This assumption, variously referred to as unconfouiméss by Rosenbaum and
Rubin (1983b), selection on observables by Barnow, Caid,@oldberger (1980)
or conditional independence assumption by Lechner (1988dts that the receipt
of treatment is independent of the potential outcomes withwaithout treatment if
certain observable attributes are held constant. Thrautghas work | will use the
terms unconfoundedness and conditional independenaehatggeably. In his re-
view on non-parametric estimators that are based on thigameity assumption, Im-
bens (2004) distinguishes five classes of estimators timapdse regression, match-
ing on covariates, methods based on the propensity scardications of these ap-
proaches, and Bayesian methods. However, in particulantdtiehing estimator has
become a popular approach to estimate causal treatmentseffdhe main reasons
for the popularity of the matching estimator are its undedydea as well as the sim-
plicity of explanation (Heckman, LaLonde, and Smith, 199%)erefore, matching
estimators are frequently used for programme evaluatidriraoonsulting business.

The basic idea of the matching approach is to find in a largemaf non-
participants those individuals who are similar to the pavtints in all relevant pre-
treatment characteristics (‘statistical twins’). For that reason, the method appeals
to the intuitive principle that it is possible to ‘adjust ayvdifferences between par-
ticipants and non-participants using the available regnes(Heckman, Lalonde,
and Smith, 1999). Originated in the statistical literatfrenatching thus generates a
comparison group that resembles an experimental contoolpgin one key respect:
conditional onX, the distribution of the counterfactual outcom&, of the partici-
pants is the same as the observed distribution of the outadhwf the comparison
group (Heckman, LalLonde, and Smith). In the method of matghthe construc-
tion of the correct sample counterpart (for the missing rimf@tion on the treated
outcomes had they not participated) consists in pairing pasgramme participant
with one or more members of a comparison group (Blundell amst&Dias, 2002).
Therefore, the matching approach allows to compare tremteldnon-treated out-
comes directly without having to impose structure on théfgm. This is the anal-
ogy to random assignment in a (social) experiment.

An advantage of the method of matching is its generality dueht non-
parametric nature of the approach. Therefore, no particliséribution has to be as-
sumed. Furthermore, itis highly flexible as it may be combwéh other methods to
produce more accurate estimates of the treatment efféotgiad) for less restrictive
assumptions’ However, since matching methods concern themselves suikge-
lection of observable variables to solve the selection lprabthey require very rich
data in order to make the estimates of the treatment effeettde (Smith, 2000a).

16 See, e.g., Rubin (1974; 1977; 1979; 1991), Rosenbaum and Ri988b; 1985), and the
overview by Rosenbaum (2002). However, the idea of matching is et Heckman,
Ichimura, Smith, and Todd (1998) note that the method of matching wstsued by
Fechner (1860).

17 One example is the so-called conditional DiD suggested by Heckman,uchjmnd Todd
(1997) that combines matching and the DiD estimator.
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3.3.2 Ildentifying Assumptions

The key assumption in the statistical matching literaturetfie construction of a
valid comparison group is that conditional on all relevamd-freatment characteris-
tics, X, the potential outcomey¥;!, Y°, are independent of the treatment assignment,
D (see Rubin, 1977). In the notation of Dawid (1979), this is

Assumption 1 Conditional Independence Assumption:
YO Y I D|X, (3.32)

wherell denotes independence, akidare covariates that are unaffected by the treat-
ment. As a consequence of ass. 1, the distributions of olgsom

FY°IX,D=1)=F(Y°|X,D=0)=F(Y"X) (3.33)

and
FYYX,D=1)=FYYX,D=0)=FY'X) (3.34)

are independent of the treatment assignment (Heckman rdd,@and Smith, 1999).
Furthermore, to guarantee that a match can be found for gitjpants and non-
participants, it has to be assumed that there are treatedrdarehted individuals for
each relevank, i.e. to ensure that ass. 1 has an empirical content.

Assumption 2 Common Support Assumption:
0< Pr(D=1X)<1. (3.35)

Ass. 2 implies that there is an overlap in the distributionXobetween the treated
and the non-treated group. Furthermore, it prevént® be a perfect predictor for
treatment or non-treatment respectively. Failure to thraroon support assumption
would lead to biased estimates of the treatment impact aitat be identified for
all values ofX (Heckman, LaLonde, and Smith, 1999). In that case, matcobéamg
only be performed within the common support of treated andtneated individuals.
In consequence, the estimated ATT has then to be re-defindubfge treated falling
in the common support (Blundell, Dearden, and Sianesi, 04

Whether ass. 1 and 2 are plausible or not in economic settiagsdised some
discussion recently. The critical question is that theroging behaviour of the de-
cision makers, e.g., the individual or the caseworkersclpdes their choices be-
ing independent of the potential outcomes. Imbens (20025qmts three arguments
concerning the reliability of the assumptions. These agusmcomprise statistical,
data-descriptive, and empirical questions as well as tlearoence of selection on
unobservables. First, as the natural starting point forevauation is the compar-
ison of average outcomes for treated and non-treated thails, the quality of the

18 1t has to be noted that ass. 1 and 2 are not specific to the matching estimatapply to
all non-experimental evaluation estimators that condition on exogenwasiates.
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comparison may be enhanced by adjusting away any diffeierm&comes for dif-
ferences in exogenous attributes, where attributes argeexomis in the sense that
they are not affected by treatment. Although this may nad keethe final word on
efficacy of the treatment, its absence would seem difficulatmnalise if one se-
riously attempts to understand the evidence regardingnipadt of the treatment
(Imbens). Second, the empirical question of the evaluaks which individuals
should be compared. Therefore, economic theory on theidegisocess of treat-
ment may provide some guidance in choosing the variablésde to be adjusted
for versus those that do not need to be adjusted for. Assuffilgefd if the researcher
observes all variables that need to be adjusted for (rel@msmariates). However, if
variables that are needed to be adjusted for are not obsetvedg assumptions will
be required for the identification of the effects of interd@stird, even when agents
optimally choose their treatment, two agents with the saahgas for observed char-
acteristics may differ in their treatment choices. The urficondedness assumption
must not be invalidated in this case if the differences inctgice are driven by un-
observed factors that are themselves unrelated to theroa&of interest. This may
be the case if the objective of the potential participantadipipate is distinct from
the outcome that is of interest for the evaluator.

This third argument is in line with the discussion of Heckmhalonde, and
Smith (1999) about the validation of the outcomes. Sindedinht persons may value
the same state of the world differently even if they experéethe same ‘objective’
outcomes, this must be considered in the economic model.cd ggample is a
programme that is in part due to paternalistic or altruiptieferences. In that case,
allocation of individuals may be guided by equity concermsereas evaluation may
focus on programme efficiency. While the efficiency criterioousses on maximis-
ing the social return to a public programme investmentjtieancentrates on groups
for whom the impact is largest, the equity criterion aims raugs who are most in
‘need of services'. In chapter 6, | will analyse this aspacpiically.

Ass. 1 and 2 have been termed ‘strong ignorability’ by Roaenband Rubin
(1983b). However, if the interest is in average effects cedg. 1 is overly strong and
could be substituted by the conditional mean independématsuffices identification
of the parameters, i.e.

Assumption 3 Conditional Mean Independence Assumption:

BEY°X,D=1)=EY°|X,D=0)=EY"X) (3.36)
and
EYYX,D=1)=EY'X,D=0)=EY"X). (3.37)

However, ass. 1 and 3 allow to identify all kinds of averagatment effects, in-
cluding the ATT and the ATU. If interest is in the ATT only, thesumptions can be
weakened. Since the aim is to generate the counterfactual#éY°| X, D = 1), no
conditional independence has to be imposed betw2eamdY'.1° The conditional
independence assumption for the ATT is then given by

9 The termE(Y*| X, D = 0) would be required for the identification of the ATU.
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Assumption 4 Conditional Independence Assumption for ATT:
Y11 D|X. (3.38)

That is, conditional on a set of observable variabligsthe non-participation out-
come,Y?, is independent of the participation decisibn Since the sole parameter
of interest is the mean impact of treatment on the treatechahthe impact on the
distribution, the analogue to ass. 3 for the ATT is defined as

Assumption 5 Conditional Mean Independence Assumption for ATT:
EY%X,D=1)=EY"|X,D=0)=E(Y°X). (3.39)

Furthermore, ass. 2 is also not required because this camditarantees the possi-
bility of a participant for each non-participant as well asan-participant for each

participant. All that is required for the ATT is the non-paipant analogue for each
participant (Smith and Todd, 2005a). This is

Assumption 6 Common Support Assumption for ATT:
Pr(D=1X)<1. (3.40)

If ass. 5 and 6 hold, the ATT (eq. (3.3)) can be rewritten fertatching estimator
following Smith and Todd as
AT — B(Y—YOD =1)

=E(Y'|D=1)- Exp_1{Ey(Y°|X,D = 1)}
= E(Y'|D =1) = Ex|p=1{Ey(Y°|X,D = 0)}. (3.41)

The first term,E(Y'}|D = 1), can be estimated from the observed outcomes of the
treated individuals; the second terfiy| p—; { Ey (Y°| X, D = 0)}, can be estimated
from the observed outcomes of the (conditional on ihéor the treated) matched
non-treated®

3.3.3 Balancing Property of the Propensity Score

It is well known that matching oX’ can become hazardous whé&hnis of high di-
mension (‘curse of dimensionality’, see, e.g., Pagan atahUJ1999). To deal with
this dimensionality problem, Rosenbaum and Rubin (1988gyest to use balanc-
ing scored(X). Balancing scores are functions of the relevant covariAtesuch

20 The idea of conditioning o to eliminate selection bias may also justify linear regression.
However, two drawbacks of this method relative to matching have to bd rfeitst, match-
ing is a non-parametric method and therefore does not require aagnpaic assumption,
like the linearity implicit in linear regression. Second, matching emphasisesotmmon
support problem, whereas in analyses that estimate impacts simply fipguegressions
on X, the issue is rarely even investigated (Smith, 2000a).
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that the conditional distribution ok given b(X) is independent of assignment to
treatment, i.e. the same for the treated and the non-trgadadduals

XTI D|b(X). (3.42)

This means that for treated and non-treated individuals thiid same balancing score
the distributions of the covariate¥ are balanced across the treated and the non-
treated group. One possible balancing score is the pratyabil participating in a
programme, i.e. the propensity scoreX) = E(D = 1|X) that summarises the
information of the relevant covariate¥ into a single index function. Therefore,
all biases due to observable covariates can be removed liticoing solely on

the propensity score. The proof of Rosenbaum and Rubin )982 ondensed by
Smith and Todd (2005a) to:

E(D|Y,p(x)) = E(E(D|Y, X)[Y,p(X)), (3.43)

so that
E(D|Y,X) = E(D|X) = p(X) (3.44)

implies
E(DY, p(X)) = E(D|p(X)). (3.45)

Eq. (3.43) to (3.45) show that if the non-participation amesY° are independent
of the participation decision conditional dn, they are also independent conditional
on the propensity scorg( X ).2! Therefore it is sufficient to rewrite ass. 5 as

Assumption 7 Conditional Mean Independence Assumption for ATT usingrbgen-
sity score:

E(Y°|p(X),D =1) = E(Y°|p(X), D = 0) = E(Y°|p(X)). (3.46)
In consequence, the matching estimator based on the pitpstare is defined as

AT = B(Y' -Y%D=1)

MAT

=E(Y'|D=1) - Eyx)p=1{Ey (Y°p(X),D = 1)}
=E(Y'D=1) - Eyx)p=1{Ey (Y°p(X),D =0)}. (3.47)

The outer expectation of the second term is taken over tiedison of the propen-
sity score in the treated population. When the propensityesgdX ), is known,
the curse of dimensionality for th& can be eliminated; and solving the fundamen-
tal evaluation problem requires only to pair treated and-neated individuals who
have the samg(X) as this balances the distributionsXfacross groups.

When the propensity score is unknown, it could be estimategdmmetric,
semi-parametric or non-parametric methods. However,paametric estimation is
not preferable since the curse of dimensionality will rezgopin the estimation of

2! Thatis,Y° IT D|p(X) in analogy to ass. 4.
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the propensity score. Therefore, much of the empiricalditee uses probit or logit
models?? Smith and Todd (2005a) note that much of the recent focus apemsity
score matching methods results from the potential for rieduibie dimensionality of
the problem.

Following from the decomposition of the selection bias inotem 3.2.3 accord-
ing to Heckman, Ichimura, Smith, and Todd (1996;1998), idmees obvious that
the matching estimator (whether conditional Enor on p(X)) is able to eliminate
two of the three sources of selection bias. By forcing théregton to the region
of common support, the biaB; (eqg. (3.21)) due to outlying observations is ruled
out. Furthermore, the bias due to misweightifgy, (eq. (3.22)), is circumvented
since matching re-weights the non-participant data acegreb the distribution of
the participants’ data. Only the bids; (eq. (3.23)) cannot be controlled for with
the matching estimator. However, if one is able to obsefuwekdvant covariates, i.e.
there are no unobservable or unmeasured factors thatyjoieteérmine participation
and outcome, there should be no selection bias left.

3.3.4 Possible Matching Estimators

The literature provides a variety of alternative matchiggesnes to estimate the
treatment effects. In this section, | will introduce the exctes applied in the em-
pirical analyses in chapters 5 and 6. For a further detaileclidsion the interested
reader is referred to the overviews by Heckman, LaLonde Sanith (1999) and Im-

bens (2004). Furthermore, see Heckman, Ichimura, and Ti#8¥(1998) for some

additional estimators and their properties respectivety,, kernel matching or local
polynomial matching, and Smith and Todd (2005a).

As noted above, the idea of the matching estimator is to finceézh treated
individual ; comparable personsfrom the comparison group. LéY; denote the
number of treated individualeD = 1) and N, the number of comparison individu-
als (D = 0). Matches are constructed based on a neighbourlitipdX;)), where
p(X;) is the propensity score for individuaP® Possible matches (neighbours) to
treated persohare persong in the comparison sample whose propensity scores are
in the neighbourhood’(p(X;)), i.e. p(X;) € C(p(X;)). The persons matched to
individual ¢ are those in the set;, where4, = {j € D = 0|p(X;) € C(p(X,))}
(Smith and Todd, 2005a). With < W (i, ) < 1 defining the weight placed on the
non-treated observatighfor forming a comparison with observationthe general
form of the matching estimator for the ATT is given by

22 Rosenbaum (1986) uses a linear probability model (LPM) but statesotyiatic regres-
sion models are preferable for the well-known shortcomings of the L&3ecially the
unlikeliness of the functional form when the response variable is higleywes# as well as
predictions that are outside tf& 1] bound of probabilities.

23 Alternatively, the neighbourhood can be defineddsX;), where X; is a vector of at-
tributes for individual. Since | use propensity score matching to evaluate the effects of job
creation schemes on regular employment, | use the propensity spoeseatation for the
discussion.
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ATT 1 Nl 1 NO .. 0
AMAT = ﬁ Z Y; - Z W(Za])}/j . (348)
Lietp=1y je{D=0}

The weights always satistiAé“{D:O} W(i,j) = 1V i, i.e. the total weight of
all comparisons sums up to one for each treated individua. different matching
estimators vary in the weights attached to the members o€dhgparison group
(Heckman, Ichimura, Smith, and Todd, 1998).

Nearest-Neighbour Matching

The most popular matching scheme is the traditional pasewnatching, i.e. the
so-called single nearest-neighbour (NN) matching witheplacement. It sets the
neighbourhood as

CYY(p(X;)) = H}jinl\p(Xi) —p(X;)], forj e D=0, (3.49)

where ||(-)|| is obtained through a distance metric. Doing so, the notiefgant
with the value ofp(X) that is closest tgp(X;) is selected as the match add is a
singleton set. Therefore:

it [lp(X:) = p(X;)ll = min[[p(Xs) —p(X5)]],

) (3.50)
0 otherwise

v
Without imposing any common support condition, each neatgd observation
(D = 0) could serve as a match for at most one treated observalioa 1). Two
possible problems of NN matching without replacement shdag noted. First, if
the distributions of the propensity scores differ acrosaigs, e.g., if there are many
participants with high values @f( X;) and only a few non-participants withpg.X ;)
similar to those values, this will result in bad matches.ddelc the estimates of NN
matching without replacement depend on the ordering ofrttiwiduals. Therefore,
it has to be ensured that the ordering of the individualsrisloan before matching.

To overcome the problem of bad matches, another variant isndt¢hing with
replacement. In that case, a non-treated observation teuldsed more than once
as a match for a treated observation. However, although Nighimey with replace-
ment may reduce the bias of the estimator due to an increabe afrerage quality
of the matches, it may also imply an increased variance otttienator because
the number of distinct non-treated individuals used to tros the counterfactual
mean is reduced. Thus, there is a trade-off between biasarahee that should be
considered when choosing NN matching with replacementt{samd Todd, 2005a).

Alternatively, one can use multiple nearest neighboursotestruct the counter-
factual mean. Heren distinct non-treated individualsare matched as a comparison
to individual, i.e. the so-calledn-NN matching or oversampling. In that case, one
has to decide which weight to attach to each of the neighbdties easiest way is to
assume equal weights for the comparisons (see, e.g., Sndthagld, 2005a). Then,
each of then comparison individuals in set; receives the weight/m, i.e.
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iifj € A,

m (3.51)
0 otherwise

WG, ) = {
A drawback of this weighting scheme is that comparison iiddials are weighted
independently of the distance. Therefore, Davies and KifD42 suggest to use
triangular weights where the neighbours are ordered acwptd the distance of
the scores. Lep = 1 denote the closest neighbour gne- m the neighbour that is
farthest away, the weights are defined as

2(m—p+1) .

W?anN(,l;’j) — m(m+ 1) If ] 6 Aia
0 otherwise

(3.52)

Since more information is used by-NN matching to construct the counterfactual
mean relative to NN matching, this reduces the variancesoéitimates. However, as
m-NN matching has to deal with, on average, poorer matchesjghance reduction
is paid for by an increased bias of the estimates (Smith add,T2005a).

If the propensity scores of participants and non-partitipare far away, NN
matching faces the risk of bad matches. Therefore, CochmarRabin (1973) pro-
pose a variant to circumvent the problem, the so-calledpesimatching. The idea is
to impose a tolerance on the distance metric of the propessires between treated
and non-treated individuals, i.e.

Ip(Xi) —p(X;)ll < ej€D=0, (3.53)

wheree is a pre-specified level of tolerance that determines theirmam distance
for potential matches. Accordingly, the weights for calipnatching (CM) are

Lif [Ip(X3) — p(X5)|
WM (i, 5) = = min |[p(X;) — p(X;) [ A llp(Xs) — p(Xj)l <e,  (3.54)
0 otherwise,

and the neighbourhood is defined@& (X)) = {p(X,)| lIp(Xi) — p(X;)]| < €}.
As Smith and Todd (2005a) note, if there are treated obsensafor whom the
neighbourhood is empty, these individuals can be excluded &nalysis since cal-
liper matching is one way of imposing a common support céolitHowever, as
the calliper has to be pre-defined, a priori knowing whatrtoiee level is reasonable
may be difficult. Calliper matching can be extended for treeafsall non-treated ob-
servations within the calliper, i.e. the so-called radiwehing suggested by Dehejia
and Wahba (2002). Caliendo et al. (2006a) analyse the satysif the estimated
treatment effects to different variants of NN matching vétlarge sample of partic-
ipants and non-participants (see chapter 2.4.2 for a sugnidre results show that
the estimates are relatively insensitive to the choice @ftlyorithm.

Stratification Matching

An alternative to the NN matching discussed above is theadleet stratifica-
tion matching (SM) on the propensity score suggested by fit@aen and Rubin
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(1983b)?* In the stratified matching approach, the full sample is @ididnto M/
strata of units of approximately equal probability of treant based on the (esti-
mated) propensity scoré.Within each stratum, the average treatment effect is cal-
culated as the mean difference of treated and non-treatedroes. That is, the pro-
cedure implicitly assumes that within the strata the situnaits similar as if random
assignment holds. | will use this approach in chapter 6 tdyapavhether a higher
propensity score, i.e. a higher probability of treatmentrelates with a higher im-
pact of the programme. Following Imbens (2004), | defihg as an indicator for
unit ¢ being in stratumn, with

m—1 m
Jimzl{ % <p(Xi)SM} form=1,...,M. (3.55)

To do so, Imbens suggests to divide the unit interval ihfostrata with boundary
values equal ton/M for m = 1,..., M — 1.26 However, the distribution of the
estimated propensity score could have its maximum belowuttievalue. There-
fore, I will use the range of the distribution of the estinthpgopensity score for the
participants as the base for the division irtb strata. Stratification leaves me with
Ny observations with treatment equaldoNg,,, = > 1{D; = d, J;;» = 1} with

K3
d € {0, 1}. The within-stratum average treatment effects are given by

N N
1 1
Ay = imD;iY; — —— im(1— D;)Y;. 3.56

S ;J N ;J ( ) (3.56)

The ATT is estimated by weighting the within-stratum averagatment effects by
the number of treated units:

M S Nlrn
AT =AM N (3.57)
m=1
Thus, stratification matching can be seen as a crude formrepacametric regres-
sion where the unknown function is approximated by a steptfon with fixed jump
points (Imbens, 2003). However, although the implemeoatif the approach is
fairly simple, determining the number of strata to be used e difficult in the
empirical analysis. The example of Cochran (1968) with glsicovariate and as-
suming normality has shown that five strata could be enougbrtmve 95 percent
of the bias. Imbens (2004) notes that all bias is associaitthe propensity score
under the conditional independence assumption and threrafader normality the
use of five strata should remove most of the bias associatbdhllicovariates. Five
strata have also been proposed by Rosenbaum and Rubin {1983a

24 gtratification matching is also termed interval matching, blocking or sulifitas®on
(Rosenbaum and Rubin, 1983b).

25 With an sufficiently largeM, stratification matching is close to the weighting estimator.
See Imbens (2004) for further details.

26 By doing so, the boundaries of the strata are strictly greater than 0 anw belo
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Hence, the use of five strata provides a good starting pointh@fempirical
analysis. What has to be checked is if the covariates withit s&ratum are bal-
anced across groups. If the true propensity score per stigtconstant, the distribu-
tion of the covariates among treated and non-treated ihaals should be identical
(Imbens, 2004). The adequacy of the statistical model cartnbeked by comparing
the covariate distributions among treated and non-treatbdduals within strata. If
the distributions of the covariates are unbalanced amoogpgrwithin strata, there
are two ways to solve the problem. First, assuming thatsstnat too large they have
to be split. For example, Aakvik (2001) chooses ad hoc twsllegroups in his ap-
plication. Second, one can generalise the propensity sbobens (2004) suggests
an informal algorithm to be used: if within a stratum the pogity score itself is un-
balanced, the number of strata has to be increased. If, tommali on the propensity
score being balanced, the covariates are unbalanced,dpermity score model has
to be re-considered as it is not adequate to balance theiatvdistributions among
treated and non-treated individuals within strata. Dehajid Wahba (1999) propose
adding higher order or interaction terms to re-specify ttggpnsity score.

3.4 Evaluation Approach — Extension to the Dynamic Setting

3.4.1 Consideration of the Timing of Treatment

Up to now, | have discussed the evaluation approach for #te dtinary treatment
case, i.e. treatment is exposed once and at one specificgfdinte only. In that
case, those individuals who take the treatment are defingbeaparticipants; all
others are non-participants. Simplifying the evaluatieobtem that way may be
reasonable for social experiments. In contrast, for magtlee ALMP programmes
this approach may concur rather poorly (cf. FredrikssonJatdhnsson, 2004). As |
have described in chapter 2, there is a comprehensive sp$tabMP programmes
in Germany. This system is characterised by a wide arrayffgfrdint ongoing pro-
grammes which take place continuously over time and are tipg-seekers who
meet the differing eligibility criteria. For that reasonpjseekers can participate in
a programme at different points of time in the unemploymemtls Furthermore,
for some programmes, such as the job creation schemes, loyengmt is in gen-
eral a pre-condition for participation. Therefore, thetitg point of the programme
within the individual unemployment spell may be an impottdeterminant for the
type of programme an individual is assigned to as well asHerselectivity of the
participating individuals. Moreover, the calendar timetioé treatment also affects
the assignment process because of changing budget catsstréthin the calendar
year or changes in the focus of the policy interventions foora year to another (cf.
Speckesser, 2004).

Thus, considering the timing of events is important wheruating the effects
of ALMP programmes. This importance has been recently teftem the empiri-
cal literature. For example, the timing of events methoggpliies at the heart of the
contemporary evaluation literature using duration madgbéring and van den Berg
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(2003) have shown that the timing of the programme convegiilimformation that
allows a non-parametric identification of the treatmené&ffwithin a multivariate
mixed proportional hazards (MMPH) modélExplicit consideration of the timing
of treatment has become more important in studies utilifiegmethod of match-
ing to evaluate ALMP programmes as well. In Sianesi’s swidie the efficiency
of Swedish ALMP (see Sianesi, 2002; 2003; 2004) it is emslegisthat within the
Swedish system (similar to the German system) an unemplpgesbn will join a
programme at some time, provided the individual remainsnpieyed long enough.
Consequently, the reason why an unemployed individual ihserved to partici-
pate in a programme is that the person has found a job befthatthe time horizon
of the analysis is too short. Hence, this has serious imjmics for the choice of the
comparison group and the econometric evaluation estimkitone chooses those
individuals as the comparison group who have been obserst to participate in
the data, there is an implicit conditioning on future outesmvhich may invalidate
the conditional independence assumption. The conditipaimfuture outcomes may
furthermore bias the estimates. To give an example: If dividuals who have never
been on a programme within the observation window and fomwhdransition into
employment is observed are selected as the comparison,dh@upue treatment ef-
fects may be underestimated because one can assume tigmbtipscontains a large
number of individuals who were never intended to be treagedibse they have a per
se higher probability to become regularly employed.

For that reason, participation and non-participation lvabe defined dynami-
cally, i.e. with respect to the point of time the comparishowdd be made. Accord-
ing to Sianesi (2004), | define persons who have neither esht@iprogramme nor
left unemployment up to a specific point in time as non-pgdicts of interest or
‘waiters’ (in the sense that they are waiting to be allocdted programme). Thus,
non-participation can be interpreted as the default statedch individual, and ev-
erybody is a non-participant until entering a programmeeaving for employment.
In this context it should be noted that the state to which gogne participants are
compared to is in fact none of being completely left on on@/a to look for a regu-
lar job. It is rather the state of the baseline services piexvby the LEA since being
registered as a job-seeker gives access to the various yamgrhb services offered by
the offices, e.g., counselling etc. (see Sianesi, 2002jh&umore, individuals who
are defined as non-participants in the moment | start my casgpamay enter a
programme at a later point of time.

2T There is a growing literature applying this method to evaluate the effects bffApro-

grammes. For example, Hujer, Thomsen, and Zeiss (2006b) appMRHVMModel to esti-
mate the effects of vocational training programmes in Eastern GerrHaigr, Thomsen,
and Zeiss (2006a) analyse the effects of short-term training measarée duration of
unemployment in West Germany. Similar approaches have been appleedumber of
studies for other countries, like Lalive, van Ours, and Zwidier (2002) for Switzerland,
Richardson and van den Berg (2001) for Sweden, Bonnal, FougiedeSerandon (1997)
for France, and van Ours (2001) for Slovakia. The interested réadéso referred to the
comprehensive survey on the methodology by van den Berg (2001).
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The approach has also been used in the study by Steiger (20@ef) evaluates
the effects of different ALMP programmes in Switzerlande8gesser (2004) and
Fitzenberger and Speckesser (2005) apply a matching apiptioat takes the timing
of the programme into account to evaluate the effects of grarome callegbrovi-
sion of specific professional skills and technigire&ermany. A similar definition
of non-participation is used by Brodaty, &ron, and Fougere (2001) who focus on
the effects of youth employment programmes in France. lk&brn and Johansson
(2004) try to formalise this idea and to connect the matchjmgroach to the concept
of duration models.

In contrast, several studies only use individuals who haseen participated
within the observation window as the comparison group, f@meple, Gerfin and
Lechner (2002) or Lechner et al. (2005a; 2005b). To overcibragroblem of com-
paring participating individuals to non-participants wivere never intended to be
treated, they apply an approach suggested by Lechner (1i€89)n this approach,
each comparison individual is assigned a random startitg b drawing from
the discrete distribution of the estimated starting dafdbe participants. All non-
participants who are already employed at the time of the tgi@al starting date are
excluded from the analysis. However, this approach addiiaal noise to the data
and does not take the timing of events seriously (Fitzerdvemyd Speckesser, 2005).
Moreover, since the observation window is generally liohitee observable distri-
bution of the starting dates will be truncated. Thus, impgghe starting date dis-
tribution to the non-participants by random drawing may taeséd (Fredriksson and
Johansson, 2004). For these reasons, the approach is siliidcfar this empirical
analysis.

3.4.2 Evaluation Approach in the Dynamic Setting

To formalise the evaluation approach in the dynamic settingwhen the timing of
treatment is considered explicitly, | will introduce sonueldgional notation. Let/ =
{0,...,Unax  define the discrete elapsed unemployment duration of theidzl
since registration at the LEA. Furthermore, letdenote the point of time in the
unemployment spell where the programme of interest stads/, the treatment
indicator with the discrete time indeX2, = 1 if the individual starts a programme
at timew of the unemployment spell),, = 0 if the individual remains unemployed
atu. Programme effects are estimated for titngith ¢ > «, i.e. the time after the
programme has started. The hypothetical outcomes for tigieen a treatment at
time v are then defined ag', for individuals who received the treatmentiaaind
Y2, for individuals, who have not received the treatment attlapgo timeu.

The parameter of interest for eachis the average effect in for individuals
starting a programme in th&" month of their unemployment spell of joining the
programme at. compared to not joining at, i.e. waiting longer in open unemploy-
ment. This is (in analogy to eq. (3.3)):
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AtA,ZT = E(th}u - Yrtou|Du = 17D1 = "'Dufl = 0)
= E(Y},|IDy =1,Dy =-+-Dy_1 =0)
—BE(Y,|Dy=1,Dy =---Dy,_1 =0). (3.58)

Alike in the static approach, the first term is identified i thata by the observed
outcome of the participants. For the second expectatioretméntified, | can in-
voke an adjusted version of the conditional independensenagtion. That is, the
hypothetical outcome at timeafter not participating up to time is independent of

a programme participation at time conditional on a set of observed characteris-
tics X, or the propensity scorg(X,,) measured at time. By use of the propensity
score, this dynamic version of the conditional independeassumption is defined
as:

Assumption 8 Dynamic Conditional Independence Assumption for ATT:

Y2 11 Dy|p(Xy), D1 =+ = Dy_1 = 0. (3.59)

U

Since the parameter of interest is the average effect oihya is required for the
ATT in the dynamic setting is the weaker version of this agstion, namely the:

Assumption 9 Dynamic Conditional Mean Independence Assumption for ATT:

E(}/t(,)u‘p(X’U«)’Du = 17D1 =---=Dy_ 1= 0)
= B(Y ,Ip(Xy), Dy =+ =D, = 0). (3.60)

Ass. 9 states that treated and non-treated individuals argarable in their non-
treatment outcomes at timeonditional orp(X,, ), conditional on being unemployed
up to timeu — 1, and conditional on not receiving treatment beford this assump-
tion holds, the parameter of interest could be estimatedtygmsity score matching
in the following way:

A?,Z(TMAT) = E(Y—t}u|p(Xu)aDu =1,D1=-=Dy1 = 0)
—Ep(x,)|Du=1,D1==Du-1=0 { By (Y u[P(Xu), D1 = -+ = Dy, = 0)} .
(3.61)

In analogy to the ATT in the static setting, the second terpraximates the partic-
ipants outcome in of joining a programme im by the outcome of the comparable
non-participants iru. This approach has been also suggested by Li, Propert, and
Rosenbaum (2001) as the so-called optimal balanced risknatthing. The term
risk set matching is used since the definition of the comparisdividuals is similar

to the risk set that arises in the partial likelihood asgecdiavith Cox’s proportional
hazards model (see Cox, 1972, 1975). However, in contrdbetpartial likelihood
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that compares an individual who experiences an event at:itoeall other individ-
uals at risk of the event at timg matching pairs a treated person at timwith a
similar untreated person at time but at risk of treatment at time.?®

Considering the timing of treatment has also an implicatowrihe interpretation
of the ATT. Whereas the ATT in the static setting was definethasglifference of the
average outcomes of the treated and the hypothetical aver#gome had they not
been treated, the adjusted version is defined as the ATT tiamali that the unem-
ployment spell has lasted at least until the start of the @yiapn. This parameter is
of interest in a situation where caseworkers and indivislnaet at regular intervals,
e.g., on a monthly basis, and decide on each meeting whetlséart a treatment in
the next interval or whether to postpone it to the future ri8s&, 2004). Therefore,
by interpreting the results one has to bear in mind that tlseh comparison group
does not reflect a no-programme state, but rather possilstppoed participation.
In addition, Sianesi suggests to estimate a combined dffeet synthetic overview
of the effectiveness of the programme. This estimator istine of the ATT for the
differentw, weighted according to the observed placement distribwdfdahe treated
at eachu. However, whereas the effects for the singlean be interpreted as causal,
the overall effect (or ‘composite effect’, see Steiger,£20€annot be interpreted this
way?®

A last aspect to be noted in this section is that individuaés reot allowed to
anticipate future treatments as well as future labour ntarkcomes. Anticipatory
effects of a treatment are present if, for example, thosgiohehls who are informed
about a future ALMP programme reduce their search activitgrder to wait for the
treatment. Anticipatory effects of future employment mayuwr if the individuals
know that the former employer is going to call them back. bt ttase, the person is
likely to have no or less incentives to participate in a pamgme at any given month
in unemployment (Sianesi, 2004). However, as noted by Algheind van den Berg
(2003), the exclusion of anticipatory effects does not ¢ that the individuals
know and act on the determinants of the assignment to tredtondabour market
outcomes, i.e. individuals are allowed to adjust theirmoptibehaviour to the deter-
minants of the treatment process, but not to the realisatbithe treatment. This is
not a problem for the analysis as long as treated and notettéadividuals antici-
pate the chances of these events conditional 6, ) and the elapsed unemployment
duration inu in the same way (Fitzenberger and Speckesser, 2005).

3.5 Some Aspects of Implementation

In this section, | will briefly discuss some aspects of thelamgentation of the es-
timators for the empirical analyses. In particular, | witinsider the choice of the

28 Matching or sampling from a risk set for the time up to an outcome everidersdiscussed
already by Prentice and Breslow (1978), Oakes (1981), and Préh€86), but not for the
time up to treatment (see Li et al., 2001).

2% See also the discussion in Fredriksson and Johansson (2004).
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propensity score model and the selection of variables totladed, possible ways
to check the common support assumption, the choice of theuatie matching algo-
rithm, the estimation of the standard errors and some furtie¢hodological issues
dealing, e.g., with the time when to compare treated andtreaied individuals or
the possible occurrence of locking-in effects.

3.5.1 Estimation of the Propensity Score

The key choices to be made for the estimation of the propessire refer to the
econometric model and the selection of variables to be detliin the model. These
choices are to some extent independent of applying proyessdre matching in
the static or the dynamic setting. | have mentioned abovetiigapropensity score
could be estimated in a non-, semi- or parametric way. As @yealspect of using
the propensity score is to prevent the curse of dimensignalieference should be
given to semi-parametric or parametric approaches. Timygjiacrete choice model,
like the logit or probit models, could be used. Unfortungtéie literature provides
little advice concerning which functional form to u¥dn the binary treatment case,
both models yield similar results and the choice is not taticet, even though the
logit distribution has more density mass in its boufs.

The selection of the variables to be included in the modelishbe adjusted to
the main purpose, namely to achieve the conditional indégrece assumption. That
is, all variables have to be considered that jointly inflieetie participation decision
and the outcome variabf.Omitting important variables may result in a seriously
increased bias of the estimates (Heckman, Ichimura, and, T&d®7). The set-up of
the model should be guided by economic theory, knowledgeafipus empirical
studies as well as of the institutional setting of the pragree of interest (Smith and
Todd, 2005a). Moreover, no variables that are affecteddmntiinent themselves, like
intermediate outcomes, should be included in the modelmpks way to ensure this
is to use variables that are fixed over time or that are med$figfre the treatment.
However, for the latter case it has to be ensured that thahlag have not been
influenced by anticipation of the treatment.

A further aspect to be regarded in this context is the rditglnf the data. As
Heckman, Ichimura, Smith, and Todd (1998) point out, dat¢éhertreated and non-
treated individuals should originate from the same soureehoth groups should be

30 See, for example, the discussion in Smith (1997).

31 For the multiple treatment case, the choice of the model becomes moreamp&or ex-
ample, whereas the multinomial logit model requires strong assumpiimespéndence
of irrelevant alternatives), the more flexible multinomial probit is comiponally burden-
some. See the discussion in Lechner (2001).

32 Some variables have reached a notable importance in the applied liteFaturethe accu-
mulated evidence of the evaluation of labour market policy programimgsyrticular the
labour market history of the individual (see, e.g., Heckman, Ichégrand Todd, 1997) and
the regional labour market environment (see, e.g., Heckmamigch, Smith, and Todd,
1998) are especially important. Furthermore, economic theory stsggesontrol for qual-
ification level and work tenure as proxies for the reservation wage.
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administered the same questionnaire. The value of richrdothnative data is essen-
tial for credibly justifying the conditional independenggsumption (Smith, 2000a).
But, there must also be some randomness in the data thatnteesahat persons
with identical variables can be observed both in the treatrard the non-treatment
state (Heckman, Ichimura, and Todd, 1998). If there woulmhfogmation in the data
that perfectly predicts treatment or non-treatment resbpdy, the common support
assumption will not hold. Consequently, matching brakegrdif there is too much
information and other methods must be used to evaluate ttgrgmme, e.g., the
regression discontinuity design estimator (Heckman, lraleg and Smith, 1999).

In cases of uncertainty of the proper specification, a paigticconcern may be
about including too many than rather too few variables. Tingigcal literature is
ambiguous about this point. On the one hand, inclusion akagbus variables in
the participation model may exacerbate the support prabderd although the in-
clusion of insignificant variables will not bias the estiemtit may increase the vari-
ance (see Bryson, Dorsett, and Purdon, 2002, and AugurzaiySahmidt, 2000).
On the other hand, Rubin and Thomas (1996), for example,estigg include the
relevant variables in the propensity score estimation hatd variable should only
be excluded from analysis if there is consensus that thablaris either unrelated
to the outcome or not a proper covariate. By these critdr@getare both reasons for
and against including all covariates available. Furtheemthere are some statistical
tests suggested in the empirical literature that can be tessdlect the variables.
With the ‘hit or miss’ method or prediction rate metric (segted by Heckman,
Ichimura, Smith, and Todd, 1998 and Heckman and Smith, 1988ables are cho-
sen to maximise the correct within-sample prediction radesuming that the costs
of misclassification are equal for the two groups (Heckmahinhura, and Todd,
1997). An observation is valued as ‘1’ if the estimated prgity score is larger than
the sample proportion of persons taking treatmentp{&.) > p, and else as ‘0’. An
alternative approach is based on the statistical signifiearfi the variables. Starting
with a parsimonious specification of the model, variablesitaratively added and
will be kept if they are statistically significant at conviemial levels. This approach
may also be combined with the *hit or miss’ method. In thaecasriables are kept
if they are statistically significant and increase the p#aln rates by a substantial
amount (Heckman, Ichimura, Smith, and Todd). However, tie¢hods are based
on goodness-of-fit considerations rather than on theoryideace about the set of
variables related to the participation decision and ouen(Black and Smith, 2004).

In addition, some variables may be assumed to play a spélificgoortant role
in determining participation and outcome (Bryson et alQ2)0 Accordingly, these
variables should gain a greater emphasis in the analysis.cblld be achieved by
matching exactly on these variables in addition to the pmejpe score. In that case,
the propensity score is used as a ‘partial’ balancing scdrietwis complemented
by the additional variable¥ Alternatively, one can stratify the sample along the

33 See, e.g., the study of Lechner (2002) who analyses the effectsMPAprogrammes in
Switzerland and complements the propensity score by sex, duratiorofployment and
native language in the matching procedure.
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variable that should be emphasised and estimate the eféecab-populations. To
give an example, if one assumes treatment effects to beogeteezous by gender it
is reasonable to estimate the effects for men and womenaepaBy doing so, one
has to implement the complete matching procedure for eamlpdf

For the matching approach in the dynamic setting, the labwrket history and
the unemployment history of the individual in particulae assumed to be the most
important explanations for the assignment to treatmemhil&i to the considera-
tions on matching on sub-populations, the sample is stdtdlong the unemploy-
ment duration intd/,,,, discrete intervals, e.g., months. The propensity scoms ar
estimated by a series @f,,, binary probit or logit models, each one modelling
the probability of joining a programme at time conditional on being unemployed
up tou — 1, conditional onX,, and on not having received a treatment up to time
u € {0,...,Unax}. Sianesi (2004) notes that this resembles a discrete heat@rd
model with all estimated parameters allowed to be duratfeci§ic. It should be
noted that: defines the unemployment duration until treatment. Theeetbe strat-
ification may be applied to individuals who have the sametithuraf unemployment
relative to the following treatment or non-treatment. Mworer, is is also possible to
stratify the sample both on the specific unemployment dumatid the calendar time
to incorporate calendar time effects. However, in pradticewill lead to very small
samples (see, e.g., Speckesser, 2004, and Fitzenberg8peaokksser, 2005).

3.5.2 Checking the Common Support Assumption

As the ATT is only identified for the region of common suppair,important issue
of the implementation is to check the overlap between toeate non-treated indi-
viduals. A simple way to detect lack of overlap is to plot dimitions of covariates
in both groups. However, as this becomes difficult in higmelhsional cases, a more
useful method is to inspect the distribution of the propgnscore for the treated
and non-treated group. Problems arise when the distrifiiio both groups do not
overlap. To ensure that any combination of variables oleskirvthe treatment group
can also be observed in the comparison group, one has to égosmmon sup-
port condition. A simple solution is the so-called ‘minimadamaxima comparison’
that | will use for the empirical analysé®.The basic criterion of this approach is
to delete all treated observations whose propensity ssasmaller than the small-
est minimum or larger than the largest maximum in the noatée group. Treated
individuals who fall outside the common support region hiavbe disregarded. For
those individuals the treatment effect cannot be estimaiedce, the ‘minima and
maxima comparison’ is a simple way to ensure that for eacticfjzant a close non-
participant can be found. It should be noted that, when nlipealis imposed, the
common support condition is less important for NN-matchiman, e.g., for kernel

34 This approach has been used, e.g., by Heckman, Ichimura, ald{T897) and Heckman,
Ichimura, Smith, and Todd (1998).

35 Alternatively, Heckman, Ichimura, and Todd (1998) and Smith andi{8005a) suggest
to use a ‘trimming’ procedure.
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matching. Whereas with NN-matching only the closest neighisused to estimate
the counterfactual outcome, with kernel matching all n@atied observations are
used. In addition, imposing a calliper reduces the commppat problem for NN-
and kernel-matching as well.

If the proportion of individuals lost due to the common sugppe small, this
poses few problems for the analysis (Bryson et al., 2002ever, if there are
many individuals lost, there may be concerns whether thmatad effects on the
remaining individuals can be viewed as representativeuth gase, it is reasonable
to analyse the characteristics of the discarded indivilaglithese may provide some
important information to be considered when interpretmgtreatment effects.

3.5.3 Choice of the Adequate Matching Algorithm

The choice of the adequate matching algorithm dependdyamgahe available data
structure. As discussed above, the matching estimatorsasbrihe outcome of a
treated individual with the outcome of comparable indietiu However, the estima-
tors differ not only in the definition of the neighbourhod &ach treated individual
and the handling of the common support problem, but alsoneihect to the weight
given to the neighbours. These differences will be pariidylimportant in small
samples (see Heckman, Ichimura, and Todd, 1997) since thieecbf the match-
ing algorithm usually involves a trade-off between matghiuality and variance.
It should be noted that all approaches asymptotically yieédsame results because
with growing sample size all of them become closer to conmgeoinly exact matches
(Smith, 2000a).

The first decision to be made refers to the number of comparrsdividuals to
match with each treated individual. On the one hand, singlenditching uses the
participant and its closest neighbour only. Although it imiises the bias, it may
involve an efficiency loss if a large number of close neighbas disregarded. As
noted above, NN matching faces the risk of bad matches ifidsest neighbours are
far away and if the ordering of the individuals is not randdtne first problem could
be circumvented by imposing an additional calliper, théetaby randomising the
order of the individuals in the sampte On the other hand, kernel-based matching
uses all non-participants within the common support rega match for the partic-
ipants. Hence, it reduces the variance but possibly inesetiee bias. Finally, using
the same non-treated individual more than once may possilgsove the matching
quality, but increases the bias.

As will be seen below, the number of non-participants is rtyekarger than
the number of participants in the data used for the empigoalyses. In addition,
Caliendo et al. (2006a) have analysed the properties @frdift matching algorithms
applied to the dat&’ The results show that the estimates are not sensitive tdthe a
gorithm choice and that the improvement which comes fronmsarapling methods

36 It has to be noted that effects estimated by NN-matching depend on therder the
matches are drawn and therefore, the variance may not be reduzey ¢ase.
37 The data used in the analysis in chapter 6 is the same as in Caliendo et 82)(200
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in terms of reduced variance is only marginal. Thus, theaof the matching algo-
rithm seems not to be too critical for the empirical analyBiw this reason, using a
NN matching algorithm seems to be feasible for the furthahesis. Furthermore, as
| have a very large number of non-participants (see chapténelprobability of find-
ing good matches without replacement is quite high. To auoitecessary inflation
of the variance, matching is accomplished without replaa@mni=inally, to ensure a
good matching quality, an additional maximum calliper dfDis implemented.

3.5.4 Estimation of the Variance

A further aspect of implementation is concerned with testime statistical signifi-
cance of the estimated treatment effects, i.e. computimgtédndard errors. Unfortu-
nately, there is no closed-form solution for estimating\thgance of the treatment
effects. This would require to include the variance of theapeetrically estimated
treatment effect, the imputation of the common support dsaggossibly the order
in which treated individuals are matched in the formula. & énly approxima-
tions are suggested in the empirical literature as thegaa&sdn steps add variation
beyond the normal sampling variation (see the discussiorimbens, 2004, and
Heckman, Ichimura, and Todd, 1998).

Hence, the most common approach used to estimate standairsl @rthe treat-
ment effects is to use bootstrapping, see, e.g., Sianeddj2Fitzenberger and
Speckesser (2005) and Caliendo et al. (2006a). As boopétigyields under mild
regularity conditions an approximation to the distribatiof an estimator that is at
least as accurate as the approximation obtained from fidgr@symptotic theory
(see Horowitz, 2001), it is a popular way to estimate stath@arors in case ana-
Iytical estimates are unavailable or biased. The idea ofdb@pping is resampling
one’s data to treat the data as if they were the populatiothi@purpose of eval-
uating the distribution of interest. Thus, each bootstregwdhas to repeat the full
estimation sequence of the treatment effects includingghemetric) estimation of
the propensity score imposing the common support condésowell as the match-
ing. The resampling is repeatedimes which leads ta bootstrapped samples and
n estimated treatment effects. The distribution of thesattnent effects approxi-
mates the sampling distribution and thus the standard efribre population mean.
However, since bootstrapping the standard errors is a iresr¢onsuming activity,
it may be infeasible in some cases, e.g., in case of evatptimeffects of multiple
treatments, if the propensity scores are estimated by anomital probit.

Although bootstrapping has been commonly used in empigsicalyses applying
nearest neighbour matching, Abadie and Imbens (2006b) shatwstandard boot-
strapping may lead to invalid confidence intervals that cavehover-coverage as
well as under-coverage. In addition, Abadie and Imbensgappropose analytical
estimators of the asymptotic variance of matching estinsatmt are (together with
sub-sampling) the only available methods of inference #natformally justified.
Nevertheless, both approaches are even more computabiartEEnsome than boot-
strapping and do not consider propensity scores that airaagst! parametrically.
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Hence, standard bootstrapping may be inexact, but is kbterdoing nothing to
take account of the variance component due to estimatidmegbtopensity scores.

Alternatively, Lechner (2001) suggests to calculate thadrd errors of the es-
timator in eq. (3.48) as the square root of the following aace:

— 1 — 1 —
Var (A377,) = v, Varie(p=1 (V1) + N2 > (W) Varjerpogy (Y),
je{D=0}

(3.62)
where N; is the number of treated individuals. To take account of tiwdased
variance through matching with replacemeunt, denotes the number of times in-
dividual ; has been used as a match. However, for matching withoutamplent,
the variance formula in eq. (3.62) coincides with the ‘usuatiance formula. This
approximation assumes weights and probabilities to be fixelthe observations to
be independent (Lechner, 2001). Furthermore, it is assuhatdhe variances of the
observable outcome variables do not depend on the valude dfalancing scores
and are the same within the particular state, i.e. treatarethinon-treatment. Lech-
ner (2002) justifies this approximation by comparison witlotstrapped variances.
The results show only little differences between both.

The variance approximation of Lechner (2001) has been dgtefor the use in
the dynamic setting by Steiger (2004). The variance for ihgls time effects is:

— 1 —
Var (AATT ) Varicrp, =1} (Yi,u)

tuvary ) Ny

1 _—
TNz Z (w})® - Varje(p, =0} (Yeu) (3.63)
Lu jerp,=0}

Here, N, ,, denotes the number of individuals who receive treatmentantin of
their unemployment spell. Accordingly is the number of times individugl has
been used as a matchuat

3.5.5 Matching Quality

When applying propensity score matching instead of matchimgovariates, one
necessary step is to check whether the matching procedagdsto balance the
distribution of the covariates between the treated and tretreated group. The
empirical literature provides a set of tests for this pugpdfowever, Smith and Todd
(2005b) note that one limitation of the multiple versionstiod different balancing
tests is that little is known about the statistical progertof each one and of how they
compare to one another given particular types of data.

A first suitable indicator is suggested by Rosenbaum andrR{il885) and re-
lies on the examination of standardised differensslif). This approach has been
commonly used in the recent empirical literature, see, egghner (1999; 2000),
Sianesi (2004) or Hujer, Caliendo, and Thomsen (2004)ofitlg Smith and Todd
(2005b), in the general form it is defined ¥s:

38 The version of Rosenbaum and Rubin (1985) is a bit simpler:
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% T [nee £ oweax,
i< (=1} seip=0} . (3.64)

st_dif(Xx) =100 -
\/Varie{D_l}(X;“-) + Var; ¢ p—oy (Xk;)
2

For each covariat&y,, thest dif is the difference of the sample means in the treated
and the matched comparison group, divided by the squarefdlé average of the
variances ofX;, in the unweighted treatment and non-treatment group. Threre
it considers the size of the differences in means of a canditg variable between
the treated and matched comparison groups, scaled by theesauot of the average
variances in the original samples (Smith and Todd). In theigoal analysis, the
st.dif should be computed for all of the variables included in thappnsity score
estimation. A common practice in the empirical literatuisda estimate the mean
(see Hujer, Caliendo, and Thomsen) or median (see Siarfabig st dif of all sin-
gle variables to abbreviate the documentation. One pespifoblem with thest dif
approach is that there is no clear indication for the sucoé$ise matching proce-
dure, i.e. what level of thet dif is acceptable. For example, Rosenbaum and Rubin
(1985) suggest that a value of 20 is large. However, for nrogiical studies st dif
below 3 to 5 percent could be seen as sufficient (Caliendo apetiig, 2006). In
addition, a further disadvantage of thedif is that the level could be reduced by
adding additional observations to the comparison grouprg &s these additional
observations increase the second variance term in the deaton(Smith and Todd).

Alternatively, Rosenbaum and Rubin (1985) suggest to useasamplet-test
to check if there are significant differences in covariatansebetween the treated
and non-treated group. This approach has been appliedbg.§peckesser (2004)
and Fitzenberger and Speckesser (2005). It is based onghéhidt before matching
there should be differences in both groups and if the coweiare balanced after
matching there should be no significant differences lefe fFhtatistic is calculated
as the ratio of the differences between the two means of thariede in the treated
and comparison group in the numerator to the square rooedfitm of the variances
of the sample means.

In addition, Sianesi (2004) suggests to repeat the profyessore estimation
on the matched sample, i.e. on treated and matched companidividuals, and
to compare the coefficients of determination before and aftgching. One possi-
ble coefficient is the pseudh? that assesses how well the variabfésxplain the
participation probability. Successful matching shoulfuatiaway all systematic dif-
ferences with respect to the observable covariates. Tdresedfter matching there
should be no systematic differences in the distributiorhefd¢ovariates between the
treated and the non-treated group. For that reason, thelpgeushould be fairly
low. Alternatively, aF-test on the joint significance of the regressors could be per

st_dif =100 - (X1 — Xoar)/[(Vary + Varg)/2]"/?,

whereX; and Xy, are the sample means in the treated and matched comparison group,
andVar; andVar, are the sample variances in the treated group and the comparison reser-
voir.
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formed. The results of the test should indicate a joint digance of the regressors
before, but no significance after matching.

3.5.6 Further Methodological Issues

Besides the discussed issues regarding the implementditioa matching estimator,
there are some further methodological questions that dhoeilanswered for the
empirical analyses. These questions comprise the defirafithe relevant treatment,
the time when to compare the programme effects, and how tondiethe possible
occurrence of locking-in effects.

For the empirical analyses, | will consider the first papation in a job cre-
ation scheme in the unemployment spell only. Any later pgudition is viewed as
an outcome of this first treatment. In contrast, if one wantartalyse the sequence
of treatments, i.e. a series of programmes an unemployéddndl participates in,
a dynamic causal model has to be defifitHowever, this study concentrates on the
first programme only and does not consider possible ‘programareers’ explicitly.

A further decision, which has to be made, relates to the pafitime when the
comparison of treated and non-treated individuals stagtsshow to deal with the
duration of the programmes. The predominant approach iriigrical literature
is to start the comparison at the beginning of the program(sess e.g., Gerfin and
Lechner, 2002, Hujer, Caliendo, and Thomsen, 2004, or Sia@@804). Whereas a
possible occurrence of locking-in effects may be probléerfat this approach, there
are three main reasons that guide this decision. Firste indmportant task for the
evaluation is to ensure that persons are compared in the isalin&lual lifecycle
position and in the same economic environment, comparimgops after the end
of the treatment may impose a comparison of persons in védigreint situations.
This problem is even aggravated if the exits of the partitipdrom programmes
are spread over a longer time period. Thus, starting the adsgn at the begin of
the programmes circumvents this problem. The second reasoravoid the endo-
geneity problem of the programme exits (Gerfin and Lechidggramme abortion
could be caused by several factors that are, in general,sengdble to the analyst.
Hence, it could not be identified whether the reasons depertie@programme or
notA° The third argument for the decision to measure the effeots the start of the
programmes onward relates to the policy-relevant questianshould be answered.
In chapter 5, | analyse whether an eligible person shoulddxzed in a job creation
scheme after a given number of months spent in open unemplatyon not in order

39 An approach that considers the possible influence of preceding tnetstorethe selection
into further treatments and the resulting impacts based on the matching esisrsig-
gested by Lechner and Miquel (2002). Lechner (2004) propasestimation procedure
and provides an application to Swiss data.

49 As mentioned in the discussion of the institutional set-up of job creation sshenGer-
many (section 2.3.2), participants are required to continue the job¥seduile in the pro-
gramme. Furthermore, the caseworkers in the LEA should cancehéngiprogramme if
the participant could be placed into regular employment. Thus, participeattill at the
labour market disposal during the programmes.
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to improve the individual’'s chances for regular employm@tiie analysis in chapter
6 uses a slightly different version and asks if an indivicsleduld join a job creation
scheme in February 2000 or not (conditional that he or sheumamployed up to
that month)*

A drawback of comparing the effects from the beginning of phegrammes is
that possible locking-in effects cannot be disentanglethfthe employment effects
of the programme for the participants. Participants, wliiithe programmes, have
to be assumed to have a reduced search intensity for a newojopased to the
non-participants. Following van Ours (2004), the net eftd@ programme consists
of two opposite effects. First, the (hopefully) increaseth®oyment probability of
the participants caused by the programme and second, theeggob-search in-
tensity. When interpreting the results it should be considehat both effects are
constituent parts of the treatment effect. Due to the redidiche job-search activ-
ity, one should expect an initial negative effect from angdkbf participation in a
programme. However, after the end of the programmes, threased employment
probability due to the programmes should overcompensatéhéinitial fall in a
successful programme.

3.6 Summary

In this chapter, | have discussed the necessary methodaldgsues for the eval-
uation of the effects of job creation schemes in Germany. staging point was a
review of thepotential outcome approado point out the fundamental problem of
any microeconomic evaluation. As the individual causaafof treatment is defined
as the difference of the value of the participant’s outcont@é current situation and
the value of the outcome in a situation where the participastnot taken the treat-
ment, this causal effect is not directly observable in tha da one state of the world
at one point of time for each individual is unobservable. Pphepose of microeco-
nometric evaluation is to solve this evaluation problem pgcifying an adequate
comparison group of non-participants to approximate thenterfactual outcome of
the participants. In contrast to social experiments, wiieeeaandom assignment of
individuals to the treatment and the non-treatment growulshcircumvent differ-
ences between both groups other than the treatment, witexgerimental data the
problem of selection bias has to be considered. Selectamdiicurs if treated and
non-treated individuals would have different non-treaitritcomes even in the ab-
sence of the programme. In that case, the non-participantsbmes provide a poor
approximation of the non-treatment outcomes for the pgagits, and the estimated
treatment effects would be biased. | have briefly discudseg ttcommonly used sim-
ple evaluation approaches that are based on strong assusaisolve the selection
bias.

A more feasible approach is to use the matching estimatear.ufiderlying idea
is to resemble an experimental control group by conditigmin some set of relevant

41 See chapter 4 for a description of the data sets used in the empiricalemalys
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observable covariates to adjust away all differences atwreated and non-treated
individuals. The major advantage of the matching estimetdhat the evaluation
problem could be solved without imposing arbitrary parametssumptions. Fur-
thermore, due to its generality, it is highly flexible and nteycombined with other
methods. However, as matching can become infeasible ifuh#er of relevant co-
variates is large, a popular choice uses the probabilityadigpation to perform the
matching (propensity score matching).

Recently, considering the timing of treatment in the eviiduof treatment ef-
fects has become important in the empirical literature. dantries like Sweden,
Switzerland, or Germany that provide a comprehensive sysféabour market poli-
cies for the unemployed, individuals are expected to recgiprogramme given they
remain unemployed long enough. Thus, to participate in grarame or not is no
non-recurring decision, but reflects a dynamical processdsn the unemployed in-
dividual and his or her responsible caseworker. To invagighe importance of the
unemployment duration for the effectiveness of the prognam have presented the
extension of the evaluation approach to the dynamic seititigis chapter. The last
section of this chapter was devoted to some practical issoieserning the imple-
mentation of the estimator for the empirical analyses.

What should have become clear is that three factors deterimnappropriate
methodology for non-experimental data: the type of thelalsbé information, the
underlying model, and the parameter of interest. Usingaefftly large administra-
tive data for the empirical analysis allows me to refraimiromposing strong para-
metrical assumptions (except those of the binary probitlagid models) to solve
the selection bias. Thus, using the matching estimator s¢é@fme most credible for
evaluating the employment effects of job creation schemes.
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The Database

4.1 Overview

As Angrist and Krueger (1999) point out, familiarity withtdasets is as necessary
in modern labour economics as familiarity with economiamttyeand econometrics.
Therefore, | will describe the collection and preparatibthe data used for the em-
pirical analyses in this chapter. The data were compiletiwithe joint project ‘Ef-
fects of Job Creation and Structural Adjustment Scheme#i®iAB, Nuremberg,
and the Chair of Statistics and Econometrics, FrankfuriiMahe project aimed at
two main purposes: Arvaluation purposand adata preparation purpose

The evaluation purpos®f the project was to overcome the uncertainties with
respect to the effects of subsidised employment programongbie employment
chances for participating individuals. Although the preogmes were in focus by a
series of studies during the late 1990s (see overview inose2t4.1), all of these
studies suffered from small numbers of observations aswesg based on survey
data sets, and difficulties in identifying the single measwand their corresponding
causal effects. Furthermore, those small numbers did tmv &b investigate pro-
grammes with respect to different sources of effect hetreiyy. Thedata prepa-
ration purposeof the project was to support the decisions of the Pallasepfopf
the IAB, which aimed at collecting, combining, transforgimnd preparing the in-
formation of the different administrative sources of the®HBr scientific evaluation
of all ALMP programmes accomplished by the FEA in the programparticipants’
master data seMalRnahme-Teilnehmer-Gesamtdat&oth purposes have been in
line with the legal basis introduced in 1998 (SGB Ill) thaspdates the evaluation
of the activities of the FEA as well as the provision of adrsirdtive data to achieve
this objective (see discussion in chapter 2).

! The objective of the Pallas project was to provide a general cross ipiatinalysis and
information systemglattformibergreifendes allgemeines Analyse- und Informationssys-
tem). See Kellner (2002) or Passenberger and Reith (2002) for fuditteils. In addition,
the experiences of the preparation of the data have also been used #atéhwarehouse
project of the FEA.
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| will start with a short description of the different datausces of the FEA and
their content. These sources have been used to derive thieegipformation for
evaluating the employment effects of job creation schemdsdrmany. A special
emphasis will be given to the available attributes, i.e.dhservable characteristics
to describe the individual labour market situation and #i®lur market outcomes
over time. In section 4.3, | will present the constructiortted samples used for the
empirical analyses. In addition, | will note the necessastrictions applied to the
data and the relevant numbers of observations for the etitinsa The chapter will
conclude with a brief summary.

4.2 Data Sources of the Federal Employment Agency

The 181 LEAs in Germany collect information within the sdlea@ CoArb system
on all registered job-seekefsThese are persons who are registered unemployed,
persons threatened by unemployment or in temporary em@oyias well as par-
ticipants in the different ALMP programmes. The purposehef data collection is
to administer the job-seekers and to alleviate the dedsibithe local caseworkers
regarding the placement of job-seekers in regular employroedifferent ALMP
programmes. Furthermore, the data are used to control tkdidibility of the job-
seekers. All data are collected detailed to a daily levelthe day the unemployment
spell starts as well as the day it ends are covered. Theskylao#lected data are
transferred to the FEA on a monthly ba%i$he information for all job-seekers is
consolidated in the so-called job-seekers databBeesfberangebotsdateiBewA)
that is available from 1997 onwafdThe BewA contains a rich set of attributes
describing the individual's labour market situation. Tdadasses of characteristics
could be distinguished: The first category, socio-demdgaipformation, incorpo-
rates attributes like age, gender, marital status, cisizgn the number of children,
birthday, and health restrictions. The second categoeygthalification details, con-
sists of, among others, the individual’s graduation, infation on a completed pro-
fessional training, the occupational group, the last oatiop, as well as the work
experience. The last category, the labour market histangludes the date of regis-
tration at the LEA (and the duration of unemployment sineg ttate), the duration of
the last employment, the number of job offers received byttigidual as well as in-
formation on preceding programme participation(s). Althlo most of the attributes
are ‘objective’ facts, like age or gender, the BewA also aomd subjective assess-
ments of the individual's labour market prospects by theeasible caseworker.
These subjective facts cover the assessment of the indiksdemployment chances
with respect to health restrictions, but also the assedsofi¢ime actual qualification

2 The termCoArbis an abbreviation for computer supported job placemeoinputerge-
stitzte Arbeitsvermittlung

3 A further purpose is the calculation of the official unemployment rate.

4 See Wilke and Winterhager (2004) for an overview of the data soufdhe GEA.

5 See, e.g., Heckman and Smith (2004).
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of the individual. Until 2004, information of the BewA wassal available in an ad-
justed version for statistical purposes. This data set efesned to asST4 with ST
indexing data sets of the STADA system of the statistics dapnt of the FEA.

The information on the different ALMP programmes is not ud#d in BewA,
but is collected separately in the LEAs within the so-ca@uSachsysteni and
transferred to the FEA on a monthly basis. As in BewA, datadatailed to a daily
level. Information on the single ALMP programmes are staredeveral different
data sets. For example, data on vocational training progi@sntraining measures,
and German language courses are stored in the so-&i88 In contrast, data on
subsidised employment programmes in Germany, like jobtioreand structural
adjustment schemes, are consolidated inSfAd1 This source contains all infor-
mation necessary for the administration of the programmewong others, this is
information on the employer who receives the wage subgidgyetonomic sector of
the activity, times of qualification and/or practical traig of the individual during
the programme, the beginning and end of the programme (patyoh¢he subsidy),
and the ex-ante planned as well as the ex post realised pnoggaentry and leave
dates of the individual. Besides those attributes, a snatiber of further individual
characteristics is included, but these are redundant sethovided by BewA.

Table 4.1: Important Programme Information Comprised by MTG

FEA Source| Type of Programme

ST11 Job creation schemes, structural adjustment schemes, integra-
tion subsidies, integration contracts, bridging allowances etc.
ST35 Vocational training programmes, training measures, German

language courses

ST11FF Free promotion

ST38 Programmes financed by European Social Fund
JUMP Programmes for unemployed aged 25 or younger

Source: Wilke and Winterhager (2004).

During the years 2000 to 2004, information of BewA and theesalvsources
for the different programmes were standardised and mergedne major source:
the programme participants’ master data $éafnahme-&ilnehmer-@samtdatei
MTG).” This data set includes information on all programme pauéitions in FEA
sponsored programmes from 2000 to the present. Table 4vidpsoan overview of
the most important data sources and the corresponding ALM§@mmes that are
included in MTG.

Due to this, the MTG contains a large number of attributesetscdbe the indi-
vidual's labour market situation on the one hand. On therdtla@d, it provides a
reasonable basis for the construction of the comparisompgas almost all individ-

5 The termCoSactis an abbreviation for computer-supported processnmputergesitzte
Sachbearbeituryg
" At an earlier stage this data set was referred tbhlaBnahme-Teilnehmer-Grunddatei.
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ual characteristics are available for the participantselbas for the non-participants
and originate from the same source. This same origin of tteeigan essential build-
ing block for a valid estimation. The results of Heckmanjiatra, Smith, and Todd
(1998) who analyse the sources of potential biases of eNmfuastimators show
that having access to a geographically matched comparisup gdministered the
same questionnaire as programme participants clearlyersatt devising effective
non-experimental estimators of programme impacts. Thousally derived data for
participants and non-participants as in my case providexaellent basis for the
empirical analyses.

A further important determinant is the state of the locablatmarket (Heckman
and Smith, 1999). For the description of the regional cdntese the classification
of the labour office districts by the FEA (see Blien et al., £00rhe aim of this
classification is to enhance the comparability of the laloffice districts for a more
efficient allocation of funds. The 181 labour office dissietre split into 12 types of
office districts with similar labour market circumstanc&se comparability of the
office districts is built upon several labour market chaggstics. The most important
criteria are the underemployment rate and the correctedlatipn density. The un-
deremployment rate is defined as the ratio of the sum of urmraglindividuals and
participants in several ALMP programmes to the sum of all leyed persons and
these participants. The corrected population densitydd tsimprove the compara-
bility of rural labour office districts with metropolitan drtity areas. In addition, the
vacancy rate describing the relation of all reported vaieenat the LEA, the place-
ment rate that contains the number of placements to the nuaftEmployments,
and the rate of persons who achieve maintenance allowametation to the under-
employment rate are used. Furthermore, an indicator faettiarisation level, built
on the number of persons employed in agricultural occupatiand an indicator for
the seasonal unemployment are considered.

These 12 types of comparable labour office districts can beeggted by 5 types
for strategic purposes. Since almost all labour office idistin East Germany belong
to the first of these 5 strategic types (except the city of Bee}, | use the finer typ-
ing of the types with similar labour market circumstanceghkence, four regional
groups for East Germany can be distinguished. For West Gggntlae remaining
four types for strategic purposes are used. Table 4.2 pregenclassification used in
the analyses containing a short description of the clusteesyumber and the names
of the LEAs in each cluster. This leaves me with 7 clustergtferanalysis. Accord-
ing to Blien et al. (2004), those clusters are defined in thieviang way. The first
group (la) consists of five East German labour office distngith the worst labour
market conditions of the whole country. The situation isrelogerised by the highest
underemployment, a population density below average,tandlightest labour mar-
ket dynamics. Cluster Ib contains the ‘typical’ East Gerrteour office districts:
In line with the description of the East German labour maikehapter 2, the LEAs
of this type experience a high underemployment and minauemarket dynamics.
23 labour office districts are pooled in this cluster. Altghithe underemployment
is above average and the dynamics are only moderate in theHi&es of cluster Ic,
they have the most promising labour market situation of Essimany. Cluster I
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Table 4.2: Classification of Labour Office Districts in Germany

Cluster Description No.!
la East German labour office districts with worst labour market conditions 5
Altenburg, Bautzen, Merseburg, Neubrandenburg, Sangenhause
Ib East German labour office districts with bad labour market conditions 23
Annaberg, Chemnitz, Cottbus, Dessau, Eberswalde, Erfurt, Rref@®tler,
Gera, Halberstadt, Halle, Leipzig, Magdeburg, Neuruppin, Nordfaus
Oschatz, Pirna, Plauen, Riesa, Rostock, Stendal, Stralsund, Wittenberg

Zwickau

Ic East German labour office districts with high unemployment 5
Gotha, Jena, Potsdam, Schwerin, Suhl

[1% Labour office districts dominated by large cities 22

Aachen, Bielefeld, Bochum, Bremen, Cologne, Dortmund, DresDeis-
burg, Essen, Gelsenkirchen, Hagen, Hamburg, Hamm, Hanri¢kefeld,
Monchengladbach, Oberhausen, Recklinghausen, Sa&eir, Solingen,
Wuppertal

Il West German labour office districts with rural elements, medium-sizedind3
try and average unemployment
Ahlen, Bad Hersfeld, Bad Kreuznach, Bad Oldesloe, Bamberg, eBlyy
Bergisch-Gladbach, Braunschweig, BremerhavenjhBr Celle, Coburg,
Coesfeld, Detmold, Dren, Elmshorn, Emden, Flensburg, Fulda, GielRen,
Goslar, @Gttingen, Hameln, Hanau, Heide, Helmstedt, Herford, Hildesheim,
Hof, Iserlohn, Kaiserslautern, Kassel, Kiel, Korbach, Landau,r,Le&n-
burg, Libeck, Ludwigshafen, ilineburg, Marburg, Mayen, Meschede,
Neuenkirchen, Neuiimster, Neuwied, Nienburg, Nordhorn, Oldenburg, Os-
nabfick, Paderborn, Pirmasens, Saarlouis, Schweinfurt, Siegen, Stede,
Treves, Uelzen, Verden, Wesel, Wetzlar, Wilhelmshaven

IV West German centers with good labour market prospects 10
Bonn, Disseldorf, Frankfurt/Main, Mannheim, Munich, iMster, Nurem-
berg, Offenbach, Stuttgart, Wiesbaden

V West German labour office districts with the best labour market praspec 48
Aalen, Ansbach, Aschaffenburg, Augsburg, Balingen, Constabeem-
stadt, Deggendorf, Donausth, Freiburg, Freising, &pingen, Heidelberg,
Heilbronn, Ingolstadt, Karlsruhe, Kempten, Koblenz, Landshufrach,
Ludwigsburg, Mainz, Memmingen, Montabaur, Nagold, Offenburgs-P
sau, Pfarrkirchen, Pforzheim, Rastatt, Ravensburg, Regenddeuglingen,
Rheine, Rosenheim, Rottweil, Schbisch Hall, Schwandorf, Tauberbischof-
sheim, Traunstein, Ulm, Vechta, Villingen-Schwennigen, Waiblingen, Wei-
den, Weilheim, Weil3enburg, tvzburg

! No. describes the number of labour offices in cluster.
2 The labour office districts of Berlin are counted as a single district only.
Source: Blien et al. (2004).

contains 22 labour office districts dominated by large s#ielere, an above aver-
age to a high underemployment, a high population densitgerade labour market

8 The labour office districts of Berlin are counted as one LEA only.
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dynamics, a high number of welfare recipients and an abosage tertiarisation of
jobs describe the regional labour environment. Exceptdbeur office of Dresden,
all districts are in West Germany. The ‘typical’ West Gernbaoour office districts
are pooled in cluster Ill. The labour market in these 63 ititstis characterised by
average to above average underemployment, little labotkehdynamics and a low
population density. Further attributes are rural elemantsa medium-sized indus-
try. Cluster IV pools West German labour office districtshwétdvantageous labour
market prospects. These are 10 big city districts with tighdét labour market dy-
namics, an underemployment below average, a high tedtasof jobs, but also
an above average number of welfare recipients. The labdigedfistricts with the
best labour market environment are pooled in cluster V. &laee 48 districts were
underemployment and also the number of welfare recipienimaiest in Germany.
Finally, Table 4.3 summarises the available informatioliodether, | could base the
evaluation of the employment effects of job creation scheorethe five different
categories of variables described.

Table 4.3: Overview of Data Sources and Main Attributes

Data Source Main Attributes

MTG' BewA? a) Socio-Demographic:Age, gender, foreigner (citizenship), asy-
lum seeker, marital status/cohabitation, number of children, health
restrictions, placement restrictions
b) Qualification: Graduation (schooling), professional training, oc-
cupational group, position in last occupation, work experience,
work time of last occupation, appraisal of qualification by the case-
worker, desired occupation, desired work time
c) Labour Market History : Duration of unemployment, duration
of last occupation, number of job offers, occupational rehabilitation,
programme participation before unemployment, pension

ST1P d) Programme: Institution receiving the subsidy, activity sector,

time of qualification and/or practical training during programme,
start and end of programme (payment of subsidy), entry and leave
of the participation, duration of programme
e) Regional Information: Types of comparable labour office dis-
tricts by FEA

L' MTG: Programme participants’ master data $#aBnahme-Teilnehmer-Gesamtdjtei

2 BewA: Job-seekers’ databasBefverberangebotsdajeiFor the empirical analysis in
chapter 6, | also use the adjusted information of BewA provided by ST4.

3 ST11: Progamme participants’ database of subsidised employment.

For the outcome variable, | use information of the Employt&atistics Regis-
ter (Bescléftigtensatistik, BSt) that includes data on all persons registered in the Ger
man social security system since 1975. These are emplogegsllaas participants
in several ALMP programmes, but no self-employed or pers®(Bender, 2002).
Data on spells of employment being subject to social insteaontributions are col-
lected for each employed person in account form based ofyyeaifications by the
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employers. However, due to delays in the sending of thes&aadibns by the em-
ployers, the available data in the BSt have a time lag of upytea2s. Therefore, the
FEA forecasts the employment information. In consequeassgssing contempo-
rary effects of ALMP programmes is possible, but the resulty be problematic as
they are based solely on forecasted employment informatisraluable evaluation
of programme effects should be based on notified rather thi@tdsted informa-
tion, the observation period ends in December 2003 for the wsed in chapter %.
However, as the time lag between the corresponding dateedhtbrmation and the
extraction of the information from the BSt for the analyse®ants to eight months
only, the relation of notified and forecasted data has to leeldd and should be
considered when interpreting the estimated treatmenttsfféBased on the results
of Frohlich, Kaimer, and Stamm (2004), the share of forecast¢a dsed in the
analyses amounts to 4 to 10 percent at maximum.

| define only regular employment as a success. All other kiridsibsidised em-
ployment or participations in ALMP programmes are defined &aslure. Although
this definition may conflict with the institutional settintg,reflects the economic
point of view to measure the integration ability of a job ¢re@a scheme into non-
subsidised employment. To identify spells of regular empient without further
promotion, | use the excerpted information of the final vansof the MTG on the
individual's time spent in ALMP programmes.

4.3 Preparation of the Database for the Empirical Analysis

In the empirical analyses in chapters 5 and 6, | will evaltiageemployment effects
of job creation schemes to answer two different researchktouns. In chapter 5 |
will start with the evaluation of the employment effects floe participating individ-
uals considering the timing of treatment. The analysis eyptér 6 will deal with the
efficiency of job creation schemes explicitly consideriegtain targeting criteria. In
particular, | will assess the value of stricter target rdtesthe allocation of individ-
uals in that chapter. As my analysis in chapter 5 will be based different data set
than the one used in chapter 6, | will describe both data sé¢fteifollowing sections.

4.3.1 Data Used in Chapter 5

The central source of information on participants for thaleation of the employ-
ment effects considering the timing of treatments is the MTFGr that purpose,
random samples were drawn of individuals who have startatsidised employ-
ment programme, i.e. a job creation or structural adjustregmeme, in six different
months: July 2000, September 2000, November 2000, JanGady, March 2001,

9 | use different data in chapter 6. The observation period of these distéd to December
2002.
101t has to be noted that the data used in the analysis of chapter 5 werdgecfram BSt in
September 2004.



84 4 The Database

and May 2001. The data set contains the five categories ohctaistics as de-
scribed in the previous section (see Table 4.3). The cartgtruof the comparison
group has been accomplished in a similar way. Based on theniation of the BewA
population in the respective months before the participatarted their programmes,
six random samples were drawn. The proportions of thesaatigamples have been
20:1, in other words, for each participant from MTG startingb creation scheme in
July 2000, there were 20 non-participants drawn from BewAurfe 2000 as poten-
tial comparisons. By doing so, the same set of attributegddicipants and potential
comparison individuals is available except for the misgimagramme information.

The individual characteristics of the six cross-sectioagehbeen completed by
the employment outcome of all individuals in the sampled D@cember 2003. As
described above, the relevant information has been takemthe BSt and was cor-
rected by times spent in ALMP programmes based on informatfan excerpt of
the MTG for the same period of timté.However, a complete merge of the cross-
section information (MTG/BewA) and the employment outcenfBSt) was not
possible for all observations since both data sets usereliffedentifiers. Whereas
MTG/BewA use FEA-specific customer numbers to identify gaeking and partic-
ipating individuals, the BSt refers to the social insurapolicy number Sozialver-
sicherungsnummgrTherefore, only in cases where this information is avdéand
valid, the data can be merged.

In the empirical analysis, only the effects of job creatiohesmes on regular em-
ployment are evaluated. The effects of other programmesaireonsidered. Thus, |
have restricted the participants’ data to job creation s&® By doing so, informa-
tion on other subsidised employment programmes is exclutleid dropping is in
line with the estimator in the dynamic setting as defined iaptér 3. The underly-
ing intuition is to compare a person starting a programmesgaegific point of time
compared to staying unemployed at this point of time. As thitigipants of other
programmes leave unemployment at that point of time, theyige no comparison
group to approximate the counterfactual outcome of theqigants? Furthermore,
to avoid issues related to education or basic vocationalitig, | have restricted
the data to persons of 25 years or older. In addition, as eatilement may induce
some trouble to the results, persons older than 55 yearseeled, too. Moreover,
the labour market of the capital city is not considered inahalysis. With respect
to the arguments of Brinkmann et al. (2002) and Caliendo.&RaD3), the special
situation of Berlin would require a separate estimation iatekpretation of the ef-
fects of job creation schemes on regular employment foiigiating individuals.
Hence, East Germany will be the federal states of Meckleplbestern Pomerania,
Brandenburg, Saxony, Saxony-Anhalt, and Thuringia forés of this work. West
Germany refers to all West German Laender. For homogengdigons, | have also

1 This excerpt solely contains the entry and leave dates of individuals iniffeesdt pro-
grammes sponsored by the FEA. Further attributes are not available.

121 should recall in this context that persons who start other progranamleger points of
time should not be excluded from the analysis as this would imply a conditi@mifigture
outcomes and therefore a violation of the conditional independencmpssn.
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excluded those persons whose unemployment duration amaoloyment duration
before the start of the programmes was above the 99th péecefithe individuals
in order to reduce the problem of possible errors in the tata.

Table 4.4: Number of Observations

Men Women Total
West East West East
Month | Part. N-Part. Part. N-PartPart. N-Part. Part. N-Part.Part.  N-Part.
Data used for chapter 5
Jul00 | 917 64,992 2,259 33,009419 58,525 2,423 40,5236,018 197,049
Sep 00| 963 71,615 2,403 36,907628 66,246 2,838 46,766,832 221,524
Nov 00| 752 48,265 1,493 25,384482 43,911 1,936 31,3904,663 148,950
Jan 01| 658 43,117 539 23,495410 34,313 895 24,1862,502 125,111
Mar 01| 882 61,457 1,684 34,743416 46,561 2,481 32,4345,463 175,195
May 01/1,009 70,344 2,453 39,9Y1419 58,394 2,682 40,6496,563 209,358
Total (5,181 359,790 10,831 193,5(08774 307,950 13,255 215,93®,041 1,077,187
Data used for chapter 6
Feb 00 | 2,140 44,095 2,924 64,7$B,052 34,227 5,035 76,5121,151 219,622

Note: N-Part. denotes ‘non-participants’, Part. denotes ‘participants’

Table 4.4 presents the resulting number of observationsdidicipants and non-
participants differentiated by gender, region, and moritentry. In addition, Fig.
4.1 summarises the timeline of the available informatiod presents the resulting
numbers for participants and non-participants. Due to &mslom sampling from
the BewA and the differing use of job creation schemes in \&adtEast Germany,
the proportions between participants and non-particgpdifter in both regions. The
numbers of entries in the months differ as well. Whereas the skt contains 6,832
participants starting a job creation scheme in Septemb@d,2he corresponding
number for January 2001 is 2,502 only. As expected from ttserg@ion of job
creation schemes in chapter 2, the number of programmessirIggimany outnum-
bers those in West Germany. Except for January 2001, the exsnalb participating
men are about twice as high in East as in West Germany; for wahee relation
is between 4:1 and 6:1. Altogether, information on 32,04tigipants starting a job
creation scheme between July 2000 and May 2001 and on 18¥7iigh-participants
can be used.

4.3.2 Data Used in Chapter 6

The data used for the empirical analysis in chapter 6 comformation on all partic-
ipants who were placed in a job creation scheme in Februa@9 aAd on a compar-
ison group of non-participants who were eligible for papétion in January 2000,

13 The limit for unemployment duration is 1,597 days which equals more 4tuyears of
unemployment. The limit for the duration of the last employment is 13,838 avhich is
approximately equal to 37.9 years of employment.
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Fig. 4.1: Available Data for Analyses of Chapters 5 and 6
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but did not enter those schemes in February. This data seisedbon a prototype
version of the MTG. It includes not only the information ordividuals of BewA
and on programmes of ST11, but also that of the adjusted datarsstatistical pur-
poses (ST4). The information on the comparison group iseérirom BewA with
the additional attributes of ST4. Therefore, almost allrabteristics in the analysis
for the comparison as well as for the participating grougiogte from the same data
sources.

The observation period is shorter than in the larger datassat for chapter 5, and
the individuals’ outcomes are observed only until Decen#@$12. | do not restrict
the data to certain age groups since the analysis will ircthe effects for certain
target groups, like younger unemployed without profesalioraining or the effects
for the older (see chapter 6). The labour market of the dagtiaBerlin is excluded
for the reasons mentioned above. The last row of Table 4<epte the number of
observations with respect to gender, region and participatatus. The final sample
consists of 11,151 participants and 219,622 non-partitpd hus, the comparison
group is almost 20 times larger than the participants’ gradigreover, the set-up of
information is also summarised in Fig. 4.1 (below the axithefcalendar time).

4.4 Summary
In this chapter, | have described the data collection angdgyegion for the empirical

analyses in the following chapters. Data of different adstiative sources of the
FEA were merged. The major advantage of these data is thtyabilise the whole
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population of programme participants of selected montlissdiarge sample of non-
participants as potential comparisons. In addition, nmgrghe data allows taking
account of many attributes characterising the individusifuation.

In the resulting data sets, five categories of variablesddoaidistinguished to de-
scribe the individual labour market situation and to adsltbe problem of selection
bias. The categories comprise socio-demographic infeomagualification details,
the labour market history, details of the programme, as ask description of the
regional context. Therefore, the data set contains mamgtifmost, variables influ-
encing the selection process into the programmes. Duegdgttid data at hand seem
to justify the conditional independence assumption, andalareatment effects can
be identified based on observable variables.

Moreover, by merging information of the BSt, the individeahployment could
be used as the outcome of interest. For that reason, | am @laleatuate the net
impacts of the programmes on regular employment for theqgiaating individuals
for up to 30 months (chapter 5) and up to 35 months (chaptdtéd)the programmes
have started.






5

The Employment Effects of Job Creation Schemes for
the Participating Individuals

5.1 Overview

As already mentioned, consideration of the timing of treaitin the unemployment
spell conveys important information on the effects of skqmiagrammes. The discus-
sion of the institutional set-up of job creation schemesstasvn (see section 2.3.2)
that programmes are ongoing and unemployed persons mathg@programmes at
different points of time during their unemployment spelius, in contrast to the
typical US literature that assumes the treatment to be exposce and at one spe-
cific point of time only, the set-up of job creation schemeagurges carefulness in
defining the comparison group (see chapter 3). Simply udimgesons who are ob-
served to never participate in a programme would eventwahate the conditional
independence assumption due to a conditioning on futureomas. Therefore, |
define participation and non-participation dynamically, the comparison group to
individuals starting at a specific point of time are all p&iswho have neither entered
a programme nor left unemployment up to that point of time. th reason, | ex-
plicitly consider the timing of treatment in the individuaiemployment spell in the
estimation of the employment effects for the participatimtjviduals of job creation
schemes in Germany and present the results of these estimatithis chapter.

| use the matching estimator in the dynamic setting as desttiin section 3.4
to evaluate the employment effects. The decision to apphatiing estimator is
based on two main arguments. First, due to the high flexhibgether with the
non-parametric nature of the estimator, the matching ambrallows to estimate
the treatment effects of job creation schemes without inmgoany arbitrary para-
metric functions. Second, | could use a unique data set shagnnarkably rich by
international standards. Hence, the characterisatiohefrtdividual likelihood of
participation in a programme as well as of employment coeldbased on five dif-
ferent categories of attributes. Having access to thesenvétive data is particularly
important for achieving the identifying assumptions of gséimator.

Besides the timing of treatment, a further important issubd regarded in the
empirical analysis has become obvious from the descrifdhe development of
the labour market in West and East Germany (see sectiorBb#) parts clearly dif-
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fer even 15 years after German Unification. For this reasoaljig the information
of West and East Germany may veil some important effect bgésreity. To account
for these differences, | estimate the effects for both paeparately.

| will start the analysis with some descriptive results felested attributes to
characterise ex ante differences between participanta@mgarticipants in section
5.2. Following that, | will discuss the plausibility of therditional independence
assumption in section 5.3. Since the conditional indepecgl@ssumption is non-
testable, one has to be careful in deciding whether the gstsamis achieved. Sec-
tion 5.4 will provide some details on the implementationtef &stimator comprising
the estimation of the propensity scores (section 5.4.1)elsag the quality of the
matches (section 5.4.2). After that, | will present thereates of the employment ef-
fects for participating individuals of job creation schenwéth respect to the timing
of treatment for West (section 5.5.1) and East Germanyieét5.2). In the last
section of this chapter, | will summarise the findings of guslysis.

5.2 Descriptive Results

Since | use non-experimental data for the evaluation of arogne effects, partic-
ular differences between participants and non-parti¢cgpamy indicate a possible
source of selection bias. Hence, reviewing the charatt=isf participants and
non-participants may help to avoid lacking some importdrgeovable differences
that are necessary to achieve the conditional independesscenption. Based on the
extensive set of attributes (see section 4.2), | have selechumber of variables that
will be used to analyse ex ante observable differences legtywarticipants and non-
participants by descriptive statistics. The statisties @iovided in Tables A.1 and
A.2 for West Germany and in Tables A.3 and A.4 for East Germartlye appendix
to this chapter. The tables distinguish four different timervals of unemployment
duration (until treatment starts): Up to 6 months, 6 to 12 thenl12 to 18 months,
and 18 to 24 months.

Starting with the results for West Germany, a first interegpoint to note refers
to the age of the participants compared to the non-partitipahe age of the in-
dividuals is subdivided into six categorie¥ounger unemployed persons (25 to 29
and 30 to 34 years) with a duration of up to 12 months of uneympémt are un-
derrepresented in the participants’ group. For an unempdoy duration of up to
6 months (6 to 12 months), 10 (16) percent of the participants15 (20) percent
of the non-participants are between 25 and 29 years old. malgue figures for
individuals aged 30 to 34 are 8 (15) percent for participant$ 11 (18) percent for
non-participants. In contrast, the shares of participants non-participants with a
longer unemployment experience (12 to 18 months as well a8 28 months) are
almost equal. A possible explanation for this finding may berm by the institu-
tional set-up. An occupation in a job creation scheme shouold be offered to the

! As mentioned in section 4.3.1, individuals younger than 25 and olderG&ayears are
excluded from analysis.
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individual if no other ALMP programme is available and if therson cannot be in-
tegrated into regular employment. However, younger uneygal persons with only
a short to medium duration of unemployment could be expdotbdve other oppor-
tunities on the labour market. With increasing unemployngemation, the number
of these opportunities is assumed to be reduced (‘negatiadidn dependence’) and
participation in a job creation scheme may be more likelys&as aged 35 to 39 and
40 to 44 are placed in job creation schemes more often thanggwundividuals.
The share of participants aged 35 to 39 (40 to 44) amounts {d20to 23 (22)
percent. Therefore, these mid-aged persons are overespeesin the programmes
in West Germany independently of the preceding unemploychanation. This find-
ing is in line with the purpose of the programme: to consehaedmployability of
the unemployed and to keep persons in touch with the laboukeharhe picture
for older unemployed persons (45 to 49, 50 to 55 years) is theravay round.
Whereas the share of participants (17 percent) with an uregmmant duration of up
to six months exceeds the share of this age class in the rmtinipating group (14
percent), in particular persons aged between 50 and 55s&efien placed in a pro-
gramme with a longer unemployment duration. To give an exen2d (26) percent
of the participants (non-participants) are persons whaagezl between 50 and 55
and who have an unemployment experience of 12 to 18 montlesebpfogramme
start. However, as mentioned in the description of the daga $ection 4.3.1), | have
excluded persons older than 55 years from the analysis id avoblems related to
early retirement issues. Therefore, one possible exptantdr this underrepresen-
tation may be the lack of available slots and a possible ityitw the middle-aged
groups in the placement process.

Independently of the preceding unemployment duratiorretihee some further
notable differences between the participating and notiggaating groups. It be-
comes obvious from the results in Tables A.1 and A.2 thatijoers and asylum
seekers are less often regarded as participants for job@ressthemes. A possible
reason may be the availability of other programmes, e.gguage courses, that fit
better to the needs of these groups. A further point to memégers to the share of
women in the participating group. Whereas between 45 (up torgims unemployed)
and 49 percent (between 12 and 18 months unemployed) of thparticipants are
women, the corresponding ratios in the participating gscaipount to 33 to 37 per-
cent only. Hence, women are clearly underrepresented ipateipating groups in
West Germany.

The number of placement propositions is, on average, highae group of par-
ticipants. This indicates that persons are selected whmastin need of assistance.
Moreover, it is in line with the legal postulation of partiatly allocating persons
facing barriers to employment. Whereas the non-particgphave received about 4
placement propositions on average, the average numbebadiffers for the par-
ticipants is 9 to 10. Clearly, this may be an important deteamt that drives the
participation decision. Considering the participatioraiprogramme before unem-
ployment indicates that participants in job creation scbem@re more likely to be
so-called programme careerists. Whereas only about thigr percent of the non-
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participants have participated in a similar programme suine@ in the past, about
one third of the participants did so.

Regarding the qualification of the individuals, there aspalome ex ante observ-
able differences between participants and non-partitip&xcept for persons start-
ing the treatment between the 12th and the 18th month of taeployment spell,
participants do more often lack a completed professiomatitrg. From the figures
of Tables A.1 and A.2 it becomes obvious that between 42 (plament duration
between 12 and 18 months) and 50 percent (unemploymentatubsttween 18 and
24 months) do not own a completed professional training s€quently, caseworkers
assess the individuals’ qualification as skilled employeeemarely in the treatment
than in the non-treatment group. Hence, between 27 to 32peof the participants
are assessed as skilled employees. In contrast, for th@ambicipants these shares
amount to 35-42 percent. These results indicate that fjEatits are on average less
educated than non-participants. The last point | want totimeffior the West German
groups is associated with the desired occupation of theithehls. Independently of
the preceding unemployment duration, treated individs@ék more often for an oc-
cupation in farming. Whereas persons who look for a manufeagfyprofession are
overrepresented in the group with up to six months of uneympént, persons with
a service profession are underrepresented. However, déolotiger unemployment
durations these differences are not observable.

For East Germany (Tables A.3 and A.4) the findings are simfillamost char-
acteristics, but there are also some differences | want ghesise. Younger unem-
ployed persons (25 to 29, 30 to 34 years) are underrepresenthe participants’
samples, too. Only 5 (10) to 6 (12) percent of the participané 25 to 29 years (30
to 34 years) old, whereas in the non-participants’ samplesorresponding shares
are 7 (13) to 12 (17) percent. In contrast to West Germanygekierwy mid-aged per-
sons (35 to 39, 40 to 44 years) are underrepresented or agdpgatrepresented in
the participating groups. Older unemployed aged 45 to 495htb 55 years are
overrepresented in the programmes. Moreover, the largespgof participants is
between 50 to 55 years old with shares of 27 to 29 percent.r€higt may be seen
as an indication for the slightly different purpose in thieedtion of participants to
the programmes. The discussion in chapter 2 has highlightedifferences in the
use of job creation schemes in both parts. Particularly st E@&rmany, job creation
schemes have been used to a large extent, and a strict ddarta the targeting
criteria could not be expected. The findings of the desegmitatistics support this
expectation.

The findings for West Germany imply an allocation of indivadkithat is oriented
on the individual employment chances since particularlg-aged unemployed per-
sons are potential participants. In contrast, in East Geynitais more likely that
job creation schemes are used as a means to relieve the itelasies of the labour
market and to conserve social peace. For that reason, iiékd of participation
is higher for older unemployed individuals.

The number of placement propositions differs similar togtoture for West Ger-
many as well. On average, participants in East Germany leeived a higher num-
ber of placement propositions compared to the non-paatitgp However, whereas
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the ratio is almost 3:1 for West Germany, in the East it is tbss 2:1. Since the
number of placement propositions is no indicator for the benof available jobs,
but only for the activity of the LEAs, two implications coulte derived from this
finding. First, the outside options in the East German lalnoarket are worse com-
pared to West Germany. Hence, there are more job applicantgagancy and the
probability of becoming regular employed is lower. Secoth, stronger empha-
sis on ALMP programmes (see section 2.3.1) is reflected byother number of
placement propositions in the participating groups, i.eergas in West Germany
an unemployed individual receives between nine and terepiaat propositions on
average before the caseworker offers an occupation in a@attion scheme, in East
Germany the number of required placement propositions atada six to eight on
average only.

The shares of participating women are clearly higher in Bxsimany than in
West Germany. About one half of the participants are femaids unemployment
durations until treatment of less than 12 months, and eventdiP to 62 percent
with longer unemployment durations. A further differeneéers to the qualification
of the individuals. Whereas the majority of the participant§Vest Germany owns
a Certificate of Secondary Education (C$@auptschulabschlu¥snly, in East Ger-
many more than half, i.e. between 50 to 53 percent of theeeiadividuals own
an O-level degreeRealschulabschlugsThis may be an important reason why case-
workers assess the individuals’ qualification as skilleghlayees in 52 to 57 percent
of the cases.

With respect to the desired occupation, the picture in Eastri@ny is more sim-
ilar to the West. Persons who seek for an occupation in fagraie overrepresented
in the programme groups compared to the share in the noitipating samples. A
notable difference could be established for the servicéepsions. Whereas there
is an underrepresentation in the participants’ groups slitbrt to medium preced-
ing unemployment duration in the West, the shares in thaggeating and non-
participating groups differ hardly in East Germany. A laffiedence to be mentioned
for East Germany refers to the number of Ul recipients. Intramt to about 86 to
91 percent of the non-participants who receive Ul, in thdigigating group these
figures amount to 58-62 percent only. For West Germany, thiedgin both groups
are fairly similar.

5.3 Plausibility of the Conditional Independence Assumpbn in
the Dynamic Setting

An important issue to be considered in the context of evalgahe treatment ef-
fects of job creation schemes using the matching estimsatitrei plausibility of the
conditional (mean) independence assumption. As mentimrsettion 3.4.2, for this
assumption to be fulfilled in the dynamic setting, one hashiseove all covariates
that, conditional on having spent a given amount of time iaraployment, jointly
influence the participation decision at that tinig,, and the outcome variable where
such decision to be further postponé@?u (Sianesi, 2004). If this assumption holds,
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the observed probability distribution of subsequently ifigda job or of later join-
ing a programme for the non-patrticipants in monthsf the unemployment spell is
the same as the counterfactual distribution for the treetgididuals inu had they
decided to wait longer. However, the choice of the relevaniables is not straight-
forward. Therefore, | relate the discussion on plausiptiit the institutional set-up
of the assignment process to job creation schemes (seers@c3.2) as well as the
rich set of variables available in the data set (see sectiy

To start with, let me briefly recapitulate the relevant aspec the assignment
process to be considered in the model. Allocation of an uteyed individual to
a programme depends to a large extent on the caseworkegssassnt of the in-
dividual's need of assistance. This need of assistancesesasd based on regular
interviews of the unemployed individual to evaluate his er &fforts to find a job. In
particular, groups with barriers to employment, e.g., k&gn unemployed, severely
disabled or older unemployed persons, are in need of asséstRurthermore, to be-
come eligible for participation in a job creation schemegaspn should be unem-
ployed for at least 6 out of the last 12 months before the efdhite programme and
meet the criteria for the reception of Ul benefits. Moreotlee, need of assistance
— as assessed by the caseworker — should imply that the bfanticipant cannot
be integrated into regular employment or another ALMP paagne at that time.
In addition, a place in a programme has to be available. Hahieree preconditions
are fulfilled, the caseworker may offer the unemployed iitlial a specific occu-
pation in a job creation scheme. For the conditional inddpane assumption to be
achieved itis crucial to identify enough information aptépture these determinants
of allocation.

The description of the data set has shown (section 4.3.1) tzen control for a
large set of variables characterising the individual'st gal current (at the start of
the treatment) labour market situation. | assume the emptoy and unemployment
experience of the individuals to be the most important defeaint of the participa-
tion decision. Following Sianesi (2004), the elapsed ureympent duration of the
individuals can be used to capture possible unobservatilentes for the participa-
tion decision. These influences occur, for example, dueaogés in the motivation,
loss of hope, or perceived or actual deterioration of hunagoital. Moreover, in the
presence of duration dependence the outflow to employmdindiffer between in-
dividuals with an unemployment duration of less thefor reasons unrelated to the
programme. Thus, itis crucial to ensure that comparisoivihgials have spentin un-
employment at least the time it took the participants to fbaprogramme (Sianesi).
For that reason, | condition on previous unemployment egpee by stratifying
the samples for East and West Germany by the discretisedplogment duration
U = 1,2,...,Upnax With Upax = 24 and month as unit. Hence, | will analyse
the employment effects of a job creation scheme for groupsdifiduals who join
within the first two years of the current unemployment spedl, whether there is a
differential programme impact accordinglio In the samples, more than 89 percent
of all treated persons in job creation schemes are obseovedter a programme
within that time span. However, | have to note that it is idfeed only whether the
programme effect for persons joining in moriths better or worse than the effect
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for persons joining in monthwith & £ [. The effects for participants of monthif
they had decided to wait longer and started a treatment irthviare not evaluated.

In addition to the individual unemployment experience goaonme effects may
also differ with calendar time. For that reason, Fitzenbeand Speckesser (2005)
note that an ideal approach would consider the differentisgpdates of unemploy-
ment as well as the different starting dates of the prograsdritowever, this would
lead to very small numbers of observations for the estimatiothe treatment ef-
fects. Due to practical limitations, one has to rely on soind bf aggregation. The
numbers of persons starting a programme do not differ tochnfexcept the cohort
of January 2001, see section 4.3.1). Moreover, as | use dggeogrammes that have
started during one year and the discussion of the set-ugbafrgation schemes (see
section 2.3.2) has shown that persons are not allocatecbtggmmmes at specific
points of time, | assume the calendar date of unemployment enbe of minor im-
portance for the evaluation of the programme effects. Tbezethe six programme
cohorts are aggregated into one sample considering thettiméndividuals have
spent in unemployment before. However, to take account s§ipte seasonal dif-
ferences, seasonal dummies for the different programnmts stee included in the
estimation. By doing so, the start of the unemployment spethe estimation is
implicitly regarded as well.

For the consideration of the employment experience andfmpadion of the indi-
viduals, the information that caseworkers survey to evaltree unemployed person’s
likelihood of employment is used. The attributes comprise duration of the last
employment and a dummy for work experience, schooling aofepsional train-
ing of the individuals, and the work time of the last occupatiThe duration of the
last employment in combination with work experience aredgpmxies for the in-
dividual’s familiarity with work. | consider employment dation in four different
categories, i.e. up to 180 days, between 180 and 365 dayso3680 days, and
more than 730 days. To some extent, this distinction alloygoxy different levels
of specific human capital accumulation during the jobs. Wéae@ne could expect
persons who have worked for more than 2 years to own a relevaotint of specific
human capital, this expectation would not hold for persohe have worked for less
than 180 days. Unfortunately, as there is no informationceamng the nature of
the contract, i.e. whether the unemployed individual wdriéthin a permanent or
temporary contract before, the employment duration conlg be used as a proxy.
Schooling and professional training are regarded to asseggeneral human capital
the person owns. Both variables are good indicators fornti&idual qualification.
The work time of the last occupation is used to denote the lpasur market in-
volvement of the individuals. The characterisation of thaividual’s qualification is
completed by a subjective assessment of the caseworkasssulijective assessment
seems particularly important to be considered in the mosléll mefers to observed
and unobserved differences in the characteristics of iddals. It can therefore be
viewed as a summary statistic of the amount as well as thefaability, effective-

2 Fitzenberger and Speckesser (2005) further argue that not onigijants’ outcomes, but
non-participants’ outcomes as well may differ over time.
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ness, and obsolescence of previous human capital accuonul@he desired occu-
pation together with the desired work time of the individuptovides information

on the economic sector of the job and the work time the ind&igeeks for. Fur-
thermore, as there is no strong occupational mobility betwaconomic sectors in
Germany, the desired occupation can be used as a proxy fpagieccupation of
the individuals. In addition, consideration of the occiumatype of the individual

together with the implicit consideration of the unemployrspell in the estimation
is necessary to capture possible anticipatory effectsringef future employment.
To give an example, seasonal unemployed workers may knoehiange that their
past employer will call them back. In that case, they wouldehao incentive to par-
ticipate in a job creation scheme. By balancing the occaopais well as the month
of unemployment start between treated and non-treatedidudils the problem of
this type of anticipatory effects should be ruled out.

There are also some socio-demographic attributes thatmgverfant determi-
nants for the individual labour market prospects, like ggn@vomen), citizenship
(foreigner, asylum seeker), the age of the individuals §uesd in six categories at
the start of the treatment), the number of children and mgevcohabitation. For ex-
ample, the number of children and marriage/cohabitatieriraficators for the social
background, mobility and responsibility of the individdal other persons. More-
over, the characterisation of the labour market prospsctsipported by a number
of further variables. These variables comprise the apjibicdor vocational rehabil-
itation, whether or not the individual has joined an ALMP gmamme somewhen in
the past, the number of placement propositions, the remepfi Ul, and the case-
worker's assessment of the placement restrictions dueaithhestraints. The num-
ber of placement propositions is a direct indicator for thecement restraints and
the employment chances of the individual. A higher numbarrsfuccessful place-
ment propositions refers to a higher need of assistanceeirpldicement process
including an adjustment of the unemployed person’s humaitaido the demands
of the labour market. Information on participation in an ABPMprogramme before
may be used to identify potential ‘programme careeriste @escription of the de-
velopment of the labour market in East Germany has pointédsee section 2.2)
that the majority of the unemployed persons have at least been allocated to a
programme. This is also supported by the descriptives ihe¥ah.3 and A.4. Be-
tween 57 and 62 percent of the participants and between 28&peércent of the
non-participants have participated in a programme in East@ny before. Hence,
the variable may be used as a proxy to capture the willingokgee participants to
participate in an ALMP programme.

It is quite obvious that the caseworkers play an importal& iothe allocation
process to the programmes. Since denying a job offer in arpdttion scheme by the
unemployed individual could be sanctioned by benefit cdatbeh, the caseworkers
are expected to have the final word in the participation dmeidf the casework-
ers act upon unobservable information that is correlatetl thie individual's po-
tential labour market outcomes, the conditional indepandessumption would be
violated. However, the information in use is surveyed bydaseworkers and is ex-
tended by their subjective assessment of the individuadtifgpation and placement
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restrictions. Thus, | assume that caseworkers act idigagioally given the observ-
able characteristics of the unemployed individual and thgextive assessments, i.e.
the information available. The large degree of freedom efdfiseworkers in the al-
location process has implications for possible anticipagdfects in terms of future
participation for the unemployed individuals. Unemployedividuals are unlikely
to turn down an offered occupation in a job creation schemardier to wait for a
place in another ALMP programme since this would imply thecgdlation of un-
employment benefits or assistance. Therefore, a possiseobihe estimations due
to anticipation effects of a future participation could beladed.

The attributes considered so far concentrate on supplyesipgects of the labour
market. But, demand side aspects should be considered hsThvwey are relevant
factors that influence the participation decisions and dbeur market outcomes of
the individuals due to the availability of places in ALMP grammes or regular
jobs. These demand side aspects characterise the locat lataoket conditions (see
Heckman, Ichimura, and Todd, 1997). On the one hand, that&ituof the labour
market differs between West and East Germany (see secfprCh the other hand,
the enaction of SGB Ill in 1998 has provided a larger degresetifresponsibility
and flexibility to the LEAsS, i.e. the single agencies deciddtee set of labour market
policy interventions they offer. For that reason, it is gupbssible that different local
labour market conditions in the LEAs lead to a different miyolicy interventions.
Explicit consideration of the 181 labour office districtsist feasible for estimation.
Therefore, | use the classification of the FEA as describeskention 4.2 to take
account of the differing local labour market conditions ipaasimonious way.

In summary, the discussion of the conditional independeasmimption has
shown that, given the detailed and comprehensive data deirat, | am able to
consider all factors that determine participation and lebrmarket outcomes. For
that reason, it could be argued that the conditional indégece assumption holds.
Hence, the matching estimator in the dynamic setting coaldded to evaluate the
employment effects of job creation schemes in Germany.

5.4 Implementation

5.4.1 Estimation of the Propensity Scores

The propensity scores have been estimated by two series pfabdt models (for
West and East Germany), each one modelling the probabiil#iading a programme

in monthu, conditional onX, conditional on having reached the unemployment du-
ration ofu € {1, ..., 24} months, and conditional on not having received a treatment
beforeu. The final model used for the propensity score estimatioadban chosen
based on the above discussion of the plausibility of the itimmél independence
assumption and extensive specification testifigpe results of these estimations are

3 With respect to the findings of the discussion in section 3.5.1, | havetedite variables
in order to minimise the differences between the treated and non-treatgiesaafter
matching, i.e. to maximise the balance between the covariate distributions.
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given in Tables A.5 to A.10 for West Germany and Tables A.1Atb6 for East
Germany in the appendix to this chapter.

The results of the estimates differ by months until starheftreatments and by
regions. | will give a brief summary of the characteristiafimg of the estimations.
The parameters for the age effects are not significant in wessts. As expected
from the descriptives (section 5.2), foreigners and/otumsyseekers have reduced
participation probabilities compared to Germans. Gendérdnces in West Ger-
many are only observable for months= 1,2,8,9 and 10, where women have a
reduced participation probability. A similar picture caa tevealed for East Ger-
many. Here, females are less often regarded for participatimonths, = 6,7 and
9 of the unemployment spell. However, women are more likelstart a programme
in the first month ¢ = 1). The number of placement propositions as well as hav-
ing participated in a programme before have a positive inftaeon the treatment
decision in both regions. A difference can be observed végpect to the number
of children. Whereas in West Germany persons with childremaore likely to par-
ticipate at almost any time of the unemployment spell, int Eeymany this is only
true for persons starting a programme early (between mantks2 and 4). The
chances for married persons or persons who live in cohabitdiffer between the
different points of times and regions. In West Germany,gliea tendency that those
persons are less often regarded by the caseworkers focipatidn. In contrast, for
East Germany this aspect makes no difference in terms d€ipation. However, it
should be noted that living with a partner or being marrieztéases the participa-
tion probability for months, = 7 andu = 22 and decreases it for month= 23.
With respect to the preceding duration of employment, pesseith only a short
duration (up to 180 days) are more likely to receive the tnesits compared to per-
sons with a work experience of more than 2 years. Unfortlyatee parameters for
the qualification details (schooling, professional tnagniassessment of individual’s
qualification by the caseworker) are not significant in thgomity of cases. Never-
theless, as the discussion in section 3.5.1 has emphatiissd,variables should be
regarded for balancing purposes. The parameters for t®isaladummies show a
mixed picture. For West Germany, there is an observableetarydthat in the winter
half of the year (between November 2000 and March 2001) psrace more likely
to participate in a job creation scheme compared to July 2B0Wever, it should
be noted that the parameters are not significant for all paftime. For persons
who start a programme after only one month of unemploymhbatgtis no seasonal
influence in the participation decision. The same resulhwitly a few exceptions
could be established for persons who have an unemploymeetierce of more
than 13 months. In contrast, the parameters for East Germeegal the opposite
picture. Here, participation seems to be more likely in thieer half of the year.
Taking a look at the parameters of the regional context kibeta the estimates indi-
cate that participation is less likely in labour office distis with better labour market
opportunities independently of region.
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5.4.2 Common Support and Matching Quality

The treatment effects of job creation schemes have beenatstl using NN match-
ing on the propensity score without replacement as destiibgection 3.3.4. How-
ever, to check the common support, Fig. A.1 to A.3 in the agdpetio this chapter vi-
sualise the density distributions of the estimated propessores at each for West
Germany. The analogues for East Germany are given in FigoAd6. The left hand
side of the graphs provide the distributions for the noated samplesi§, = 0),
the distributions of the estimated propensity scores fetithated sampleg), = 1)
are on the right hand side. It becomes obvious that for mdsieafion-treated groups
the distribution is highly skewed to the left. Problems vittle overlap could be ex-
pected in particular for the East German groups with an uh@mpent duration of
more than twelve months. The graphs indicate that the faatits’ distribution has
more density mass at the right. To overcome problems due d@okadf overlap in
the distributions, | impose the ‘minima and maxima compari€ondition with an
additional calliper of 0.02 (see section 3.5.2).

Since | use propensity score matching to estimate the tegdteffects, the ability
of the procedure to balance the relevant covariates betweated and non-treated
individuals has to be checked. Tables 5.1 and 5.2 provideesoatching indicators
for West and East Germany. In addition, the number of tre@eldimn 2) and non-
treated individuals (column 3) are presented.

The first indicator is the standardised difference in per¢sndif) as described in
section 3.5.5. To abbreviate the documentation, | presenttedian of the statistic
before (column 4) and after matching (column 5). Moreoves, thbles contain the
calculated pseud®? of the propensity score estimation for the full (column 63 an
the matched sample (column 7). The last column denotes tiné@uof individuals
lost due to the common support condition.

Starting with the median of thst.dif for West Germany, it becomes obvious
that the treated and non-treated samples differ by betw&(® = 10) and 14.55
percent{ = 24) before matching. After matching, the covariate distiidog of both
samples are far more balanced. The median othif is reduced to between 2.02
(v = 1) and 7.09 percenty= 20). It should be noted that the remaining imbalance
is larger for treated groups with only a small number of obstons. For all groups
with more than 150 treated observations, the matching pruoeereduces the bias to
below 4.51 percent. Therefore, it seems that the matchimgpeglure is able to reduce
the bias between treated and non-treated groups satisliacto

It has to be kept in mind that the median of tétedif in percent only allows a
crude approximation of the bias reduction in the single davas. Whereas some
of the covariates differ enormously between treated andtreaied groups before
matching, others are more similar. Particularly for valeabthat are statistically
significant in the propensity score estimations on a higkllex.g., the number of
placement propositions or the fact of having participated iprogramme before,
the matching procedure strongly reduces the imbalancegebattreated and non-
treated individuals. To give an example, whereas for perstarting a programme
in West Germany in month = 1 the st.dif for the number of placement proposi-
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Table 5.1: Indicators of Covariate Balancing Before and After Match{iVest
Germany, by Month of Treatment Start)

Month! No. of No.of Median Median  Probit Probit  No. lost

Treated  Non- Bias Bias ps-R> ps-R> duetoC$S
Before Treated Beforé  After> Before  After®
Before
1 698 124,732 8.07 2.67 0.13 0.01 0
2 506 92,971 8.09 2.02 0.15 0.02 0
3 474 69,395 7.36 4.04 0.16 0.03 0
4 405 54,953 11.16 3.74 0.13 0.02 0
5 354 37,737 8.57 3.70 0.15 0.03 3
6 389 35,471 8.80 2.47 0.16 0.03 2
7 419 26,928 9.27 3.19 0.15 0.03 0
8 368 23,234 6.81 3.57 0.12 0.04 0
9 331 18,991 8.95 4.34 0.14 0.04 1
10 295 16,355 6.23 3.03 0.15 0.03 3
11 267 13,911 8.55 3.19 0.14 0.03 2
12 476 12,996 8.47 2.06 0.16 0.02 4
13 609 10,856 9.46 2.43 0.26 0.02 110
14 228 9,335 7.05 451 0.13 0.06 1
15 198 8,631 6.86 3.80 0.15 0.05 2
16 131 7,290 11.59 6.32 0.16 0.10 3
17 149 6,863 11.31 6.11 0.20 0.08 2
18 128 6,358 7.19 7.70 0.18 0.08 0
19 151 5,889 7.43 4.13 0.15 0.06 4
20 95 5,417 8.39 7.09 0.22 0.13 0
21 109 5,185 7.71 5.95 0.19 0.10 2
22 95 4,452 12.48 6.90 0.18 0.10 0
23 105 4,258 7.83 4.38 0.15 0.08 1
24 96 3,858 14.55 4.81 0.21 0.11 0

1 Month refers to the month the treatment starts in the individual unemplayspet, u.

2 Median bias denotes the median of the standardised difference in péstiewing
Rosenbaum and Rubin (1985) before and after matching.

3 Probit psR? refers to the pseud®? computed for the full sample (before) and the
matched sample (after).

4 Number of treated individuals lost after imposing the common suppadition.

tions (programme before unemployment) amounts to 60.7A8J$ercent before,
it is reduced to 5.61 (9.60) percent after matching.

The comparison of the pseud®* between the full and the matched sample sup-
ports the results of thet dif. In particular for the larger groups, the systematic differ
ences in the distributions of the covariates between tlaggtdeand non-treated groups
are adjusted away. Unfortunately, this finding does not fal@ll of the groups. Al-
though theR? for persons starting a treatment in months= 16, 20, 21,22 and
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u = 24 are clearly lower after matching than before, the figuresraftatching in-
dicate some remaining differences. This should be kept imdmihen interpreting
the results. Considering the number of individuals lost tiuthe common support
condition, only for persons starting a treatment in mant 13 | lose about 18.06
percent of the treated individuals. Thus, the results mdichat adequate compari-
son individuals in the non-treated group that have simitappnsity scores could be
found for all points of time except = 13.

Table 5.2: Indicators of Covariate Balancing Before and After Match{East
Germany, by Month of Treatment Start)

Month! No. of No. of Median Median Probit Probit No. lost

Treated  Non- Bias Bias ps-R? ps-R> duetoCS
Before Treated Befor€  After> Before  After®
Before
1 1,589 62,952 5.83 1.79 0.16 0.01 1
2 1,203 45,520 8.85 1.39 0.18 0.01 2
3 1,225 38,938 7.85 1.88 0.15 0.01 4
4 1,085 32,414 5.27 2.09 0.13 0.01 0
5 938 23,656 5.40 1.99 0.12 0.01 5
6 1,143 24,450 6.25 2.10 0.12 0.01 4
7 1,382 20,214 5.81 1.74 0.13 0.01 8
8 1,139 17,406 6.48 1.73 0.12 0.01 1
9 1,014 15,452 521 1.70 0.12 0.01 3
10 906 13,150 7.18 1.47 0.11 0.01 3
11 924 12,247 7.28 1.65 0.12 0.00 1
12 1,222 11,150 5.63 1.90 0.16 0.01 36
13 1,672 9,547 6.48 1.34 0.20 0.00 208
14 961 7,031 5.01 2.52 0.22 0.01 178
15 910 6,862 4.68 1.68 0.20 0.01 152
16 741 5,760 511 2.59 0.20 0.02 113
17 690 5,402 7.00 2.98 0.20 0.02 102
18 585 4,720 6.34 2.86 0.20 0.02 123
19 533 4,406 5.68 2.76 0.23 0.03 126
20 402 3,907 7.23 3.65 0.18 0.03 70
21 422 3,910 6.00 2.62 0.22 0.02 86
22 336 3,212 7.22 4.36 0.21 0.03 52
23 328 3,193 6.50 2.86 0.20 0.03 26
24 260 2,721 9.10 3.77 0.21 0.03 27

! Month refers to the month the treatment starts in the individual unemplayspeti, .

2 Median bias denotes the median of the standardised difference in péstiewing
Rosenbaum and Rubin (1985) before and after matching.

% Probit psR? refers to the pseud®? computed for the full sample (before) and the
matched sample (after).

4 Number of treated individuals lost after imposing the common suppaodition.
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The quality indicators for East Germany show a better pictAtthough the me-
dian of thest dif before matching is lower compared to West Germany and araount
t0 5.01 @ = 14) to 9.10 percenty( = 24), the remaining mediast dif after match-
ing is only between 1.3%(= 2) and 4.36 percenty(= 22). Thus, | could expect the
covariate distributions to be balanced between the tremtddnatched non-treated
groups. Again, the median of tiee dif should be seen as a rough approximation of
the bias reduction only. In analogy to the example for Wesnh@ay regarding the
number of placement propositions and having participatea programme before
for persons starting a programme in month= 1, the results for East Germany are
the following. Whereas thet dif for the number of placement propositions (pro-
gramme before) is 53.64 (87.87) percent before, it is redltee.15 (0.84) percent
after matching. The pseud®? point in the same direction. For no group, signifi-
cant differences can be observed after matching. Unforelynas expected from the
visual analysis of Fig. A.4 to A.6 in the appendix to this ctesipthe common sup-
port condition poses a few problems particularly for grosiasting a treatment after
monthu = 12. Hence, | lose between 7.98 & 23) and 23.64 percenty(= 19) of
the treated individuals.

A final point to be mentioned refers to the number of potert@hparison in-
dividuals at each point of time. For persons starting a itneat early in the un-
employment spell, there is a large number of non-parti¢cgpdmat could be used
as potential matches, e.g., for month= 1 the number of non-participants before
matching amounts to 124,732 individuals in West GermanyGh€52 individuals
in East Germany. Thus, it is more likely for the matching jahere to find adequate
matches. However, for persons starting a treatment latdeininemployment spell,
the number of potential comparisons decreases becauseihparticipants have
left the unemployment for regular employment or other paogmes yet. Therefore,
for monthu = 24 the number of non-participants before matching amountsiy o
3,858 individuals in West Germany and 2,721 individuals astE5ermany. Due to
this, it is harder for the matching procedure to find adeqoateparison individuals
to approximate the counterfactual outcome of the partidipa

5.5 Employment Effects of Job Creation Schemes

In the following, the results of the estimations for the eayphent effects of job cre-
ation schemes are to be discussed with a distinction betWeshand East Germany.
As mentioned in section 3.5.6, the outcomes of the treatddreaiched non-treated
individuals are compared from the start of the programmegaot. By doing so, a
possible occurrence of locking-in effects has to be comedién particular shortly
after programmes have started. Therefore, taking a lodkeagxit rates of the par-
ticipants from the programmes is helpful to assess the lplessiagnitude of these
effects. Tables A.17 and A.18 (West Germany) as well as Antb/a20 (East Ger-
many) in the appendix to this chapter present the cumulatiédages by month of
treatment start. The figures of the tables show that the ihajarparticipants leave
the programme within one year after the start of the programine. between 89.47
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(v = 20) and 98.17 percenty(= 21) of the participants in West Germany have left
the programmes 12 months after programmes have startedofitesponding num-
bers for East Germany amount to 93.46- 24) to 97.26 percent = 21).* Since
employment effects are measured until 30 months after #reaftthe job creation
schemes, successful programmes should overcompenstie éxpected initial fall.

5.5.1 Effects for West Germany

The employment effects of job creation schemes with redpettie timing of treat-
ment for West Germany are presented in Fig. 5.1 to 5.3. Thghgrplot the devel-
opment of the effects from the first month after start of tHe goeation schemes to
month 30. The solid line describes the monthly employmefatcefi.e. the differ-
ence in the employment rates between treated and matcheleaded individuals.
The dotted lines are the lower and upper 95 percent confidenits. In addition,
to allow a more accurate discussion, Table 5.3 presentsthdts for five selected
months.

The first thing to note, common to all groups independentlyhef preceding
unemployment duration, is a large drop in the employmergcgdf during the first
months after programmes have started. For the majority @figg this decline in
the difference of the employment rates reaches its peakdréumonths after pro-
grammes have started. It is reasonable to interpret the idrdipe effects as the
expected locking-in effects the participants experient@sivin the programmes.
These locking-in effects are particularly articulateddooups starting a job creation
scheme early in the unemployment spell.

To give an example, 6 months after the start of the progranionggrsons start-
ing in monthsu = 1 (u = 6) of the unemployment spell, the employment rate is
-22.6 (-21.2) percentage points lower compared to the madtobn-participants. For
groups starting the programmes later in the unemploymesit, ¢$pe locking-in ef-
fects are still observable but not as strong as for the eati&ting groups. Thus,
participants who have started a programme after 19 (v = 24) months of un-
employment have an employment rate that is -13.6 (-9.4)ep¢age points lower
compared to a situation where they had decided to wait lofigper different magni-
tude of the locking-in effects for different starting pargf the programmes during
the unemployment spell reflects the different labour maskestion of the individ-
uals. Persons with only a short duration of unemploymenldocbe expected to have
better outside options on the labour market, i.e. finding jearlier, compared to in-
dividuals with a longer unemployment experience (‘negatiuration dependence’,
see above). Therefore, the higher employment probasilitféndividuals who join
a programme early in the unemployment spell lead to a stroleg&ing-in effect
whilst on the programme.

The tables providing the exit rates of participants from pinegrammes have
shown (Tables A.17, A.18) that most of the participants Hafel2 months after

4 In addition, it should be noted that in each region about one half to two tbiritie partic-
ipants leave the programme between month 10 to 12 after programnestheed.
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Fig. 5.1: Employment Effects for West Germany (Treatment Start Betwdonths
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Fig. 5.2: Employment Effects for West Germany (Treatment Start Betwdonths
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Fig. 5.3: Employment Effects for West Germany (Treatment Start Betwdonths

u =17 andu = 24)
u =17

u =18

0. 0
0.20+ 0.20+
0.154 0.154
0.104 0.104
G 005 G 0054
13 13
g 2-0.00
g g
[} I} -0.05+
E E -0.104
< <
-0.154
-0.204
-0.25+
-0.30 T T T T -0.30 T T T T
5 1 20 25 5 10 20 25
Month after programme start Month after programme start
— = Employment Effect -~ 95% Conf. Interval — = Employment Effect  --------v 95% Conf. Interval
u =19 u = 20
0.25
0.20
0.154
0.104
g 005 5
E E
5 5
2 2
=3 =3
E E
() [
= =
E E
< <
-0.30 T T T T T -0.30 T T T T T
5 10 15 20 25 30 5 10 15 20 25 30
Month after programme start Month after programme start
——=—— Employment Effect ---- 95% Conf. Interval ——=—— Employment Effect  ..-------oc 95% Conf. Interval
u =21 u =22
0.25 0.25
0.204 0.204
0.154 0.154
0.104 0.104
§ 0.059 § 0.059
£ s
3 3 -0.00
g g
0 i) -0.05+
E E -0.104"
< g
-0.154
-0.201
-0.254
-0.30 T -0.30 T
5 1 20 25 5 10 20 25
Month after programme start Month after programme start
— = Employment Effect -~ 95% Conf. Interval — = Employment Effect  -------ev 95% Conf. Interval
u =23 u =24
0.25 0
0.20+ 0.20+
0.154 0.154
0.104 0.104
g g 0054
E E
2 2 -0.00
g g
I} I} -0.05+
E E -0.10
< < g
-0.154
-0.201
-0.254
T T T T T -0.30 T T T T T
5 10 15 20 25 30 5 10 15 20 25 30

Month after programme start

——— Employment Effect - 95% Conf. Interval

Month after programme start

95% Conf. Interval

——— Employment Effect




5.5 Employment Effects of Job Creation Schemes 107

Table 5.3: Employment Effects for Selected Months (West Germany, byt of
Treatment Start)

[

u Obs? Ag Alzu A1gu Agg Aszou

1 698 -0.226 -0.117 -0.113 -0.044 -0.036
2 506 -0.231 -0.146 -0.125 -0.059 -0.057
3 474 -0.224 -0.082 -0.068 0.017 0.006
4 405 -0.225 -0.121 -0.119 -0.067 -0.054
5 351 -0.179 -0.134 -0.077 -0.014 0.026
6 387 -0.212 -0.140 -0.114 -0.070 -0.021
7 419 -0.158 -0.086 -0.067 0.002 0.010
8 368 -0.166 -0.079 -0.046 -0.022 0.005
9 330 -0.167 -0.076 -0.048 -0.018 -0.012
10 292 -0.164 -0.082 -0.086 -0.034 -0.041
11 265 -0.151 -0.068 -0.075 -0.038 0.000
12 472 -0.201 -0.078 -0.044 0.004 0.061
13 499 -0.154 -0.008 0.004 0.118 0.126
14 227 -0.132 -0.070 -0.048 -0.018 0.040
15 196 -0.148 -0.010 -0.036 0.020 0.000
16 128 -0.188 -0.078 -0.039 0.008 0.031
17 147 -0.109 -0.041 -0.014 0.027 0.000
18 128 -0.109 -0.086 -0.070 -0.008 0.023
19 147 -0.136 0.007 0.020 0.054 0.048
20 95 -0.179 -0.063 0.021 0.011 0.021
21 107 -0.140 -0.065 -0.047 -0.047 -0.047
22 95 -0.105 -0.011 0.000 0.084 -0.063
23 104 -0.154 -0.106 -0.010 0.048 -0.019
24 96 -0.094 0.135 0.042 0.031 -0.031

Bold letters indicate significance on a 1% levighlic letters refer to the 5% leveld, ,,
denotes the employment effect in morthfter treatment start in month of the unem-
ployment spell.

! 4 denotes the months spent in open unemployment.

2 Obs. refers to the number of treated observations when using neaigbbur matching
without replacement and an additional calliper of 0.02. Common sutjgpdnposed by

the minimum-maximum comparison.

the programmes have started. For this reason, lockingféctefshould decrease at
that time. The empirical picture confirms this expectatiéor most of the groups,
a jump in the employment effects could be observed betweemitnths 12 and
14 after the start of the job creation scheme. However, sdfferehces between
the groups should be noted. On the one hand, for individuattirey a programme
between months = 1 to v = 3 of their unemployment spells, the jump in the
employment effects in accordance with the exit rates isrisledbservable. On the
other hand, it is less pronounced for groups starting thetrtrent during months
u = 4 tou = 6. For the groups starting the programme later than manth 7,
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the abrupt rise in the employment effects is again more esipbd analogous to the
cumulated exit rates.

The picture of the development of the employment effectinduthe following
months is mixed. Although the employment effects increasdhfe majority of the
groups until the end of the observation period, for most efgtoups the effects are
at best insignificantly different from zero 30 months aftesgrammes have started.
For individuals who have started a programme in months: 1,2 and 4 of the
unemployment spell, the employment rates are still -3.6,-&nd -5.4 percentage
points below that of the matched non-participants at tinae tiHowever, for persons
who have started the programmes after manth- 12 and 13 of unemployment,
the results provide a more optimistic picture. Here, the legmpent rates are about
6.1 = 12) and 12.6 ¢ = 13) percentage points higher compared to the non-
participants 30 months after programmes have started.

It should be noted that nine of the groups £ 1,7,10,11,12,13,15,19,21)
experience almost constant employment effects during ¢cersl year after pro-
grammes have started. Most of those groups have an employaterthat remains
almost unchanged during that time and is below or equal tooftthe matched non-
participants. In particular, for the groups starting theatment after 12 months of
unemployment, there is a second jump of the employmenttsfdche start of the
third year after the job creation schemes have startedhearhaller groups in anal-
ysis (w = 20, 22, 24), the employment effects reveal an erratic course. In thigext,
let me recall the results of the quality indicators (seeispd&.4.2). For almost all of
the groups with less than 150 treated individuals (exceptthorts starting a treat-
ment in monthu = 17 andu = 23), those quality indicators suggest some remaining
imbalances in the covariate distributioh§herefore, the estimated treatment effects
should be interpreted with some caution.

To summarise the findings for West Germany, it becomes obwioat indepen-
dently of the preceding unemployment duration participamjob creation schemes
experience strong locking-in effects whilst in the prognaes. Moreover, although
| consider 24 distinct points of time in the individual undmpnment spells when to
start a programme, the results indicate that for most of tbags the effects do not
differ significantly from zero even 30 months after progragsnmave started. For
this reason, job creation schemes do not improve the enipldyaof the partici-
pants in the short and medium run. In addition, individuaklowtart a programme
early in the unemployment spell suffer from participatiantlae estimated negative
employment effect 2.5 years after the start of the prograsrimely. Thus, job cre-
ation schemes should be avoided early in the unemploymeiitisphe direction of
searching longer in open unemployment. However, for theipdarget group of
job creation schemes, unemployed persons who exactly mmeeligibility criteria
for long-term unemployment, the picture is not so bad atHdire, the programme
seems to work in terms of an improved employability of theipgrants as becomes

5 For the groups starting a treatment in months: 16, 20, 21, 22 and 24 of the unemploy-
ment spell, this is given by thR? statistics after matching, for the group starting in month
u = 18 by the median of thet.dif.
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obvious from the positive employment effects at the end efdhservation period.
Unfortunately, except for this group, the overall pictufare efficiency of job cre-
ation schemes with respect to its purpose — improving thel@ment chances of
the participating individuals — is rather disappointing Wéest Germany.

5.5.2 Effects for East Germany

The development of the employment effects of job creatibesees in East Germany
are given by Fig. 5.4 to 5.6 with respect to the timing of tneatt in the unemploy-

ment spell. In analogy to the graphs for West Germany, thie $iokes denote the

employment effects in terms of the difference betweendgtand non-treated indi-
viduals for month 1 to month 30 after treatment has startbd.dotted lines are the
lower and upper 95 percent confidence limits. In additioml§®.4 provides more

detailed information for five selected months.

Similar to the findings for West Germany, participants in¢oation schemes in
East Germany suffer from the locking-in effects of the pemgmes during the first
months after programmes have started. However, in cortraéiseé West, the magni-
tude of these effects is less strong. | have described tlse ®tuation of the East Ger-
man labour market in detail in section 2.2. From this disitusghe smaller magni-
tude of the locking-in effects is not surprising becauseawaces are rare. Therefore,
there are not many outside options for non-participants©is€quently, the number
of individuals leaving unemployment for regular jobs is &wthan in West Ger-
many, even if they have experienced only a short duratiomefnployment. Thus,
the employment rates for the majority of the participatingups 6 months after pro-
grammes have started are about 9 to 13 percentage pointstlamefor the matched
non-participants. One exception are persons starting ergdtion scheme in month
u = 23 of the unemployment spell who suffer from participation Inyeamployment
effect of -19.2 percentage points.

Similar to West Germany, most of the participants have leét programmes
about one year after programmes have started. Howeverario@ease in the em-
ployment effects could not be established at that time, &gl groups experience
a modest increase. Unfortunately, in contrast to West Geynvehere a rising devel-
opment in the employment effects could be observed untiitttof the observation
period for most of the groups, this encouraging tendencydooot be found for East
Germany. In particular for groups with an unemployment tlareuntil treatment of
less than 12 months, the effects remain on an almost coristehtuntil 30 months
after treatments have started. Due to that, | find signifioegative employment ef-
fects for all of the groups who have started the programméasdes month: = 1
andu = 12 of the unemployment spell. The corresponding employmetesraf
these participants are between -3 11) and -2.8 { = 6) percentage points
lower at the end of the observation period compared to thatsiin where they had
decided to wait longer in open unemployment.

For the groups starting the treatment between months 13 andu = 23 of
the unemployment spell, the employment effects tend toeas® over time. Un-
fortunately, no positive employment effects until 30 manétfiter programmes have
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Fig. 5.4: Employment Effects for East Germany (Treatment Start Betwdonths
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Fig. 5.5: Employment Effects for East Germany (Treatment Start Betwdonths
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Fig. 5.6: Employment Effects for East Germany (Treatment Start Betwdonths
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Table 5.4: Employment Effects for Selected Months (East Germany, bythlof
Treatment Start)

ul ObS2 AQU A12’u AlS,u A24,u ASO,u

1 1,588 -0.140 -0.093 -0.101 -0.057 -0.064
2 1,201 -0.112 -0.085 -0.091 -0.072 -0.070
3 1,221 -0.133 -0.073 -0.075 -0.059 -0.054
4 1,085 -0.124 -0.084 -0.092 -0.063 -0.058
5 933 -0.086 -0.050 -0.066 -0.050 -0.038
6 1,139 -0.097 -0.068 -0.046 -0.038 -0.028

7 1,374 -0.119 -0.074 -0.072 -0.079 -0.047
8 1,138 -0.108 -0.071 -0.057 -0.052 -0.054
9 1,011 -0.101 -0.054 -0.045 -0.037 -0.047
10 903 -0.106 -0.069 -0.079 -0.055 -0.049
11 923 -0.108 -0.078 -0.077 -0.060 -0.073
12 1,186 -0.122 -0.065 -0.075 -0.056 -0.054
13 1,464 -0.105 -0.049 -0.059 -0.040 -0.031
14 783 -0.092 -0.052 -0.054 -0.046 -0.011
15 758 -0.129 -0.058 -0.059 -0.055 -0.038
16 628 -0.100 -0.080 -0.061 -0.041 -0.008
17 588 -0.155 -0.099 -0.099 -0.066 -0.053
18 462 -0.130 -0.069 -0.065 -0.037 -0.019
19 407 -0.106 -0.088 -0.074 -0.057 -0.091
20 332 -0.099 -0.072 -0.069 -0.048 -0.078
21 336 -0.125 -0.083 -0.036 -0.051 -0.039
22 284 -0.116 -0.060 -0.035 -0.018 -0.039
23 302 -0.192 -0.142 -0.103 -0.086 -0.066
24 233 -0.120 -0.073 -0.056 -0.094 -0.103

Bold letters indicate significance on a 1% levighlic letters refer to the 5% leveld, ,,

denotes the employment effect in morthfter treatment start in month of the unem-

ployment spell.
! 4 denotes the months spent in open unemployment.
2 Obs. refers to the number of treated observations when using neaigbbur matching
without replacement and an additional calliper of 0.02. Common sutjgpdnposed by

the minimum-maximum comparison.
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started could be established either. For persons who haviedta programme in
monthsu = 14,16 and 18, the employment rates do not differ significantly from
those of the matched non-participants at the end of the wdsen period. All other
groups experience reduced employment chances due toipatita in a job cre-
ation scheme. The worst effects are found for personsrgeatprogramme in month

u = 24: For those the employment effect in month 30 after programinaee started
is -10.3 percentage points. Less severe, but still negatiwehe effects for persons
starting the treatment in month = 13. Here, the employment rates of the partici-
pants are -3.1 percentage points below those of the matdmegarticipants. For all
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other groups except the three mentioned above, the empityafiects at the end of
the observation period are between those values (see Tdble 5

In summary, the findings of the empirical analysis for Eagin@my indicate that
job creation schemes are not able to improve the employniemioes for participat-
ing individuals within the first 30 months after programmaséistarted. Although |
find some effect heterogeneity with respect to the timingedtment in the individ-
ual unemployment spell, positive treatment effects for afhe groups in analysis
could not be established. Participants in job creation mesesuffer from strong
locking-in effects during the first months after programrhase started. However,
in contrast to the results for West Germany, the employmtatts do not tend to
rise after the majority of the participants have left thegueanmes. For that reason,
the overall picture of the efficiency of job creation scheindsast Germany in terms
of improved employment chances is rather unsatisfying. rékealts of the analysis
are in line with the findings of previous empirical studiesleating the effects of
job creation schemes in Germany (see, e.g., Caliendo €tGf)6&; 2006c) and the
review in section 2.4). On average, participation in thegpeonmes in East Germany
does not improve the integration chances of the individigalsegular (unsubsidised)
employment for up to 30 months after programmes have started

5.6 Summary

In this chapter, | have evaluated the effects of job creataremes on the individual
re-integration chances into regular (unsubsidised) eympbmt for the participating
individuals. A particular focus of the analysis has beenhantiming of treatment in
the individual unemployment spell. As emphasised in themeempirical literature
on evaluation of social programmes in comprehensive ALMResys like Sweden,
Switzerland and Germany (see, e.g., Sianesi, 2004, St&ge4, and Fitzenberger
and Speckesser, 2005), this timing conveys useful infaom&b assess the efficiency
of the programmes. Moreover, it allows to define particigatind non-participation
more dynamically, i.e. unemployed persons are non-ppétits as long as they do
not join a programme or leave for regular employment.

With the exceptionally rich data set at hand (described aptdr 4), the problem
of selection bias could be solved using the non-paraméimeshod of matching.
Conditional on having the same distributions of the reléavariates that deter-
mine programme participation and labour market outcomasglitional on having
the same unemployment experience and on not having joinedgrgmme during
this unemployment spell, | assume the non-participant&aues to be a reason-
able approximation of the participants’ outcomes if hag thet participated yet and
decided to wait longer in open unemployment.

Due to the large number of available covariates in the datasact matching has
been infeasible for the estimation of the employment effe€job creation schemes.
Instead, | have used propensity score matching that ovexsdhe curse of dimen-
sionality. However, the application of propensity scoretehing requires a careful
specification of the model as well as investigation whethertlialancing property
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is fulfilled for the single covariates. For that reason, Idavesented a detailed dis-
cussion of the plausibility of the conditional independeassumption. In addition,
| have calculated some indicators common in the empiritafdiure to assess the
quality of the matches. The overall findings are quite sgtigf Whereas | could
establish a good quality of the matches for the East Gernaupgras well as for the
larger West German groups, i.e. the matching procedure dlasded the covariate
distributions accurately, some minor differences renthiioe the smaller groups in
West Germany.

The differences in the labour market conditions and in thee efSALMP pro-
grammes in West and East Germany (as described in chaptav@pken considered
by separate estimations of the treatment effects for bajioms. Treatment effects
have been estimated for persons starting a treatment wifitbifirst 24 months of un-
employment until 30 months after programmes have starede$he programmes
are in general promoted for 12 months and the majority oigipants remain in the
programmes for almost this duration, the results indictteng locking-in effects
during the first months of participation. These locking-ffeets are more empha-
sised in West than in East Germany. One reason, among othaysye better labour
market opportunities for non-participating individuatswest Germany.

At the end of the observation period (30 months after the sfaéine programmes)
there are positive treatment effects for only two groups estWGermany. Namely,
participants who have started the programmes after 12 and 13 months of un-
employment experience 6.1 and 12.6 percentage point s@deamployment rates
compared to the situation where they had decided to waitdioimg open unem-
ployment. Participants who have started the programmégiagdhe unemployment
spell (monthu = 1,2 and 4) in West Germany suffer in terms of reduced employ-
ment rates compared to non-participation even 30 montles pfbgrammes have
started. For the remaining groups in West Germany, the gmy@at effects do not
differ significantly from zero at the end of the observatianipd. Therefore, the re-
sults indicate that the intended positive aspects of johtmme schemes are not able
to overcompensate the initial locking-in effects during gears after programmes
have started for most of the groups. The positive findinggp@sons who exactly
meet the conditions for long-term unemployment indicas the programmes work
for this problem group of the labour market. Unfortunatsiyce the estimates of
the employment effects for groups with slightly longer updosgment durations un-
til treatment are insignificant, the findings for long-termemployed persons could
not be confirmed in general. However, this may also be dueetgtaller numbers
of treated observations in these groups.

Considering the employment effects at the end of the obs8ervperiod in East
Germany reveals a disappointing picture. No positive egmpént effects for any of
the groups could be found. For persons starting a programmmenthsu = 14, 16
and 18 of the unemployment spell, the employment effectaidvest insignificantly
different from zero. All other groups experience negatimg®byment effects even
30 months after treatments have started. The worst effeetfoand for persons
starting a programme in month= 24 with -10.3 percentage points.
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In summary, the findings of the estimations for West and Easti@ny indicate
that job creation schemes perform poorly in improving thekyment chances of
the participating individuals. To be more explicit, paigiEtion in the programmes
does not help the individuals to re-integrate into regulas@bsidised) employment.
The only notable exception are long-term unemployed persdm start the pro-
grammes after 12 and 13 months of unemployment in West Ggrrhang-term un-
employed persons are one group that is most in need of agsistad re-integrating
those persons into regular employment is difficult. Henbe, gositive results are
promising and show that job creation schemes may work fartdriget group al-
though the findings are not confirmed for long-term unemplgyersons in general.
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Identifying Effect Heterogeneity to Improve the
Efficiency of Job Creation Schemes in Germany

6.1 Overview

In the last chapter, | have analysed the effects of job @eathemes on the re-
integration into regular (unsubsidised) employment wikpect to the timing of
treatment in the individual unemployment spell. The resaliow that the average
effects of these programmes (except two groups in West Geinaae negative or
at best insignificantly different from zero. Although thésd common finding in the
recent evaluation literature of ALMP programmes in Germangt in Europe, there
is only little evidence on the reasons. ALMP programmes vge@n as a reason-
able opportunity to reduce and avoid unemployment for a kime, but the inter-
national experiences with the implemented programmes shimixed picture. The
majority of the programmes seem to be ineffective in termshefr aimed goals.
As the overviews by Martin and Grubb (2001) for OECD coustaed Calmfors et
al. (2001) for Sweden clarify, most ALMP programmes are higitt present design
and implementation, not able to achieve a lasting reductfememployment.

The aim of this chapter is to analyse reasons for the disapipgipicture of job
creation schemes in Germany. One possible explanation m#yebpoor quality of
the programmes in conjunction with often cited stigma arakilog-in effects. But
leaving this argument aside for a moment, the results maycalse from inefficient
allocation mechanisms. The central motivation in this ernis that programme im-
pacts are heterogeneous (Manski, 1997 and 2000), and dhemégative average
effects may not apply for all strata of the population. As kiean, LaLonde, and
Smith (1999) point out, negative mean impacts may be acoleptimost partic-
ipants benefit from participation. Abandoning the ‘commdieet’ assumption of
treatment effects and identifying the individuals who giom the programmes is
an obvious opportunity to improve their future efficiendyhlose personal character-
istics could be identified which are responsible for theaffieterogeneity in individ-
ual impacts, this knowledge can be used for a better futlmeation of individuals

* The results presented in this chapter are published in Caliendo, HujerTleomsen
(2006Db).
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to programmes. A good example is a situation where a certagrgmme works for

older participants, but does not work for younger partinigeaat all. If younger in-

dividuals have been more allocated to the programme in tbe thee average effect
may have been negative. Knowing the sources of effect hggtamity would have
helped to achieve a better allocation of unemployed persmpsogrammes in the
future, i.e. assigning only older people in the example.

The analysis in this chapter is based on data on participeimbshave started a
job creation scheme in February 2000 and on a comparisoip gfowon-participants
who were eligible for participation in a programme at the ehdanuary 2000, but
did not participate in February. The available informatiord set-up of the data set
have been discussed in section 4.3.2. Since the data dofarthat used for the anal-
ysis in chapter 5, | will consider two main issues in the emoplrevaluation: First,
| analyse whether individuals who started a programme irrd&alyp 2000 gain on
average from participation. Thereby, | take gender-speaiid regional differences
into account. Since the average effects may not apply tdralissof the population,

I examine different sources of effect heterogeneity in @sdctep. | start with a se-

lection of special problem groups of the labour market, likeg-term unemployed

or individuals without professional training, and estimtteir treatment effects sep-
arately. After that, a simple indicator is constructed)ezhtarget score, based on
the individual’s number of disadvantages on the labour etatk analyse whether
programme effects differ corresponding to the individaéldur market obstacles. If
programmes are tailored to the needs of the most disadwehtage would expect

stronger effects for persons with a higher target scoreallyin use the estimated

participation probability to answer the question, whethbigher participation prob-

ability correlates with a higher programme effect.

All estimated employment effects in the later sections of thapter correspond
to December 2002 that is 35 months after programmes havedtand the last
month of the observation period. | am aware of the fact thasicteration of only
this month bears some shortcomings for a valuable intexfioet of the programme
effects. However, to give an idea of the development of theleyment effects over
time, | present the results during the observation periatiéfirst step of the anal-
ysis. The estimates for the second step of the analysis fottise mid-term effects
of job creation schemes.

The treatment effects for the target groups and the target sce estimated using
NN propensity score matching without replacement and @ealbf 0.02 (see sec-
tion 3.3 for details). Since | use information on particitsaim job creation schemes
who have started the programmes in one month only and antigsfects for fur-
ther sub-groups, explicit consideration of the timing @f@attment in the individual
unemployment spell, as in the last chapter, is not posdifd¢ead, | balance the dis-
tribution of the unemployment duration between treatedrandtreated individuals
in February 2000 within the propensity score. By doing sa)duze comparison of
persons with similar unemployment durations. In additamthe only restriction for
the non-treated is no participation in February 2000, | deotonditioning on future
outcomes. Thus, the definition of the non-participants nsilar to that in chapter
5. For the analysis of the third question — whether a highdigigation probability
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correlates with a higher programme effect — | use a stratificanatching approach
(see section 3.3.4) based on the estimated propensity. score

The chapter is organised as follows: In the next section Il présent some es-
timation details concerning the estimation of the propgnstores as well as the
matching quality. After that, the results for the referegeeups in analysis will be
presented, i.e. men and women in East and West Germany. tiorséc4, | will
briefly review the different allocation mechanisms of ALMfaving done so, the
second issue of the analysis will be discussed in sectionT®® final section will
provide a summary of the findings of this chapter.

6.2 Some Estimation Details

6.2.1 Estimating the Propensity Score

I have estimated the propensity scores using binary logdetsowith participation
as dependent variable. To take account of regional heteedtyeand to allow for
gender-specific interaction effects, | have estimated ra¢panodels for men and
women in East and West Germangeveral model specifications have been tested
for the selection of variables to be included in the modele Tinal specification
contains explanatory variables, e.g., age, marital stétesnumber of children, na-
tionality, and health restrictions, that describe the @a@mographic background
of individuals. Furthermore, qualification is included byacacteristics, like profes-
sional training, the occupational group, the professioaak, and previous work ex-
perience. The influence of the individual labour marketdmists given by the unem-
ployment duration, the number of (successless) placemepbpitions, the duration
of the last occupation, the last contact to the personaleager, whether the person
is an aspirant to vocational rehabilitation, existing plaent restraints due to health
restrictions, and information on an ALMP programme pgptition in the past. The
regional context is considered by using the classificatidhe@FEA for comparable
labour office districts (see section 4.2). Table 6.1 prestd estimation results for
the participation probability in job creation schemes fog four main groups (men
and women in West and East Germany). Additionally, the nurabebservations in
those four participating and non-participating groupsiactuided.

! | have also estimated the propensity scores for the two regions usingyluariables for
sex. However, using the results of the two estimations ignores possildeggpecific in-
teraction effects and the fact that the coefficients in the estimation diffegiindignificance
and magnitude. This leads to a worse matching quality in the sense that theibglaf
covariates after matching is reduced, i.e.$hdif (see below) is higher.
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Table 6.1: Estimation Results of the Logit-Models for the Propensitpi®

West Germany East Germany
Men Women Men Women

Coeff, Std. Err. Coeff. Std. Err. Coeff. Std. Err. Coeff. Std. Err.
Constant -1.1739  0.2731 -3.1254 0.4533 -5.7880 0.3659 -8.0021  0.3944
Age -0.0599 0.0145  -0.0067 0.0235 0.0901 0.0141  0.1702 0.0136
Age (squared) 0.0004 0.0002 -0.0003 0.0003 -0.0008 0.0002 -0.0019  0.0002
Married -0.1676  0.0612 -0.4483 0.0761 0.2683 0.0506 0.1145 0.0344
Number of children 0.0653 0.0281 -0.0183 0.0439 -0.0335 0.0266 -0.0238 0.0184
German 0.4402 0.0683 0.2825 0.1211 0.6284 0.1966 0.7082 0.2432
Health restrictions
No health restric- Reference Reference Reference Reference
tions
80% and over 0.9160 0.1826 1.3404 0.2578 0.5491 0.2758 1.1375 0.2442
50% to under 80% 0.8052  0.1267 0.6433 0.1978 0.4991 0.1270 0.6032  0.1242
30% to under 50% 1.1190 0.3658 19871 04246 05691 0.1925 0.7999 0.1954
30% to under 50%,  0.2757 0.1570 0.0651 0.2685  -0.0708 0.1721  -0.0725 0.1826
no equalis?
Other health restric-  -0.0472 0.0892 -0.0751 0.1390 -0.1918 0.0716  -0.1422 0.0608
tions
Professional training
None, no CSE Reference Reference Reference Reference
None, with CSE -0.3364  0.0622 0.2294 0.1334 0.1015 0.0823 0.3428  0.0865
Industrial training -0.6738  0.0692  -0.0808 0.1399 -0.1777 0.0748  0.3315  0.0820
Full-time vocational -0.7639  0.2685  -0.0734 0.2432  -0.3223 0.2594 0.8588  0.1384
school
Technical school -0.0987 0.1756 0.7183 0.1927 0.2227 0.1231 1.0166 0.0977
Polytechnic 0.3534 0.2009 1.4983 0.2144  -0.0135 0.2058 1.0388  0.1794
College, University 0.2399 0.1577 1.0221  0.1869 0.0810 0.1354 0.9004 0.1272
Occupational group
Farming3 0.2222 0.0927 0.2628 0.2501 0.0092 0.0828 0.2370 0.0670
Mining, mineral -0.5605 0.4657 - - -0.7494 0.5154 - -
extraction
Manufacturing Reference Reference Reference Reference
Technical occupa-  -0.5810  0.1544  -0.1609 0.2605 -0.1954 0.0999 0.2149  0.0819
tions
Service occupations -0.3077 0.0544 0.3167 0.0995 -0.1739 0.0478 0.0127 0.0406
Other occupations 0.1023 0.1533 0.3933 0.26281.1891  0.2170 -1.2092  0.2860
Professional rank
BC, unskilled Reference Reference Reference Reference
worker
BC, skilled worker -0.5499 0.0982 -0.1637 0.1944 -0.1811 0.0597 0.0657 0.0525
WC, simple occu- 0.0163 0.1152 0.1490 0.1256 0.1809 0.1067 0.2197  0.0605
pations
WC, advanced 0.0877 0.1536 0.5131 0.1624  -0.2838 0.1662  -0.0404 0.1215
occupations
Other -0.0112 0.0563 0.1512 0.1054 0.0345 0.05280.1004  0.0437
Work experience -0.3397  0.0745 -0.3139 0.1017 -0.2279 0.0695 -0.1175  0.0527
Employment -0.0046  0.0005 -0.0033 0.0007 -0.0038 0.0004 -0.0028  0.0003
(months§
Duration of unemployment (weeks)
<13 weeks Reference Reference Reference Reference
13-52 weeks 0.2055 0.0616 0.0698 0.0889 0.4673 0.0561  0.2509  0.0511
>52 weeks 0.3087 0.0678 0.0888 0.0974 0.4498 0.0599 0.1694 0.0509
Placement proposi-  0.0494  0.0028 0.0530 0.0042 0.0610 0.0030 0.0919 0.0031
tions
Last contact -0.0013 0.0125 0.0520 0.0177 -0.1204 0.0114 -0.0644  0.0085
Vocational -0.1533 0.1185 0.0696 0.2039 0.2958  0.0939 0.1535 0.1024
rehabilitatior!
Placement restric- -0.3396 0.0989 -0.2654 0.1546 -0.3164 0.0870 -0.3000 0.0825

tions

continued on next page
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Table 6.1: (continued)

West Germany East Germany
Men Women Men Women
Coeff, Std. Err. Coeff. Std. Err. Coeff. Std. Err. Coeff. Std. Err.
Programme before unemployment

No programme Reference Reference Reference Reference
VT8, education 0.2292 0.0801 0.5301 0.1043 0.4830 0.0628 0.5263  0.0422
VT, adjustment 0.6479  0.2286 0.4613 0.4466 0.6545 0.0893 0.5634  0.0746
Job-prep. measure -0.4764 1.0285 2.6387 0.5245 1.1431 0.4289 0.3364 0.5250
Job creation 2.1463 0.0777 3.0671 0.1141 1.7272 0.0546 1.5382 0.0418
schemes

Rehabilitation -0.0929 0.2706  0.9368  0.3406 0.4232 0.2273 0.3780 0.2720
measure

Regional context variables

Cluster la - - - - -0.1040 0.1291 0.1421 0.1238
Cluster Ib - - - - -0.3077 0.1248  -0.0242 0.1210
Cluster Ic - - - - -0.2838 0.1361 -0.1841 0.1292
Cluster Il -0.2225 0.0730 -0.5666 0.0960 Reference Reference
Cluster Ill -0.1841 0.0722 -0.4601 0.0917 - - - -
Cluster IV -0.0080 0.1002 -0.4530  0.1423 - - - -
Cluster V Reference Reference - - - -
No. of Partici- 2,140 1,052 2,924 5,035

pants

No. of Non- 44,095 34,227 64,788 76,512

participants

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variab&fegt prediction of participation
decision or missing.

! percentages refer to accepted degree of restriction (DoR).

2 people with accepted degree of restriction, but no equalisation to other paiigoiise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

It becomes obvious that allocation differs by regions. Thefficients of the
socio-demographic variables show that the participatimtgbility of men in West
Germany decreases with age while in East Germany older ntewamen are more
likely to participate. This indicates the slightly differgpurpose of the programmes
in West and East Germany. Particularly in East Germany, fjieaton schemes func-
tion as a relief for the labour market and are used as a bragstitement. Further-
more, it has to be noted that German nationals are more ltkeparticipate than
foreigners. This may be due to the fact that other measurgd bfP (e.g., lan-
guage courses) are preferred by foreigners. Regardlesgiofr, health restrictions
increase the individual participation probability. Thisding indicates an allocation
according to the legal basis.

The coefficients for the characteristics describing thdificetion of the individ-
uals emphasise gender-specific differences in the altotafi higher qualification
increases the participation probability in both regionsomen, whereas the coef-
ficients are insignificant for higher qualified men. The pesitoefficients may be
seen as an indication that for higher qualified women it imdvarder to return to
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regular employment; so they are willing to participate ib greation schemes to fin-
ish unemployment. As expected, work experience reducgsattieipation probabil-
ity of all groups. Work experience is generally an importenierion for placement
into regular employment. The finding indicates that experde workers have other
opportunities on the labour market. Since unemploymenatdur is an eligibility
criterion for participation, its influence is of major impance. | included unemploy-
ment duration in three categories, up to 13 weeks, betweevet8s and one year,
and for more than one year. As expected, participation fnitiaincreases with
unemployment duration.

The number of (successless) placement propositions iglarator for bad labour
market opportunities, and the coefficient affirms alloga@@cording to the law. A
last interesting point to note is that placement restnitias evaluated by the case-
worker harm the participation probability. This is somewbiarprising because job
creation schemes should even be offered to these groups.

The coefficients for the regional context variables are farence to the labour
office districts with the best labour market environment.r&lsevere labour market
conditions correlate with a decrease in the participaticbabilities in both parts.
For men in East Germany, living in labour office districtsiwatverage labour market
opportunities bears the clearest reduction of partiaymagrobability while analo-
gously for West German women and men, living in labour offistritts dominated
by large cities with an above average unemployment showsttbagest decrease.
The better the labour market conditions in the respectikeuda office district, the
more likely are the unemployed persons to participate.

6.2.2 Matching Quality

Before | present the results, the quality of the propensityres estimation and the
success of the matching procedure in balancing the cogartatween treatment
and comparison group should be checked. The model speicifi¢at the propensity
score estimation is based on specification tests to idethtdyrelevant variables. A
simple method to validate the ability of a good predictiothis computation of hit-
rates (‘hit or miss’ method, see section 3.5.1), i.e. thgprtion of persons with a
correct prediction of their status (participation and mamticipation). As becomes
obvious from Table 6.2, these hit-rates lie between 70.6guerfor men and 75.7
percent for women in West Germany. For East Germany, theatét are 74.2 for
men and 72.2 percent for women. This implies a quite accunaderlying model.
However, the aim of propensity score matching is not to méeérthe hit-rate, but
to balance the covariates between treatment and compayieaps.

| do so by comparing the difference in percent between theeive participat-
ing and non-participating groups before and after matctiog place. To abbreviate
the documentation, | present only the means ofsthaif before and after matching
for the four main groups (Table 6.2). While the mesiwlif lies between 10.83 and
14.62 percent before matching, it reduces to 1.60 to 3.2€epéafter matching.

In addition, the results of the pseudty-from Table 6.2 show that the statistics
are fairly low, and there are no systematic differences éendistributions of the co-
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Table 6.2: Some Quality Indicators

West Germany East Germany

Men Women Men Women
Before Matching
Observations 46,235 35,271 67,712 81,505
Hit-Rat€’ 70.6 75.7 74.2 72.2
PseudaR? 0.1389 0.1775 0.1225 0.1144
F-Test 2,406.8 (41) 1,679.4 (40) 2,951.3 (41) 4,323.3 (40)
Mean ofst.dif (in percentf 14.62 16.08 12.01 10.83
After Matching
Observation$ 4,246 1,960 5,846 10,054
PseudoR? 0.006 0.009 0.004 0.003
F-Test 38.0 (41) 23.4 (40) 35.3 (41) 39.2 (40)
Mean ofst.dif (in percentf 251 3.20 1.78 1.60

! Observations are the sum of participating and nonparticipating individuals.

2 Hit-rates are computed as follows: If the estimated propensity score is larger tean th
sample proportion of persons taking treatment 2€X) > P, observations are classified
as ‘1. If P(X) < P, observations are classified as ‘0'.

3 Mean ofst.dif is calculated as mean of the single characteristics’ standardisecedifies
in percent (see section 3.5.5 for details).

* Since | apply NN-matching without replacement and a calliper of 0.02ntheber of
treated individuals is reduced after matching by observations falling fatieaegion of
common support. The numbers of the treated individuals can be cattblattividing the
number of observations by 2.

variates between both groups left after matching. The tesidlthe F-tests (with
degrees of freedom in brackets) point in the same directiditating a joint influ-
ence before, and no joint influence after matching.

6.3 Employment Effects of the Reference Groups

The employment effects of job creation schemes for theeafar groups of the anal-
ysis, men and women in West and East Germany, in the time batebruary 2000
and December 2002 are given in Fig. .o some extent the development of the ef-
fects is comparable to the findings of chapter 5. In the firsttt®after programmes
have started, participants suffer from being locked inglogrammes by negative
employment effects. These locking-in effects have beereeep as participating
individuals have a reduced search intensity whilst in tregpammes compared to
non-participants. Due to this, a reasonable interpreatatfothe programme effects

2 In analogy to the figures in chapter 5, the bold line denotes the treatment effthe
programmes as the difference between the employment rates of ttedlteead matched
non-treated groups. The dotted lines refer to the 95 percent condidiarits.
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on the employment rates should start after most of the fjzatits have left the
programmes, i.e. after 12 months. Since the purpose of jedition schemes is to
stabilise and qualify unemployed persons for the re-itign into regular employ-
ment, | would expect increasing employment rates after tbgrammes have ended.

Fig. 6.1: ATT (Employment) Between February 2000 and December 2002

WEST GERMANY
MEN WOMEN
0.10 0.10
0.054 0.054

ATT (Employment)
ATT (Employment)

5 8 11 14 17 20 23 2 29 32 35 5 8 11 14 17 20 23 2 29 32 35
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-0.25 T T

———e—— Employment Effect  -.cceeen.t 95% Confidence Interval ‘ ‘+ Employment Effect  ---ceen.. 95% Confidence Interval

EAST GERMANY
MEN WOMEN

(Employment)
(Employment)

ATT

-0.25 T T T T T y T y T T -0.25 T T T T T y T y T T
5 8 11 14 17 20 23 26 29 32 35 5 8 11 14 17 20 23 26 29 32 35
Months after Programme Start (February 2000 = 1, December 2002 = 35) Months after Programme Start (February 2000 = 1, December 2002 = 35)
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After an initial fall during the first months, there is a cleging tendency of the
employment effects for the groups in West Germany and a ratelésing tendency
for the groups in East Germany. For the smallest group, womé&¥est Germany,
there is the strongest increase in the employment ratessigtiificant positive ef-
fects at the end of the observation period in December 2002 effects for men in
West Germany are increasing, too, but the effects are iifisignt at the end of the
observation period, i.e. an increase in the employability tb participation cannot
be established. While the effects in West Germany are cleanhg, | find a stepwise
increase with relatively constant levels over one-yeaiops in East Germany. Be-
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sides that, the locking-in effects during the first yearrafie start of the programmes
are not as strong as in the West. As mentioned in chapterfititiing may result
from the worse outside options on the labour market for thre participants.

Although the effects show a rising tendency for all groupsigaificant increase
of the employment rates due to participation can only beedtédr women in West
Germany, who have a significant positive effect of 4.6 peagmpoints in December
2002. For men in West Germany, | do not find any significantot$fén December
2002, whereas men in East Germany have a significant negdteat of -2.9 per-
centage points. For women in East Germany, the effect ibtfigetter but still sig-
nificant negative at -1.4 percentage points. It seems thatrj@ation schemes rather
decrease than increase the employment prospects of partisi

The results confirm the findings of the empirical analysis apter 5. Also
when estimating the treatment effects until 35 months aftegrammes have started,
the results do not reveal successful programmes in termecofased employment
chances. Except the group of women in West Germany, none oéfarence groups
in consideration experiences a significant increase of émployability. Of course,
due to the strong locking-in effects participants are onraye worse off after the
programmes have ended compared to non-participants. Howey mentioned al-
ready, successful programmes should overcompensatedganitial fall.

6.4 Allocation Mechanisms

Obviously, one possible explanation for the discouragesylts in terms of employ-
ment effects may be the poor quality of the programmes incéestion with stigma

and locking-in effects. Another possible cause may be affiéient allocation of

participants. Since programme effects are heterogenéddaisski, 1997 and 2000),
the average effects depicted in the above section must pdt apall strata of the
population. Negative mean impacts may be acceptable if wiotte participants
benefit from the programme (Heckman, LaLonde, and Smith9)198bandoning

the ‘common effect’ assumption of treatment effects andtifigng the individuals

that benefit from the programmes are obvious opportunitiémprove the future
efficiency of job creation schemes and ALMP. If individuabchcteristics could be
identified that are responsible for the effect heteroggrieiindividual impacts, one
can use this knowledge to suggest allocation rules for @&b#tture allocation of
programme participants.

The potential improvement of allocation mechanisms is amuiscussed topic
in the recent evaluation literature (see, e.gglieh, 2001; Folich, Lechner, and
Steiger, 2003; Lechner and Smith, 2006). An optimal allocashould guarantee
the best results according to the underlying programme \gbate two goals — ef-
ficiency and equity — can be distinguished. If the goal is igfficy, programmes
target at the maximisation of the impacts of the outcometefést. If the goal is eq-
uity, treatments are administered to those individualstified as ‘neediest’, i.e., for
example, those individuals with the lowest predicted rgpleyment probabilities
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(Plesca and Smith, 2002). ¢fich et al. (2003) distinguish between non-statistical
and statistical allocation mechanisms.

6.4.1 Non-Statistical Allocation Mechanisms

Caseworker discretion is the most common non-statistiéatation mechanisr.
Potential programme participants are interviewed by thefsonal caseworker, and
allocation to programmes is accomplished in accordandestodseworker’s evalua-
tion of the unemployed person’s capabilities, the indigitRiinterests, and the avail-
ability of slots in the particular programmes. The crucestiire of the caseworker’s
mechanism for an optimal allocation of unemployed personmdgrammes is the
knowledge of the characteristics of the unemployed petbersituation on the local
labour market, and the programme providers as well as tHegsional expertise of
the caseworker (Lechner and Smith, 2006). There are only atfglies that examine
the quality of caseworker allocation in Europedkeh (2001) analyses the effects of
caseworker allocation in Sweden. Lechner and Smith aitichret al. (2003) eval-
uate the effectiveness of Swiss caseworkers in compartsarstimulated targeting
system. The results indicate that caseworker allocatitkslthe ability to achieve the
expected programme goals. Reasons for the ineffectiverfigiss caseworker alloca-
tion may be lack of knowledge of caseworkers regarding tfec@feness of certain
programmes. Caseworkers have to build expectations aimpatcts of programmes
on a very uncertain basis. In addition, the descriptionlobla market policy in Ger-
many has shown (see section 2.3.1) that there is a large mwhtd#ferent ALMP
programmes. This broad variety of available programmesesdtkdifficult to se-
lect an optimal strategy for a specific persond(feh et al.). Another issue concerns
possible ‘cream-skimming’. The experiences from the Jabriling Partnership Act
(JTPA) show that tying the funding to the performance of lgmagrammes mea-
sured by job placement rates creates the incentive to seevaost able applicants
without regarding how much different groups may have besgfitom programmes
(see, e.g., Bell and Orr, 2002).

Two other non-statistical allocation mechanisms shoulddied. In addition to
or as a substitute for caseworker allocation, participaars be assigned to pro-
grammes by deterministic or random assignment mechanithge random as-
signment avoids a selectivity bias in allocation, it is noleato control for effective
placement without further restrictioisRandom assignment mechanisms are used
in experimental design where a sample, based on a poput#teligible persons, is
allocated to services while another is not. For North Arreeriemployment and train-
ing programmes in particular, experimental designs haea liecreasingly used to
evaluate the treatment effects during the late 1980s an@sl ey are less common
in Europe, but experiments have been conducted in Germaeyann, Kirchmann,
Spermann, and Volkert, 2001 and 2002), Britain, Norway awed&n (see Heck-
man, LaLonde, and Smith, 1999). The limited number of satgkriments reflects

3 Unemployed persons in Germany are allocated to places in job creatiemsstby this
mechanism (see section 2.3.2).
4 See also the discussion in section 3.2.3.
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the ethical and financial restrictions that prevent impletagon in many countries.
A prominent example for the combination of caseworker a@ftimn and random as-
signment is the National JTPA study of Bloom, Orr, Cave, Baid Doolittle (1993).
Here, caseworkers determined the eligibility of the agplis for the programmes in
a first step. In a second step, two thirds of this selectedlptipn were allocated to
the treatment group and one third to the control group.

Deterministic allocation provides only a small potentialitnprove the effec-
tiveness of placement since programme effects are hetezoge with respect to
individual characteristics and also for persons with threesaet of (observable) char-
acteristics. The virtues of deterministic rules are sigipgliand equity in the sense of
treating observationally equivalent cases in the same Rkg€a and Smith, 2002).
An example for a deterministic allocation mechanism in Gamnis that every first-
time job-seeker receives an invitation to an individualreselling at the LEA.

6.4.2 Statistical Allocation Mechanisms

Statistical allocation mechanisms should avoid the pésgitoblems by relying on
some model indicating the individual gains of participatio a specific programme.
That is, the individual utility of participation in a prograne is estimated by using
a statistical method or an econometric model. Statistibat@ion mechanisms are
sometimes callegrofiling or targeting Unfortunately, there is no consistent classi-
fication up to now. OECD (2002) only uses the tepnofiling. It definesprofiling
as ‘a procedure where a numerical score, calculated on #ie bbmultivariate in-
formation, determines the referral of a job-seeker to frgmployment services'.
In contrast, Folich et al. (2003) distinguish between both terms. In tldeifinition,
targetingsystems deal with a variety of programmes and with the hygimtl out-
comes after participation in those programmes. Allocatibmdividuals is accom-
plished in order to maximise the labour market outcorResfiling is defined similar
to the OECD definition; here, a single score is used to akotta individuals to the
programmes. The score is supposed to reflect the need of andersintensive as-
sistance in order to get back to work @Hch et al.). In North American literature,
both terms have been used interchangeably (see, e.g.aRiedcSmith, 2002), but
targetinghas recently become more relevémence, | use this term.

The starting point for the implementation of statisticdbehtion mechanisms
in several countries has been evidence on the effectivaie®isMP programmes.
This evidence has suggested that programmes should béangsgked to the needs
of the individual job-seekers and the labour market, anttteatments should start

5 The interested reader is referred to OECD (1998; 2002) for ovesvidvthe experiences
with statistical allocation mechanisms in member countries of the OECD. iiaddhe
studies by Berger, Black, and Smith (2001) and Black, Smith, PlesdeSlaannon (2003)
analyse the value of statistical allocation in the US, and byi¢tr et al. (2003) and Lechner
and Smith (2006) for Switzerland.

5 One reason is that the teqnofiling is used in the context of racial profiling in the US.
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as early as possible in the unemployment spell (OECD, 1998jerefore, most
systems aim at predicting the individual probability of betng long-term unem-
ployed. According to that prediction unemployed indivitbuare allocated to ALMP
programmes. Examples for such systems are the JobseeksifiC&tion Instrument
(JSCI) in Australia that started in 1994 and the Worker Angfiand Re-employment
System (WPRS) in the US (since 1994). Similar systems areingbd Netherlands
(‘chance meter’) and New Zealand (Service Group Indic&a).

The Canadian system was different to those noted so farnPtine years 1994
to 1999, the Service and Outcome Measurement System (SOMSuged. This
system was no formal profiling system to identify the jobkses’ risk of becoming
long-term unemployed, but a combination of ‘characterssticreening’ and judge-
ment by counsellors. The idea of the system was to asseseshpdssible (in terms
of labour market outcomes) and cost-effective treatmentefims of unemployment
insurance saving) to the eligible individuals (OECD, 19%&)wever, since the sys-
tem was very data demanding, violations of the unemployesiops’ privacy rules
were expected. Moreover, SOMS coincided with a lay-off 6B, service delivery
staff. Thus, the remaining staff caused systematic disdegad refusal of the sys-
tem. For these reasons, SOMS was shut down and the databsseleted in 2002
(Frdlich et al., 2003). A similar system to SOMS is the Frontlibecision Support
System (FDSS) in the US that uses an estimated employadiilitye to determine the
programmes unemployed persons are allocated to. FDS8dstaith a pilot-testing
phase in 2002.

Other countries, like Germany (see Rudolph andnihich, 2001), Korea, Ire-
land and the UK (see OECD, 2002), conducted pilot projeatstatistical alloca-
tion mechanisms, too. Denmark, Finland, Mexico, and thezkdrepublic plan or
consider the implementation of statistical allocationtia hear future.

6.5 Targeting

Based on the OECD definition (see above), | will present tapggoaches to identify
potential sources of effect heterogeneity which could heusif successful — for a
better targeting in future. In a first step, | will select &irgroups with disadvantages
on the labour market, e.g., long-term unemployed persona.decond step, | will
use these definitions and build a simple index that | calelesgore. The target score
simply sums up the number of individual disadvantages.dfpgmmes are tailored
to the needs of the most disadvantaged on the labour mankeyltl expect higher
impacts for persons with higher target scores. For the atialu of the effects in
the target groups and for the target scores, | estimate ateparopensity scores for

7 In this context, it should be noted that the recommendation to start pragzamarly in the
unemployment spell has no general meaning. For example, the egidarthe employment
effects of job creation schemes (chapter 5) has shown that if progearare offered too
early in the unemployment spell, they may have more harmful effectgpaced to when
offered later.
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each group and category conside?denally, | test whether the effects differ corre-
sponding to different participation probabilities. To dn kstratify the sample in 20
sub-samples along the propensity score of the particigamtsapply a stratification
matching estimator.

6.5.1 Effects for Selected Target Groups

Identifying groups of participants who benefit from prograes is a central purpose
of programme evaluation. Recent evaluation studies of jehtmon schemes in Ger-
many (see, e.g., Caliendo et al., 2006a; 2006c) and expesdrom abroad (Martin
and Grubb, 2001) recommend a tighter targeting of prograsrtmandividuals with
disadvantages on the labour market. Selecting personstaaupposed to have a
below average employability is a reasonable first approadentify possible effect
heterogeneity due to personal characteristics. The dimmu®f the legal basis for
ALMP in Germany (section 2.3) has highlighted that theresaneeral groups of in-
dividuals who should be promoted predominantly. Thesearg-term unemployed
persons, individuals with health restrictions, or persat® apply for vocational
rehabilitation? Further target groups are younger and older unemployed hssve
workers without a completed professional training. In &ddj job creation schemes
should be particularly applied to individuals with speg&lcement restrictions.

The selection is oriented on these legal definitions. | exttnthe effects for par-
ticipants younger than 25 years and for participants oltken 60 years respectively.
Further groups are long-term unemployed persons who amaploged for more
than one year at the start of the programmes, individualk spiecial placement
restrictions due to health restrictions, and aspirantsottational rehabilitation. In
addition, four groups with other barriers to employmentseiected. The first group
contains individuals with more than five (unsuccessfulcptaent propositions by
the local labour offices, the second group are persons whedlezady participated
in an ALMP programme before unemployment. Group three c@eprindividuals
without professional training, and the last group are pe@pthout any work expe-
rience.

Table 6.3 contains the shares of individuals in each of thecssd groups dif-
ferentiated by treatment status. For most of the groupsiethigts show significant
differences of the shares between treatment and compagieap. Thus, one can
assume that these characteristics affect the allocaticisida to some extent. Sur-
prisingly, long-term unemployment (more than 52 weeks)ictvlis expected to be
an important selection criterion (in accordance to the Jaliffers only for men in
East Germany. Additionally, the share of aspirants to vonat rehabilitation of this
group and the proportions of men and women without work égpee in the region

8 The results of the propensity score estimations are provided in Table® B.16 in the
appendix to this chapter. Moreover, Table B.17 contains the results ofghest dif before
and after matching for the target groups and target scores.

9 These are especially persons who are not able to work in their prafemsjmore due to
health restrictions and therefore should receive a promotion for voedtiehabilitation.
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Table 6.3: Descriptive Statistics for the Selected Target Groupstigiants and

Non-Participants)

West Germany

Men Women
Part. Non-Part. Part. Non-Part.

Target Group

Shares in perceht

Age < 25 years

Age > 50 years

Without professional training

Without work experience

Long-term unemployed

> 5 placement propositions

Vocational rehabilitatioh

Placement restrictiofis

Participation in ALMP before unemployment

21.40 930 1730 7.14
16.12 37.27 1530 35.21
62.62 49.12 4525 49.94
1276 7.44 1511 7.44
39.16 40.79° 39.16° 42.16
49.21 2121 4249 17.05
5.19 6.27 4.18 3.11
16.54 2158 14.07 17.51
28,55 10.05 33.17 8.86

East Germany

Men Women
Part. Non-Part. Part. Non-Part.

Target Group

Shares in perceht

Age < 25 years

Age > 50 years

Without professional training

Without work experience

Long-term unemployed

> 5 placement propositions

Vocational rehabilitatioh

Placement restrictiofis

Participation in ALMP before unemployment

821 1349 294 6.36
38.06 31.05 30.69 35.71
28.63 23.10 2226 25.85
10.02 10.84 9.89° 10.38
3755 30.75 49.45 48.89
41.24 17.87 37.28 15.32
7.46° 7.48 3.10 4.60
13.47 16.16 7.47 1192
4716 17.08 57.28 27.85

* Denotes approximate equality of shares between treatment and comnpgrésip (5%

significance level).

! Shares are computed with respect to the number of participating/noripetitig individ-

uals in the according main group.

2 Unemployment duration for participants and nonparticipants at enchagdyp 2000.
3 Persons in vocational rehabilitation are unable to work in their professiptoager and

have to be qualified for a new profession.

4 Placement restrictions refer to the assessment of the caseworkie#fit restrictions of
the job-seeker reduce the number the job opportunities.

are approximately equal for participants and non-paidicip. This shows once again
the different purpose of job creation schemes in East and @&snany.

Further notable findings are the different proportions afipipants between the
regions. While the ratio of younger unemployed (below 25 geir West Germany
is clearly larger in the participants’ group, the situatiofcast Germany is the other
way round. Older unemployed are more likely to participaeeh These differences
have to be interpreted in light of the different labour masiiation in East and West
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Germany and the consequently different purpose of job ioreathemes in both re-
gions. Placing a larger share of young unemployed into jarogres in West Ger-
many complies to the law that postulates stabilising efffot later re-integration.
In East Germany, job creation schemes are used to relievialtber market, and
therefore older unemployed are more likely to participhntyounger ones.

Besides the age differences, it has to be mentioned thabmessith a larger
number of placement propositions or who have participatethiALMP programme
before unemployment are more frequent in the participagiogp. This confirms the
expectation that the number of successless placementsitiops directly indicates
placement difficulties (see also the discussion in chapténbthermore, earlier par-
ticipation may identify so-called ‘programme careerist$iese are persons assigned
to ALMP programmes subsequently with short spells of unesmpknt between the
single measures.

The employment effects for these nine target groups in Dbeer2002 are
provided in Table 6.4. As above, | distinguish between gemahel regions. It be-
comes obvious that programme effects are heterogenemssahe selected groups.
Whereas the analysis of the four main groups has shown thatevage men and
women in East Germany suffer from participation, men in W&stmany experi-
ence insignificant employment effects, and women in the sagien benefit from
participation, the effects for the target groups are nontidal with those findings.
Consideration of the effects for the selected groups of patgcipants in West Ger-
many shows that the effects are insignificant for almost adugs, too, but with
one exception. The group of long-term unemployed men berfediin participation
and shows an employment rate which is 5.03 percentage gogtier compared to
the rate of matched non-participants in December 2002. htrast, women in that
region do on average benefit from participation (main groMith regard to the
results in Table 6.4, it becomes clear that this finding dagshold for all of the
target groups. While three groups clearly gain from paréitign, i.e. older unem-
ployed with an employment effect of 12.67, long-term unesyptl with 11.25, and
hard-to-place women indicated by the number of placemeqsitions with 7.79
percentage points, the others do not experience any enhantef their employa-
bility. Anyhow, the three significant effects are higherrilibe effects for the whole
sample of women in West Germany.

Turning to the estimates for the East German groups revegl#@similar pic-
ture. Again, most of the estimates are statistically ingicgnt and participants do
neither suffer nor benefit from participation at all in Dedsn 2002. Whereas the
results for men in this region have been significantly negain average, this finding
is confirmed by the result of one group only, namely by pgrdots who have taken
part in an ALMP programme before (-3.36 percentage poidt)ther estimates
do not show significant differences to the non-participesuscomes. Regarding the
female participants in East Germany, | find long-term un@&ygd women to ben-
efit from participation with an increase of the employmené fiay 2.45 percentage
points compared to non-participation. No significant ddéfeces in the employment
rates can be established for the remaining groups.
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Table 6.4: Effects for Selected Target Groups (December 2002)

West Germany Men Women

Target Group Effect Std. Err. No. of Effect Std. Err. No. of
Partici- Partici-
pants pants

Age < 25 years -0.0276 0.0326 440 -0.0679 0.0573 161

Age > 50 years 0.0262 0.0241 344 0.1267 0.0562 159

Without prof. training -0.0046 0.0169 1,323 0.0425 0.0297 451

Without work experience -0.0040 0.0414 256  -0.0703 0.0595 128

Long-term unemployed 0.0503 0.0169 832 0.1125 0.0326 403

> 5 placement props. 0.0300 0.0176 1,039.0779 0.0302 400

Vocational rehabilitatioh 0.0300 0.0603 106  0.0571 0.0845 36
Placement restrictiods 0.0153 0.0287 335 0.1026 0.0562 130
Participation in ALMP before -0.0323 0.0217 594  0.0541 0.0313 279
unemployment
East Germany Men Women
Target Group Effect Std. Err. No. of Effect Std. Err. No. of
Partici- Partici-
pants pants
Age < 25 years -0.0437 0.0503 240  0.0278 0.0589 148
Age > 50 years -0.0130 0.0079 1,109 -0.0020 0.0093 1,529
Without prof. training 0.0120 0.0161 833 -0.0215 0.0156 1,119
Without work experience 0.0069 0.0349 292  0.0225 0.0220 495
Long-term unemployed -0.0018 0.0093 1,0970.0245 0.0080 2,487
> 5 placement props. -0.0264 0.0145 1,201 -0.0054 0.0108 1,869
Vocational rehabilitatioh -0.0140 0.0369 217  -0.0068 0.0418 154
Placement restrictioris 0.0189 0.0254 394 -0.0166 0.0217 368
Participation in ALMP before -0.0336 0.0114 1,378 -0.0028 0.0079 2,877

unemployment

Bold letters indicate significance on a 5% level. Standard errors calculatedoby bo

strapping with 50 replications.

! Effects are estimated using 1-NN matching without replacement and caifipe02.

2 Persons in vocational rehabilitation are not able to work in their professigmore and
therefore have to be qualified for a new profession.

3 Placement restrictions refer to the assessment of the caseworkkedttht restrictions of
the job-seeker reduce the number the job opportunities.

Together with the results for the West German groups, esjpeéding-term un-
employed participants seem to benefit from programmes (&xXoe men in East
Germany). This finding is somewhat satisfactory since jelation schemes are espe-
cially arranged for this group. Although the employment effects refer to one single

10 The results of the employment effects with respect to the timing of treatmemest
Germany establish a similar finding. However, positive employmenttsfiere found for
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month only, the results are plausible. Since occupatiojahigreation schemes have
to be additional in nature, i.e. they are not allowed to campéth regular jobs to
avoid substitution effects, the qualifying elements forrkes&competitive jobs have
to be assumed to be negligible. Thus, the stabilising elésriarthe design of job
creation schemes (to keep in touch with the labour markey) Imeamore important
for this group. Furthermore, as | have discussed in sectidnparticipation in job
creation schemes may imply a stigmatisation of the pagitiff potential employers
suspect a reduced productivity. However, long-term unegipent is a stigma itself,
and hence the additional stigma effect of job creation sesamay be of minor rele-
vance. On the contrary, for these groups participation imeiseen as an indicator for
individual motivation to change the personal situationug tithe stigma effect of job
creation schemes may be more important for short-term ulwgeg and younger
persons.

Summarising the findings for the selected target groupssi¢adhree recom-
mendations. First, due to the unsatisfactory results fastrabthe groups where no
differences in the employment rates between participardsan-participants could
be established, job creation schemes have to be criticaligwed in terms of their
goals. Nevertheless, they are no complete failure for soamtcppants as the re-
sults especially for long-term unemployed indicate. Sd¢antighter targeting of
programmes to persons for whom the possible negative asfiiet stigmatisation,
lack of human capital transfer etc.) are of a merely minorartemce for the individ-
ual labour market prospects should help to increase théegffig of the programmes.
Third, about 31.1 to 41.5 percent of the unemployed in WedtEast Germany are
long-term unemployed (see figures in Table 2.1 in sectioh Sixce they are not
the majority, the number of promotions should be signifilyargduced. Job creation
schemes are definitely sensible for the most disadvantagekkve, but no means
for reducing unemployment permanently for all unemployerspns.

6.5.2 Effects for Target Groups Using Target Scores

The results for the target groups show that job creationraeledo not work for
most of the analysed groups. Nevertheless, as the estimaesgnificantly posi-
tive especially for the most disadvantaged, i.e. the l@rgitunemployed persons,
the question arises whether a higher number of explicitdabtarket disadvantages
correlates with gains from participation. To answer thigsjion, | build a simple
index called target score. It is defined as the sum of the idgial number of dis-
advantages from section 6.5.1. Without any particular téng, each disadvantage
adds one point to the target score. Persons who do not bel@mytof the categories
in section 6.5.1 have a target score of 0. The maximum le\&§iace the categories
for the age groups are mutually exclusive. For example, ihdividual is below 25
years old and owns no professional degree, he or she is adsigtarget score of
2. If an individual belongs to three of the target groups,ttlrget score is 3, and so

persons only who have started the programmes in months 12 and 13wfah®loyment
spell (see above).
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on. Due to a small number of individuals with a target scoreofe than 5, | sum-
marise these persons in one group, i.e. target score 5 (argj;rie other categories
refer to the actual number of disadvantages. | estimatertigrgmme effect on the
employment rates in December 2002 within each categoryedffatiget score.

Table 6.5: Estimated Effects for the Target Scor¢é®ecember 2002)

West Germany Men Women

Target Score Effect Std. Err. No. of Effect Std. Err. No. of
Partici- Partici-

pants pants

0 0.0182 0.0850 55 -0.0133 0.0789 76

1 -0.0138 0.0363 295  0.0518 0.0401 208

2 -0.0180 0.0212 740 0.0316 0.0474 305

3 0.0256 0.0261 652  0.0276 0.0339 257

4 0.0199 0.0331 274 0.1176 0.0527 100

5 and more 0.1449 0.0591 84 0.0455 0.1033 32

East Germany Men Women

Target Score Effect Std. Err. No. of Effect Std. Err. No. of
Partici- Partici-
pants pants

0 -0.1014 0.0484 141 -0.0812 0.0333 271

1 -0.0293 0.0198 581 -0.0064 0.0118 1,090

2 -0.0225 0.0155 937 -0.0093 0.0110 1,754

3 0.0013 0.0191 821  0.0112 0.0103 1,289

4 -0.0161 0.0213 322 0.0062 0.0159 508

5 and more -0.0532 0.0448 94 0.0000 0.0393 106

Bold letters indicate significance on a 5% level. Standard errors calculatedoby bo
strapping with 50 replications.

! Target Scores are calculated as the sum of the number of individsaivdistages from
the selection of the target groups.

2 Effects are estimated using 1-NN matching without replacement and caifipe02.

If programmes are tailored to the needs of the most disadgadtand if a higher
target score indicates higher need of assistance, betroas for higher scores are
expected. The estimates of the effects in December 2002\are ip Table 6.5. 1g-
noring the significance of the estimates at first, the reshitsv non-negative effects
for all groups in West Germany with a target score greateak@ju~or the lower tar-
get score groups, the picture is not that homogeneous. WigiteimWest Germany
with a target score of 1 or 2 are harmed, women with the sante seem to benefit.
In East Germany, groups with a target score of less than 3reaveed employment
rates in December 2002. For women with more disadvantdge® seems to be no
effect while for men the estimates tend to be negative eXoepttarget score of 3.
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The results for West Germany tend to support the hypothieatsathigher target
score coincides with a higher need of assistance and a fietéprogrammes for
those groups, but a clear statement is hampered due to thrifitence of estimates
for most groups. It is self-evident that the constructiorthef target score is very
simple and not guided by some strong theory. First, the rdiffetargeting criteria
are included with same weights and clearly may not have thee smportance for
the individual employability. Second, the selection ofigre is incomplete. There are
further characteristics that increase or decrease theidugil employability. Third,
the construction of the target score leaves room for furgiffecct heterogeneity. The
target score just notes the number of single targets, bt waedentify clear sets of
disadvantages where participation improves the empltitabi

Unfortunately, considering the significance of the ressHigws that this assump-
tion cannot be approved empirically. For each of the West@argroups only one
estimate for the higher target scores is significant. For wigma target score of 5,
i.e. five or more disadvantage criteria on the labour matketemployment rates in-
crease by 14.49, for women with a target score of 4 by 11.7égpéage points after
participation. For the other groups the estimates are nifsignt, i.e. no clear in-
crease or decrease in the employment rates by participegioie established. The
estimates for East Germany show a slightly different petdie results illustrate
that allocating individuals without any of the selectedj&ing criteria and therefore
a target score of zero to programmes, reduces the employiateistin December
2002 by 10.14 for men and 8.12 percentage points for womealogously to the
finding for West Germany, there are no further significantitssSince the construc-
tion of the target score is very simple, a reasonable topitufther research may be a
revision that considers whether the incorporation of fertbelection criteria and/or
different weighting of the single targets may improve thgnfficance of the esti-
mates. Although the estimates are unsatisfying yet, theyiraline with the other
effects for job creation schemes. In addition, the usagbetarget score provides
some practical utility to identify possible sources foreeffheterogeneity.

6.5.3 Targeting by Stratification Matching

As | have discussed in section 3.5.1, the estimated proyesmire reflects the in-
dividual participation probability conditional on the eghnt observable covariates.
If allocation to the programme is target oriented, a highartipipation probabil-
ity should also correlate with a higher impact of treatm&learly, this argument
holds only if programmes are tailored according to the neédke participants. If
this is not the case, i.e. if the programmes have the sameteffar all participants,
individuals with low participation probabilities may bditenore since a high partic-
ipation probability can, to some extent, be interpretedramdicator for bad labour
market prospects. Furthermore, an interesting oppoytanises if the empirical evi-
dence supports a positive relationship between a high&cipation probability and
a higher impact of treatment. If this is the case, the esgdhgiarticipation proba-
bility could be used as an allocation instrument, i.e. pessaith higher propensity
score values should be primarily allocated to programmes.
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An intuitively appealing method to check this hypothesistratification match-
ing, also known as blocking or subclassification (see se@i8.4 for details). The
idea is to divide the sample of participants and non-pgdicis conditional on
the propensity score into several strata. Within thesdastparticipants and non-
participants should have the approximately same prolpabifitreatment. The aver-
age treatment effect is estimated within each stratum asmdaom assignment holds.
Estimation of the treatment effect for the treated is cdroat by weighting the
within-strata average treatment effects by the numbereattéd units. Stratification
matching can be interpreted as a crude form of non-parameggression where
the unknown function is approximated by a step function Mikled jump points
(Imbens, 2004). An important issue in employing this estone to make sure that
the covariates are balanced within each stratum. The ldisioh among treatment
and comparison group should be balanced if the true projyessdre is constant.
Comparison of the distribution of covariates of both groupthin strata yields a
possibility to assess the adequacy of the statistical model

Table 6.6: Results for Stratification Matching in East Germany

Strata Men Women

No.of p-value E(Y'), A No.of p-value E(Y'), A

Obs. for Ha E(Y°) Obs. forHa E(Y°)
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continued on next page
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Strata Men Women
No.of p-value E(Y'), A  No.of p-value E(Y'), A
Obs. for Ha E(Y?) Obs. forHs E(Y°)
14 Part. 146 0.0616 252 0.131
Non-part. 980 0.0990 0.0373 1,471 0.0541 0.0938 %'0371
15 Part. 147 0.1224 252 0.099%
0.0296 0.2967 .0126
Non-part. 948 0.0928 1,143 0.0866
16 Part. 146 0.0890 252 0.107
.0152 .9422 .0164
Non-part. 772 0.0738 0.015 1,124 0.9 0.0907 ]OO 6
17 Part. 146 0.0753 251 0.0797
Non-part. 600 0.0500 0.0253 910 0.3790 0.0868 0.0071
18 Part. 146 0.0822 252 0.091
0.0403 0.6872 *0.0129
Non-part. 645 0.0419 749 0.1041
19 Part. 146 0.0548 252 0.134
Non-part. 479 0.0355 0.0193 648 0.7600 0.1157 %'0192
20 Part. 147 0.0748 252 0.154
Non-part. 258 0.0504 0.0244 442 0.6248 0.1281 %'0267
ATT: -0.0251 -0.0084

Bold letters indicate significance at the 1% lev#dlic letters refer to the 5% level.
Sub-groups are constructed using the estimated propensity scorgafticgants from
the logit model reported in Table 6.1.

! TestingHy : P(Z,D = 1) — P(Z,D = 0) = 0. Corresponding4: P(Z,D =
1) — P(Z,D = 0) # 0 in stratum.

To check the hypothesis whether a higher participationgdodity correlates with
a higher programme impact, | divide the samples into 20 sglsels each. This di-
vision is based on the estimated propensity scores of thigipants!! Therefore, |
have the same number of participants in each stratum, Hateift numbers of non-
participants with approximately the same scores as theants. Individuals with
the lowest participation probabilities are placed in stnafl, persons with the highest
participation probabilities are placed in stratum 20 adogly. It can be seen that
this stratification leaves meaningful numbers of obseovatin each stratum for the
main groups except for women in West Germany.

The estimated treatment effects for each stratum are pgessénTable 6.6 for
East Germany and in Table 6.7 for West Germany. The effews® of the pro-
grammes can be estimated by comparing the employment rapestipants and

1 Due to the large number of observations in the samples, using the whaje cdrthe
propensity scores of participants and non-participants leads to a skavetification.
Hence, | only refer to the propensity scores of the participants to retthicaskewness.
The choice of 20 strata for each of the four groups emerged frorméiatp tests of the
propensity score among treated and comparison persons using arsraailger of blocks
(see the discussion in section 3.3.4).
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non-participants in December 2002 given byY') and E(Y") in the tables. The
average treatment effect within each stratum, i.e. theadifice of the mean out-
comes of the participants and non-participants, is givem\byrhe last line of the
tables provide the ATT. Obviously, these effects are simidahose estimated with
the NN-matching estimators in section 6.3. In addition rtiean outcomes and the
effects, the tables also present the results of the hypsttesting of equal propen-
sity scores in the treatment and comparison group. | tebdull hypothesisi)
that the difference of the mean propensity scores in bothggds zero. Therefore,
the alternative hypothesigi(4) imposes inequality of the propensity score. The
values of thefl 4 are given in the tables; if | reject the hypothesis due togelavalue
than 0.05, equality of the propensity scores and therefal@loing of the covariates
among both groups could be assumed. | checked the balan@pgrpy of stratifi-
cation by comparing the means of the incorporated varidablése logit models for
participants and non-participants within each stratumuagested by Rosenbaum
and Rubin (1983b) as well. The results for selected vargabie presented in Fig.

B.1to B.6 in the appendix to this chapter.

Table 6.7:Results for Stratification Matching in West Germany

Strata Men Women
No.of p-value E(Y'), A  No.of p-value E(Y'), A
Obs. forHs E(Y°) Obs. forHs E(Y°)
1 Part. 107 0.1869 52 0.384
Non-part. 14,220 0.0000 0.1105 0.0764 12,954 0.0005 0.1197 60'2649
2 Part. 107 0.1963 53 0.358
Non-part. 4,913 0.1905 0.2009 -0.0046 4,119 0.1774 0.2391 50'1194
3 Part. 107 0.2336 52 0.3077
Non-part. 4,065 0.2521 0.2303 0.0034 2,754 0.5364 0.2876 0.0201
4 Part. 107 0.2150 53 0.396
Non-part. 3,522 0.8130 0.2504 -0.0355 2,782 0.7943 0.2793 20'1169
5 Part. 107 0.2617 53 0.3019
Non-part. 2,403 0.0430 0.2339 0.0278 1,742 0.6186 0.3129 -0.0110
6 Part. 107 0.1682 52 0.269
Non-part. 2,384 0.5197 0.2680 0.0998 1,556 0.7633 0.3033 20'0341
7 Part. 107 0.2056 53 0.358
Non-part. 2,331 0004 2540 00484 5,7 09023 5 5515 %0.0370
8 Part. 107 0.2056 52 0.288
Non-part. 1,748 0.4353 0.2649 -0.0593 1,366 0.6411 0.3192 50'0307
9 Part. 107 0.2336 53 0.2830
Non-part. 1,533 0.2616 ) 570, 0-0364 1,214 0.9991 ) 3549 0:0481
10 Part. 107 0.2804 53 0.339
Non-part. 1,229 0.3627 0.2799 0.0005 841 0.6523 0.3639 %'0242
11 Part. 107 0.1963 52 0.326
Non-part. 1,049 0.1798 0.2793 -0.0831 611 0.8903 0.3453 -90'0184
12 Part. 107 0.2991 53 0.283
Non-part. 929 0.5893 0.2648 0.0343 733 0.3965 0.3438 0608
13 Part. 107 0.2617 52 0.3846

continued on next page
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Table 6.7: (continued)

Strata Men Women

No.of p-value E(Y'), A  No.of p-value E(Y?'), A

Obs. for Ha E(Y°) Obs. for Ha E(Y°)

Non-part. 751 O0°%% 02690 00073 gp3 02097 5 3949 00102

R s oo Pouse | S
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18 NP?)::-part. ;g; 0.0955 0011228 0.0122 78520.7560 0.]?636(;5%'1987
P W0 Sosmn S
P W oo Mo Soaer | S5
ATT: 0.0018 0.0565

Bold letters indicate significance at the 1% levé&lic letters refer to the 5% level.
Sub-groups are constructed using the estimated propensity scorgafticgants from
the logit model reported in Table 6.1.

! TestingHy : P(Z,D = 1) — P(Z,D = 0) = 0. Correspondingda: P(Z,D =
1) — P(Z,D = 0) # 0 in stratum.

The results of the hypothesis tests show that the divisitm20 strata provides
approximately equal propensity scores for most groups. échelity is hampered
only for the groups at the borders of the propensity scorgeamith some excep-
tions. For men in West Germany, strata 1, 5, 7, and 20 are anbatl, for women
in the same region so are strata 1, 17, and 19. In East Gertharsyrata with lower
participation probabilities are imbalanced. For womeas,gtopensity scores are not
balanced in strata 1 and 2, for men in strata 1 and 3, but alstodtum 19. Although
| find significant treatment effects for several strata, ¢ht#sdings do not support
the hypothesis. Taking a look at the results for East Gernjaalyle 6.6), | find that
for the first four strata (except for women in stratum 1) akbon of persons with a
low participation probability has a tendential negativiiuience on the employment
chances in December 2002. For men in this region, this teryderstable for partici-
pants up to stratum 14; from stratum 15 onward the directidheoeffects changes to
positive. For women | could not establish a clear distintgoce most of the effects
are insignificant. For participants in West Germany (Tab®,8he hypothesis can-
not be empirically approved either. One can somehow seéhipher participation
probabilities correlate with higher impacts, but theseifigd may be inconsistent
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as the balancing tests above show. It seems that the patiaripprobability is no
adequate measure for effect heterogeneity here; and sfigciegegration into reg-
ular employment depends on different compositions of thesidual characteristics
rather than selection into programmes.

6.6 Summary

The findings of the analysis in chapter 5 as well as of prevemgirical studies
(see section 2.4) have shown that the average effects ofgalti@n schemes on the
re-integration into regular employment are negative ferghrticipating individuals.
Whereas this disappointing picture may be due to the pooitgudlprogrammes, a
possible reason may also be an inefficient allocation ofriiatieparticipants to pro-
grammes. Allocation of individuals into programmes in Gany is accomplished
by caseworker discretion. On the one hand, a positive agfeghts mechanism is
that decisions are based on personal contact. On the othéy siace active ALMP
consists of a variety of different programmes, caseworkeyg lack knowledge re-
garding programme impacts. Since this problem is not sgdoifsermany, the topic
of a potential improvement of allocation mechanisms hagimecimportant in re-
cent literature. Broadly, two categories can be distirfuyeds non-statistical alloca-
tion mechanisms like caseworker discretion and statiséitacation mechanisms
called profiling or targeting. Since statistical allocatgystems are not introduced in
the German labour market yet, there is no empirical evidéorcineir effectiveness.

In this chapter, | have tried to identify a possible effedenegeneity that allows
a more sophisticated assessment of the efficiency of jollieneschemes. To do so,
| have estimated the average treatment effects for men antewin East and West
Germany patrticipating in job creation schemes in Febru@802n a first step. In
a second step, | made use of three different strategies tgsanthe effect hetero-
geneity. In contrast to the analysis of chapter 5, | have ds¢al on all participants
who have started a job creation scheme in February 2000 amebmmiparticipants
who were eligible for participation, but did not enter th@grammes in February.
The employment effects of job creation schemes are evaluatBecember 2002.
The results show positive effects for women in West Germantyreegative effects
for men and women in East Germany. Men in West Germany doarestiffer nor
benefit from participation.

For the three approaches used to analyse effect heterbgenselect target
groups with disadvantages on the labour market orientechéydefinition of the
legal basis in a first step. The findings show that job creadiemes do neither
harm nor improve the labour market chances for most of thepggoExceptions
are long-term unemployed men in West Germany, long-terrmpiteeyed women in
both regions, older women and women who are hard-to-pladéest Germany that
benefit from participation. Given these results and remem@¢hat (re-)integration
into regular employment is the main purpose, it has to bemasended that job cre-
ation schemes should be targeted to those benefiting growpshauld not be used
on large scale. In a second step, | use these definitionslugua simple indicator
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(target score) as the sum of the individual number of disaidges. If programmes
are tailored to the needs of the more disadvantaged persotiedabour market,
| expect positive impacts for groups with a higher score.ddiihately, most of the
estimates are insignificant and although the expected teydg observable, one has
to be careful in interpreting the results. Finally, | implent stratification matching
to analyse whether a higher participation probability etates with higher impacts.
No clear picture can be revealed. The estimated participatiobability is not an
adequate measure for effect heterogeneity here, and sfidesegration into regu-
lar employment is determined by different compositionshef individual attributes
than selection into programmes. The results show that dggteeity in treatment
effects is an important topic which has to be considered raoceirately in further
research. Moreover, taking account for effect heteroggneay be a way to improve
efficiency of ALMP and hence to allocate scarce resourcee mibectively.
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Conclusion

Job creation schemes have been a major element of ALMP in &@srrithey are a
form of subsidised employment and aim at stabilisation amalification of unem-
ployed persons with barriers to employment. Recent engbisitidies evaluating the
impacts of job creation schemes in Germany indicate thagrpromes do not im-
prove the employment chances of the participating indizislon average. In addi-
tion, international evidence on the effectiveness of ALMBgests that programmes
should be well-targeted to the needs of the individual jebkers and the labour
market and that treatment should start as early as possitiie unemployment spell
(OECD, 1998). Whereas the empirical content of the first OEE&mmendation
has been analysed in a number of previous studies for joi@neschemes in Ger-
many by explicit consideration of possible effect hetermity (see, e.g., Caliendo,
Hujer, and Thomsen, 2004; 2006a; 2006c), evidence for thenseone has been
missing.

Recommending an early intervention in the unemploymernit bp@articipation
in a job creation scheme requires empirical evidence onffaetiveness of the pro-
grammes with respect to the timing of treatment. The first gbahis study was
to provide this evidence. | have estimated the employmdatf of job creation
schemes in Germany with explicit consideration of the tifme individuals spent
in unemployment until the start of the programmes. The sgégwal of this study
considered the problem that negative mean impacts of jaiioreschemes may not
apply to all participating individuals and that there maygbeups who benefit from
participation. Identifying the successful individualggargeting the programmes to
those persons bears the potential for a more effective dicteet labour market pol-
icy in the future. Due to the clearly different situation betlabour market in West
and East Germany, | have estimated the effects separatetyradmme effects have
been evaluated according to the main purpose of the progeanthe (re-)integration
of the participating individuals into regular (unsubsetiy employment. Other pur-
poses of job creation schemes, e.g., the relief of the stbukemployed in regions
with great imbalances of the labour market, are seconddgyamd have not been
evaluated here.
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To answer both questions | applied matching methods, buifferent set-ups.
The basic idea of the matching estimator is to approximagentin-treatment out-
come of the participants by the outcome of non-participtras are identical in all
relevant observable characteristics that determine theipation decision and the
labour market outcomes. However, definition of participatand non-participation
is not straightforward in a comprehensive ALMP system. Paognes are ongoing
and participants can join programmes at different pointhefunemployment spell.
Therefore, using the estimator for the static setting mag te biased estimates and
an extended version, where participation and non-padiicip in programmes are
defined dynamically, had to be applied to answer the firsttgpresTo answer the
second question, | have analysed the possibilities of arhagiged targeting in three
steps. In the first step, | have evaluated the effects foaicetarget groups defined
according to the legal definitions. Since programmes areifsgaly designed for
those groups, | have expected larger impacts compared avérage. In the second
step, | have constructed a simple indicator as the sum ofitigdestarget criteria
each individual owns (target score) to indicate the indigi need of more inten-
sive assistance. In the third step, | have used the estinpaitidipation probability
to answer the question whether a higher participation goitibacorrelates with a
higher programme impact. To do so, | have stratified the samaphg the propensity
score and estimated the employment effects.

The results of the analysis of the employment effects widipeet to the timing
of treatment show that, independently of the preceding yph@yment duration, par-
ticipants in job creation schemes experience strong lockireffects whilst being
in the programmes. These locking-in effects are obseniablé/est as well as for
East Germany. Due to this, the employment rates of the fjzatits are clearly be-
low that of the matched non-participants in the first monttargrogrammes have
started. After that time, the effects vary in both regiorexrsBns who have started the
programmes early in the unemployment spell in West Germanyn the first, sec-
ond, or fourth month, experience negative employment effge to participation in
a programme even 30 months after programmes have startedntirast, long-term
unemployed persons who are unemployed for about 12 or 13hmbefore they join
the programmes benefit from participation at the end of theendation period in
terms of improved employment chances in that region. Fasthlr starting months
in the unemployment spell considered in the evaluation,igrificant employment
effects could be established until 30 months after the sfathe programmes in
West Germany. Unfortunately, since the results for the {mmm unemployed per-
sons could not be confirmed by estimates for persons withelongemployment
durations, a clear recommendation on when to start a progeaim the unemploy-
ment spell is difficult. For West Germany, the strong lockingffects during the
programmes and the slowly increasing employment ratesnaftds in association
with the insignificant estimates at the end of the obsermgtieriod for most of the
groups indicate a disappointing picture. Except for pesssiarting in month 12 or
13 of the unemployment spell, job creation schemes are orag@enot helpful in
improving the employment chances of the participatingviatlials independently of
the preceding unemployment duration.
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For East Germany, the results of the employment effects arsexcompared to
the West. Similar to West Germany, participants are aftelotethe locking-in effects
whilst being in the programmes, but job creation schemesatrable to improve the
employment chances of the participating individuals watthie first 30 months after
the start of the programmes. Moreover, since most of thenagdis are significantly
negative at the end of the observation period, the employotemces of the major-
ity of the participants are reduced, and job creation sclsdraem the employability.
Possible reasons may be the bad labour market situationnaffitiencies in the
allocation of the individuals to the programmes, i.e. theresentation of the spe-
cific target groups in the programmes is too low. In additjob, creation schemes
may be not able to provide human capital that is in line with tlemands of the
market. A further reason may be the average duration of thgrammes that is too
long. Therefore, participants are habituated to regulakwaut with not chance of
prolongation after the end of the programmes. Hence, theyrréo unemployment
and need some time to recover. Since the unemployment dpileacomparable
non-participants is not ‘interrupted’ by the programmeitisearch intensity is not
reduced by participation, and, on average, they find workegar

The results for the three aspects of the second questionecanrbmarised as
follows. The analysis of the target groups imply unsatisfacresults for most of
the groups. Therefore, job creation schemes should bewedieritically. How-
ever, they are not a complete failure for some participaats, long-term unem-
ployed persons. According to the findings, programmes shbeltargeted tighter
to persons for whom the possible negative effects of jobtineaschemes are of
merely minor relevance. Since long-term unemployed persiannot represent the
majority of unemployment in Germany, the number of promwtidas to be re-
duced significantly. Job creation schemes are a sensittkeiimsnt of ALMP for
the most disadvantaged workers, but no means for reduciagnployment perma-
nently for all unemployed persons. The results for the aislgf the target scores
indicate that persons allocated to programmes with a higbere tend to benefit
more (in West Germany), whereas persons with only a low saoFemore likely
to be harmed. Unfortunately, since most of the estimatestatestically insignifi-
cant, this finding represents only a tendency and could netrgarically approved.
The third aspect (targeting using the propensity scoresyvshhat the participa-
tion probability is no adequate measure for effect hetareiyg Successful (re-)
integration into regular employment depends on a diffecemiposition of the in-
dividual characteristics than selection into programmes.

Together with the previous empirical findings (see Hujeljedao, and Thom-
sen, 2004; Caliendo, Hujer, and Thomsen, 2004; 2006a; 206& now possible
to judge the performance of job creation schemes in Germarnptal, it can be
said that job creation schemes are in general unable to iragte re-integration
probability into regular employment for participating umgloyed persons. The re-
sults are also concordant with recent evaluation studigsto€reation schemes for
other countries, finding large locking-in effects and olleregative effects, see, e.g.,
Sianesi (2004) for Sweden, Firth, Payne, and Payne (1993héoUK, Gerfin and
Lechner (2002) for Switzerland and Martin and Grubb (20@t)&n overview of
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OECD countries. The results of the study show that startingrammes early in the
unemployment spell as suggested by OECD (1998) is no gerez@inmendation.
Moreover, programmes like job creation schemes that éiplfocus on long-term
unemployed persons may be even harmful for the employmesppcts of the par-
ticipating individuals when offered too early in the unemphent spell. Since most
of the effects are insignificant or negative, the overaltyrie of the employment ef-
fects of job creation schemes in Germany is rather disagipginParticipation in
programmes does not help individuals to re-integrate iegoilar (unsubsidised) em-
ployment. Furthermore, the results show that participaiinjob creation schemes
is associated with strong locking-in effects during theetiaf the programmes. Al-
though this finding is not surprising as job creation scheanesome kind of work,
it may be a major reason for the unsatisfying picture of trgmmme effects in
almost all groups at the end of the observation period. Hewehe results of the
analysis in chapter 5 have only shown positive employmédatef 30 months after
the start of the programmes for long-term unemployed inddials in West Germany
with 12 and 13 months of unemployment preceding the treatn$@milar findings
have been found in the analysis of this target group in ch@pf85 months after the
start of the programmes).

Hence, one policy recommendation is to focus programmee moilong-term
unemployed persons in the labour market and thereby retieceumber of partic-
ipants. Clearly, this was not the case in Germany for a lomgpg@din particular in
East Germany, where job creation schemes have been usedrge adale during the
1990s and early 2000s) and is one possible explanationdatiiappointing effects.
For all these reasons, tailoring the programmes more sgaltyfio fit the needs of
the participants may also help to increase their efficieRially, a further possible
explanation for the negative effects, which has to be magatipis the connection
between participation and the unemployment benefit sydbeming the observation
period, participation in job creation schemes renewed ligégity for unemploy-
ment benefits for participants in the same way as regular@amm@nt. Hence, par-
ticipants who finished their programme were faced with gigdiad incentives to
search and apply for regular employment. Meanwhile, thidblematic design was
changed from 2004 onward. Together with a reduction of threlrar of participants
and a better orientation of the programmes to the needs gfdtieipants, job cre-
ation schemes will play a minor role for specific problem grein the labour market
in the future.
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Additional Material to Chapter 5

A.1 Tables

Table A.1: Descriptive Statistics for Selected Characteristics —t\@&smany
(Unemployment Duration up to 6 and 6 to 12 Months)

Unemployment duratioh Unemployment duratioh
<= 6 months > 6 and<= 12 months
Part. Non-Part. Part. Non-Part.
No. of observations 1,020 48,102 664 29,286
Mean SD Mean SD | Mean SD Mean SD

Programme duration 290.30 126.90 n.a. n.a.| 283.30 122.20
Age

25 to 29 years 0.10 030 0.15 0.86 0.08 0.27 0.11 0.31
30 to 34 years 0.16  0.37 0.20 040 015 035 0.18 0.38
35 to 39 years 0.21 0.41 0.20  0.40 0.23 0.42 0.20  0.40
40 to 44 years 0.19 0.39 0.17 0.88 0.21 0.41 0.18 0.38
45 to 49 years 0.17 0.38 0.14 0.85 0.17 0.37 0.16 0.36
50 to 55 years 0.17 0.38 014 0.B4 0.16 0.37 0.17 0.38
Foreigner 0.10 0.30 0.16 0.37 010 030 0.17 0.37
Asylum seeker 0.04 0.19 0.06 0.24 0.05 0.21 0.06 0.23
Woman 0.33 0.47 0.45 0.50 0.36 0.48 048  0.50
No. of placement propositions 10.23 11.31 4.07 7.809.54 9.77 3.90 7.29
No. of children 0.64 1.05 0.68 1.02 0.69 1.10 0.73 1.05
Placement restrictions 0.23 0.42 0.14 0{350.17 0.37 0.18 0.38
Vocational rehabilitatioh 0.07 0.25 0.04 0.20 0.06 0.24 0.05 0.21
Health restrictions 0.33 0.47 0.23 0.42 0.27 0.44 0.27 0.44
Marriage/Cohabitation 0.47 0.50 0.57 0.560 0.51 0.50 0.59 0.49
Work experience 0.92 0.27 0.93 0.26 0.92 0.27 0.93 0.26
Programme before unemploymént 0.34 0.47 0.03 0.18 0.33 0.47 0.05 0.23
Reception of Ul 0.82 0.38 0.82 0.38 0.77 0.42 0.84 0.36
Duration of Last Employment

Up to 180 days 0.34 0.47 0.27 0.44 0.36 0.48 0.25 043
181 to 365 days 0.10 0.30 0.14 0.5 0.11 0.31 0.09 0.29
1to 2 years 0.16 0.37 0.15 0.36 0.16 0.37 0.14 0.35
More than 2 years 0.40 0.49 0.44 0.50 0.38 0.48 0.52 0.50
Pension

No pension 1.00 0.05 1.00 0.05 1.00 0.04 1.00 0.07
Vocational disability 0.00 0.03 0.00 0.03 0.00 0.00 0.00 0.05
Permanently unable to work 0.00 0.03 0.00 0104 0.00 0.04 0.00 0.04
Social plan 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.01
Schooling

No school 0.18 0.39 0.12 0.33 0.17 0.38 0.14 0.35
CSE 0.52 050 054 050 050 050 054 050
O-levels 0.12 0.33 0.19 0.39 0.12 0.32 0.18 0.38
Adv. technical college entrante 0.05 0.22 0.05 0.21 0.07 0.25 0.04 0.20
A-levels 0.12 0.32 010 030 014 035 010 0.30
Assessment of Individual’s Qualification

Other 054 050 049 05p 053 050 052 0.50
Unskilled employee 0.00 000 000 0.1 000 0.00 0.00 0.01
Skilled employee 0.32 0.47 0.42 0.49 0.31 0.46 0.39 0.49
Ass. to technical scho®l 0.02 0.15 0.02 0.15 0.03 0.16 0.02 0.14
Ass. to adv. technical college 0.05 0.23 0.02 0.150.07 0.26 0.02 0.15

continued on next page
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Table A.1: continued

Unemployment duratioh Unemployment duration
<= 6 months > 6 and<= 12 months
Part. Non-Part. Part. Non-Part.
Mean SD Mean SD | Mean SD Mean SD
Ass. to university 0.06 0.24 0.04 0.19 0.07 0.25 0.04 0.20
Ass. to top-management 0.00 0.00 0.00 0.060.00 0.00 0.00 0.06
Professional Training
Without completed prof. training 0.44 0.50 0.40 0]49 0.44 0.50 0.43 0.49
Apprenticeship (on-the-job) 0.39 0.49 0.48 050 0.36 0.48 0.45 0.50
Apprenticeship (off-the-job) 0.02 0.14 0.01 0.12 0.02 0.12 0.01 0.11
Full-time vocational school 0.02 0.13 0.02 0.4 0.02 0.14 0.02 0.14
Technical school 0.04 0.19 0.04 0.9 0.05 0.22 0.04 0.19
Advanced technical college 0.04 0.19 0.02 0.130.05 0.21 0.02 0.13
University 006 023 0.04 019 0.07 025 004 0.20
Month of Treatment Start
July 2000 0.15 0.36 0.17 0.37 0.17 0.38 0.21 0.41
September 2000 0.18 0.38 0.19 039020 040 0.23 0.42
November 2000 0.16 036 013 0.84 0.17 0.37 0.14 0.35
January 2001 0.15 0.36 0.12 0.3 0.12 0.32 0.10  0.30
March 2001 0.17 0.38 0.18 0.38 0.16 0.36 0.13 0.34
May 2001 0.19 0.39 0.20 0.40 0.19 0.39 0.19 0.39
Regional Context Variable
Cluster Il 0.32 0.47 0.23 04p 035 048 0.28  0.45
Cluster Il 0.42 0.49 0.41 0.4p 0.42 0.49 0.42 0.49
Cluster IV 0.07 0.26 0.11 0.3 0.07 0.26 0.11 0.31
Cluster V 0.19 0.39 0.25 043 016 0.37 0.19 0.40
Desired Work Time
Full-time work 0.93 0.25 0.85 0.36 0.90 0.30 0.82 0.39
Part-time work 0.07 0.25 0.15 0.36 0.10 030 0.18 0.39
Other (e.g., telework) 0.00 0.00 0.00 0.01 0.00 0.00 0.00 0.01
Work Time (Last Occupation)
Full-time work 0.47 050 047 0.50 0.52 050 040 049
Part-time work 0.03 0.17 0.05 0.42 005 0.21 0.05 0.22
Not applicable 0.50 0.50 0.48 0.50 043 050 054 0.0
Desired Occupation
Farmind’ 0.08 0.28 0.03 0.1Y 0.09 0.28 0.03 0.17
Mining, mineral extraction 0.00 0.03 0.00 0.04 0.00 0.03 0.00 0.05
Manufacturing 0.39 0.49 0.35 0.48 0.34 0.47 0.34 0.47
Technical professions 0.03 0.17 0.04 0{19 0.03 0.17 0.04 0.19
Service professions 0.48 0.50 0.56 0/50 0.54 0.50 0.57 0.50
Other occupations 0.01 0.09 0.02 0{15 0.00 0.06 0.03 0.16
1 Unemployment duration until treatment start.
2 Attendant for vocational rehabilitation.
3 Similar programme before unemployment, e.g., job creation or structural agjusscheme.
4 Schooling: CSE = Certificate of Secondary Education.
5 Advanced technical college entrance qualificatiBachhochschulreife
6 Ass. = assimilable.
7 Farming comprises plant cultivation, breeding and fishery.
Table A.2: Descriptive Statistics for Selected Characteristics —t\@&smany
(Unemployment Duration 13 to 18 and 19 to 24 Months)
Unemployment duratioh Unemployment duratich
> 12 months and = 18 months > 18 and<= 24 months
Part. Non-Part. Part. Non-Part.
No. of observations 1,020 48,102 664 29,286
Mean SD Mean SD | Mean SD Mean SD
Programme duration 305.50 114.80 — F297.20 121.90 — —

continued on next page
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Unemployment duratioh Unemployment duratioh
> 12 months and = 18 months > 18 and<= 24 months
Part. Non-Part. Part. Non-Part.
Mean SD Mean SD | Mean SD Mean SD
Age
25to 29 years 0.09 0.28 0.09 0.28 0.07 0.25 0.07 0.25
30 to 34 years 0.14 0.35 0.16 0.86 0.12 0.32 0.14 0.34
35 to 39 years 0.20 0.40 0.19 0.839 0.21 0.40 0.18 0.38
40 to 44 years 0.22 0.41 0.17 0.88 0.22 0.42 0.18 0.38
45 to 49 years 0.19 0.39 0.17 0.88 0.18 0.39 0.19 0.39
50 to 55 years 0.17 0.38 0.22 0.41 0.21 0.41 0.26 0.44
Foreigner 0.11 0.31 0.17 0.38 0.11 0.32 0.18 0.38
Asylum seeker 0.05 0.21 0.06 0.24 0.06 0.24 0.07 0.25
Woman 0.37 0.48 0.49 0.50 0.36 0.48 0.48 0.50
No. of placement propositions 9.60 9.80 3.61 6.879.04 8.40 3.54 6.64
No. of children 0.68 1.14 0.73 1.06 0.73 1.14 0.73 1.08
Placement restrictions 0.19 0.39 0.19 0{390.16 0.37 0.20 0.40
Vocational rehabilitation 0.06 0.24 0.05 0.22 0.07 0.25 0.05 0.22
Health restrictions 0.27 0.45 0.29 0.45 0.25 0.43 0.29 0.46
Marriage/Cohabitation 0.47 0.50 0.60 0.49 0.51 0.50 0.60 0.49
Work experience 0.92 0.27 0.93 0.26 0.92 0.27 0.93 0.26
Programme before unemploymént 0.38 0.49 0.06 0.28 0.32 0.47 0.06 0.24
Reception of Ul 0.74 0.44 0.85 0.36 0.82 0.39 0.85 0.36
Duration of Last Employment
Up to 180 days 0.36 0.48 0.23 0.42 0.33 0.47 0.23 0.42
181 to 365 days 0.13 0.33 0.09 0.p8 0.17 0.37 0.08 0.27
1to 2 years 0.14 0.35 0.12 0.33 0.13 0.34 0.11 0.32
More than 2 years 0.37 0.48 0.56 0.60 0.37 0.48 0.58 0.49
Pension
No pension 1.00 0.05 0.99 0.08 1.00 0.04 0.99 0.08
Vocational disability 0.00 0.04 0.00 0.06 0.00 0.00 0.00 0.06
Permanently unable to work 0.00 0.03 0.00 0,050.00 0.04 0.00 0.06
Social plan 0.00 0.00 0.00 0.01 0.00 0.00 0.00 0.01
Schooling
No school 0.17 0.38 0.15 0.36 0.21 0.41 0.16 0.37
CSE 0.49 0.50 0.55 0.50 0.53 0.50 0.56 0.50
O-levels 0.13 0.33 0.16 0.37 0.08 0.28 0.15 0.36
Adv. technical college entrante 0.07 0.26 0.04 0.20 0.05 0.21 0.04 0.19
A-levels 0.14 0.35 0.09 0.29 0.13 0.34 0.09 0.28
Assessment of Individual's Qualification
Other 0.51 0.50 0.55 0.50 0.61 0.49 0.57 0.49
Unskilled employee 0.00 0.00 0.00 0.p1 0.00 0.00 0.00 0.02
Skilled employee 0.32 0.47 0.37 0.48 0.27 0.44 0.35 0.48
Ass. to technical schol 0.02 0.14 0.02 0.13 0.02 0.12 0.02 0.13
Ass. to adv. technical college 0.08 0.27 0.02 0.150.05 0.22 0.02 0.15
Ass. to university 0.07 0.25 0.04 0.19 0.06 0.24 0.04 0.19
Ass. to top-management 0.00 0.03 0.00 0.060.00 0.00 0.00 0.05
Professional Training
Without completed prof. training 0.42 0.49 0.45 0/50 0.50 0.50 0.46 0.50
Apprenticeship (on-the-job) 0.36 0.48 0.43 0/50 0.33 0.47 0.42 0.49
Apprenticeship (off-the-job) 0.02 0.12 0.01 0.10 0.02 0.13 0.01 0.08
Full-time vocational school 0.03 0.16 0.02 0.14 0.02 0.14 0.02 0.14
Technical school 0.05 0.22 0.03 0.18 0.04 0.20 0.03 0.18
Advanced technical college 0.05 0.23 0.02 0.130.03 0.18 0.02 0.13
University 0.07 0.26 0.04 0.19 0.06 0.24 0.04 0.19
Month of Treatment Start
July 2000 0.18 0.38 0.21 0.41 0.20 0.40 0.22 0.42
September 2000 0.21 0.41 0.24 0/43 0.23 0.42 0.23 0.42
November 2000 0.14 0.35 0.15 0.86 0.14 0.35 0.15 0.35
January 2001 0.14 0.34 0.10 0.0 0.11 0.31 0.10 0.30
March 2001 0.17 0.37 0.13 0.34 0.16 0.36 0.13 0.34
May 2001 0.16 0.37 0.16 0.37 0.16 0.37 0.16 0.37

continued on next page
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Table A.2: continued

Unemployment duratioh Unemployment duratioh
> 12 months and = 18 months > 18 and<= 24 months
Part. Non-Part. Part. Non-Part.
Mean SD Mean SD | Mean SD Mean SD
Regional Context Variable
Cluster Il 0.38 0.49 0.31 0.46 0.45 0.50 0.32 0.47
Cluster Il 0.40 0.49 0.41 0.4p 0.39 0.49 0.41 0.49
Cluster IV 0.08 0.28 0.10 0.31 0.06 0.24 0.10 0.30
Cluster V 0.13 0.34 0.17 0.38 0.09 0.29 0.16 0.37
Desired Work Time
Full-time work 0.91 0.28 0.82 0.39 0.93 0.25 0.83 0.38
Part-time work 0.09 0.28 0.18 0.39 0.07 0.25 0.17 0.37
Other (e.g., telework) 0.00 0.00 0.00 0.01 0.00 0.00 0.00 0.02
Work Time (Last Occupation)
Full-time work 0.52 0.50 0.35 0.48 0.56 0.50 0.34 0.47
Part-time work 0.05 0.21 0.05 0.22 0.04 0.19 0.05 0.21
Not applicable 0.43 0.50 0.60 0.49 0.40 0.49 0.62 0.49
Desired Occupation
Farming 0.08 0.28 0.03 0.1Y 0.10 0.30 0.03 0.17
Mining, mineral extraction 0.00 0.03 0.00 0.06 0.00 0.00 0.00 0.07
Manufacturing 0.34 0.47 0.34 0.47 0.34 0.47 0.35 0.48
Technical professions 0.02 0.15 0.04 0/18 0.02 0.13 0.03 0.18
Service professions 0.55 0.50 0.56 0|50 0.53 0.50 0.55 0.50
Other occupations 0.00 0.07 0.03 0/16 0.01 0.10 0.02 0.15

1 Unemployment duration until treatment start.

2 Attendant for vocational rehabilitation.

3 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.
4 schooling: CSE = Certificate of Secondary Education.

5 Advanced technical college entrance qualificatiBachhochschulreife

6 Ass. = assimilable.

7 Farming comprises plant cultivation, breeding and fishery.

Table A.3: Descriptive Statistics for Selected Characteristics -+ Easmany
(Unemployment Duration up to 6 and 7 to 12 Months)

Unemployment duratioh Unemployment duratioh

<= 6 months > 6 and<= 12 months

Part. Non-Part. Part. Non-Part.

No. of observations 8,089 241,092 6,984 84,104

Mean SD Mean SD | Mean SD Mean SD
Programme duration 281.60 115.70 — 283.80 114.20 — —
Age

25 to 29 years 0.06 024 012 0.83 0.06 0.23 0.10 0.30
30 to 34 years 0.12 0.33  0.17 0.87 0.11 0.31 0.15 0.36
35 to 39 years 0.17 0.38 020 0.40 0.17 0.37 0.19 0.39
40 to 44 years 0.17 0.38 0.19 0.89 0.19 0.39 0.19 0.39
45 to 49 years 0.20 0.40 0.18 0.88 0.20 0.40 0.19 0.39
50 to 55 years 0.27 044 015 086 028 045 018 0.38
Foreigner 0.01 0.08 0.02 0.13 0.00 0.06 0.02 0.12
Asylum seeker 0.01 0.08 0.02 0.15 0.01 0.08 0.02 0.13
Woman 0.51 0.50 0.48 050 050 050 055 0.50
No. of placement propositions 7.50 6.48 4.09 5(667.12 6.00 4.37 5.28
No. of children 0.77 1.01 0.77 0.99 0.74 0.99 0.81 1.03
Placement restrictions 0.12 0.33 0.10 0[{290.10 0.30 0.10 0.31
Vocational rehabilitatioh 0.06 0.24 0.04 0.19 0.05 0.23 0.04 0.21
Health restrictions 0.22 0.41 0.17 0.87 0.19 0.39 0.18 0.38
Marriage/Cohabitation 0.67 0.47 0.64 0.48 0.67 0.47 0.64 0.48
Work experience 0.91 0.29 0.92 0.8 0.92 0.27 0.91 0.29
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Table A.3: continued
Unemployment duratioh Unemployment duration
<= 6 months > 6 and<= 12 months
Part. Non-Part. Part. Non-Part.
Mean SD Mean SD | Mean SD Mean SD
Programme before unemploymént 0.57 0.49 0.24 0.48 0.57 0.49 0.34 0.48
Reception of Ul 0.62 0.49 0.90 0.31 0.60 0.49 0.86 0.35
Duration of Last Employment
Up to 180 days 0.35 0.48 0.17 0.38 0.38  0.48 0.18  0.39
181 to 365 days 0.12 0.32 0.14 0.B5 0.15 0.35 0.13 0.34
1to 2 years 0.19 0.39 0.21 0.41 0.19 0.39 0.21 0.41
More than 2 years 0.34 0.48 0.48 0,60 0.29 045  0.47 0.50
Pension
No pension 0.99 0.07 1.00 0.07 1.00 0.06 1.00 0.07
Vocational disability 0.00 0.05 0.00 0.03 0.00 0.04 0.00 0.04
Permanently unable to work 0.00 0.05 0.00 0,06 0.00 0.05 0.00 0.06
Social plan 0.00 0.00 0.00 0.00 — — — —
Schoolind
No school 0.07 0.26 0.06 0.24 0.08 0.27 0.07 0.26
CSE 0.33 0.47 0.26 0.44 0.33 0.47 0.29 0.45
O-levels 0.53 0.50 0.60 0.49 0.53 0.50 0.57 0.50
Adv. technical college entrante 0.02 0.12 0.02 0.12 0.01 0.12 0.01 0.12
A-levels 0.05 0.23 0.07 0.256 0.05 0.22 0.06 0.23
Assessment of Individual's Qualification
Other 036 048 033 047 035 048 0.37 0.48
Unskilled employee 0.00 0.00 0.00 0.p0 0.00 0.00 0.00 0.00
Skilled employee 0.56 0.50 0.59 0.49 0.57 0.50 0.56 0.50
Ass. to technical scho®l 0.03 0.17 0.02 0.16 0.04 0.18 0.02 0.16
Ass. to adv. technical college 0.02 0.15 0.02 0.130.02 0.13 0.02 0.13
Ass. to university 0.02 0.15 0.03 0.17 0.02 0.15 0.02 0.15
Ass. to top-management 0.00 0.00 0.00 0.020.00 0.01 0.00 0.02
Professional Training
Without completed prof. training 0.15 0.36 0.14 0/34 0.15 0.35 0.17 0.37
Apprenticeship (on-the-job) 073 044 076 0/420.74 044 073 044
Apprenticeship (off-the-job) 0.01 0.10 0.01 0.0 0.01 0.08 0.01 0.09
Full-time vocational school 0.01 0.10 0.01 009 0.01 0.11 0.01 0.10
Technical school 0.06 024 004 0.20 0.06 0.23 0.05 0.21
Advanced technical college 0.01 0.10 0.01 0.100.01 0.11 0.01 0.09
University 0.03 016 003 0.1 0.03 0.16 0.03 0.16
Month of Treatment Start
July 2000 0.19 0.39 0.17 0.38 0.22 0.41 0.19 0.39
September 2000 0.21 0.41 0.19 0J39 0.23 0.42 0.23 0.42
November 2000 0.14 034 013 0.4 015 035 0.16 0.36
January 2001 0.06 0.24 0.2 0.3 0.05 0.22 0.11 0.31
March 2001 0.19 0.39 0.18 0.38 0.16 0.37 0.14 0.35
May 2001 0.22 0.41 0.21 0.40 0.19 0.39 0.18 0.38
Regional Context Variable
Cluster la 0.17 0.38 0.15 0.36 0.16  0.37 0.17 0.38
Cluster Ib 0.70 0.46 0.67 0.47 0.70 0.46 0.67 0.47
Cluster Ic 0.12 0.32 0.15 0.36 0.12 0.32 0.13 0.34
Cluster Il 0.01 0.11 0.03 0.17 0.02 0.13 0.03 0.17
Desired Work Time
Full-time work 0.99 0.10 0.98 0.1p 0.99 0.10 0.97 0.16
Part-time work 0.01 0.10 0.02 0.15 0.01 0.10  0.03 0.16
Other (e.g., telework) 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Work Time (Last Occupation)
Full-time work 0.41 0.49 050 050 048 050 046 050
Part-time work 0.12 0.32 0.06 0.23 0.13 034 0.08 0.28
Not applicable 0.48 0.50 0.44 0.50 0.39 0.49 0.46 0.50
Desired Occupation
Farmingf 0.09 0.29 0.06 0.28 0.09 0.28 0.07 0.25
Mining, mineral extraction 0.00 0.03 0.00 0.03 0.00 0.04 0.00 0.03
Manufacturing 0.40 0.49 0.41 049 0.40 0.49 0.37 0.48
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Table A.3: continued

Unemployment duratioh Unemployment duration
<= 6 months > 6 and<= 12 months
Part. Non-Part. Part. Non-Part.

Mean SD Mean SD | Mean SD Mean SD

Technical professions 0.04 0.19 0.04 0/20 0.04 0.20 0.04 0.20
Service professions 0.47 0.50 0.47 0/50 0.46 0.50 0.50 0.50
Other occupations 0.01 0.08 0.02 0/14 0.00 0.07 0.02 0.14

L Unemployment duration until treatment start.

2 Attendant for vocational rehabilitation.

3 Similar programme before unemployment, e.g., job creation or structural agjusscheme.
4 Schooling: CSE = Certificate of Secondary Education.

5 Advanced technical college entrance qualificatiBachhochschulreife

6 Ass. = assimilable.

7 Farming comprises plant cultivation, breeding and fishery.

Table A.4: Descriptive Statistics for Selected Characteristics -t Basmany
(Unemployment Duration 13 to 18 and 19 to 24 Months)

Unemployment duratioh Unemployment duratich
> 12 months and = 18 months > 18 and<= 24 months
Part. Non-Part. Part. Non-Part.
No. of observations 4,619 36,050 2,123 20,714
Mean SD Mean SD | Mean SD Mean SD
Programme duration 298.10 100.10 — F295.50 103.40 — —
Age
25to 29 years 0.05 0.21 0.08 0.27 0.05 0.22 0.07 0.25
30 to 34 years 0.10 0.30 0.15 0.85 0.12 0.32 0.13 0.34
35 to 39 years 0.17 0.37 0.19 0.89 0.15 0.36 0.19 0.39
40 to 44 years 0.18 0.38 0.19 0.839 0.18 0.39 0.20 0.40
45 to 49 years 0.23 0.42 0.21 0.40 0.23 0.42 0.21 0.41
50 to 55 years 0.29 0.45 0.19 0.89 0.27 0.44 0.20 0.40
Foreigner 0.01 0.08 0.01 0.12 0.01 0.07 0.02 0.13
Asylum seeker 0.01 0.07 0.02 0.12 0.00 0.07 0.02 0.13
Woman 0.59 0.49 0.60 0.49 0.62 0.48 0.64 0.48
No. of placement propositions 6.91 5.69 3.90 4.676.98 5.97 3.40 4.09
No. of children 0.79 1.01 0.84 1.04 081 1.05 0.87 1.07
Placement restrictions 0.10 0.30 0.11 0{310.10 0.29 0.11 0.32
Vocational rehabilitation 0.06 0.23 0.04 0.20 0.05 0.22 0.04 0.21
Health restrictions 0.18 0.39 0.18 0.38 0.17 0.38 0.18 0.39
Marriage/Cohabitation 0.67 0.47 0.64 0.48 0.67 0.47 0.65 0.48
Work experience 0.92 0.27 0.90 0.29 0.91 0.28 0.90 0.30
Programme before unemploymént 0.62 0.49 0.36 0.48 0.59 0.49 0.35 0.48
Reception of Ul 058 049 0.91 0.29 0.61 0.49 0.90 0.29
Duration of Last Employment
Up to 180 days 0.36 0.48 0.15 0.836 0.35 0.48 0.15 0.35
181 to 365 days 0.23 042 0.21 0.41 0.26 0.44 0.21 0.41
1to 2 years 0.14 0.35 0.16 0.37 0.10 0.30 0.13 0.34
More than 2 years 0.26 0.44 0.47 0.60 0.29 0.45 0.51 0.50
Pension
No pension 1.00 0.07 1.00 0.07 1.00 0.07 0.99 0.08
Vocational disability 0.00 0.04 0.00 0.03 0.00 0.02 0.00 0.04
Permanently unable to work 0.00 0.05 0.00 0,06 0.00 0.06 0.00 0.06
Social plan 0.00 0.02 0.00 0.00 0.00 0.02 0.00 0.00
Schooling
No school 0.09 0.29 0.09 0.28 0.11 0.32 0.10 0.29
CSE 0.33 0.47 0.31 0.46 0.35 0.48 0.33 0.47
O-levels 0.52 0.50 0.55 0.50 0.50 0.50 0.52 0.50
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Table A.4: continued
Unemployment duratioh Unemployment duratioh
> 12 months and = 18 months > 18 and<= 24 months
Part. Non-Part. Part. Non-Part.
Mean SD Mean SD | Mean SD Mean SD
Adv. technical college entrance 0.01 0.12 0.01 0.11 0.01 0.08 0.01 0.11
A-levels 0.05 0.21 0.05 0.2l 0.04 0.19 0.05 0.21
Assessment of Individual's Qualification
Other 0.39 0.49 0.40 049 0.44 0.50 0.43 0.49
Unskilled employee 0.00 0.00 0.00 0.p1 0.00 0.00 0.00 0.01
Skilled employee 0.54 0.50 0.54 0.50 0.52 0.50 0.52 0.50
Ass. to technical schobdl 0.03 0.17 0.02 0.14 0.02 0.14 0.02 0.14
Ass. to adv. technical college 0.02 0.14 0.01 0.120.01 0.11 0.01 0.11
Ass. to university 0.02 0.14 0.02 0.14 0.01 0.11 0.02 0.14
Ass. to top-management 0.00 0.00 0.00 0.020.00 0.00 0.00 0.01
Professional Training
Without completed prof. training 0.16 0.37 0.19 0{39 0.20 0.40 0.20 0.40
Apprenticeship (on-the-job) 0.73 0.44 0.73 0{45 0.72 0.45 0.72 0.45
Apprenticeship (off-the-job) 0.01 0.08 0.01 0.p8 0.01 0.08 0.01 0.07
Full-time vocational school 0.01 0.10 0.01 0.10 0.01 0.09 0.01 0.10
Technical school 0.06 0.24 0.04 0.20 0.04 0.20 0.04 0.20
Advanced technical college 0.01 0.09 0.01 0.090.01 0.09 0.01 0.08
University 0.02 0.14 0.02 0.15 0.02 0.13 0.02 0.15
Month of Treatment Start
July 2000 0.19 0.39 0.19 0.39 0.16 0.37 0.17 0.38
September 2000 0.22 0.42 0.23 0/42 0.21 0.41 0.22 0.41
November 2000 0.14 0.35 0.14 0.85 0.15 0.36 0.15 0.35
January 2001 0.06 0.24 0.10 0.B1 0.07 0.26 0.12 0.32
March 2001 0.16 0.37 0.14 0.35 0.19 0.39 0.15 0.36
May 2001 0.22 0.41 0.19 0.39 0.21 0.41 0.19 0.39
Regional Context Variable
Cluster la 0.21 0.41 0.17 0.37 0.22 0.42 0.16 0.37
Cluster Ib 0.66 0.47 0.67 0.47 0.64 0.48 0.67 0.47
Cluster Ic 0.11 0.32 0.14 0.34 0.12 0.32 0.14 0.34
Cluster Il 0.02 0.13 0.03 0.17 0.02 0.13 0.03 0.17
Desired Work Time
Full-time work 0.99 0.10 0.97 0.17 0.99 0.12 0.97 0.18
Part-time work 0.01 0.10  0.03 0.17 0.01 0.12 0.03 0.18
Other (e.g., telework) — — — — — — — —
Work Time (Last Occupation)
Full-time work 0.49 0.50 0.43 0.4D 0.46 0.50 0.39 0.49
Part-time work 0.17 0.38  0.09 0.29 0.15 0.36 0.09 0.28
Not applicable 0.34 0.47 0.48 0.50 0.39 0.49 0.52 0.50
Desired Occupation
Farming 0.10 0.30 0.07 0.26 0.10 0.30 0.07 0.26
Mining, mineral extraction 0.00 0.03 0.00 0.04 0.00 0.04 0.00 0.04
Manufacturing 0.36 0.48 0.35 0.48 0.36 0.48 0.34 0.47
Technical professions 0.04 0.20 0.04 0/19 0.03 0.17 0.03 0.18
Service professions 0.50 0.50 0.52 0|50 0.51 0.50 0.53 0.50
Other occupations 0.00 0.07 0.02 0/14 0.00 0.05 0.02 0.14

1 Unemployment duration until treatment start.
2 Attendant for vocational rehabilitation.

3 Similar programme before unemployment, e.g., job creation or structural agjusscheme.
4 schooling: CSE = Certificate of Secondary Education.

5 Advanced technical college entrance qualificatiBachhochschulreife

6 Ass. = assimilable.

7 Farming comprises plant cultivation, breeding and fishery.
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Table A.5: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 1 to u = 4 (West Germany)

u=1 u =2 u=3 u=4
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Constant -2.261 0.142 -2.407 0.164 -2.721 0.178 -2.498 0.197
Age

25t0 29 years Reference Reference Reference Reference
30 to 34 years 0.102  0.069 -0.174 0.073  0.107 0.084 0.020 0.089
35 to 39 years 0.206 0.095 -0.203 0.108 0.032 0.119 0.028 0.127
40 to 44 years 0.168 0.136 -0.383 0.160 -0.012 0.170 0.014 0.183
45 to 49 years 0.139  0.187 -0.527 0.222 -0.069 0.233 0.118 0.251
50 to 55 years 0.212 0.246 -0.591 0.293 -0.071 0.307 0.027 0.332
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.223 0.051 -0.112 0.057 -0.182 0.065 -0.266 0.071
Asylum seeker 0.047  0.066 -0.401 0.114 -0.064 0.090 -0.205 0.101
Woman -0.095 0.035 -0.044 0.041 -0.053 0.045 0.011 0.047
No. of placement propositions 0.015 0.001 0.015 0.001 0.016 0.002 0.016 0.002

No. of children 0.053 0.016 0.016 0.020 0.039 0.021 0.053 0.021
Placement restrictions 0.109 0.056 0.181 0.071 0.182 0.071 -0.052 0.076
Vocational rehabilitatioh -0.056 0.070 0.038 0.080 0.108 0.078 0.160 0.089
Health restrictions 0.108 0.050 -0.017 0.064 0.089 0.064 0.142 0.065
Marriage/Cohabitation -0.150 0.0835 -0.087 0.041 -0.142 0.044 -0.035 0.046
Work experience 0.008 0.059 -0.059 0.064 0.044 0.073 0.079 0.081
Programme bef. unen. 0.871 0.040 1.050 0.045 0.951 0.046 0.790 0.054
Reception of Ul -0.010 0.043 -0.063 0.046 -0.045 0.049 -0.006 0.056
Duration of Last Employment

Up to 180 days 0.004 0.037 0.095 0.042 0.147 0.046 0.145 0.048
Between 180 and 365 days -0.174 0.051 -0.225 0.064 0.001 0.060 -0.339 0.084

1to 2 years -0.001 0.042 -0.075 0.052 -0.056 0.057 0.016 0.056
More than 2 years - - - - - - - -
Pension

No pension Reference Reference Reference Reference
Vocational disability - - 0.154 0375 -0.009 0.465 - -
Permanently unable to work 0.113 0.279 - -0.032 0.378 - -
Social plan - - - - - - - -
Schoolind

No school Reference Reference Reference Reference
CSE -0.154 0.043 -0.084 0.053 -0.051 0.059 0.076 0.064
O-levels -0.104  0.060 -0.143 0.072 -0.017 0.078 -0.003 0.087
Adv. technical college entrante -0.147  0.094 -0.053 0.103 -0.046 0.114 0.031 0.129
A-levels -0.185 0.086 -0.078 0.097 0.051 0.101 0.128 0.111
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) -0.055 0.042 -0.071 0.049 -0.102 0.053 540.0 0.056
Apprenticeship (off-the-job) 0.263 0.106 -0.113 0.163 0.072 0.140 0.019 0.181
Full-time vocational school -0.337 0.162 -0.123 0.144 -0.013 0.132 -0.034 0.150
Technical school 0.014 0.093 0.025 0.107 0.022 0.109 -0.191 0.137
Advanced technical college 0.046 0.140 -0.005 0.170 0.099 0.148 -0.0D4174
University 0.054 0.116 -0.127 0.151 -0.171 0.145 -0.081 0.155
Assessment of Individual’s Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee -0.122 0.042 0.029 0.049 0.019 0.052 -0.091 0.056
Ass. to technical schodl -0.038  0.117 0.103 0.129 0.164 0.123 0.214 0.138
Ass. to adv. technical college 0.293 0.122 0.114 0.152 0.536 0.132 0.520 0.154
Ass. to university 0.382 0.109 0.272 0.140 0.295 0.141 0.384 0.152
Ass. to top-management - - - - - - - -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 -0.072  0.049 0.003 0.058 0.016 0.066 0.110 0.076
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Table A.5: (continued)

u=1 u =2 u=3 u=4
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

November 2000
January 2001
March 2001
May 2001

0.0620.182 0.065 0.315 0.075
0.071  0.070 0.336 0.076
0.0630.326  0.072
0.0640.164  0.072

-0.012 0.051  0.093

0.083 0.051 0.151 0.061
-0.076 0.051 -0.014 0.061 0.099
-0.037 0.047 -0.087 0.066 -0.049

Regional Context Variables

Cluster la

Cluster Ib - - - - - - - -
Cluster Ic - - - - - - -

Cluster Il Reference Reference Reference Reference
Cluster I -0.189 0.035 -0.103 0.042 0.017 0.045 -0.115 0.047
Cluster IV -0.232 0.055 -0.218 0.068 -0.250 0.080 -0.260 0.080
Cluster V -0.210 0.042 -0.104 0.049 -0.095 0.055 -0.198 0.058

Work Time (Last Occupation)

Full-time work
Part-time work
Not applicable

Reference Reference Reference Reference
-0.086  0.094  0.067 0.100 -0.023 0.111  0.078 0.110
0.040 0.032 0.082 0.038 -0.020 0.040 -0.020 0.043

Desired Work Time

Full-time work
Part-time work
Other (e.g., telework)

Reference Reference Reference Reference
-0.015 0.060 -0.119 0.070 -0.138 0.0780.262  0.083

Desired Occupation

Farmind

Mining, mineral extraction
Manufacturing

Technical professions
Service professions
Other occupations

Reference Reference Reference Reference

-0.463 0.402 - - -0.096 0379 -0.203 0.401
-0.284 0.060 -0.317 0.073 -0.227 0.075 -0.337 0.081
-0.537 0.109 -0.436 0.124 -0.399 0.119 -0.852 0.158
-0.356 0.060 -0.338 0.073 -0.323 0.075 -0.448 0.081
-0.560 0.140 -0.785 0.198 -0.615 0.191 -0.711 0.199

N 125,430 93,477 69,869 55,358
Log-Likelihood -3,739.57 -2,686.84 -2,390.41 -2,073.35
R? 0.134 0.146 0.158 0.134

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabke$egt prediction of participation
decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifie

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.6: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 5 to u = 8 (West Germany)

u=>5 u=206 u="7 u =38
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

Constant -2.357 0.219 -2502 0.213 -2.087 0.210 -1.820 0.223
Age
2510 29 years Reference Reference Reference Reference
30 to 34 years -0.084 0.100 0.001 0.100 0.066 0.10D2.215 0.106
35 to 39 years -0.005 0.140 -0.085 0.139 0.030 0.14D.313 0.147
40 to 44 years -0.061  0.202 -0.037 0.196 -0.036 0.200 0.402 0.210

continued on next page
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Table A.6: (continued)
u=>5 u==6 u="7 u =38
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
45 to 49 years -0.003 0.278 0.030 0.266 -0.105 0.274 0520 0.288
50 to 55 years 0.016 0.367 -0.065 0.354 -0.132 0.360 0.551 0.381
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.206 0.074 -0.103 0.071 -0.231 0.074 -0.203 0.075
Asylum seeker -0.426 0.133 -0.409 0.122 -0.214 0.109 0.083 0.101
Woman -0.089 0.053 0.008 0.051 -0.077 0.0520.117 0.055
No. of placement propositions 0.019 0.002 0.019 0.002 0.017 0.002 0.019 0.002
No. of children 0.063 0.024 0.043 0.023 0.064 0.022 -0.002 0.026
Placement restrictions 0.271 0.092 -0.047 0.082 0.005 0.087 -0.026 0.090
Vocational rehabilitatioh -0.182  0.111 0.030 0.101  0.093 0.106 0.232 0.103
Health restrictions -0.020 0.084 0.112 0.071 0.054 0.075 0.065 70.07
Marriage/Cohabitation -0.107  0.052 0.023 0.051 -0.042 0.051 -0.030 0.053
Work experience 0.120 0.092 -0.081 0.079 0.106 0.091 0.110 0.093
Programme bef. unenp. 0.847 0.057 0.939 0.055 0.777 0.056 0.735 0.060
Reception of Ul -0.223 0.057 -0.095 0.058 -0.220 0.058 -0.154 0.063
Duration of Last Employment
Up to 180 days 0.182 0.053 0.185 0.051 0.134 0.054 0.123 0.055
Between 180 and 365 days -0.128  0.083 -0.081 0.078 0.073 0.072 -0.04280 O
1to 2 years -0.047  0.068 -0.156 0.070 0.138 0.061 0.041  0.067
More than 2 years Reference Reference Reference Reference
Pension
No pension Reference Reference Reference Reference
Vocational disability 0.391 0.422 - - - - - -
Permanently unable to work - - - - - - - -
Social plan - - - - - - - -
Schooling
No school Reference Reference Reference Reference
CSE -0.186 0.065 -0.127 0.067 -0.202 0.066 -0.083  0.070
O-levels -0.054 0.087 -0.226 0.093 -0.254 0.091 -0.093 0.096
Adv. technical college entrante -0.138 0.142 -0.137 0.133 -0.001 0.122 0.158 0.126
A-levels -0.031 0.122 -0.024 0.115 0.022 0.109 0.139 0.115
Professional Training
Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) -0.034 0064 0.095 0.061 -0.044 0.063 230.0 0.064
Apprenticeship (off-the-job) 0.218 0.169 0.407 0.158 0.052 0.199 0.480 0.153
Full-time vocational school 0.078 0.164 0.342 0.146 0.085 0.158 -0.105 0.194
Technical school -0.196  0.162 0.344 0.122 0.253 0.116 0.017 0.135
Advanced technical college -0.020 0.2120.406 0.181 -0.014 0.175 0.043 0.190
University -0.075 0.185 0.148 0.169 0.063 0.158 -0.272 0.175
Assessment of Individual's Qualification
Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee -0.045 0.063 -0.035 0.059 0.014 0.060.144 0.064
Ass. to technical schodl 0.361 0.147 -0.010 0.163 0.004 0.167 0.195 0.150
Ass. to adv. technical college 0.471 0.182 0.200 0.161 0.401 0.146 0.168 0.173
Ass. to university 0.297 0.182 0118 0.162 -0.006 0.159  0.223 1610.
Ass. to top-management = - - - = - - -
Month of Treatment Start
July 2000 Reference Reference Reference Reference
September 2000 0.124  0.071 0.046 0.072 -0.057 0.074 0.081 0.072
November 2000 0.079 0.081 0.143 0.0810.317 0.071 0.041  0.080
January 2001 0.256 0.077 0.266 0.080 0.146 0.080 0.111 0.092
March 2001 0.121  0.076 0.044 0.078 0.091 0.076 0.152 0.078
May 2001 0.074 0.075 0.181 0.068 0.063 0.069 0.091 0.072
Regional Context Variables
Cluster la - - - - - - - -
Cluster Ib - - - - - - - -
Cluster Ic - - - - - - - -

continued on next page



A.1 Tables 157

Table A.6: (continued)

u=>5 u==06 u="7 u =38
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Cluster Il Reference Reference Reference Reference
Cluster 1l -0.053  0.053 -0.120 0.051 -0.039 0.050 -0.105 0.053
Cluster IV -0.164 0.086 -0.299 0.090 -0.400 0.102 -0.113 0.084
Cluster V -0.140 0.066 -0.107 0.062 -0.089 0.064-0.177 0.070

Work Time (Last Occupation)

Full-time work
Part-time work
Not applicable

Reference Reference Reference Reference
0.265 0.116 -0.096 0.134 0.119 0.104 0.101 0.114
-0.022  0.048 -0.023 0.047-0.156 0.047 -0.161 0.049

Desired Work Time

Full-time work
Part-time work
Other (e.g., telework)

Reference Reference Reference Reference
-0.283 0.096 -0.137 0.083 -0.158 0.082 -0.082 0.088

Desired Occupation

Farmind

Mining, mineral extraction
Manufacturing

Technical professions
Service professions
Other occupations

Reference Reference
- - - - -0.239 0.406 0.033 0.432
-0.028 0.104 -0.012 0.110-0.266 0.092 -0.236 0.101
-0.636 0.192 -0.303 0.164 -0.584 0.153 -0.512 0.161
-0.181  0.105 -0.135 0.1110.354 0.093 -0.311 0.102
-0.366  0.207-0.474 0.242 -1.090 0.374 -1.021 0.364

Reference Reference

N 38,091 35,860 27,347 23,602
Log-Likelihood -1,699.69 -1,807.31 -1,850.46 -1,665.33
R? 0.154 0.158 0.146 0.122

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.
— Variables not included in estimation due to collinearity to other variabke$egt prediction of participation

decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural agjusscheme.
3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifie

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.7: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 9 to v = 12 (West Germany)

u=29 u =10 uw =11 u =12
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Constant -1.956 0.234 -1.734 0249 -1945 0.276 -1.483 0.221
Age

25 to 29 years
30 to 34 years
35to 39 years
40 to 44 years
45 to 49 years
50 to 55 years

Reference Reference Reference Reference
0.041  0.118 -0.134 0.122 0.010 0.133 -0.065 0.113
0.159 0.158 -0.046 0.167 0.149 0.178 0.040  0.149
0.053 0.225 -0.144 0.240 0.131 0.256 0.063  0.210
-0.075  0.307 -0.169 0.328 0.074 0.348 -0.042 0.288
-0.079  0.406 -0.236 0.433 0.067 0.463 -0.103 0.376

Age (squared)
Foreigner
Asylum seeker
Woman

No. of placement propositions

No. of children

0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
-0.180 0.078 -0.261 0.091 -0.205 0.092 -0.099 0.074
-0.410 0.135 -0.029 0.119 -0.262 0.139 -0.048 0.098
-0.126 0.059 -0.177 0.065 -0.045 0.065 -0.131 0.055
0.020 0.002 0.020 0.003 0.020 0.003 0.025 0.002
0.003 0.027 -0.031 0.032 0.032 0.0290.081 0.025
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Table A.7: (continued)

u=9 u =10 u=11 u =12
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Placement restrictions -0.137 0.097 -0.084 0.105 -0.039 0.115 0.042 97 0.0

Vocational rehabilitatioh
Health restrictions
Marriage/Cohabitation
Work experience
Programme bef. unen.
Reception of Ul

0.190 0.117 0.233 0.122 0.304 0.131 0.143 0.120
0.109  0.082 0.006 0.089 -0.036 0.100 -0.054 50.08
0.061 0.058 0.007 0.062 0.022 0.068.112 0.055
-0.101 0.089 0.051 0.1010.272 0.124 0.021  0.083
0.734 0.065 0.749 0.067 0.737 0.070 0.729 0.061
-0.202 0.066 -0.160 0.072 -0.314 0.070 -0.450 0.056

Duration of Last Employment

Up to 180 days
Between 180 and 365 days
1to 2 years

0.159 0.058 0.236 0.063 0.235 0.067 0.131 0.055
-0.103 0.092 -0.099 0.097 0.128  0.094201 0.088
-0.109 0.078 0.023 0.081 -0.008 0.088 0.003 0.069

More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability - - - - - - - -
Permanently unable to work 0.653  0.360 - - - - -0.052 0.500
Social plan - - - - - - - -
Schooling

No school Reference Reference Reference Reference
CSE 0.114  0.077 -0.154 0.079 -0.012 0.085 0.063 0.074
O-levels 0.155 0.102 -0.227 0.109 -0.219 0.122 0.010 0.098

Adv. technical college entrante
A-levels

0.156  0.155 -0.485 0.181 -0.071 0.169 0.099 0.139
-0.028 0.146 -0.298 0.153 0.065 0.145 0.122 0.122

Professional Training

Without compl. prof. training
Apprenticeship (on-the-job)
Apprenticeship (off-the-job)
Full-time vocational school
Technical school

Advanced technical college
University

Reference Reference Reference Reference
-0.245 0.071 0.162 0.073 -0.081 0.081 -0.030 0.066
0.156 0.198 0.086 0.284 -0.513 0.391 110.2 0.201
-0.144 0.188 0.209 0.198 -0.154 0.237.100 0.159
0.268 0.129 0.198 0.166 0.023 0.170 0.087 0.128
0.167 0.2130.506 0.228 0.286 0.238 -0.230 0.197
0441 0190 0.051 0216 -0.352 0.229 -0.049 0.166

Assessment of Individual's Qualification

Other

Unskilled employee

Skilled employee

Ass. to technical schodl

Ass. to adv. technical college

Reference Reference Reference Reference

-0.056  0.071 -0.156 0.073 0.063  0.081 0.054  0.065
0.318 0.156 -0.128 0.221  0.103 0.235 0.345 0.157
0.282 0.174 0371 0.204 0.260 0.22%582 0.159

Ass. to university -0.176  0.188 0.224 0.209 0.375 0.217  0.294 1640.
Ass. to top-management — - - - — - - -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 0.264 0.079 0.072 0.083 -0.168 0.088 -0.073  0.069
November 2000 0.209 0.092 0.254 0.086 -0.029 0.092 0.040 0.078
January 2001 0.392 0.093 0.215 0.093 0.134 0.097 0.059 0.088
March 2001 0.263 0.090 0.177 0.093 0.152 0.091 0.111 0.076
May 2001 0.183 0.086 0.103 0.087 -0.018 0.089 0.109 0.076

Regional Context Variables

Cluster la
Cluster Ib
Cluster Ic
Cluster Il

Cluster Il
Cluster IV
Cluster V

Reference Reference Reference Reference
-0.109 0.057 -0.151 0.061 0.038 0.065 -0.191 0.053
-0.162 0.092 -0.042 0.094 -0.078 0.111-0.269 0.089
-0.135 0.074 -0.109 0.079 0.048 0.084 -0.122 0.068

Work Time (Last Occupation)

Full-time work
Part-time work
Not applicable

Reference Reference Reference Reference
0.112 0.122 -0.206 0.171  0.046 0.146 0.086 0.116
-0.111 0.053 -0.131 0.056 -0.033 0.060 -0.212 0.049
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Table A.7: (continued)

u=9 u =10 u=11 u =12
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Desired Work Time
Full-time work — — - - — — - -
Part-time work -0.083 0.089 0.019 0.100 -0.184 0.100 -0.122  0.081
Other (e.g., telework) - - - - - - - -
Desired Occupation
Farmind Reference Reference Reference Reference
Mining, mineral extraction - - - - - - - -
Manufacturing -0.386 0.099 -0.406 0.105 -0.369 0.118 -0.233 0.105
Technical professions -0.971 0.199 -0.652 0.190 -0.712 0.210 -0.513 0.165
Service professions -0.393 0.100 -0.401 0.105 -0.376 0.118 -0.188 0.104
Other occupations -0.727 0.241 -0.816 0.283 - — -0.931 0.349
N 19,322 16,650 14,178 13,472
Log-Likelihood -1,441.50 -1,265.18 -1,135.90 -1,737.97
R? 0.139 0.146 0.143 0.156

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabke$egt prediction of participation
decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifie

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.8: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 13 to u = 16 (West Germany)

u =13 u =14 u =15 u =16
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Constant -0.909 0.217 -1.322 0.299 -0.878 0.319 -2.277 0.386
Age
25t0 29 years Reference Reference Reference Reference
30 to 34 years -0.074  0.110 0.109 0.142 -0.058 0.161 -0.211  0.197
35 to 39 years -0.045 0.149 0.196 0.197 0.328 0.209 -0.247  0.258
40 to 44 years -0.016 0.211 0370 0.280 0436 0.297 -0.016 0.356
45 to 49 years -0.062 0.288 0.490 0.385 0.753 0.406 -0.069 0.489
50 to 55 years -0.102 0.379 0903 0504 1.024 0535 -0.363 0.642
Age (squared) 0.000 0.000 0.000 0.0000.001 0.000 0.000 0.000
Foreigner -0.265 0.080 -0.070 0.094 -0.247 0.113 -0.091  0.119
Asylum seeker -0.376  0.117 0.178 0.123 0.034 0.143 -0.044 0.168
Woman -0.097 0.055 -0.072 0.074 -0.088 0.079 -0.066 0.096
No. of placement propositions 0.020 0.002 0.023 0.003 0.027 0.003 0.022 0.004
No. of children 0.074 0.025 0.077 0.032 0.043 0.036 0.022 0.044
Placement restrictions 0.184 0.098 0.102 0.123 -0.047 0.129 0.004 69 0.1
Vocational rehabilitatioh 0.268 0.109 0.145 0.147 0.071 0.163 0.260 0.202
Health restrictions -0.106  0.089 0.057 0.110 0.124 0.112 -0.004 60.14
Marriage/Cohabitation -0.105 0.056 -0.131  0.0730.155 0.079  0.024  0.095
Work experience -0.017 0.082 0.147 0.127 -0.091 0.123 0.308 0.180
Programme bef. unenp. 1.145 0.057 0.652 0.083 0.464 0.092 0.677 0.103
Reception of Ul -0.659 0.055 -0.100 0.092 -0.298 0.093 -0.154 0.114
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Table A.8: (continued)

u =13 u =14 u =15 u =16
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Duration of Last Employment

Up to 180 days 0.119 0.056 0.161 0.077 0.094 0.085 0.332 0.098
Between 180 and 365 days -0.231  0.090 0.060 0.104 0.252 0.098 0.164 0.129
1to 2 years -0.050 0.072 0.112 0.092 0.001 0.108 0.114 0.127
More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability -0.158 0.457 - - - - 0.892 0.636
Permanently unable to work - - 0.235 0.602 - - - -
Social plan - - - - - - - -
Schoolind

No school Reference Reference Reference Reference
CSE -0.063 0.076 -0.018 0.092 0.162 0.106 -0.111 0.114
O-levels 0.058 0.098 -0.003 0.128 -0.002 0.150 -0.207 0.173
Adv. technical college entrante 0.101 0.136 0.019 0.190 -0.072 0.241 0.030 0.235
A-levels 0.026 0.127 0.008 0.178 0.060 0.204 -0.177 0.227
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) 0.056 0.068 -0.087 0.089 0.136 0.091 440.0 0.116
Apprenticeship (off-the-job) 0.400 0.188 0.372 0.244 0370 0.286 - -
Full-time vocational school 0.354 0.144 0.174 0.207 0.012 0.274 -0.383 0.416
Technical school 0.316 0.124 -0.019 0.207 -0.112 0.257 0.210 0.231
Advanced technical college 0.341 0.183 -0.057 0.316 0.221 0.330 -0.4@7352
University 0.003 0.172 0.341 0.250 -0.019 0.296 0.079 0.328
Assessment of Individual’s Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee 0.038 0.066 0.038 0.088-0.220 0.093 -0.119 0.121
Ass. to technical schodl 0.067 0.179 -0.021 0.273 -0.063 0.266 0.097 0.346
Ass. to adv. technical college 0.485 0.160 0.352 0.254 0.126 0.296 0.726  0.288
Ass. to university 0.159 0.164 -0.077 0.252 0.218 0.285 0.147 3270.
Ass. to top-management 0.090 0.427 - - - - - -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 -0.012 0.071 -0.020 0.093 -0.005 0.098 0.235 0.132
November 2000 0.065 0.080 -0.138 0.108 0.022 0.108 0.181 0.147
January 2001 0.293 0.078 -0.033 0.117 -0.149 0.138 0.354 0.142
March 2001 0.259 0.078 0.030 0.106 0.008 0.108 0.302 0.138
May 2001 -0.015 0.079 -0.093 0.102 -0.126 0.114 0.182 0.141
Regional Context Variables

Cluster la - - - - - - - -
Cluster Ib - - - - - - - -
Cluster Ic - - - - - - - -
Cluster Il Reference Reference Reference Reference
Cluster Ill -0.124 0.054 -0.141 0.070 -0.114 0.075 -0.165 0.092
Cluster IV -0.148  0.085 -0.140 0.112 -0.076 0.122 -0.214 0.155
Cluster V -0.013  0.071 -0.150 0.098-0.265 0.111 -0.149 0.126
Work Time (Last Occupation)

Full-time work Reference Reference Reference Reference
Part-time work -0.005 0.118 -0.182 0.172 0.181 0.150 0.355 0.188
Not applicable -0.248 0.050 -0.253 0.067 -0.364 0.073 -0.112 0.088
Desired Work Time

Full-time work Reference Reference Reference Reference
Part-time work -0.382 0.088 0.022 0.110 -0.161 0.130 -0.277 0.160
Other (e.g., telework) - - - - - - - -
Desired Occupation

Farmind Reference Reference Reference Reference
Mining, mineral extraction - - -0.009 0.483 - - - -
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Table A.8: (continued)
u =13 u =14 u =15 u =16
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Manufacturing -0.424 0.101 -0.322 0.127 -0.194 0.153 -0.281 0.165
Technical professions -0.870 0.177 -0.726 0.253 -0.737 0.287 -0.442 0.298
Service professions -0.383 0.101 -0.359 0.129 -0.320 0.154 -0.175 0.165
Other occupations -1.098 0.296 -0.871 0.361 -0.429 0.309 - -
N 11,465 9,563 8,829 7,421
Log-Likelihood -1,766.38 -939.64 -805.94 -554.13
R? 0.258 0.128 0.150 0.159

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.
— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation

decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.
3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifle

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.9: Estimation Results of the Probit-Models for the PropenSitgres for

Treatment Starting in Month = 17 to u = 20 (West Germany)

u =17 u =18 u =19 u = 20
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Constant -2.063 0.385 -1.781 0.407 -2.251 0.396 -1.725 0.460
Age
2510 29 years Reference Reference Reference Reference
30 to 34 years 0.109 0.193 -0.083 0.207 0.141 0.220 -0.152 0.241
35to 39 years 0.088 0.257 -0.035 0.271 0.272 0.264 -0.113 0.318
40 to 44 years -0.061 0.364 0.151 0373 0.203 0.354 -0.262 0.446
45 to 49 years -0.182  0.487 0.239 0506 -0.108 0.480 -0.450 0.616
50 to 55 years -0.434 0.654 0.426 0.662 -0.039 0.621 -0.247 0.806
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.058 0.120 -0.271 0.138 -0.052 0.119 -0.062 0.152
Asylum seeker -0.571 0.239 -0.178 0.200 -0.275 0.190 0.082 0.212
Woman -0.139  0.098 -0.175 0.101 -0.003 0.091 -0.129 0.120
No. of placement propositions 0.029 0.003 0.025 0.004 0.027 0.004 0.026 0.005
No. of children 0.043 0.045 0.115 0.044 -0.029 0.045 0.055 0.054
Placement restrictions 0.246 0.167 0.135 0.194 0.044 0.162 0.041 12 0.2
Vocational rehabilitatioh 0.392 0.178 0.514 0.194 0.292 0.192 0.527 0.231
Health restrictions -0.106 0.153 -0.327 0.176 -0.086 0.142 -0.138 50.18
Marriage/ cohabitation -0.242  0.095 -0.179 0.101 -0.004 0.092-0.298 0.121
Work experience 0.244 0.164 -0.071 0.154 0.139 0.157 -0.265 0.162
Programme bef. unenp. 0.704 0.102 0.845 0.106 0.624 0.101 0.866 0.114
Reception of Ul -0.291  0.110 -0.212 0.115 -0.105 0.118 -0.063 0.158
Duration of Last Employment
Up to 180 days 0.207 0.097 0.135 0.102 0.327 0.093 0.183 0.126
Between 180 and 365 days 0.110 0.128 -0.097 0.151 0.203 0.127 0.15451 0
1to 2 years -0.012 0.125 0.063 0.126 0.030 0.126 0.132 0.151
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Table A.9: (continued)

u =17 u =18 u =19 u = 20
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability - - - - - - - -
Permanently unable to work - - - - - - - -
Social plan - - - - - - - -
Schooling

No school Reference Reference Reference Reference
CSE -0.063 0.112 -0.125 0.120 0.140 0.114 -0.191 0.135
O-levels -0.007  0.163 -0.154 0.177 -0.116 0.178 -0.074  0.198
Adv. technical college entrante -0.294 0.300 0.343 0.231 -0.060 0.276 0.145 0.283
A-levels -0.014 0.220 0.141 0.209 0.055 0.228 0.117 0.232
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) -0.213 0.120 0.004 0.119 -0.063 0.107 370.0 0.143
Apprenticeship (off-the-job) -0.193 0.505 0.042 0.4011.046 0.301 - -
Full-time vocational school 0.395 0.235 -0.224 0.368 0.317 0.287.1920 0.329
Technical school 0.279  0.227 -0.055 0.259 0.307 0.235 -0.104 0.315
Advanced technical college 0.063 0.413 -0421 0425 0.028 0.465 0.313429
University -0.013  0.341 -0.681 0.364 0.154 0.365 -0.117 0.395
Assessment of Individual's Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee 0.023 0.121 -0.128 0.119 -0.043 0.108 -0.259 40.15
Ass. to technical schodl 0.384 0.272 0.247 0.316 - - 0.121 0.364
Ass. to adv. technical college 0.343 0.347 -0.003 0.362 0.039 0.4065860 0.443
Ass. to university 0411 0329 0.249 0.328 -0.075 0.353 -0.094 3740.
Ass. to top-management — - - - — - - -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 -0.052  0.131 0.159 0.137 -0.102 0.120 0.178 0.159
November 2000 0.156  0.132 0.220 0.152 0.126 0.124 0.226  0.169
January 2001 0.322 0.139 0.321 0.158 0.082 0.138 0.348 0.184
March 2001 0.032 0.139 0.136 0.153 -0.056 0.135 0.244 0.174
May 2001 -0.085 0.136 0.222 0.142 0.075 0.122 0.094 0.162
Regional Context Variables

Cluster la - - - - - - - -
Cluster Ib - - - - - - - -
Cluster Ic - - - - - - - -
Cluster Il Reference Reference Reference Reference
Cluster IlI -0.136  0.089 -0.047 0.093 -0.109 0.088 -0.157 0.106
Cluster IV -0.181 0.150 -0.110 0.161 -0.058 0.1420.507 0.227
Cluster V -0.199 0.129 -0.157 0.141 -0.244 0.1330.589 0.201
Work Time (Last Occupation)

Full-time work Reference Reference Reference Reference
Part-time work -0.594 0.401 0.266 0.198 0.040 0.204 0.204 0.256
Not applicable -0.207 0.084 -0.223 0.091 -0.193 0.084 -0.322 0.110
Desired Work Time

Full-time work Reference Reference Reference Reference
Part-time work 0.065 0.156 -0.192 0.165 -0.224 0.151 -0.129 0.219
Other (e.g., telework) - - - - - - - -
Desired Occupation

Farmind Reference Reference Reference Reference
Mining, mineral extraction - - - - - - - -
Manufacturing -0.031  0.158 0.148 0.208 -0.244 0.171 -0.095 0.200
Technical professions -0.599 0.301 -0.652 0.447 -0.810 0.401 -0.247 0.382
Service professions -0.382 0.164 0.143 0.209 -0.320 0.173 -0.060 0.203
Other occupations - - 0.180 0.374 -0.694 0.450 0.045 0.395
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Table A.9: (continued)
u =17 u =18 u =19 u =20
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
N 7,012 6,486 6,040 5,512
Log-Likelihood -577.25 -517.66 -596.82 -374.87
R? 0.200 0.177 0.155 0.219

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabkes$egt prediction of participation
decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBachhochschulreife

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.10: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 21 to u = 24 (West Germany)

u =21 u =22 u =23 u =24
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Constant -1.572 0.438 -0.251 0.452 -1510 0.472 -1.762 0.525
Age
25t0 29 years Reference Reference Reference Reference
30 to 34 years -0.210 0.249 -0.406 0.228 0.098 0.243 -0.010 0.331
35to 39 years -0.079  0.304 -0.405 0.315 -0.075 0.313 0.287 0.378
40 to 44 years -0.207 0415 -0.129 0.441 0.025 0.431 0.153 0.496
45 to 49 years -0.101  0.550 -0.021 0.610 -0.050 0.573 0.116 0.647
50 to 55 years -0.211  0.718 -0.092 0.811 0.137 0.755 -0.066 0.836
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.045 0.141 -0.304 0.163-0.444 0.161 -0.565 0.201
Asylum seeker 0.299 0.165 -0.180 0.211-0.633 0.292 -0.137 0.214
Woman -0.188 0.111 -0.128 0.119 -0.096 0.109 0.132 0.117
No. of placement propositions 0.027 0.004 0.025 0.005 0.027 0.005 0.022 0.006
No. of children 0.043 0.049 0.171 0.048 0.059 0.047 0.137 0.050
Placement restrictions 0.191 0.190 -0.148 0.235 -0.047 0.260.727 0.235
Vocational rehabilitatioh 0.586 0.184 0.720 0.246 0.174 0.250 0.700 0.277
Health restrictions -0.075 0.174 -0.235 0.205 -0.003 0.172 0.215 70.16
Marriage/Cohabitation -0.129 0.111-0.310 0.123 0.165 0.111 0.039 0.123
Work experience 0.080 0.187 -0.250 0.161 0.291 0.217 0.103 0.194
Programme bef. unenﬁ). 0.679 0.116 0470 0.130 0.325 0.130 0.669 0.136
Reception of Ul -0.306 0.127 -0.278 0.133 -0.375 0.132 -0.267 0.140
Duration of Last Employment
Up to 180 days 0.213 0.112 0.153 0.124 0.147 0.118 -0.075 0.132
Between 180 and 365 days 0.161 0.1530.333  0.150 0.185 0.156 -0.069 0.171
1to 2 years 0.079 0.151 -0.045 0.1620.298 0.136 0.015 0.164
More than 2 years Reference Reference Reference Reference
Pension
No pension Reference Reference Reference Reference
Vocational disability - - - - - - - -
Permanently unable to work 0.612  0.533 - - - - - -
Social plan - - - - - - - -
Schooling
No school Reference Reference Reference Reference
CSE 0.047 0.139 -0.128 0.135 -0.235 0.134 -0.135 0.164
O-levels -0.298  0.218 -0.247 0.205 -0.324 0.212 -0.226 0.234
Adv. technical college entrante -0.191 0.312 -0.411 0.372 0.072 0.297 0.099 0.288
A-levels -0.099 0.255 0.016 0.257 -0.084 0.257 0.340 0.246

continued on next page
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Table A.10: (continued)

u =21 u =22 u =23 u =24
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Professional Training
Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) -0.055 0.130 -0.261 0.147 0.060 0.131 680.1 0.145
Apprenticeship (off-the-job) 0.083 0.532 0.394 0.430 0.581 0.533 79.5 0.479
Full-time vocational school -0.533 0.490 - - 0.088 0.354 0.516 2.30
Technical school -0.196  0.313 0.249 0.267 -0.145 0.340 0.392 0.280
Advanced technical college -0.022 0.395 -0.498 0491 -0.734 0501 -0.075489
University -0.599 0.368 -0.116 0.403 -0.189 0.412 0.144 0.380
Assessment of Individual's Qualification
Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee 0.044 0.131 0.136 0.150 -0.174 0.1330.319 0.142
Ass. to technical schodl 0.547 0.305 -0.137 0.513 -0.296 0.472 -0.409 0.517
Ass. to adv. technical college 0.582 0.357 0.581 0.385 0.531 0.3831590 0.411
Ass. to university 0.944 0.339 0.033 0.418 0.039 0.392 -0.478 0.373

Ass. to top-management
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 -0.058 0.136 0.006 0.140 0.053 0.135 0.186 0.154
November 2000 -0.034 0.163 -0.168 0.182 -0.246 0.179 0.147  0.168
January 2001 0.066 0.173 -0.037 0.180  0.092 0.164 -0.113 0.221
March 2001 0.026 0.153 -0.039 0.1730.291 0.144 0.066 0.179
May 2001 -0.038 0.150 -0.020 0.151 -0.243 0.171 -0.123 0.184
Regional Context Variables

Cluster la - - - - - - - -
Cluster Ib - - - - - - - -
Cluster Ic - - - - - - - -
Cluster Il Reference Reference Reference Reference
Cluster 1l -0.102 0.104 -0.081 0.110 -0.176  0.1020.405 0.114
Cluster IV -0.156  0.175 -0.247 0.202 -0.236  0.181-1.303 0.425
Cluster V -0.238  0.159 -0.242 0.169-0.532 0.188 -0.219 0.155
Work Time (Last Occupation)

Full-time work Reference Reference Reference Reference
Part-time work -0.156  0.254 0.210 0.257 -0.190 0.280 -0.088 0.293
Not applicable -0.422 0.101 -0.167 0.109 -0.322 0.100 -0.443 0.110
Desired Work Time

Full-time work Reference Reference Reference Reference
Part-time work 0.037 0.182  -0.047 0.184-0.445 0.206 -0.494 0.199

Other (e.g., telework) - - - —
Desired Occupation

Farmind Reference Reference Reference Reference
Mining, mineral extraction - - - - - - - -
Manufacturing -0.557 0.182 -0.724 0.170 -0.006 0.202 -0.261 0.250
Technical professions -0.742 0.323 -0.938 0.378 -0.146 0.373 - -
Service professions -0.343 0.179-0.783 0.174 -0.092 0.206 -0.098 0.250
Other occupations -0.092 0.326 - - - - -0.032 0.494
N 5,294 4,547 4,363 3,954
Log-Likelihood -428.88 -376.51 -419.00 -358.49

R? 0.192 0.184 0.154 0.206

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variable$egt prediction of participation
decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural agjusscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBachhochschulreife

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.
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Table A.11: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 1 to v = 4 (East Germany)

u=1 u =2 u=3 u=4
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

Constant -1.810 0.117 -2.034 0.138 -2.274 0.137 -2.303 0.149
Age

2510 29 years Reference Reference Reference Reference
30 to 34 years 0.135 0.059 0.026 0.071 0.003 0.071 0.064 0.073
35 to 39 years 0.154 0.078 0.033 0.091 -0.063 0.092 -0.031 0.097
40 to 44 years 0.200 0.108 -0.161 0.126 -0.130 0.126 -0.120 0.135
45 to 49 years 0.245 0.147 -0.171 0.170 -0.151 0.169 -0.182 0.183
50 to 55 years 0423 0191 -0.212 0.221 -0.133 0.220 -0.144  0.237
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.355 0.138 -0.389 0.156 -0.455 0.173 -0.480 0.183
Asylum seeker -0.331  0.115 -0.411 0.130 -0.945 0.214 -0.714 0.184
Woman 0.077 0.028 0.035 0.033 0.051 0.032 -0.028 0.035
No. of placement propositions 0.021 0.002 0.027 0.002 0.025 0.002 0.025 0.002

No. of children 0.016 0.014 0.035 0.016 0.043 0.016 0.008 0.017
Placement restrictions 0.011 0.055 -0.007 0.063 -0.025 0.068.166  0.068
Vocational rehabilitatioh 0.126 0.063 0.171 0.072 0.201 0.074 0.195 0.077
Health restrictions 0.068 0.043 0.114 0.049 0.065 0.050 0.181 0.051
Marriage/Cohabitation -0.010 0.028 -0.038 0.033 -0.012 0.032  0.0140350.
Work experience 0.019 0.043 0.058 0.052 -0.082 0.048 -0.027 0.052
Programme bef. unenp. 0.540 0.026 0.484 0.031 0.404 0.031 0.373 0.033
Reception of Ul -0.681 0.029 -0.707 0.032 -0.594 0.033 -0.593 0.035
Duration of Last Employment

Up to 180 days 0.270 0.032 0.335 0.036 0.381 0.037 0.340 0.039
Between 180 and 365 days 0.058 0.039 -0.030 0.048.094 0.047 0.028 0.051
1to 2 years -0.017  0.034 -0.133 0.041 0.039 0.039 0.029 0.042
More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability -0.051 0.311 0459 0.267 0.074 0.337 0.473.295
Permanently unable to work -0.517 0.293 -0.431 0.272 -0.125 0.236 9-0.08.269
Social plan - - - - - - - -
Schooling

No school Reference Reference Reference Reference
CSE -0.040 0.051 0.005 0.060 0.069 0.060 0.050 0.068
O-levels -0.131  0.052 -0.041 0.062 0.004 0.062 0.037 0.069
Adv. technical college entrante 0.028 0.113 -0.347 0.174 -0.012 0.148 0.092 0.159
A-levels -0.214 0.090 -0.089 0.105 -0.036 0.105 0.016 0.113
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) 0.030 0.040 -0.011 0.045 0.008 0.046 390.0 0.051
Apprenticeship (off-the-job) 0.133 0.129 0.042 0.163 0.169 0.147 260.2 0.153
Full-time vocational school 0.064 0.124 0.004 0.150 0.075 0.146.1080 0.185
Technical school 0.326 0.071 0.024 0.090 0.183 0.084 0.265 0.089
Advanced technical college 0.152 0.148 -0.157 0.207 0.045 0.182 -0.063204
University 0.282 0.122 -0.057 0.148 0.061 0.143 0.146 0.154
Assessment of Individual's Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee 0.007 0.029 -0.009 0.033 -0.006 0.033.071 0.036
Ass. to technical schodl 0.001 0.082 -0.026 0.104 -0.007 0.096 0.140 0.100
Ass. to adv. technical college 0.058 0.110 0.208 0.133 0.071 0.1331510 0.133
Ass. to university -0.095 0.107 0.053 0.133 0.155 0.125  0.032 138.

Ass. to top-management - - - — — — - -

continued on next page
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Table A.11: (continued)

u=1 u =2 u=3 u=4
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Month of Treatment Start
July 2000 Reference Reference Reference Reference
September 2000 0.041 0.039 -0.013 0.043 0.041 0.046 0.083 0.047
November 2000 -0.004 0.041 -0.086 0.048 0.066 0.05D.134 0.053
January 2001 -0.173 0.048 -0.441 0.059 -0.246 0.062 -0.142 0.065
March 2001 0.052 0.038 -0.073 0.046 0.165 0.044 0.253 0.049
May 2001 -0.110 0.087 -0.100 0.048 0.022 0.044 0.227 0.046
Regional Context Variables
Cluster la Reference Reference Reference Reference
Cluster Ib -0.113 0.032 -0.097 0.037 0.016 0.039 0.011 0.041
Cluster Ic -0.329 0.045 -0.286 0.052 -0.105 0.052 -0.095 0.055
Cluster Il -0.254 0.095 -0.332 0.115 -0.197 0.117 -0.196 0.118
Cluster Ill - - - - - - - -
Cluster IV - - - - - - - -
Cluster V - - - - - - - —
Work Time (Last Occupation)
Full-time work Reference Reference Reference Reference
Part-time work 0.241 0.043 0.247 0.052 0.044 0.051 0.126 0.053
Not applicable 0.114 0.027 0.125 0.032 0.193 0.031 0.170 0.033
Desired Work Time
Full-time work Reference Reference Reference Reference
Part-time work -0.241 0.104 -0.265 0.118 -0.718 0.183 -0.421 0.150
Other (e.g., telework) - - - - - - -
Desired Occupation
Farmind Reference Reference Reference Reference
Mining, mineral extraction -0.233 0.424 -0.113 0.464 - - -0.158 0.512
Manufacturing -0.086  0.048 -0.155 0.054 -0.114 0.053 -0.106  0.059
Technical professions -0.199 0.081 -0.263 0.095 -0.307 0.095 -0.140 0.094
Service professions -0.137 0.047 -0.227 0.053 -0.159 0.052 -0.140 0.058
Other occupations -0.684 0.159 -0.564 0.144 -0.933 0.209 -0.517 0.165
N 64,541 46,723 40,163 33,499
Log-Likelihood -6,250.13 -4,598.57 -4,644.01 -4,146.22
R? 0.162 0.177 0.153 0.134
Bold letters indicate significance at 1% levighlic letters refer to the 5% level.
— Variables not included in estimation due to collinearity to other variabkesegt prediction of participation
decision or missing.
1 Attendant for vocational rehabilitation.
2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.
3 Schooling: CSE = Certificate of Secondary Education.
4 Advanced technical college entrance qualificatiBamohhochschulreifie
5 Ass. = assimilable.
6 Farming comprises plant cultivation, breeding and fishery.
Table A.12: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 5 to u = 8 (East Germany)
u=>5 u==06 u="7 u =28
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Constant -1.780 0.159 -1.732 0.148 -1.765 0.146 -1.833 0.158
Age
25t0 29 years Reference Reference Reference Reference
30 to 34 years 0.065 0.082 0.074 0.077 -0.049 0.073 -0.001 0.085
35 to 39 years 0.016 0.107 0.078 0.099 -0.159 0.096 0.089 0.107

continued on next page
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Table A.12: (continued)

u=>5 u==6 u="7 u =38
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
40 to 44 years -0.069 0.148 0.062 0.136 -0.207 0.131 0.034 0.144
45 to 49 years -0.117 0.200 0.080 0.183 -0.253 0.177 -0.011 0.194
50 to 55 years -0.015 0.258 0.320 0.236 -0.176 0.230 0.002 0.251
Age (squared) 0.000 0.000 0.000 0.0000.000 0.000 0.000 0.000
Foreigner -0.216  0.164 -0.342 0.168 -0.462 0.188 -1.162 0.375
Asylum seeker -0.505 0.156 -0.480 0.144 -0.203 0.140 -0.565 0.206
Woman 0.016  0.038 -0.109 0.035 -0.114 0.034 -0.057 0.037
No. of placement propositions 0.028 0.002 0.025 0.002 0.026 0.002 0.026 0.002
No. of children 0.038 0.018 0.029 0.017 0.012 0.017 -0.010 0.019
Placement restrictions 0.018 0.073 0.091 0.0730.191 0.073 0.021 0.077
Vocational rehabilitatioh 0.097 0.084 0.068 0.082 0.265 0.083 0.212 0.085
Health restrictions 0.099 0.056 -0.028 0.0580.119 0.053 0.002 0.060
Marriage/Cohabitation 0.000 0.038 -0.002 0.0350.108 0.035 0.018 0.037
Work experience -0.135 0.053 -0.116 0.051 0.047 0.054 0.030 0.059
Programme bef. unen. 0.260 0.036 0.277 0.033 0.249 0.033 0.244 0.035
Reception of Ul -0.585 0.038 -0.540 0.036 -0.658 0.035 -0.531 0.038
Duration of Last Employment
Up to 180 days 0.265 0.043 0.328 0.040 0.304 0.040 0.320 0.043
Between 180 and 365 days 0.006 0.058 0.062 0.05P.125 0.049 0.118 0.054
1to 2 years -0.080 0.046 0.021 0.0430.099 0.041 0.053 0.046
More than 2 years Reference Reference Reference Reference
Pension
No pension Reference Reference Reference Reference
Vocational disability 0.080 0.378 0.309 0.290 0.166 0.409 0.369.338
Permanently unable to work -0.088 0.245 -0.614 0.381 -0.792 0.437 1-0.0D.316
Social plan - - - - - - - -
Schoolind
No school Reference Reference Reference Reference
CSE 0.012 0.070 0.008 0.063 0.090 0.066 -0.079 0.065
O-levels -0.012 0.072 -0.058 0.065 0.039 0.068 -0.086 0.067
Adv. technical college entrante 0.018 0.175 -0.302 0.173 -0.045 0.171 -0.187 0.182
A-levels -0.172 0.130 -0.130 0.117 0.119 0.114 -0.031 0.118
Professional Training
Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) -0.015 0.051 0.089 0.0460.137 0.050 0.101 0.050
Apprenticeship (off-the-job) 0.105 0.170 0.285 0.149 0.039 0.180 160.1 0.197
Full-time vocational school -0.259 0.205 0.182 0.157 0.234 0.14D.434 0.148
Technical school 0.131  0.100 0.341 0.093 0.269 0.093 0.343 0.094
Advanced technical college -0.028 0.224 0.493 0.200 0.155 0.209 0.418 0.219
University -0.011 0181 0.278 0.162 0.230 0.151 0.141 0.165
Assessment of Individual’s Qualification
Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee 0.036 0.038 -0.052 0.035 0.043 0.034 -0.007 70.03
Ass. to technical schodl 0.026 0.117 -0.079 0.110 0.043 0.100 0.114 0.107
Ass. to adv. technical college 0.191  0.147 -0.035 0.141 0.100 0.1440430 0.153
Ass. to university 0.068 0.162 -0.170 0.151 -0.026 0.138 -0.143 159.
Ass. to top-management - - - - - - - -
Month of Treatment Start
July 2000 Reference Reference Reference Reference
September 2000 -0.025 0.048-0.189 0.048 -0.145 0.043 0.016 0.048
November 2000 0.096 0.054 -0.165 0.056 -0.261 0.051 -0.238 0.052
January 2001 -0.240 0.073 -0.195 0.067 -0.302 0.063 -0.569 0.075
March 2001 0.080 0.056 0.018 0.052 0.089 0.048 0.024 0.054
May 2001 0.150 0.051 0.133 0.046 -0.053 0.044 -0.031 0.049
Regional Context Variables
Cluster la Reference Reference Reference Reference
Cluster Ib -0.171  0.042 0.077 0.042 0.075 0.041 0.016 0.043

continued on next page
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Table A.12: (continued)

u=>5 u==6 u="7 u =38
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Cluster Ic -0.231 0.058 -0.014 0.056 0.043 0.054 -0.076 0.059
Cluster Il -0.327 0.128 -0.300 0.132 -0.077 0.111 -0.380 0.129
Cluster Ill - - - - - - - -
Cluster IV - - - - - - - -
Cluster V - - - — - - - -
Work Time (Last Occupation)
Full-time work Reference Reference Reference Reference
Part-time work 0.064 0.063 0.041 0.054 0.071 0.050 -0.089 0.056
Not applicable 0.122 0.036 0.174 0.034 -0.055 0.033 0.005 0.036
Desired Work Time
Full-time work Reference Reference Reference Reference
Part-time work -0.342 0.156 -0.146  0.120 -0.248 0.124 -0.080 0.128
Other (e.g., telework) - - - — - - — -
Desired Occupation
Farmind Reference Reference Reference Reference
Mining, mineral extraction 0.545 0.446 0.023 0.417 -0.122 0.383 6M.0 0.611
Manufacturing -0.106  0.062 -0.102 0.058 -0.074 0.058 0.026  0.063
Technical professions -0.210 0.112-0.305 0.105 -0.322 0.101 -0.288 0.115
Service professions -0.170 0.061 -0.161 0.057 -0.142 0.057 -0.080 0.063
Other occupations -0.395 0.150 -0.615 0.170 -0.570 0.183 -0.640 0.199
N 24,594 25,593 21,596 18,545
Log-Likelihood -3,498.06 -4,115.42 -4,491.39 -3,771.74
R? 0.122 0.119 0.125 0.119

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation
decision or missing.

! Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifie

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.13: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 9 to u = 12 (East Germany)

u=9 u =10 u =11 u =12
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Constant -1.442 0.165 -1.357 0.173 -1.665 0.177 -1.777 0.170
Age
25t0 29 years Reference Reference Reference Reference
30 to 34 years 0.094 0.087 -0.055 0.092 0.086 0.097 0.115 0.095
35 to 39 years 0.083 0.111 0.052 0.117 0.036 0.122 0.059 0.118
40 to 44 years 0.152 0.152 0.048 0.160 0.041 0.163 0.064 0.156
45 to 49 years 0.185 0.204 0.181 0.215 -0.072 0.219 -0.190 0.210
50 to 55 years 0.342 0.264 0339 0.280 0.103 0.283 -0.086 0.272
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.00®.000 0.000
Foreigner -0.612 0.239 -0.603 0.271 -0.261 0.205 -0.317 0.194
Asylum seeker -0.525 0.194 -0.376 0.201 -0.331 0.202-0.536 0.184
Woman -0.127 0.039 -0.077 0.042 -0.074 0.042 -0.044 0.040
No. of placement propositions 0.028 0.003 0.027 0.003 0.031 0.003 0.035 0.003

continued on next page
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Table A.13: (continued)
u=9 u =10 u=11 u =12
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

No. of children 0.002 0.019 0.001 0.021 0.035 0.020 -0.023 0.020
Placement restrictions -0.041 0.082 -0.151 0.0860.408  0.090 0.031 0.086
Vocational rehabilitatioh 0.164 0.097 0.211 0.099 0.442 0.102 0.236 0.096
Health restrictions 0.057 0.062 0.121 0.0640.199 0.063 0.004 0.066
Marriage/Cohabitation 0.064 0.040 -0.028 0.042 -0.032 0.042 -0.0150400.
Work experience 0.072 0.063 0.038 0.064 -0.068 0.062 0.098 0.062
Programme bef. unerrﬁ). 0.164 0.038 0.151 0.041 0.106 0.041 0.170 0.039
Reception of Ul -0.677 0.040 -0.566 0.042 -0.519 0.043 -0.583 0.040
Duration of Last Employment

Up to 180 days 0.323 0.046 0.201 0.049 0.315 0.050 0.589 0.048
Between 180 and 365 days 0.197 0.056 0.203 0.058 0.164 0.059 0.233 0.059

1to 2 years 0.059 0.049 0.015 0.053 0.024 0.054.188 0.052
More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability - - - — 0198 0445 -0.290 0.494
Permanently unable to work 0.078 0.295 0.121 0.330 - - -0.003 0.287
Social plan - - - - - - - -
Schooling

No school Reference Reference Reference Reference
CSE 0.001 0.068 0.027 0.074 -0.050 0.073 -0.033 0.073
O-levels -0.002 0.071 -0.004 0.077 -0.068 0.076 -0.034 0.075
Adv. technical college entrante -0.201 0.197 0.025 0.193 -0.414 0.226 -0.251 0.183
A-levels -0.186 0.138 -0.371 0.163 -0.114 0.139 -0.043 0.128
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) -0.008 0.054 0.064 0.0570.126 0.059 0.083 0.056
Apprenticeship (off-the-job) 0.167 0.207 0339 0.198 0.219 0.239 68.2 0.276
Full-time vocational school -0.092 0.168 -0.013 0.182 0.237 0.179.1690 0.159
Technical school 0.107 0.103 0.041 0.116 0.050 0.11®.428 0.100
Advanced technical college 0.270 0.239 0.109 0.2520.638 0.247 0.774 0.212
University 0.164 0.187 0.407 0.219 -0.204 0.202 0.157 0.188
Assessment of Individual's Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee 0.008 0.040 -0.015 0.042 -0.005 0.042 0.030 10.04
Ass. to technical schodl -0.026 0.118 0.137 0.129 0.323 0.126 -0.114 0.112
Ass. to adv. technical college -0.115 0.170 0.043 0.176 0.028 0.172464 0.170
Ass. to university -0.020 0.166 0.095 0.1880.414 0.175 0.030 0.167
Ass. to top-management — - - - 0.699 0.776 — -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 0.099 0.050 -0.046 0.053 -0.026 0.056-0.123 0.053
November 2000 -0.062 0.059 -0.060 0.062 -0.029 0.060 -0.005 0.057
January 2001 -0.361 0.074 -0.459 0.074 -0.475 0.082 -0.461 0.078
March 2001 0.124 0.058 -0.033 0.059 0.050 0.060-0.175 0.057
May 2001 0.121 0.056 0.095 0.056 0.086 0.059-0.154 0.057
Regional Context Variables

Cluster la Reference Reference Reference Reference
Cluster Ib 0.035 0.046 -0.050 0.046 -0.015 0.046 0.063 0.046
Cluster Ic -0.043  0.063 -0.135 0.066 -0.141 0.067 -0.062  0.066
Cluster Il -0.138  0.128 -0.252  0.142-0.424 0.160 -0.036 0.120
Cluster Ill - - - - - - - -
Cluster IV - - - - - - - -
Cluster V - - - — - - - -
Work Time (Last Occupation)

Full-time work Reference Reference Reference Reference
Part-time work 0.049 0.059 0.251 0.058 0.094 0.060 0.027 0.057
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Table A.13: (continued)

u=9 u =10 u=11 u =12
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Not applicable 0.003 0.038 0.049 0.041 0.000 0.041 -0.043 0.039
Desired Work Time
Full-time work Reference Reference Reference Reference
Part-time work -0.150  0.137 -0.145 0.135-0.495 0.179 -0.283  0.149
Other (e.g., telework) - - - - - - — -
Desired Occupation
Farmind Reference Reference Reference Reference
Mining, mineral extraction -0.194 0.475 0.212 0.440 - - 0.201 0.440
Manufacturing -0.148 0.063 -0.084 0.067 -0.011 0.069-0.150 0.067
Technical professions -0.243 0.115 -0.212 0.119 -0.194 0.121 -0.124 0.111
Service professions -0.172 0.062 -0.181 0.066 -0.147 0.068 -0.165 0.066
Other occupations -0.633 0.202 -0.713 0.236 -1.227 0.418 -0.766 0.213
N 16,466 14,056 13,171 12,372
Log-Likelihood -3,356.18 -2,989.06 -2,958.79 -3,344.25
R? 0.119 0.110 0.116 0.162

Bold letters indicate significance at 1% levigdlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabke$eqt prediction of participation
decision or missing.

! Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifie

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.14: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 13 to v = 16 (East Germany)

u =13 u =14 u =15 u =16
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Constant -1.583 0.163 -0.529 0.204 -0.577 0.207 -0.976 0.237
Age
25t0 29 years Reference Reference Reference Reference
30 to 34 years 0.039 0.093 0.182 0.112 -0.072 0.111 -0.037 0.128
35 to 39 years 0.070  0.113 0.274 0.142 -0.046 0.141 0.049 0.157
40 to 44 years 0.065 0.150 0.402 0.190 -0.256 0.192 -0.065 0.212
45 to 49 years 0.004 0.199 0572 0.255 -0.175 0.258 -0.017 0.282
50 to 55 years 0.150 0.256 0.790 0.329 -0.077 0.334 0.048 0.362
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.228 0.176 -0461 0.262 -0.331 0.223 -0.009 0.229
Asylum seeker -0.655 0.188 -0.656 0.259 -0.380  0.212 -1.038 0.366
Woman -0.027 0.039 0.042 0.049 0.017 0.050 0.013 0.055
No. of placement propositions 0.034 0.003 0.052 0.004 0.050 0.004 0.060 0.005
No. of children 0.022 0.018 0.012 0.024 0.000 0.024 0.051 0.027
Placement restrictions -0.125  0.083 -0.011 0.103 -0.198 0.111 -0.051190.1
Vocational rehabilitatioh 0.466 0.091 0.234 0.119 0558 0.128 0.585 0.132
Health restrictions 0.072 0.062 0.035 0.080 0.124 0.079 -0.008 90.08
Marriage/Cohabitation 0.069 0.039 0.012 0.049 -0.046 0.049 -0.0260540.
Work experience 0.130 0.061 0.061 0.076 0.061 0.075 0.181 0.089
Programme bef. unen. 0.261 0.038 0.251 0.047 0.180 0.048 0.137 0.053
Reception of Ul -0.775 0.038 -1.101 0.052 -1.082 0.054 -0.950 0.060
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Table A.14: (continued)
u =13 u =14 u =15 u =16
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Duration of Last Employment

Up to 180 days 0.595 0.046 0.356 0.061 0.325 0.063 0.495 0.067
Between 180 and 365 days 0.235 0.054 0.007 0.065 0.211 0.066 -0.004 0.072
1to 2 years 0.148 0.051 -0.004 0.065 0.124 0.067 0.092 0.075
More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability -0.206 0.502 0.176 0.624 0.795 0.517 -0.126.829
Permanently unable to work -0.408 0.332 -0.724 0.594 - - 0352 0.336
Social plan - - - - - - - -
Schoolind

No school Reference Reference Reference Reference
CSE 0.112 0.070 -0.074 0.081 -0.074 0.081 -0.059 0.090
O-levels 0.113 0.073 -0.111 0.084 -0.083 0.085 -0.116 0.094
Adv. technical college entrante -0.058 0.173 -0.034 0.236 -0.261 0.249 0.051 0.266
A-levels 0.068 0.126 0.011 0.161 -0.146 0.1660.473  0.225
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) 0.143 0.055 0.208 0.065 0.033 0.065 0.158 0.071
Apprenticeship (off-the-job) 0.324 0.195 0378 0.253 0.310 0.247 18.7 0.466
Full-time vocational school 0.070 0.166 0.382 0.211 -0.235 0.244.3860 0.288
Technical school 0.422 0.098 0.110 0.143 0.198 0.132 -0.023 0.162
Advanced technical college 0.232 0.216 -0.077 0.329 -0.192 0.344 -0.1D875
University 0.200 0.177 0.027 0.259 -0.025 0.258 -0.269 0.317
Assessment of Individual’s Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee -0.014  0.039 -0.143 0.048 -0.049 0.049 0.003 0.054
Ass. to technical schodl -0.128  0.117 0.086 0.163 0.044 0.149 0.214  0.189
Ass. to adv. technical college -0.029 0.145 -0.031 0.224 0.110 0.2323730 0.226
Ass. to university 0.019 0.163 -0.378 0.246 0.150 0.2260.657  0.256
Ass. to top-management - - - - - - - -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 -0.153 0.051 -0.022 0.064 0.031 0.064 0.032 0.069
November 2000 -0.098 0.056 -0.090 0.072 -0.004 0.073 -0.013 0.083
January 2001 -0.268 0.066 -0.374 0.087 -0.345 0.093 -0.272 0.100
March 2001 0.086 0.054 0.074 0.071 -0.055 0.070 0.004 0.079
May 2001 -0.009 0.052 0.026 0.065 0.009 0.068 0.095 0.075
Regional Context Variables

Cluster la Reference Reference Reference Reference
Cluster Ib -0.067  0.042 -0.239 0.052 -0.177 0.054 -0.134 0.060
Cluster Ic -0.245 0.061 -0.298 0.072 -0.238 0.074 -0.253 0.085
Cluster Il -0.062 0.113 -0.591 0.185 -0.511 0.161 -0.146 0.149
Cluster Il - - - - - - - -
Cluster IV - - - - - - - -
Cluster V - - - — - - - -
Work Time (Last Occupation)

Full-time work Reference Reference Reference Reference
Part-time work 0.083 0.051 0.166 0.064 0.101 0.064 0.214 0.076

Not applicable -0.168 0.038 -0.140 0.049 -0.182 0.051 -0.157 0.055
Desired Work Time

Full-time work Reference Reference Reference Reference
Part-time work -0.316 0.132 -0.723 0.199 -0.420 0.177 -0.604 0.202
Other (e.g., telework) - - - - - - - -
Desired Occupation

Farmind Reference Reference Reference Reference
Mining, mineral extraction -0.762  0.572 - - -0.350 0.691 - -
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Table A.14: (continued)

u =13 u =14 u =15 u =16
Coeff. Std.  Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Manufacturing -0.080 0.064 -0.108 0.080-0.223 0.076 -0.315 0.084
Technical professions 0.037 0.103 -0.248 0.1530.402 0.156 -0.395 0.163
Service professions -0.055 0.062 -0.120 0.0780.181 0.075 -0.381 0.084
Other occupations -0.415 0.196 -0.579 0.226 -1.008 0.328 -0.906 0.291
N 11,219 7,992 7,772 6,501
Log-Likelihood -3,797.26 -2,301.36 -2,258.16 -1,839.82
R? 0.196 0.216 0.195 0.202

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation

decision or missing.
1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifle
5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.15: Estimation Results of the Probit-Models for the PropenSitgres for

Treatment Starting in Month = 17 to u = 20 (East Germany)
u =17 u =18 u =19 u = 20
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Constant -0.789 0.233 -0572 0.253 -1.061 0.270 -0.995 0.308
Age
25to 29 years Reference Reference Reference Reference
30 to 34 years -0.229 0135 0.075 0.146 0.083 0.151 -0.011 0.165
35to 39 years -0.156 0.165 0.152 0.178 -0.110 0.190 -0.095 0.203
40 to 44 years -0.198 0.218 0.068 0.237 -0.149 0.253 -0.281 0.277
45 to 49 years -0.277 0.291 0.284 0.313 -0.045 0.338 -0.154 0.369
50 to 55 years -0.249 0375 0.378 0403 0.072 0437 -0.161 0.476
Age (squared) 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.308 0.274 -0.100 0.280 -0.796 0.435 -0.131  0.319
Asylum seeker -0.602 0.258 -0.471 0.251 - - -0.544 0.382
Woman 0.047 0.057 0.063 0.062 0.050 0.067 0.089 0.071
No. of placement propositions 0.059 0.005 0.057 0.005 0.073 0.005 0.063 0.006
No. of children 0.032 0.027 0.013 0.029 0.008 0.032 0.023 0.034
Placement restrictions 0.106  0.122 -0.102 0.133 -0.021 0.161  0.008 49 0.1
Vocational rehabilitatioh 0241 0149 0.350 0.151 0.647 0.170 0.550 0.168
Health restrictions -0.059 0.094 0.047 0.106 -0.236 0.123 0.078 90.11
Marriage/Cohabitation 0.077 0.057 0.023 0.062 0.025 0.065 0.0080710.
Work experience -0.106 0.081 -0.025 0.089 0.053 0.098 0.135 0.114
Programme bef. unerrﬁ). 0.125 0.055 0.188 0.059 0.237 0.063 0.140 0.069
Reception of Ul -1.033 0.059 -1.032 0.066 -0.975 0.067 -0.895 0.077
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Table A.15: (continued)
u =17 u =18 u =19 u = 20
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.

Duration of Last Employment
Up to 180 days 0.210 0.071 0.316 0.075 0.492 0.079 0.269 0.088
Between 180 and 365 days 0.038 0.074 -0.009 0.081 0.136 0.086 0.06494 0
1to 2 years 0.027 0.077 -0.026 0.087 -0.017 0.097 0.002 0.098
More than 2 years Reference Reference Reference Reference
Pension
No pension Reference Reference Reference Reference
Vocational disability 0.285 0.836  -0.090 0.793 -0.062 0.765 -
Permanently unable to work 0.002 0.418 0.085 0.445 0.095 0.629 1-0.29.539
Social plan - - - - - - - -
Schoolind
No school Reference Reference Reference Reference
CSE 0.046 0.092 -0.060 0.096 -0.138 0.105 -0.171 0.110
O-levels 0.043 0.097 -0.015 0.103 0.081 0.110 -0.200 0.117
Adv. technical college entrante 0.561 0.258 -0.093 0.330 -0.466 0.423 -0.851 0.467
A-levels -0.123 0.210 0.402 0.186 0.079 0.239 -0.212 0.244
Professional Training
Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) 0.066 0.075 -0.083 0.079 -0.069 0.085 480.0 0.091
Apprenticeship (off-the-job) - - 0606 0303 0142 0.376 0.159 0.385
Full-time vocational school 0.251 0.251 -0.089 0.273 -0.762 0.392.720 0.455
Technical school 0.056 0.162 -0.141 0.186 -0.006 0.182 0.033 0.194
Advanced technical college -0.460 0.386 -0.314 0.442 0.375 0.480.985 0.464
University 0.191 0.312 -0.670 0.331 -0.718 0.380 0.945 0.362
Assessment of Individual’s Qualification
Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee -0.053 0.055 -0.061 0.062 -0.029 0.064 0.039 00.07
Ass. to technical schodl 0.101 0.184 -0.265 0.222 -0.166 0.228 0.078 0.225
Ass. to adv. technical college 0.422 0.239 -0.304 0.313 -0.081 0.3401380 0.339
Ass. to university -0.727  0.297 -0.009 0.311 -0.069 0.344-1.188 0.379
Ass. to top-management - - - - - - - -
Month of Treatment Start
July 2000 Reference Reference Reference Reference
September 2000 0.066 0.077 -0.085 0.084 0.115 0.086 -0.072 0.099
November 2000 0.049 0.084 -0.087 0.090 0.090 0.094 0.118 0.102
January 2001 -0.312 0.111 -0.375 0.117 -0.106 0.108 -0.323 0.124
March 2001 0.173 0.085 -0.004 0.093 0.131  0.093 0.236 0.101
May 2001 0.032 0.077 -0.009 0.085 0.073 0.090 0.096 0.096
Regional Context Variables
Cluster la Reference Reference Reference Reference
Cluster Ib -0.205 0.061 -0.278 0.067 -0.192 0.070 -0.204 0.077
Cluster Ic -0.336 0.088 -0.355 0.093 -0.394 0.105 -0.313 0.108
Cluster Il -0.452 0.181 -0.618 0.198 -0.112 0.193 -0.685 0.269
Cluster Il - - - - - - - -
Cluster IV - - - - - - - -
Cluster V - - - — - - - -
Work Time (Last Occupation)
Full-time work Reference Reference Reference Reference
Part-time work 0.131  0.074 0.176 0.085 0.216 0.086 -0.058  0.099
Not applicable -0.151 0.058 -0.158 0.063 -0.054 0.068 -0.165 0.071
Desired Work Time
Full-time work Reference Reference Reference Reference
Part-time work -0.501 0.212 -0.551 0.223 -0.266 0.179 -0.317  0.207
Other (e.g., telework) - - - - - - - -
Desired Occupation
Farmind Reference Reference Reference Reference
Mining, mineral extraction 0.852  0.599 - - -0.228 0.598
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Table A.15: (continued)

u =17 u =18 u =19 u = 20
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Manufacturing -0.191 0.085 0.007 0.104 -0.170 0.103 -0.118 0.115
Technical professions -0.324 0.166 -0.277 0.193 0.072 0.198 -0.090 97 0.1
Service professions -0.333 0.085 -0.143 0.103 -0.155 0.099 -0.165 0.113
Other occupations -1.214 0428 -1.162 0.454 -1.207 0.590 -1.053 0.434
N 6,092 5,305 4,939 4,309
Log-Likelihood -1,732.20 -1,468.08 -1,294.15 -1,099.37
R? 0.195 0.203 0.234 0.177

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation
decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifle

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.

Table A.16: Estimation Results of the Probit-Models for the PropenSitgres for
Treatment Starting in Month = 21 to u = 24 (East Germany)

u =21 u = 22 u = 23 u =24
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Constant -1.013 0.299 -1.349 0.337 -0.860 0.337 -0.864 0.373
Age
25to 29 years Reference Reference Reference Reference
30 to 34 years -0.168 0.175 -0.001 0.189 0.325 0.194 -0.085 0.202
35to 39 years -0.433 0.215 -0.207 0.232 0.063 0.236  -0.067 0.254
40 to 44 years -0.632 0.284 0.072 0.305 0.212 0.310 0.103 0.338
45 to 49 years -0.664 0.376 -0.061 0.404 0.328 0.412 0.289 0.449
50 to 55 years -0.952 0483 0.124 0519 0339 0526 0.766  0.586
Age (squared) 0.001 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Foreigner -0.522 0459 -0.755 0512 0.062 0.289 -0.448 0.412
Asylum seeker -1.221 0.446 -0.176 0.317 -0.422 0.328 -0.520 0.464
Woman 0.035 0.072 0.014 0.078 -0.042 0.079 0.081 0.090
No. of placement propositions 0.070 0.006 0.059 0.006 0.072 0.007 0.077 0.007
No. of children 0.032 0.034 0.014 0.035 0.050 0.036 0.059 0.041
Placement restrictions -0.124  0.160 -0.266 0.157 0.082 0.178 0.186 13 0.2
Vocational rehabilitatioh 0.123 0.203 0.581 0.186 0.669 0.205 0.542 0.213
Health restrictions 0.101 0.113 0.311 0.113 -0.122 0.140 -0.303 0.175
Marriage/Cohabitation 0.053 0.072 0.195 0.081 -0.160 0.079 0.017 0.088
Work experience -0.157 0.098 0.238 0.127 0.130 0.121 0.167 0.138
Programme bef. unerrﬁ). 0.218 0.068 0.202 0.076 0.017 0.077 0.117 0.086
Reception of Ul -0.946 0.076 -0.845 0.081 -0.927 0.082 -0.824 0.094
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Table A.16: (continued)

u =21 u = 22 u = 23 u =24
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

Duration of Last Employment

Up to 180 days

0.521 0.086 0.438 0.096 0.313 0.096 0.518 0.109

Between 180 and 365 days 0.028 0.094 0.076 0.105 0.157 0.102 0.17817 0
1to 2 years 0.206 0.097 0.037 0.114 -0.029 0.116 -0.013 0.134
More than 2 years Reference Reference Reference Reference
Pension

No pension Reference Reference Reference Reference
Vocational disability - - - - - - - -
Permanently unable to work 2.138 0.775 0.171 0.444 - - - -
Social plan - - - - - - - -
Schoolind

No school Reference Reference Reference Reference
CSE -0.049 0.112 0.150 0.127 -0.123 0.122 -0.019 0.144
O-levels -0.198  0.118 -0.050 0.137 -0.165 0.132 -0.097 0.154
Adv. technical college entrante -0.733 0.469 -0.396 0.544 -1.057 0.490 -0.788 0.522
A-levels -0.544 0305 -0.061 0.290 -0.123 0.251 -0.221  0.343
Professional Training

Without compl. prof. training Reference Reference Reference Reference
Apprenticeship (on-the-job) 0.122 0.093 0.055 0.101 -0.043 0.101 960.1 0.112

Apprenticeship (off-the-job)
Full-time vocational school
Technical school

Advanced technical college

0.489 0379 0.032 0514 0270 0.437 - -

-0.210 0.312 -0.020 0.315 -0.581  0.488.0510 0.379

-0.081 0.217 0.083 0.219 -0.096 0.221 0.331 0.253
0503 0541 0581 0.6151.155 0.527 0.670 0.578

University 0.255 0.420 0338 0.395 -0.217 0.435 -0.107 0.614
Assessment of Individual’s Qualification

Other Reference Reference Reference Reference
Unskilled employee - - - - - - - -
Skilled employee -0.053 0.069 -0.042 0.078 0.061 0.078 -0.118 50.08
Ass. to technical schodl 0.061 0.233 -0.008 0.277 -0.211 0.309 -0.537 0.376
Ass. to adv. technical college -0.401 0.467 -0.180 0.364 -0.220 0.358131-0 0.408
Ass. to university 0.319 0.346 -0.283 0.413 -0.225 0.406 -0.182 5080.
Ass. to top-management - - - - - - - -
Month of Treatment Start

July 2000 Reference Reference Reference Reference
September 2000 -0.022 0.097 0.078 0.109 0.019 0.120 -0.029 0.140
November 2000 -0.059 0.112 -0.001 0.128 0.030 0.122 0.173 0.141
January 2001 -0.319 0.132 -0.095 0.138 -0.403 0.165 -0.357 0.178
March 2001 -0.022 0.106 0.058 0.115 0.143 0.1220.277 0.132
May 2001 0.027 0.104 -0.082 0.118 0.068 0.117 0.159 0.130
Regional Context Variables

Cluster la Reference Reference Reference Reference
Cluster Ib -0.378 0.076 -0.166 0.085 -0.166 0.088-0.400 0.091
Cluster Ic -0.365 0.106 -0.382 0.123 -0.335 0.124 -0.550 0.137
Cluster Il -0.375 0.214 -0.578 0.275 -0.448 0.244 -0.632 0.303
Cluster I - - - - - - - -
Cluster IV - - - - - - - -
Cluster V - - - — - - - -
Work Time (Last Occupation)

Full-time work Reference Reference Reference Reference
Part-time work 0.131 0.097 0.203 0.105 -0.028 0.115 -0.095 0.126
Not applicable -0.005 0.073 -0.064 0.080-0.203 0.079 -0.170 0.090
Desired Work Time

Full-time work Reference Reference Reference Reference
Part-time work -0.398  0.225 -0.343  0.235-0.847 0.401 -0.504 0.288
Other (e.g., telework) - - - - - - - -
Desired Occupation

Farmind Reference Reference Reference Reference
Mining, mineral extraction 0.301 0.666 - - -0.307 0.632 - -
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Table A.16: (continued)

u =21 u =22 u =23 u =24
Coeff. Std.  Coeff. Std. Coeff. Std.  Coeff. Std.
Err. Err. Err. Err.
Manufacturing -0.147  0.112 -0.128 0.126 -0.186 0.124 -0.087  0.138
Technical professions -0.278 0.229 -0.292 0.258 -0.258 0.281 -0.584 510.3
Service professions -0.179 0.111 -0.103 0.121 -0.204 0.122 -0.101 60.13
Other occupations -1.843 0.782 - - -0.864 0.489 -0.219 0.389
N 4,332 3,548 3,521 2,981
-1,079.16 -882.81 -875.41 -693.19

Log-Likelihood
R? 0.220 0.206 0.197 0.215

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation
decision or missing.

1 Attendant for vocational rehabilitation.

2 Similar programme before unemployment, e.g., job creation or structural adjuisscheme.

3 Schooling: CSE = Certificate of Secondary Education.

4 Advanced technical college entrance qualificatiBamohhochschulreifle

5 Ass. = assimilable.

6 Farming comprises plant cultivation, breeding and fishery.



Table A.17: Cumulated Exit Rates for West Germany by Month of Treatméautt$orw = 1,...,12 (cumulated

frequencies)

Month of u=1 uwu=2 wuwu=3 wu=4 u=5 wu=6 u=7 u=8 u=9 u=10 uwu=11 wu=12
Exit
1 2.87 2.37 1.69 2.22 1.13 154 191 0.54 2.72 3.39 5.62 1.68
2 5.30 5.93 3.16 4.20 3.95 3.86 4.30 1.36 5.74 11.86 9.74 3.78
3 8.74 9.09 6.75 6.17 8.19 6.94 7.64 6.25 11.48 16.61 11.61 7 5.6
4 12.75 13.44 10.55 9.38 12.43 9.77 14.80 15.76 17.52 20.68 .2314 7.35
5 20.20 19.76 17.51 18.77 20.34 20.82 27.45 22.83 22.96 28.1419.85 11.55
6 25.64 25.10 23.42 28.40 26.27 29.31 36.04 27.45 28.40 32.8825.09 13.87
7 31.52 28.66 25.53 33.33 32.49 33.68 38.42 30.16 31.42 35.9327.72 17.86
8 35.67 32.21 32.28 40.25 36.72 38.56 41.29 33.42 34.74 39.3230.71 20.17
9 39.54 37.55 37.76 45.68 40.40 41.65 45.58 37.77 39.58 43.3934.08 24.79
10 43.84 46.05 42.41 49.14 43.50 43.70 48.69 41.85 43.50 845.0 36.70 26.68
11 79.51 73.72 75.95 78.77 75.99 76.86 75.89 79.08 77.04 874.5 76.40 80.25
12 93.41 93.68 94.09 94.07 92.94 92.54 95.70 96.47 95.47 093.9 9251 93.28
13 93.70 93.87 94.30 94.57 93.22 93.06 95.94 96.47 95.47 093.9 93.63 93.49
14 94.13 94.47 94.30 94.57 93.79 94.34 95.94 96.47 96.07 294.9 94.01 93.49
15 94.41 94.47 94.51 94.57 93.79 94.34 96.18 97.01 96.07 294.9 94.38 93.49
16 94.41 94.47 94.73 94.57 93.79 94.60 96.18 97.01 96.37 294.9 94.38 93.49
17 94.56 94.47 94.73 94.57 94.92 94.60 96.18 97.01 96.37 2949 94.38 93.49
18 94.84 94.66 94.73 94.57 95.20 94.60 96.66 97.01 96.37 595.2 94.38 93.49
19 95.13 94.66 94.73 94.57 95.20 94.60 96.66 97.01 96.68 595.2 94.38 93.49
20 95.42 94.66 94.73 94.81 95.20 94.60 96.66 97.01 96.98 595.2 94.38 93.49
21 95.42 94.86 94.73 94.81 95.20 94.60 96.66 97.55 96.98 595.2 94.38 93.49
22 95.70 95.26 94.73 95.06 95.20 94.60 96.66 97.55 96.98 595.2 94.38 93.49
23 96.56 96.05 95.57 95.80 96.05 97.43 97.37 98.37 98.19 3959 95.13 94.33
24 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33
25 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33
26 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33
27 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33
28 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33
29 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33
30 97.56 98.62 97.26 98.52 96.61 98.46 98.33 98.37 99.40 796.2 95.51 94.33

u denotes the month(s) spent in open unemployment until treatment start.
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Table A.18: Cumulated Exit Rates for West Germany by Month of Treatméautt $oru = 13, ..., 24 (cumulated
frequencies)

Month of u=13 wu=14 wu=15 wu=16 wu=17 wu=18 w=19 v=20 w=21 w=22 wuwu=23 wu=24
Exit
1 1.31 1.75 2.53 1.53 2.68 0.78 1.32 0.00 0.00 1.05 6.67 3.13
2 2.96 4.39 5.05 4.58 3.36 3.13 3.31 5.26 1.83 6.32 8.57 4.17
3 6.40 7.02 9.09 6.11 6.04 4.69 5.30 7.37 8.26 9.47 10.48 5.21
4 7.72 11.84 14.14 9.16 8.72 9.38 10.60 11.58 14.68 11.58 3133 521
5 11.17 21.05 17.17 18.32 14.77 17.97 15.89 20.00 20.18 22.1120.95 12.50
6 13.96 25.88 24.24 21.37 21.48 23.44 27.81 27.37 25.69 26.3224.76 14.58
7 15.93 28.51 28.28 24.43 27.52 28.91 30.46 31.58 27.52 30.5328.57 18.75
8 18.56 31.58 30.81 31.30 38.93 32.81 35.10 33.68 35.78 33.6829.52 23.96
9 20.36 35.09 36.36 35.88 40.94 34.38 38.41 40.00 41.28 40.0033.33 31.25
10 21.67 44.30 41.41 37.40 42.95 38.28 43.05 43.16 45.87 643.1 39.05 31.25
11 65.68 78.51 74.75 75.57 79.19 77.34 77.48 72.63 81.65 184.2 79.05 87.50
12 96.72 94.30 90.91 94.66 96.64 91.41 93.38 89.47 98.17 995.7 95.24 96.88
13 96.72 94.74 91.41 95.42 96.64 92.19 93.38 90.53 98.17 995.7 95.24 96.88
14 97.04 96.05 92.42 95.42 96.64 92.19 93.38 92.63 98.17 995.7 95.24 96.88
15 97.04 96.05 92.42 95.42 96.64 92.19 93.38 92.63 98.17 995.7 95.24 96.88
16 97.04 96.05 92.42 95.42 96.64 92.97 94.04 92.63 98.17 995.7 95.24 96.88
17 97.37 96.49 92.93 95.42 97.99 93.75 94.04 93.68 98.17 995.7 97.14 96.88
18 97.37 96.49 92.93 95.42 97.99 93.75 94.70 93.68 98.17 496.8 97.14 96.88
19 97.37 96.49 92.93 95.42 97.99 94.53 94.70 93.68 98.17 496.8 97.14 96.88
20 97.37 96.93 92.93 95.42 97.99 94.53 94.70 93.68 98.17 496.8 97.14 96.88
21 97.37 96.93 92.93 95.42 98.66 94.53 94.70 93.68 98.17 496.8 97.14 96.88
22 97.37 96.93 92.93 95.42 98.66 94.53 94.70 93.68 98.17 496.8 97.14 96.88
23 98.03 98.68 94.95 96.95 99.33 94.53 96.69 97.89 100.00 8997. 98.10 96.88
24 99.01 99.56 95.45 96.95 100.00 94.53 98.68 97.89 100.00 .9598 98.10 98.96
25 99.01 99.56 95.45 96.95 100.00 94.53 98.68 97.89 100.00 .9598 98.10 98.96
26 99.01 99.56 95.45 96.95 100.00 94.53 98.68 97.89 100.00 .9598 98.10 98.96
27 99.01 99.56 95.45 96.95 100.00 94.53 98.68 97.89 100.00 .9598 98.10 98.96
28 99.01 99.56 95.45 96.95 100.00 94.53 98.68 97.89 100.00 .9598 98.10 98.96
29 99.01 99.56 95.45 96.95 100.00 95.31 98.68 97.89 100.00 .9598 98.10 98.96
30 99.01 99.56 95.45 96.95 100.00 95.31 98.68 97.89 100.00 .9598 98.10 98.96

u denotes the month(s) spent in open unemployment until treatment start.
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Table A.19: Cumulated Exit Rates for East Germany by Month of Treatméart ®ru = 1, ..., 12 (cumulated

frequencies)

Month of u=1 uwu=2 wuwu=3 wu=4 u=5 wu=6 u=7 u=8 u=9 u=10 uwu=11 wu=12
Exit
1 2.01 1.00 1.39 1.20 1.49 1.14 1.23 1.32 1.38 0.77 2.27 1.15
2 6.42 5.65 4.82 4.42 6.50 5.34 4.99 5.61 6.02 6.73 6.28 6.38
3 11.26 12.62 8.82 9.22 10.77 11.02 9.04 11.14 11.83 11.91 598 917
4 15.67 16.53 12.41 13.27 14.93 14.61 13.97 15.88 17.46 17.7513.42 14.73
5 25.11 27.57 20.24 21.57 23.67 25.20 23.52 24.12 25.64 25.4721.75 20.79
6 33.17 33.97 28.98 27.47 29.85 34.21 31.91 29.47 32.35 32.1929.55 25.04
7 36.06 36.71 33.14 29.95 34.12 37.27 35.17 32.89 35.31 36.1632.25 27.82
8 39.96 40.03 40.90 34.93 38.70 41.56 39.36 36.75 39.15 41.3536.47 31.42
9 42.48 42.69 43.10 37.79 41.68 44.18 42.33 40.00 41.32 43.9938.74 33.88
10 44.18 44.77 44.49 39.45 43.18 45.41 44.07 40.96 42.60 046.2 39.94 35.02
11 85.15 77.82 82.20 80.55 80.49 83.38 82.85 82.02 79.19 982.6 80.09 85.52
12 95.22 94.02 94.78 95.21 95.74 94.84 95.08 94.91 95.27 495.0 93.94 95.42
13 95.34 94.52 94.86 95.30 95.84 94.93 95.30 95.70 95.86 495.0 94.05 95.58
14 96.85 95.68 96.41 96.50 97.23 96.68 96.60 96.93 97.24 796.4 95.89 96.56
15 97.36 96.18 96.82 97.05 97.65 97.29 97.11 97.19 97.83 497.2 96.21 97.38
16 97.67 96.93 97.39 97.51 98.08 97.81 97.90 98.33 98.32 197.9 96.97 97.87
17 97.80 97.18 97.47 97.60 98.08 97.90 97.90 98.42 98.32 398.1 96.97 97.95
18 97.80 97.26 97.55 97.88 98.29 98.16 98.05 98.60 98.32 598.3 97.29 98.12
19 97.86 97.51 97.71 98.06 98.40 98.16 98.05 98.68 98.42 798.5 97.40 98.28
20 97.86 97.59 97.71 98.06 98.40 98.34 98.05 98.77 98.52 798.5 97.40 98.45
21 97.86 97.67 97.88 98.06 98.51 98.43 98.12 98.77 98.52 798.5 97.73 98.61
22 97.86 97.67 97.96 98.06 98.51 98.43 98.19 98.77 98.62 798.5 97.73 98.61
23 98.11 97.92 98.29 98.06 98.61 98.60 98.41 98.77 98.72 199.0 98.16 98.61
24 98.55 98.26 98.69 98.62 98.93 99.04 98.63 98.77 98.82 299.1 98.27 98.61
25 98.55 98.26 98.69 98.62 98.93 99.13 98.63 98.77 98.82 299.1 98.27 98.61
26 98.55 98.26 98.69 98.62 99.04 99.13 98.63 98.77 98.82 399.2 98.27 98.61
27 98.55 98.26 98.69 98.62 99.04 99.13 98.63 98.77 98.82 399.2 98.27 98.61
28 98.55 98.26 98.69 98.62 99.04 99.21 98.63 98.77 99.11 399.2 98.27 98.69
29 98.55 98.26 98.69 98.62 99.04 99.21 98.63 98.77 99.11 399.2 98.27 98.69
30 98.55 98.26 98.69 98.62 99.04 99.21 98.63 98.77 99.11 399.2 98.27 98.69

u denotes the month(s) spent in open unemployment until treatment start.
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Table A.20: Cumulated Exit Rates for East Germany by Month of Treatméant $r v = 13,

..., 24 (cumulated

frequencies)
Month of u=13 wu=14 wu=15 wu=16 wu=17 wu=18 w=19 v=20 w=21 w=22 wuwu=23 wu=24
Exit

1 0.60 0.73 0.55 0.94 0.29 1.02 1.31 0.25 0.71 0.60 0.91

2 4.12 4.27 297 5.12 3.33 3.07 3.93 2.99 4.98 4.17 4.27

3 6.63 7.18 5.49 7.41 7.10 7.51 7.87 6.97 7.82 6.85 8.23

4 8.61 10.20 8.46 10.65 10.72 10.75 10.30 9.20 11.85 10.42 9810. 9.23

5 14.52 18.42 17.14 19.95 19.71 19.45 18.73 18.41 19.19 17.8618.60 17.69

6 20.86 26.53 22.86 25.74 29.57 26.79 28.09 28.11 23.93 25.6023.17 29.23

7 22.41 29.24 26.70 28.17 32.32 29.86 31.65 29.60 26.78 29.7625.61 31.54

8 26.36 33.09 31.32 32.61 36.67 36.69 34.64 35.57 30.57 33.3332.32 35.77

9 29.41 36.52 34.73 35.04 39.13 39.59 37.45 39.55 34.12 36.9035.98 39.62
10 30.78 38.19 36.15 36.52 40.87 40.96 38.58 41.29 35.31 037.2 36.89 40.38
11 76.87 80.75 81.32 78.17 79.71 77.99 78.09 81.84 77.25 877.6 80.18 82.31
12 96.89 96.67 96.92 95.28 96.67 94.54 97.00 97.26 95.73 494.9 96.04 93.46
13 97.07 96.88 97.14 95.96 96.96 95.22 97.38 97.76 95.73 495.2 96.65 93.85
14 97.79 97.81 97.58 96.77 98.12 97.10 97.94 99.00 97.16 396.4 97.26 95.38
15 98.45 98.34 97.80 97.98 98.70 97.61 98.50 99.00 97.39 297.3 97.56 96.15
16 98.98 99.48 98.46 98.38 99.42 98.29 99.81 99.50 98.58 297.6 98.48 96.15
17 99.04 99.48 98.57 98.52 99.42 98.29 99.81 99.75 98.58 297.9 98.48 96.54
18 99.04 99.58 98.57 98.52 99.42 98.29 99.81 99.75 98.82 198.2 98.48 96.92
19 99.16 99.69 98.68 98.52 99.57 98.46 99.81 99.75 98.82 198.5 98.78 97.69
20 99.16 99.69 98.68 98.52 99.57 98.46 99.81 99.75 98.82 198.5 98.78 97.69
21 99.28 99.69 98.79 98.52 99.57 98.46 99.81 99.75 98.82 198.8 99.09 97.69
22 99.28 99.69 98.90 98.52 99.57 98.46 99.81 99.75 98.82 198.8 99.09 97.69
23 99.28 99.69 99.01 98.52 99.57 98.98 99.81 100.00 99.05 8198. 99.39 97.69
24 99.40 99.90 99.01 98.65 99.57 99.15 99.81 100.00 99.05 4099. 99.39 98.08
25 99.40 99.90 99.01 98.65 99.57 99.15 99.81 100.00 99.05 4099. 99.39 98.08
26 99.40 99.90 99.01 98.65 99.57 99.15 99.81 100.00 99.05 4099. 99.39 98.08
27 99.40 99.90 99.01 98.65 99.57 99.15 99.81 100.00 99.05 4099. 99.39 98.08
28 99.40 99.90 99.01 98.65 99.57 99.15 99.81 100.00 99.29  4099. 99.39 98.08
29 99.40 99.90 99.01 98.65 99.71 99.15 99.81 100.00 99.29 4099. 99.39 98.08
30 99.40 99.90 99.01 98.65 99.71 99.15 99.81 100.00 99.29 4099. 99.39 98.08

u denotes the month(s) spent in open unemployment until treatment start.
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A.2 Figures

Fig. A.1: Common Support for West Germany (Treatment Start: Month
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Fig. A.2: Common Support for West Germany (Treatment Start: Month
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Fig. A.3: Common Support for West Germany (Treatment Start: Month
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Fig. A.4: Common Support for East Germany (Treatment Start: Month
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Fig. A.5: Common Support for East Germany (Treatment Start: Month
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Fig. A.6: Common Support for East Germany (Treatment Start: Month
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Additional Material to Chapter 6

B.1 Tables

Table B.1: Estimation Results of the Logit-Models for the Propensitpi® for
Men in West Germany

Age < 25 Age> 50 Without Without work
professional experience
training
Coeff. Std. Coeff. Std.  Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Constant 19.2224 5.3552 -43.6753 20.9759 0.4978 0.3218 0.9086 0.7966
Age -1.8352 0.5199 15942 0.7585 -0.1449 0.0179 -0.1705 0.0472
Age (squared) 0.0390 0.0125 -0.0156 0.0068 0.0014 0.0002 0.0014 0.0006
Married 0.0387 0.1929 -0.0389 0.12910.1602 0.0800 0.0442 0.2047
No. of children 0.0755 0.1666 -0.0547 0.0774€.0976 0.0340 0.1014 0.1015
German 0.3141 0.1399 -0.0853 0.1777 0.4157 0.0754 0.0465 0.1798
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 1.0806 0.5670 0.3597 0.5474.0216 0.2378 0.5442 0.5945

50% to under 80%
30% to under 50%

30% to under 50%, no equalfis.

Other health restrictions

0.4628 0.5570 0.5372 0.2575 0.7344 0.1806 1.0699 0.4172
1.2877 0.5559 0.7656 0.6504 3.0225 1.0560

Professional Training

No training, no CSE

No training, with CSE
Industrial training

Full-time vocational school
Technical school
Polytechnic

College, University

- — 0.0615 0.2890 0.0593 0.2356 0.4056 0.5639
-0.1973 0.2862 -0.0312 0.1986 -0.1524 D.1221985 0.3172
Reference Reference - - Reference
-0.5419 0.1213 0.2171 0.2055 - — -0.2807 0.1766

-2.0355 0.2144

0.1957 0.2135 - —1.1182 0.2098
-0.5766 0.7566 - - -0.9716 0.5937
0.7335 0.3761 - - -1.4109 0.7459
0.5298 0.4771 - - 0.1760 0.5737

1.2210 0.3538 - - 0.1697 0.3763

Occupational Group

Farming’

Mining, mineral extraction
Manufacturing

Technical professions
Service professions

-0.0987 0.2409 0.5068 0.2435 0.1700 0.1090 0.2699 0.2992
-0.3894 0.5229 1.6121 0.8025

Reference Reference Reference Reference

-0.4096 1.0465 -0.2693 0.2824 -0.4265 0.3578647. 0.3876

-0.4072 0.1344 -0.4416 0.1363 -0.3708 0.0682 -0.1020 0.1635

Other professions -0.3725 0.2166 -1.7136 1.0186 0.0605 0.1724558).00.2798
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference

BC, skilled worker

WC, simple occupations
WC, advanced occupations
Other

-0.9983 0.3401 -0.6198 0.2054 -0.2760 0.1456 -0.5143 0.4088
0.1994 0.3773 -0.2276 0.2518 -0.3988 80.200.6075 0.3716
1.4763 1.0867 -0.5604 0.3153 0.0212 0.392%66 0.4649

0.3160 0.1296 -0.5193 0.1477 -0.0628 0.0665 0.2073 0.1897

Work experience
Duration of empl. (months)

-0.3040 0.1245 0.4182 0.4037-0.3672 0.0945

-0.0136 0.0062 -0.0045 0.0007 -0.0048 0.0007 -0.0010 0.0020

Duration of Unemployment (Weeks)

Up to 13 weeks
Between 13 and 52 weeks
More than 52 weeks

Reference Reference Reference Reference
-0.1889 0.1179 0.0003 0.1684 0.0588 0.07@&D720. 0.1622
0.7101 0.2177 -0.7455 0.1634 0.3454 0.0853 0.5780 0.2070

No. of placement propositions
Last contact

0.0609 0.0107 0.0849 0.0077 0.0518 0.0039 0.0690 0.0104
-0.1044 0.0424 0.0725 0.0248 -0.0733 0.0186 -0.0422 0.0436

continued on next page
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Table B.1: (continued)

Age < 25 Age> 50 Without Without work
professional experience
training
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Vocational rehabilitatioh 0.4729 0.3783 0.0499 0.27670.4860 0.1826 -0.1064 0.3513
Placement restrictions -0.0452 0.36900.4378 0.2095 -0.1973 0.1389 -0.3973 0.3343
Programme Before Unemployment
No programme Reference Reference Reference Reference
VTE, further training -0.4245 0.3299 0.1782 0.2440 0.0688 0.1108 6@.060.2518
VT, vocational adjustment 1.2458 0.64161.2807 0.4213 0.5829 0.3074 - -
Job-preparative measure -0.5547 1.0609 - — -0.6492 1.0378 - -
Job creation scheme 1.6855 0.2160 2.0873 0.1748 1.9736 0.0974 2.0412 0.2784
Rehabilitation measure -0.7142  0.8680 — — 0.1987 0.4158 0.6798 2%.46
Regional Context Variables
Cluster Il 0.4709 0.1986 -0.3371 0.1723 -0.0203 0.0972 0.2019 0.2716
Cluster Il 0.6413 0.1906 -0.2342 0.1699 -0.0732 0.0981 0.2807 0.2715
Cluster IV 0.9096 0.2530 -0.1870 0.2316 0.0923 0.1329 0.5891 0.3539
Cluster V Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variable$egt prediction of participation
decision or missing.

1 Percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other perisiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

& VT = Vocational training.

Table B.2: Estimation Results of the Logit-Models for the Propensitpi® for
Men in West Germany

Long-term More than 5 Vocational Placement
unemployed plac. prop. rehabilitation restr.
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Constant -3.4319 0.6632 -3.0821 0.5156 -0.2817 1.5120 -1.7075 1.0243
Age 0.1343 0.0322 0.0497 0.0264 -0.0089 0.0785 0.0604 0.0458
Age (squared) -0.0022 0.0004 -0.0006 0.0003 -0.0003 0.001.0011 0.0005
Married -0.0299 0.0935 0.0156 0.0864 -0.0380 0.2723 -0.2144 0.1507
No. of children 0.0400 0.0416 0.0415 0.0380 -0.1511 0.1534 0.058.0745
German 0.3684 0.1124 0.3881 0.1053 0.0846 0.4137 0.3481 0.2152
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 0.7115 0.2666 0.8719 0.3054 - — -0.5085 0.4461
50% to under 80% 0.6035 0.1927 1.0262 0.1931 -0.3366 0.3719 -0.5368 0.4159
30% to under 50% 0.7528 0.6132 0.5902 0.6946 0.4220 0.6799 - -
30% to under 50%, no equaffs. 0.4390 0.2075 0.6419 0.2142 -0.8671 0.4378 -1.2335 0.4444
Other health restrictions -0.1283 0.1327 -0.0250 0.12463746 0.3405 -1.4093 0.4097
Professional Training
No training, no CSE Reference Reference Reference Reference
No training, with CSE -0.1748 0.1003-0.2001 0.0954 -0.0945 0.3512 -0.1272 0.1670
Industrial training -0.2282 0.1082 -0.4294 0.1004 0.0491 0.3290 -0.2994 0.1700
Full-time vocational school -0.4562 0.4059 -0.2681 0.3126 0.90327261 -0.7384 0.6508
Technical school -0.2446 0.3231 0.0112 0.2594 0.6162 0.7099 D.4@D4501

continued on next page



B.1 Tables 189

Table B.2: (continued)

Long-term More than 5 Vocational Placement
unemployed plac. prop. rehabilitation restr.
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Polytechnic 0.3810 0.3187 0.5062 0.2751 - - 1.0165 1.0994
College, University 0.5130 0.2410 0.1574 0.2472 - — -0.0780 1.0816
Occupational Group
Farming’ 0.2409 0.1515 0.2631 0.1319 0.5692 0.4419 0.0848 0.2380
Mining, mineral extraction -0.4042 0.6084 -0.6981 1.0886 - - - -
Manufacturing Reference Reference Reference Reference
Technical professions -0.2679 0.21840.4379 0.2124 -0.1689 0.5774 -0.9056 0.5052
Service professions -0.3318 0.0840 -0.3393 0.0791 -0.0619 0.2315-0.3566 0.1284
Other professions -0.1265 0.3543 -0.3269 0.3786 -0.4286 0.5426632 0.3577
Professional Rarfk
BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker -0.3017 0.1592-0.3710 0.1308 -0.4078 0.4221 -0.2729 0.2407
WC, simple occupations -0.1964 0.1931 0.1210 0.1582 0.0609 74.610.0401 0.3178
WC, advanced occupations -0.4424 0.2336 0.2259 0.2207 -0.1126 1.097311 0.6009
Other -0.3765 0.0884 -0.0569 0.0824 -0.2908 0.2805 -0.2594 0.1448
Work experience -0.3806 0.1323 -0.2136 0.1291 -0.1053 0.2895 -0.1547 0.2074
Duration of empl. (month$) -0.0041 0.0006 -0.0018 0.0009 -0.0031 0.0023.0045 0.0011
Duration of Unemployment (Weeks)
Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks - — 0.1815 0.0947 -0.3252 0.2785 -0.2131 0.1642
More than 52 weeks = — 0.0554 0.0983 -0.5193 0.282M4451 0.1620
No. of placement propositions 0.0376 0.0044 - — 0.0466 0.0129 0.0645 0.0069
Last contact 0.0003 0.0157 0.0575 0.0166 0.0195 0.0554 0.0030 0.0296
Vocational rehabilitatioh -0.4055 0.1786 -0.3357 0.1743 - — -0.2406 0.1419
Placement restrictions -0.4780 0.1442 -0.1814 0.1411 -0.4808 0.2471 - -
Programme Before Unemployment
No programme Reference Reference Reference Reference
VT8, further training 0.1148 0.1231 0.0099 0.1050.8633 0.3785 0.3985 0.2114
VT, vocational adjustment 0.3810 0.33280.6754 0.2618 0.9562 0.8129 -0.1987 0.6269
Job-preparative measure - - - - - - - -
Job creation scheme 1.2748 0.1195 1.7545 0.1039 2.3799 0.3687 2.4849 0.1771
Rehabilitation measure -0.3715 0.4346 -0.2587 0.4404 0.1933 0.3P89136 0.4035
Regional Context Variables
Cluster Il -0.5906 0.1182 -0.2395 0.1064 -0.7510 0.3158 -0.5914 0.1775
Cluster IlI -0.5332 0.1211 -0.2596 0.1061 -0.5817 0.2976-0.4404 0.1707
Cluster IV -0.1169 0.1613 -0.1289 0.1458 0.1469 0.3827 -0.0152310.
Cluster V Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variable$egt prediction of participation
decision or missing.

! percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other pasigotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.
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Table B.3: Estimation Results of the Logit-Models for the Propensitpi® for
Men in West Germany

ALMP part. Target Score=0 Target Score=1  Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Constant -1.1523 0.624512.7292 5.2292 -9.5376 1.3108 -3.1125 0.6067
Age 0.0022 0.0318 0.4404 0.26830.2551 0.0596 0.0216 0.0308
Age (squared) -0.0001 0.0004 -0.0044 0.0038.0030 0.0007 -0.0007 0.0004
Married -0.0473 0.1167 -1.1781 0.4002 -0.4564 0.1569 -0.0951 0.1049
No. of children -0.0607 0.0569 -0.0085 0.200%.1943 0.0653 0.0563 0.0490
German 0.3607 0.1521 -0.7306 0.4188 0.6747 0.2091 0.6053 0.1152
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 1.2038 0.3569 - — 11736 0.5110 0.1174 0.5047
50% to under 80% 0.8403 0.2372 0.8950 1.1553 1.1693 0.3166 0.8766 0.2375
30% to under 50% 1.5702 0.5424 - — 1.4680 1.0473 0.8693 0.6953
30% to under 50%, no equaffs. 0.7426 0.2627 - — 0.0180 0.5254 0.2812 0.3021
Other health restrictions -0.0598 0.1701 -0.2893 0.6209 -0.1991 2.2450052 0.1478
Professional Training
No training, no CSE Reference Reference Reference Reference
No training, with CSE -0.2901 0.1233 - — -0.7805 0.2322 -0.4602 0.1046
Industrial training -0.4386 0.1317 -1.3327 0.7054 0.0507 0.25260.3343 0.1485
Full-time vocational school -1.1618 0.5301 - — 0.2700 0.5206 -0.1708 0.4250
Technical school 0.0174 0.3089 -0.1781 0.8019 0.7426 0.3997 9.2153149
Polytechnic 0.6798 0.3511 - —1.0705 0.4461 0.9360 0.3205
College, University 0.4395 0.2963 0.0461 0.7112 0.7425 0.3807/509 0.2749
Occupational Group
Farming’ 0.3444 0.1555 1.1522 0.4853 0.0668 0.2894 0.5773 0.1511
Mining, mineral extraction 0.7208 0.5750 - - - — -0.4393 0.7264
Manufacturing Reference Reference Reference Reference
Technical professions -1.0490 0.2980 -1.4744 0.8222-0.9471 0.3448 -0.4577 0.2415
Service professions -0.3799 0.1058 -0.6599 0.3811 -0.2307 0.1433.2812 0.0926
Other professions -0.4823 0.4468 1.2718 1.1861 -0.0689 0.5340322D.20.2657
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker -0.4017 0.1967 -0.9997 0.4991 -0.6029 0.2295 -0.4647 0.1637
WC, simple occupations 0.0948 0.2312 -0.1965 0.5315 0.1456 20.240.2424 0.2119
WC, advanced occupations 0.0816 0.2888 -0.1395 0.6067 0.3616 0.328208 0.2406
Other -0.7330 0.1050 -0.4018 0.3748 -0.0203 0.1547 -0.0289 0.0936
Work experience -0.0088 0.1505 - — 0.5903 0.4100.6133 0.1955
Duration of empl. (month§) -0.0059 0.0014 -0.0051 0.0037-0.0054 0.0013 -0.0040 0.0007
Duration of Unemployment (Weeks)
Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks -0.3224 0.1194 1.0955 0.3335 0.9276 0.1498 -0.0073 0.0994
More than 52 weeks -0.5737 0.1241 0.5773 0.2612 0.0192 0.1414
No. of placement propositions 0.0268 0.0056 0.3188 0.0820 0.0354 0.0095 0.0229 0.0062
Last contact 0.0372 0.0225 -0.1381 0.1047 -0.0360 0.0381 0.0174 0.0207
Vocational rehabilitatioh -0.4080 0.1929 - — -0.8100 1.0488 -0.1955 0.3191
Placement restrictions -0.0933 0.1821 - -0.9641 0.4065 -0.7972 0.2152
Programme Before Unemployment
No programme Reference Reference Reference Reference
VT8, further training - - - — -0.0058 0.3441 -0.0937 0.1750
VT, vocational adjustment - - - - - — 0.1002 0.6361
Job-preparative measure - - - - - - - -
Job creation scheme - - - —3.5543 0.4890 2.5153 0.2058
Rehabilitation measure - - - - - - -0.2777 0.7435

continued on next page
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Table B.3: (continued)

ALMP part. Target Score=0 Target Score=1  Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Regional Context Variables
Cluster Il -0.1859 0.1521 0.3537 0.43330.5475 0.1710 -0.2403 0.1240
Cluster IlI -0.0564 0.1482 0.0459 0.43700.5184 0.1667 -0.1566 0.1220
Cluster IV 0.0737 0.2300 -0.0873 0.70850.5733 0.2596 0.1244 0.1616
Cluster V Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.
— Variables not included in estimation due to collinearity to other variable$egt prediction of participation

decision or missing.
! percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other paiigoiise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.
5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

Table B.4: Estimation Results of the Logit-Models for the Propensitpi® for

Men in West Germany

Target Score=3  Target Score=4  Target Score=5

Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err.

Constant -2.4589 0.5681 -3.5758 0.9300 -2.1657 1.8925
Age 0.0912 0.0339 0.1577 0.0573 0.1973 0.1109
Age (squared) -0.0016 0.0004 -0.0024 0.0007 -0.0031 0.0014
Married -0.0051 0.1141 0.0522 0.1765 -0.0896 0.3203
No. of children 0.0393 0.0510 0.0397 0.0805 -0.2176 0.1846
German 0.3926 0.1183 0.1095 0.2035 -0.1647 0.3963
Health Restrictions
No health restrictions Reference Reference Reference
80% and over 1.0874 0.2967 0.5722 0.4630 1.2702 0.8358
50% to under 80% 0.5096 0.2459 0.6399 0.3544 0.9301 0.7090
30% to under 50% 0.3038 0.8097 0.7255 1.12582.5090 1.0776
30% to under 50%, no equaﬁs. 0.2459 0.2773 -0.2344 0.4507 1.1759 0.7405
Other health restrictions -0.2496 0.1733 -0.1448 0.2881 0.2110 ®.618
Professional Training
No training, no CSE Reference Reference Reference
No training, with CSE -0.3482 0.1033 0.0280 0.1680 -0.0480 0.2986
Industrial training -0.1975 0.1597 0.5679 0.2581 0.4361 0.4696
Full-time vocational school -1.4002 1.0332 0.2420 0.8111 2.46434494
Technical school 0.1022 0.4480 -0.0808 1.0874 2.1555 1.1949

Polytechnic
College, University

-0.3408 0.6082 2.3560 1.1117 - -
0.5084 0.4149 1.2067 0.7381 - -

Occupational Group

continued on next page
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Table B.4: (continued)
Target Score=3  Target Score=4  Target Score=5
Coeff. Std.  Coeff. Std.  Coeff. Std.
Err. Err. Err.
Farming® -0.0388 0.1810 0.0657 0.2472 -0.0282 0.4276
Mining, mineral extraction -0.4361 0.7592 -0.0155 1.1016 - -
Manufacturing Reference Reference Reference
Technical professions -0.5321 0.3738 0.3709 0.4497 -1.4005 1.2338

Service professions

-0.3095 0.0980

-0.3555 0.1573 -0.6175 0.2805

Other professions -0.0743 0.2382 -0.3854 0.5079 -0.4427 0.7944
Professional Rartk

BC, not skilled worker Reference Reference Reference

BC, skilled worker -0.3613 0.1989 -0.0174 0.3152 0.4018 0.5675
WC, simple occupations 0.2734 0.2302 0.1069 0.3997 -0.6239 183.24
WC, advanced occupations -0.1799 0.3804 -1.2395 0.9251 0.2825 1.3117

Other

-0.1259 0.1017

-0.0713 0.1661 -0.1103 0.2988

Work experience 0.0637 0.1496 0.4275 0.23070.7607 0.3788
Duration of empl. (month$) -0.0059 0.0010 -0.0050 0.0017 -0.0013 0.0027
Duration of Unemployment (Weeks)

Up to 13 weeks Reference Reference Reference
Between 13 and 52 weeks -0.3681 0.1248 -0.0213 0.2392-1.6015 0.6220
More than 52 weeks -0.6417 0.1526 -1.4310 0.2597 -2.0825 0.4928
No. of placement propositions 0.0211 0.0068 0.0299 0.0098 0.0004 0.0224
Last contact -0.0125 0.0218 0.0183 0.0324 -0.0655 0.0633
Vocational rehabilitatioh -0.5750 0.2396 -1.2044 0.2710 -1.1681 0.3849
Placement restrictions -0.7584 0.2021 -0.6125 0.3177 -1.0170 0.5829
Programme Before Unemployment

No programme Reference Reference Reference

VTS, further training

VT, vocational adjustment
Job-preparative measure
Job creation scheme
Rehabilitation measure

-0.5632 0.1636

-0.5002 0.2471 -1.3990 0.5166

-0.2795 0.4511 0.2555 0.4139 -0.5763766.7

-0.6283
1.6530 0.1593

1.0551 - -

1.0649 0.2346 1.1016 0.3930

-0.5505 0.53951.3360 0.6290 -0.7736 0.5631

Regional Context Variables

Cluster Il

Cluster Il
Cluster IV
Cluster V

-0.2225 0.1396

-0.2891 0.1416

-0.0858 0.1923
Reference

-0.2073 0.2278 0.2153 0.5174

-0.0992 0.2271 0.6268 0.5070

0.0780 0.3204 0.9152 0.6355
Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabker$egt prediction of participation

decision or missing.

! percentages refer to accepted degree of restriction.
2 People with accepted degree of restriction, but no equalisation to other parisotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.
4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.
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Table B.5: Estimation Results of the Logit-Models for the Propensitpi® for
Women in West Germany

Age < 25 Age> 50 Without Without work
professional experience
training

Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Constant 10.6581 7.8807111.2167 43.0028 -0.8437 0.5601 -0.7924 1.1611
Age -0.9888 0.7691 4.0834 1.5741 -0.0851 0.0311 -0.1003 0.0656
Age (squared) 0.0184 0.0187 -0.0391 0.0144 0.0005 0.0004 0.0007 0.0009
Married 0.0682 0.2379 -0.5664 0.1796 -0.3669 0.1148 -0.2893 0.2401
No. of children -0.4780 0.3609 0.0783 0.1876).1465 0.0694 -0.2055 0.1641
German -0.0050 0.2242 0.0165 0.3580.2934 0.1419 -0.1205 0.2679

Health Restrictions

No health restrictions
80% and over

Reference
2.7825 0.6054

Reference
1.7312 0.6289

Reference Reference
15175 0.6174 1.2836 0.3801

50% to under 80% 1.1635 0.8207 0.1760 0.4320.6874 0.2895 1.2989 0.5372
30% to under 50% - - 1.5630 0.81971.9682 0.5949 - -
30% to under 50%, no equaffs. - - 0.1916 0.4326 -0.3593 0.4512 0.1477 1.0737
Other health restrictions 0.8537 0.3558 -0.1662 0.2842 -0.1738 0.2042 0.3157 0.4104
Professional Training

No training, no CSE Reference Reference - - Reference

No training, with CSE -0.3774 0.2346 0.8822 0.5569 - — 0.3371 3am3
Industrial training -1.4577 0.3249 0.8080 0.5650 - — -0.7344 0.3825
Full-time vocational school -0.9174 0.5927 0.1838 0.8561 - — -@.25D.5664

Technical school 0.2209 0.5662 0.6720 0.7545 - — 0.2984 0.5765
Polytechnic - - -0.3876 1.0902 - -1.6320 0.5228
College, University - - 1.8171 0.6672 - — 1.1050 0.4366
Occupational Group

Farming’ -0.0887 0.5347 - — 0.2196 0.3147 0.3226 0.6791
Mining, mineral extraction - - - - - - - -
Manufacturing Reference Reference Reference Reference

Technical professions
Service professions

-0.1598 0.2175

15068 0.5151 0.7829 0.4845 -0.2706 0.8026
0.4405 0.2812 0.2270 0.12042900.50.3048

Other professions -0.2963 0.3708 -0.2078 1.0569 0.2886 0.2952474).50.4525
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference

BC, skilled worker

WC, simple occupations
WC, advanced occupations
Other

-0.2388 0.5168
-0.0900 0.3411
0.1511
0.2885 0.2316

0.8479

0.1499 0.4686 -0.3179 0.34334922 0.5298
0.3606 0.3008 -0.0422 46.180.1878 0.4352
-0.0164 0.436®614 0.2916 -0.0541 0.5886
0.0051 0.2773 0.0706 0.1281 0.1383 8.322

Work experience
Duration of empl. (month§)

-0.5454 0.1863
-0.0093 0.0084

0.4637 0.5544-0.5000 0.1412 - -
-0.0031 0.0011 -0.0044 0.0012 -0.0071 0.0050

Duration of Unemployment (Weeks)

Up to 13 weeks
Between 13 and 52 weeks
More than 52 weeks

Reference

-0.1991 0.1810

0.3524 0.3344

-0.7664 0.2476

Reference Reference Reference
-0.4244 0.2586 -0.0510 0.1269680. 0.2131
-0.0150 0.1442 -0.1482 0.2824

No. of placement propositions
Last contact

Vocational rehabilitatioh
Placement restrictions

0.0681 0.0158
0.0315 0.0592
0.7018 0.5635
-1.1975 0.4925

0.0869 0.0100 0.0523 0.0068 0.0586 0.0143
0.0881 0.0388 0.0311 0.0279 0.0087 0.0557
-0.0673 0.5776 0.1092 0.3094 0.1244 0.5039
-0.3778 0.3115 -0.2301 0.2279 -0.3234 0.4479

Programme Before Unemployment

No programme Reference Reference Reference Reference
VT8, further training 0.4239 0.4510 1.0261 0.2656 0.5548 0.1622 -0.4605 0.3826
VT, vocational adjustment - - 0.7044 1.0477 - - - -

2.5023 0.6643 - — 2.4653 0.5620
2.9243 0.3941 3.0391 0.2624 2.9377 0.1698
0.6365 0.9236 2.5011 0.8859 -0.6581 1.0570

2.3640 1.4426
3.3938 0.3609
1.0536 0.6708

Job-preparative measure
Job creation scheme
Rehabilitation measure

Regional Context Variables

-0.4451 0.2672
0.0718 0.2440

Cluster Il
Cluster IlI

-0.8248 0.2309
-0.6931 0.2260

-0.4691 0.1438
-0.4339 0.1407

-0.4169
-0.2347

0.2842
0.2810

continued on next page
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Table B.5: (continued)

Age < 25 Age> 50 Without Without work
professional experience
training
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Cluster IV -0.1442 0.3898 -1.6149 0.4328 -0.4885 0.2154 -0.4429 0.4665
Cluster V Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation
decision or missing.

1 Percentages refer to accepted degree of restriction.

2 people with accepted degree of restriction, but no equalisation to other pasisiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

Table B.6: Estimation Results of the Logit-Models for the Propensitpi® for
Women in West Germany

Long-term More than 5 Vocational Placement

unemployed plac. prop. rehabilitation restr.

Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.

Constant -5.4332 1.0102 -4.5914 0.8809 -1.8893 2.7422-3.9176 1.5800
Age 0.1365 0.0493 0.0842 0.0437 0.1097 0.1299 0.0602 0.0705
Age (squared) -0.0022 0.0006 -0.0011 0.0005 -0.0020 0.0017 -0.0014 0.0009
Married -0.6957 0.1200 -0.4723 0.1194 -0.0295 0.3923 -0.0755 0.2066
No. of children 0.0570 0.0661 0.0222 0.0669 -0.8314 0.4903 -0.000.1311
German 0.0420 0.1998 0.1781 0.2087 0.8757 1.06018635 0.7347
Health Restrictions
No health restrictions Reference Reference Reference Reference

80% and over 0.4078 0.44061.3298 0.4492 -2.2439 1.0308 - -
50% to under 80% -0.0672 0.33050.7595 0.2962 -1.7208 0.8585 -0.5676 0.3247
30% to under 50% 1.6529 0.6050 2.7754 0.7771 - — 0.8967 0.5438
30% to under 50%, no equaffs.  -0.2535 0.4141 0.2761 0.41602.3093 0.9412 -0.7913 0.4051
Other health restrictions -0.4034 0.2340 -0.1980 0.22684023 0.8109 -1.5582 0.3006
Professional Training

No training, no CSE Reference Reference Reference Reference

No training, with CSE
Industrial training

Full-time vocational school
Technical school
Polytechnic

College, University

0.4642 0.2172 0.4938 0.2328
0.4573 0.2229 0.3425

-0.0711 0.4482 0.4339 0.3623
1.5600 0.3580 1.8466 0.3448 3.4128
1.0214 0.3059 1.4542 0.3259 -

0.4518
0.2370 0.3333

0.7319 0.7987 0.3772
0.7169 0.5703 0.3860

-0.50762884 0.3579 0.7246
1.0278 0.3146 1.1603 0.3169 0.2133

1.2935 1.4259 0.5797
1.3831 2.4725 0.7054
— 1.3604 0.7586

Occupational Group

Farming’

Mining, mineral extraction
Manufacturing

Technical professions
Service professions

0.0688 0.4333 0.0713 0.4402 - -0.4686 1.0611
Reference Reference Reference Reference
0.1601 0.3686 -0.0266 0.3934 - - -0.0637 0.8109
0.2795 0.1511 0.1633 0.1631 0.1029 0.44758460.00.2390

Other professions 0.6185 0.47271.1656 0.5348 -0.9081 0.9460 -0.4072 0.5664
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference

BC, skilled worker
WC, simple occupations

0.3060 0.3135 -0.5078 0.3279 0.5353 0.8670081® 0.5019

0.4173 0.2043 0.1267 0.1871

0.8302

0.6371 0.4694 0.3131

continued on next page
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Table B.6: (continued)

Long-term More than 5 Vocational Placement

unemployed plac. prop. rehabilitation restr.

Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.

WC, advanced occupations 0.3429 0.2603 0.2572 0.2482 - — -0.1237 200.54
Other 0.0718 0.1750 -0.0588 0.1627 -0.4042 0.5535 -0.4823 ©.258
Work experience -0.0452 0.2013 -0.1255 0.1878 -0.5030 0.4526 -0.4412898
Duration of empl. (months) -0.0032 0.0010 -0.0023 0.0013 -0.0017 0.0033.0045 0.0019
Duration of Unemployment (Weeks)
Up to 13 weeks - —  Reference Reference Reference
Between 13 and 52 weeks - — 0.2079 0.1607 -0.0044 0.5324 -0.2695 0.2631
More than 52 weeks — — 0.2077 0.1612 -0.0536 0.5579 -0.4715 0.2659
No. of placement propositions 0.0487 0.0063 0.0460 0.0242 0.0642 0.0113
Last contact 0.0634 0.0225 0.0223 0.0275 0.0028 0.0869.0900 0.0428
Vocational rehabilitatioh 0.1098 0.2976 -0.2131 0.3471 - — 0.0425 0.2476
Placement restrictions 0.0226 0.2502 -0.1526 0.2493 -0.1923 0.4260 - -
Programme Before Unemployment
No programme Reference Reference Reference Reference
VTS,furthertraining 0.4974 0.1658 0.4425 0.1462 -0.2455 1.0999 0.9273 0.3132
VT, vocational adjustment 0.9691 0.5325 0.3913 0.4974 - - - -
Job-preparative measure 1.6544 1.1257 2.0072 1.1866 - - - -
Job creation scheme 2.4785 0.1654 25109 0.1638 1.8661 0.6655 2.9205 0.3027
Rehabilitation measure 0.6461 0.57961.0948 0.5293 0.7531 0.4639 0.7394 0.4562
Regional Context Variables
Cluster Il -0.7261 0.1551 -0.5160 0.1519 -0.8996 0.4734-0.6045 0.2600
Cluster Ill -0.7440 0.1540 -0.4901 0.1472 -0.9586 0.4629 -0.7750 0.2595
Cluster IV -0.6171 0.2384 -0.4636 0.2170 -0.5157 0.6559 -0.4691 0.3638
Cluster V Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variablesegt prediction of participation
decision or missing.

! percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other perisotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

& VT = Vocational training.

Table B.7: Estimation Results of the Logit-Models for the Propensitpi® for
Women in West Germany

ALMP part. Target Score=0 Target Score=1  Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Constant -0.3780 0.967811.2637 4.6088 -9.5382 1.8273 -5.6442 0.9976
Age -0.0818 0.0481 0.2730 0.23700.2278 0.0860 0.1287 0.0516
Age (squared) 0.0009 0.0006 -0.0030 0.0030.0029 0.0011 -0.0021 0.0007
Married -0.1814 0.1326 -0.9377 0.2660 -0.4296 0.1608 -0.4958 0.1401
No. of children 0.0274 0.0714 0.1895 0.1385 -0.0723 0.0854 -6.090.0835
German 0.3292 0.2466 0.6444 0.7461 0.4824 0.3083 0.3463 0.2104
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 1.1858 0.4773 2.6820 1.2685 0.6539 1.0585 1.6272 0.4838
50% to under 80% 0.9146 0.3247 - — 1.2478 0.4612 1.1134 0.3590
30% to under 50% 2.8507 1.2929 - — 4.0920 0.9626 2.1872 0.7901
30% to under 50%, noequaﬁs. 0.8966 0.3932 - — -0.0081 0.7536 -0.1669 0.6085

continued on next page
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Table B.7: (continued)

ALMP part. Target Score=0 Target Score=1  Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Other health restrictions -0.0358 0.2497 -0.4295 0.7374 0.1051 @.3@02467 0.2575
Professional Training
No training, no CSE Reference Reference Reference Reference
No training, with CSE -0.0392 0.2367 - — 0.3488 0.4219 0.1097 40B2
Industrial training -0.0557 0.2409 -2.3817 0.4053 0.2694 0.4666 0.3212 0.2853
Full-time vocational school -0.5468 0.4582-1.6778 0.6302 -0.1841 0.6656 0.9711 0.4073
Technical school 0.2193 0.3608-1.0572 0.4800 1.1596 0.5136 0.8941 0.3954
Polytechnic 1.0270 0.3876 2.3153 0.5337 1.1810 0.4639
College, University 0.8918 0.3182 -0.6161 0.4352 1.5042 0.5118 1.3939 0.4067
Occupational Group
Farming’ -0.4377 0.4955 24877 1.1846 0.3924 0.5811 -0.0812 0.5039
Mining, mineral extraction - - - - - - - -
Manufacturing Reference Reference Reference Reference
Technical professions -0.9949 0.4736 0.8804 1.2520 -0.5334 0.5576 0.0022 0.5012
Service professions 0.0388 0.1718 1.9242 1.0203 0.4853 0.25707950.20.1792
Other professions -0.1020 0.6413 - - - — -0.3206 0.6467
Professional Rarfk
BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker -0.3995 0.4043 -0.0885 0.7307 -0.2056 0.43891312 0.3138
WC, simple occupations 0.2750 0.2344 0.2360 0.5821 0.2358 90.290.2074 0.2186
WC, advanced occupations 0.6297 0.2963 0.6928 0.6286 1.0444 0.3384 0.3507 0.3100
Other -0.5500 0.1961 0.4875 0.5532 0.2077 0.2675 0.0516 0.1830
Work experience -0.0092 0.1842 - — 0.0558 0.376@.5020 0.2486
Duration of empl. (months) -0.0029 0.0013 -0.0007 0.0023 -0.0028 0.001%.0047 0.0014
Duration of Unemployment (Weeks)
Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks -0.0211 0.1631 0.5010 0.2781 0.1418 0.1783960. 0.1598
More than 52 weeks -0.0982 0.1687 0.2619 0.3049 -0.4016 0.2158
No. of placement propositions 0.0350 0.0076 0.4197 0.0704 0.0526 0.0140 0.0341 0.0092
Last contact 0.1067 0.0270 0.0038 0.0947 0.0701 0.0411 0.0524 0.0324
Vocational rehabilitatioh -0.2651 0.3145 - - - - 0.3125 0.5072
Placement restrictions -0.1167 0.2672 - — -0.1387 0.487151418 0.3454
Programme Before Unemployment
No programme - - Reference Reference Reference
VT®, further training - - - — 0.8017 0.3257 -0.4191 0.2585
VT, vocational adjustment - - - - 11010 1.1327 - -
Job-preparative measure - - - - - - - -
Job creation scheme - - - -3.9529 0.4613 3.1186 0.2843
Rehabilitation measure - — - — - — 0.8893 0.8683
Regional Context Variables
Cluster Il -0.7062 0.1766 -0.7375 0.3363 -0.2661 0.2119-0.5907 0.1786
Cluster Il -0.3780 0.1634 -0.4186 0.3001 -0.2772 0.204@.3827 0.1684
Cluster IV -0.6868 0.2947 -0.6720 0.5025 0.1992 0.28220.5609 0.2661
Cluster V Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variablesegt prediction of participation
decision or missing.

1 percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other perisiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

& VT = Vocational training.
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Table B.8: Estimation Results of the Logit-Models for the Propensitpi® for

Women in West Germany

Target Score=3  Target Score=4  Target Score=5
Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err.

Constant

-2.0677 0.9618 -6.4537 1.6772 -0.8188 3.5259

Age

Age (squared)
Married

No. of children
German

0.0172 0.0565 0.2522 0.0981 -0.0305 0.1805
-0.0008 0.0007 -0.0038 0.0012 -0.0006 0.0022
-0.2870 0.1578 -0.4952 0.2618 0.3636 0.4809

0.0930 0.0924 -0.0962 0.1970 0.1728 0.3581

0.1469 0.2147 0.1404 0.3961 -0.3164 0.9595

Health Restrictions

No health restrictions
80% and over

50% to under 80%
30% to under 50%

30% to under 50%, no equalis.

Other health restrictions

Reference Reference Reference
1.7470 0.4737 -0.3389 0.9326 1.4437 1.3247
0.1768 0.4050 -1.7496 0.90893.0112 1.0297
1.4298 1.1010 -0.7444 1.34975.4024 1.8548

-0.0439 0.4834 -1.9871 1.04392.7876 1.2381
0.0056 0.2672.0575 0.8473 1.2525 0.9469

Professional Training

No training, no CSE

No training, with CSE
Industrial training

Full-time vocational school
Technical school
Polytechnic

College, University

Reference Reference Reference
0.0771 0.20880.8758 0.3992 0.6153 0.6374
0.3784 0.2713 2.2079 0.5137 -0.1222 0.9341
-0.6942 0.6825 1.7334 1.2030 -
0.5980 0.5533 3.7362 0.8643 - -
1.6924 0.5314 4.3327 1.1994 - -
1.4155 0.4378 2.8327 0.8348 - -

Occupational Group

Farming’

Mining, mineral extraction
Manufacturing

Technical professions
Service professions
Other professions

0.7099 0.4127 - - - -
Reference Reference Reference
0.3265 0.5378 1.1161 0.7589 - -

0.1881 0.1786 0.0018 0.2895 0.3875 0.5441

0.1099 0.4068 1.5070 0.5877 1.2327 1.1498

Professional Rartk

BC, not skilled worker

BC, skilled worker

WC, simple occupations
WC, advanced occupations
Other

Reference Reference Reference
-0.4886 0.4575 0.6791 0.7294 0.3146 1.9828

0.1196 0.2591 0.0414 0.4036 0.6139 30.74

0.3046 0.3683 -1.4322 0.7623 0.7520 1.1769
0.1861 0.1967 -0.1531 0.3179 0.5623 0.6279

Work experience
Duration of empl. (month§)

-0.0003 0.2187 1.9150 0.4281 -0.4089 0.5603
-0.0033 0.0014 -0.0019 0.0021 0.0016 0.0047

Duration of Unemployment (Weeks)

Up to 13 weeks
Between 13 and 52 weeks
More than 52 weeks

Reference Reference Reference
-0.4308 0.1935 0.1185 0.4791 0.3590 1.3316
-0.7119 0.2464 -1.5047 0.5008 -0.5469 1.2949

No. of placement propositions
Last contact

Vocational rehabilitatioh
Placement restrictions

0.0252 0.0108 0.0003 0.0188 0.0947 0.0297
0.0666 0.0333 -0.0141 0.0533 0.1204 0.0762

-0.0367 0.3706 -1.7651 0.5478 -0.7359 0.6378
-0.5638 0.3129 0.5361 0.88481334 0.8297

Programme Before Unemployment

No programme

VT, further training

VT, vocational adjustment
Job-preparative measure
Job creation scheme
Rehabilitation measure

Reference Reference Reference
0.1747 0.2327 -0.9468 0.4170 0.0224 0.7509

1.0132 0.6516 -1.5667 1.1074 - -
1.6697 0.7627 1.7796 1.0223 - -
2.7217 0.2540 1.3740 0.3775 3.2965 0.7295

0.6358 0.5649 - — 1.3382 0.8574

Regional Context Variables

Cluster Il
Cluster IlI

-0.8182 0.1862 0.1536 0.3822-1.7147 0.6205
-0.7933 0.1810 0.1304 0.3822-1.7696 0.6427

continued on next page
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Table B.8: (continued)

Target Score=3  Target Score=4  Target Score=5
Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err.
Cluster IV -0.5212 0.2746 -0.4673 0.59632.3422 1.1663
Cluster V Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabke$egt prediction of participation
decision or missing.

1 percentages refer to accepted degree of restriction.

2 people with accepted degree of restriction, but no equalisation to other perigiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

Table B.9: Estimation Results of the Logit-Models for the Propensitpi® for
Men in East Germany

Age < 25 Age> 50 Without Without work
professional experience
training
Coeff. Std.  Coeff. Std.  Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

Constant 13.5732 7.9058238.8922 16.9061 -2.1066 0.5394 -2.6827 1.0429
Age -1.3078 0.7583 8.7264 0.6133 -0.0554 0.0228 0.0149 0.0417
Age (squared) 0.0269 0.0182 -0.0805 0.0056 0.0008 0.0003 -0.0003 0.0006
Married -0.7581 0.5709 0.3589 0.0840 0.3101 0.0988 0.5086 0.1951
No. of children 0.4678 0.2619 -0.0139 0.0658 -0.0173 0.0481 -Q.048.1030
German 0.7945 1.0549 -0.0440 0.372D.9481 0.3140 1.3789 0.7295
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 2.0207 0.5844  -0.5481 0.7512 0.2325 0.5445 1.0344 0.5790
50% to under 80% 1.0831 0.6371 -0.1421 0.2370.7160 0.2380 0.4732 0.3689
30% to under 50% - - 0.3587 0.2846 0.1333 0.4933 - -
30% to under 50%, no equaﬁs. 1.4045 0.8426 -0.1966 0.2607 0.1666 0.3529 0.1653 0.4587
Other health restrictions -0.0501 0.3147 -0.3627 0.1162 -0.1197 0.1320 -0.0002 0.2303
Professional Training
No training, no CSE Reference Reference — - Reference
No training, with CSE -0.4693 0.1943 0.2663 0.1672 - — -0.4111 0.2109
Industrial training -1.1019 0.2146  -0.1078 0.1544 - —0.6138 0.1965
Full-time vocational school - - -0.0837 0.3697 - - - -
Technical school - - 0.1356 0.1975 - — -1.0304 0.6838
Polytechnic - - -0.1202 0.2834 - — 0.0510 0.6065
College, University - - -0.0309 0.2153 - - — -
Occupational Group
Farming® 0.5612 0.2898 -0.1539 0.1487 0.1625 0.1275 0.0487 0.3003

Mining, mineral extraction - - -1.9224 1.0228 -0.0618 0.7523 -

continued on next page
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Table B.9: (continued)
Age < 25 Age> 50 Without Without work
professional experience
training
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Manufacturing Reference Reference Reference Reference
Technical professions -0.2571 1.0377 -0.3047 0.1356 -0.0833 0.2543 -0.0494 0.4547

-0.4135 0.2085
-1.2800 0.4093

-0.3372 0.0809
-1.1671 0.3980

Service professions
Other professions

-0.2137 0.0874 -0.3113 0.1555
-1.0285 0.3021 -0.9041 0.4002

Professional Rartk

BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker -1.0221 0.2752 0.0183 0.0963 -0.1313 0.12190.4685 0.2313
WC, simple occupations -0.3466  1.0371 0.2383 0.1484 0.1547 36.28.9869 0.4335
WC, advanced occupations - - 0.0183 0.2063 -0.3857 0.4608 0.1593881.10
Other -0.3301 0.1716 -0.1418 0.0967 -0.1544 0.0888 -0.1220 8.164

0.3674 0.2089 -0.1547 0.1154
-0.0040 0.0004 -0.0037 0.0008 0.0003 0.0012

Work experience -0.2366 0.1444
Duration of empl. (months) 0.0015 0.0051

Duration of Unemployment (Weeks)

Reference Reference Reference
0.3536 0.0990 0.1483 0.1008 0.0992 0.1585
0.0397 0.1021 0.2620 0.1099 0.4405 0.1957

Reference
0.3105 0.1576
1.6580 0.2336

Up to 13 weeks
Between 13 and 52 weeks
More than 52 weeks

0.0721 0.0165 0.0862 0.0066 0.0719 0.0061 0.0511 0.0122
-0.1381 0.0479 -0.1497 0.0193 -0.1904 0.0242 -0.1620 0.0388
0.7648 0.3325 0.0510 0.1885 0.2319 0.179(0.6629 0.2306

-0.3430 0.3308-0.4122 0.1493 -0.3244 0.1644 -0.2742 0.2317

No. of placement propositions
Last contact

Vocational rehabilitatioh
Placement restrictions

Programme Before Unemployment

Reference Reference Reference Reference
0.3034 0.3269 0.7066 0.1195 0.1444 0.1281 0.3408 0.1986
0.9493 0.5581 0.6153 0.1483 0.5512 0.1773 1.0850 0.3200
0.3428 0.5354 - — 0.3456 0.6045 0.7811 0.6154

No programme

VTE, further training

VT, vocational adjustment
Job-preparative measure

Job creation scheme 2.0412 0.2293 1.5890 0.0885 1.3481 0.0997 1.7503 0.1937
Rehabilitation measure -0.3730 0.7565 0.2735 1.0474 -1.2114 1.0102776 0.3833
Regional Context Variables

Cluster la -1.4758 0.2578 0.1526 0.2292-0.7788 0.1977 -1.6941 0.2777
Cluster Ib -1.7657 0.2366 -0.0174 0.2210-0.9016 0.1856 -1.6751 0.2605
Cluster Ic -1.3678 0.2889 -0.1565 0.2432-0.7590 0.2097 -1.4147 0.3041
Cluster Il Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabks$egt prediction of participation
decision or missing.

1 Percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other pearisiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.
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Table B.10: Estimation Results of the Logit-Models for the Propensitpi® for
Men in East Germany

Long-term More than 5 Vocational Placement

unemployed plac. prop. rehabilitation restr.

Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.

Constant -5.9168 0.7221 -4.9170 0.6898 -1.4614 1.1090-4.3694 1.3654
Age 0.1591 0.0293 0.0800 0.0271 -0.0120 0.0520 0.0617 0.0401
Age (squared) -0.0020 0.0003 -0.0005 0.0003 0.0001 0.0007 -0.0008 0.0005
Married 0.3925 0.0807 0.2883 0.0778 0.2902 0.1863 0.3837 0.1341
No. of children -0.0526 0.0417 -0.0224 0.0399 0.0532 0.0923 -B3.068.0727
German 0.4366 0.2926 -0.1056 0.2911 - — 0.8685 1.0224
Health Restrictions
No health restrictions Reference Reference Reference Reference

80% and over
50% to under 80%
30% to under 50%

30% to under 50%, no equalfs.

Other health restrictions

-0.1608 0.5295 0.3180 0.6840 - - - -
-0.1127 0.22370.7183 0.2319 -0.0707 0.4813 -0.0690 0.3126
-0.4211 0.40220.8056 0.3024 -0.2961 0.5867 -0.0067 0.3811
-0.5038 0.2755 0.0957 0.3228 -0.8062 0.536R.7772 0.3661
-0.4426 0.1145 -0.3411 0.1163 -0.6332 0.4507-0.6473 0.2944

Professional Training

No training, no CSE

No training, with CSE
Industrial training

Full-time vocational school
Technical school
Polytechnic

College, University

Reference Reference Reference Reference
0.1208 0.1268 -0.0052 0.1391 -0.2495 @308.0710 0.2214
-0.0439 0.1133 -0.1906 0.1243 -0.0820 0.26460142 0.1984
0.0365 0.3729 -0.2389 0.3338 0.71357082 0.1636 0.5937
0.2924 0.2018 -0.0869 0.2028 - - -0.7370 0.5265
0.1120 0.3498 -0.2883 0.3236 - - -1.0257 1.0923
0.1630 0.2297 -0.4449 0.2321 - - -0.3160 957

Occupational Group

Farming’

Mining, mineral extraction
Manufacturing

Technical professions
Service professions
Other professions

0.1972 0.1263 0.1527 0.14550.6934 0.3243 0.4980 0.2249
-1.0655 0.7196 - - - - 0.3790 1.0674
Reference Reference Reference Reference
-0.3399 0.1708 0.1450 0.1568 0.6047 0.4503 0.3676 0.3206
-0.2181 0.0747 -0.0764 0.0764 0.0848 0.1781 0.0167 0.1246

-1.1442 0.3446 -1.6202 0.4620 -1.4704 0.4833 -1.1446 0.2997

Professional Rartk

BC, not skilled worker

BC, skilled worker

WC, simple occupations
WC, advanced occupations
Other

Reference Reference Reference Reference
0.1281 0.0966 -0.1348 0.0935 -0.4500 0.2732309@ 0.1832
-0.0490 0.18300.4488 0.1745 0.8930 0.5462 0.9444 0.2966
-0.6612 0.2746 0.1608 0.2631 0.6932 1.1194 -0.3722 0.7656
-0.1765 0.0844 -0.1627 0.0837 -0.1348 0.19770.3282 0.1403

Work experience

-0.1601 0.1188 -0.0097 0.1250.3903 0.1775 -0.2143 0.1531

Duration of empl. (month§) -0.0036 0.0004 -0.0031 0.0009 -0.0019 0.0014-0.0040 0.0010
Duration of Unemployment (Weeks)

Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks - — 0.0494 0.0874 0.0180 0.2119 -0.0066 0.1530
More than 52 weeks = — -0.0787 0.0927 -0.4262 0.22623274 0.1593
No. of placement propositions 0.0443 0.0051 - — 0.0605 0.0134 0.0494 0.0092

Last contact -0.0922 0.0158 -0.1120 0.0185 -0.1544 0.0450 -0.1693 0.0339
Vocational rehabilitatioh 0.0091 0.1478 0.0624 0.1791 - -0.3212 0.1154
Placement restrictions -0.2586 0.1398 -0.2112 0.1496 0.0884 0.1869 - -
Programme Before Unemployment

No programme Reference Reference Reference Reference

VT®, further training
VT, vocational adjustment
Job-preparative measure
Job creation scheme

0.1706 0.1017 0.4341 0.0909 0.3133 0.3342 0.7741 0.1874
0.0241 0.14290.5085 0.1252 -0.2150 0.5447 0.5275 0.2675
- - 1.2273 0.7541.7065 0.8205 1.6120 1.1051
0.7989 0.0919 1.3695 0.0847 1.6557 0.2041 1.4924 0.1509

Rehabilitation measure -0.0621 0.43010.9425 0.3869 0.0411 0.2647 0.4731 0.2598
Regional Context Variables
Cluster la 0.2545 0.2270 0.6670 0.2733 -0.3128 0.4634 0.0172 0.3905

Cluster Ib

0.0321 0.2211 0.3889 0.2662 -0.1557 0.4389 0.208B740.

continued on next page
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Table B.10: (continued)

Long-term More than 5 Vocational Placement
unemployed plac. prop. rehabilitation restr.
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Cluster Ic 0.3036 0.2364 0.4589 0.2774 -0.2369 0.4866 0.3783946.
Cluster Il Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variable$eqt prediction of participation
decision or missing.

! percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other paiigoiise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

Table B.11: Estimation Results of the Logit-Models for the Propensitpi@ for
Men in East Germany

ALMP part. Target Score=0  Target Score=1 Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Constant -5.0989 0.6654 -7.7446 3.2242 -10.8623 1.1611 -9.9124 0.7484
Age 0.1227 0.0244 0.0226 0.1536 0.2931 0.0459 0.2748 0.0298
Age (squared) -0.0011 0.0003 0.0005 0.0020 -0.0031 0.0006 -0.0032 0.0004
Married 0.2217 0.0741 0.1126 0.2091 0.1898 0.1092.3323 0.0917
No. of children -0.0429 0.0393 0.0771 0.0977 -0.0021 0.0547 -6.040.0478
German 0.4753 0.3544 - — 0.5132 0.3358.9348 0.3905
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 0.7351 0.47463.0140 1.2926 -0.1103 1.0487 -0.3938 0.7343
50% to under 80% 0.8839 0.1847 1.2876 0.6372 0.6629 0.3538 0.1097 0.2670
30% to under 50% 0.9190 0.2500 3.3576 0.9152 0.4727 0.6344 0.4030 0.3962
30% to under 50%, no equalfs. 0.2166 0.2662 1.9122 0.6655 -0.5096 0.6004 -0.0596 0.3188
Other health restrictions -0.0369 0.1019 -0.1425 0.3590.3453 0.1726 -0.3539 0.1307
Professional Training
No training, no CSE Reference Reference Reference Reference
No training, with CSE -0.0412 0.1224 - - -0.1720 0.3116 0.1684 6501
Industrial training -0.0906 0.1070 -0.9326 0.8010 -0.0392 0.29M05971 0.1667
Full-time vocational school -0.4836 0.3778 - - -0.2246 0.6629 (6294.4585
Technical school 0.2067 0.1728 0.1624 0.8212 0.6499 0.36@8531 0.2334
Polytechnic 0.2536 0.2717 - - -0.1038 0.5720.7773 0.3485
College, University 0.1727 0.1827 0.0778 0.8267 0.2896 0.39008098 0.2471
Occupational Group
Farminé 0.1965 0.1170 -1.4060 0.7412 -0.2877 0.2038.2781 0.1410
Mining, mineral extraction -0.6182 0.7379 - — 0.2509 0.7387 -1.423%017b
Manufacturing Reference Reference Reference Reference
Technical professions -0.3458 0.1397 -0.1144 0.4372 -0.3830 0.2333 -0.2837 0.1710
Service professions -0.0887 0.0717 0.0330 0.2028.3312 0.1094 -0.1326 0.0845
Other professions -1.4777 0.4609 - — -2.2040 1.0094 -1.4322 0.5112
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker -0.1216  0.0908-0.6658 0.2648 -0.1169 0.1256 0.0345 0.1037
WC, simple occupations 0.4489 0.1568 -0.2116 0.4530 0.0834 0.2420 0.1819 0.1802
WC, advanced occupations 0.2560 0.2268 -0.8872 1.0821 -0.3469 0.402834 0.2611
Other -0.4202 0.0719 0.3472 0.2302 0.0380 0.1169 0.0027 0.0945

continued on next page
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Table B.11:(continued)

ALMP part. Target Score=0  Target Score=1 Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

0.1907 0.3610.8908 0.1861
-0.0036 0.0005

Work experience 0.0032 0.1064 - -
Duration of empl. (month§) -0.0050 0.0009 -0.0011 0.0016 -0.0055 0.0009

Duration of Unemployment (Weeks)

Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks -0.2765 0.0799 1.6114 0.2328 0.6552 0.1102 -0.0994 0.0975
More than 52 weeks -0.6797 0.0871 — — 1.2364 0.1712 -0.4695 0.1233
No. of placement propositions 0.0463 0.0046 0.3232 0.0522 0.0496 0.0091 0.0209 0.0071
Last contact -0.1133 0.0163 -0.0743 0.0567 -0.1167 0.0277 -0.1108 0.0196
Vocational rehabilitatioh 0.1646 0.1437 - — 0.8126 0.47150.5639 0.2709
Placement restrictions -0.3297 0.1294 - — -0.0946 0.3216-0.7430 0.1937
Programme Before Unemployment

No programme Reference Reference Reference Reference
VT8, further training - - - — 0.2679 0.2048 -0.1562 0.1332
VT, vocational adjustment - — - — 0.5768 0.2944 -0.1245 0.1832
Job-preparative measure - - - - - - - -
Job creation scheme - - - —2.2036 0.1922 1.2987 0.1220
Rehabilitation measure - - - — 2.3296 1.1037 - -
Regional Context Variables

Cluster la 0.2448 0.2372 1.3894 1.0294 0.2169 0.3002 -0.0222308.
Cluster Ib -0.0903 0.2316 1.2162 1.0198 -0.0967 0.2936 -0.186@238.
Cluster Ic 0.0775 0.2429 0.5121 1.0770 -0.2939 0.3271 -0.2012458.
Cluster Il Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variable$egt prediction of participation
decision or missing.

1 Percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other paiitotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

Table B.12: Estimation Results of the Logit-Models for the Propensitpi® for
Men in East Germany

Target Score=3  Target Score=4  Target Score=5

Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err.

Constant -5.7408 0.6956 -4.8684 1.4002 0.9850 2.4444
Age 0.2167 0.0310 0.2325 0.0512 0.0453 0.0953
Age (squared) -0.0025 0.0004 -0.0030 0.0006 -0.0009 0.0012
Married 0.2317 0.0992 0.5990 0.1589 0.7314 0.2955
No. of children 0.0518 0.0506 -0.2144 0.0956 -0.0934 0.1705
German 0.0073 0.3647 0.9497 1.0661 -2.9748 1.5415
Health Restrictions
No health restrictions Reference Reference Reference

80% and over

50% to under 80%

30% to under 50%

30% to under 50%, no equaffs.

0.5874  0.4630

0.6210 0.2295

0.6467 0.3389
-0.2788  0.3406

0.7115 0.6061 -0.0150 0.9522
0.3372 0.3259 -0.1112 0.6539
0.0896 0.4346 -0.5540 0.9318
0.0343 0.3994 -0.5374 0.7698
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Table B.12: (continued)

Target Score=3  Target Score=4  Target Score=5
Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err.
Other health restrictions -0.2746 0.1326 -0.1540 0.2246 -0.6321 0.5269
Professional Training
No training, no CSE Reference Reference Reference
No training, with CSE -0.0123 0.1350 -0.1723 0.1800 -0.3596 (@.305
Industrial training 0.5892 0.1473 0.2597 0.2175 0.2669 0.3701
Full-time vocational school 0.3653 0.4439 0.6573 0.8598 0.030222B
Technical school 0.8203 0.2395 -0.0111 0.4376 - -
Polytechnic 0.6428 0.3884 0.3720 0.7452 - -
College, University 0.7710 0.2656 -0.5230 0.6143 - -
Occupational Group
Farmingf 0.0805 0.1584 0.3512 0.2337 -0.4037 0.6117
Mining, mineral extraction - — 05523 1.1274 - -
Manufacturing Reference Reference Reference
Technical professions -0.0706 0.1864 0.1261 0.3241 0.3841 0.8423
Service professions -0.1788 0.0923 -0.1476 0.1437 0.2998 0.2796
Other professions -0.8137 0.3046 -1.1322 0.4757 -1.8930 1.0448
Professional Rarfk
BC, not skilled worker Reference Reference Reference
BC, skilled worker -0.0726  0.1199 -0.0011 0.2035 -0.0044 0.3957
WC, simple occupations 0.1425 0.2188.8663 0.3565 0.9885 0.7354
WC, advanced occupations -0.1973 0.3152 -0.0360 0.5586 1.8340 1.2481
Other -0.2122 0.1013 -0.3035 0.1556 0.0027 0.2933
Work experience 0.5822 0.1426 0.8357 0.2087 0.2454 0.3230
Duration of empl. (month§) -0.0042 0.0008 -0.0019 0.0011 -0.0049 0.0035
Duration of Unemployment (Weeks)
Up to 13 weeks Reference Reference Reference
Between 13 and 52 weeks -0.2989 0.1166 -0.2562 0.2153 -0.2725 0.5222
More than 52 weeks -1.1749 0.1346 -1.4876 0.2342 -0.8675 0.5236
No. of placement propositions 0.0155 0.0080 0.0166 0.01P70468 0.0212
Last contact -0.1105 0.0207 -0.1611 0.0361 -0.2678 0.0762
Vocational rehabilitatioh -0.2666 0.1792 -0.6217 0.2237 -0.2308 0.3561
Placement restrictions -1.2543 0.1713 -0.8460 0.2498 -0.3965 0.5029
Programme Before Unemployment
No programme Reference Reference Reference
VT, cont. education -0.5229 0.1428 -0.4673 0.2356 -0.0503 0.4116
VT, voc. adjustment -0.5068 0.1750 -0.1613 0.2666 -0.2973 0.5278
Job-preparative measure 0.3547 0.5584 -1.2863 1.0505 -0.0529 1.1475
Job creation scheme 0.4971 0.1318 0.3609 0.2141 0.9353 0.3627
Rehabilitation measure -0.7411 0.4791 -0.0987 0.3616 -0.6435 0.5650
Regional Context Variables
Cluster la -0.1688 0.2543 -1.2811 0.3329 1.0778 1.1091
Cluster Ib -0.4185 0.2447 -1.1692 0.3033 0.7015 1.0855
Cluster Ic -0.0703 0.2619 -0.9552 0.3333 0.2774 1.1287
Cluster Il Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variablr$egt prediction
of participation decision or missing.

1 Percentages refer to accepted degree of restriction.

2 people with accepted degree of restriction, but no equalisation to other perigiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.
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Table B.13: Estimation Results of the Logit-Models for the Propensitpi® for
Women in East Germany

Age < 25 Age> 50 Without Without work
professional Experience
training
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.

Constant 17.7318 9.5714193.6120 15.2633 -4.6508 0.6740 -5.4542 0.9700
Age -1.8032 0.9166  7.0812 0.5562 0.0797 0.0244 0.1079 0.0376
Age (squared) 0.0422 0.0218 -0.0659 0.0051 -0.0009 0.0003 -0.0012 0.0005
Married -0.4856 0.3740 0.1752 0.0692 0.0945 0.0702 0.3683 0.1144
No. of children -0.0545 0.2476 0.0457 0.0767 -0.0394 0.0368 -9.020.0608
German - - 0.7526 0.6024 0.8813 0.4577 0.7561 0.6046
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 2.3752 0.9162 0.5872 0.5431 0.7035 0.6256 1.0744 0.6614
50% to under 80% 0.9588 0.8022 0.4074 0.2084 -0.0186 0.309511D.6 0.3954
30% to under 50% - — 0.8819 0.3079 1.2322 0.3669 1.0275 0.6575
30% to under 50%, no equaffs. - — -0.1752 0.2989 -0.4625 0.4311 -0.2475 0.6249
Other health restrictions -0.4905 0.4813  -0.1709 0.10313287 0.1251 -0.2220 0.1994
Professional Training
No training, no CSE Reference Reference - - Reference
No training, with CSE 0.5163 0.4127 0.0627 0.1480 - — 0.2847 8372
Industrial training -0.4776 0.4265 0.1293 0.1414 - — -0.0254 0.2743
Full-time vocational school 0.4411 0.8352 0.7855 0.2416 - — -0.4208 0.5562
Technical school 1.7244 0.5621 0.5129 0.1708 - — 0.8702 0.3413
Polytechnic 1.5520 1.1829 0.8068 0.2879 - - 1.0921 0.8527
College, University - — 0.9729 0.2282 - — 0.3168 0.4883
Occupational Group
Farming’ 0.0411 0.3944 0.2139 0.1444 0.2184 0.1225 0.2822 0.2079
Mining, mineral extraction - - - - - - - -
Manufacturing Reference Reference Reference Reference
Technical professions -0.1679 0.6728 0.4442 0.1411 0.3228 0.2129 -0.1591 0.3262
Service professions -0.2629 0.2527 -0.0386 0.0788 -0.0885 0.07572120.00.1359
Other professions -0.9534 0.5810 -0.8607 0.4697 -0.8312 0.4251124€.50.4853
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker -0.3429 0.3390 0.1272 0.0940 0.2160 0.11720958 0.1917
WC, simple occupations 0.2204 0.4453 0.1466 0.1097r3840 0.1449 0.1484 0.2504
WC, advanced occupations - - -0.0759 0.1901 0.2284 0.3235 -0.0432820.51
Other -0.1266 0.2596  -0.0040 0.0831 0.0512 0.0829 0.2369 ©.148
Work experience -0.0505 0.1844 -0.1479 0.1408.2728 0.1058 - -
Duration of empl. (month§) -0.0091 0.0074 -0.0019 0.0003 -0.0029 0.0006 -0.0019 0.0010
Duration of Unemployment (Weeks)
Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks -0.0076 0.2087 0.0088 0.0983 0.0718 0.1072550. 0.1456
More than 52 weeks 0.9603 0.2867 -0.4272 0.0955 -0.0147 0.1065 0.0708 0.1482
No. of placement propositions 0.0463 0.0200 0.1470 0.0074 0.0959 0.0071 0.1023 0.0094
Last contact -0.0470 0.0582 -0.1242 0.0166 -0.1739 0.0215 -0.0201 0.0259
Vocational rehabilitatioh 0.4309 0.5532 0.3754 0.1851 0.3001 0.2189 0.0278 0.2592
Placement restrictions -0.5051 0.5328-0.3492 0.1398 -0.5766 0.1792 -0.3118 0.2452
Programme Before Unemployment
No programme Reference Reference Reference Reference
VT, cont. education 0.6073 0.3367 0.6793 0.0852 0.4857 0.0898 0.4726 0.1269
VT, voc. adjustment 0.0705 0.7552 0.9768 0.1289 0.4891 0.1751 0.6610 0.2677
Job-preparative measure 0.6113 0.6196 - — 0.0680 1.0234 0.4889 0.7493
Job creation scheme 2.4487 0.3042 1.8564 0.0754 1.2749 0.0858 1.5513 0.1477
Rehabilitation measure 1.3329 0.6570 - — 0.4775 0.6269 0.9370 0.4448
Regional Context Variables
Cluster la -1.8211 0.3194 0.0610 0.2301-0.4112 0.2034 -1.1810 0.2736
Cluster Ib -2.2639 0.2936  -0.0167 0.2241-0.6813 0.1955 -1.2800 0.2635
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Table B.13:(continued)

Age < 25 Age> 50 Without Without work
professional Experience
training
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err. Err.
Cluster Ic -2.1955 0.3935 -0.0874 0.2382-0.7156 0.2149 -1.2981 0.3017
Cluster Il Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.
— Variables not included in estimation due to collinearity to other variabkeseqt prediction of participation

decision or missing.

1 Percentages refer to accepted degree of restriction.

2 people with accepted degree of restriction, but no equalisation to other pasisiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.

Table B.14: Estimation Results of the Logit-Models for the Propensitpi® for
Women in East Germany

Long-term More than 5 Vocational Placement

unemployed plac. prop. rehabilitation restr.

Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.

Constant -8.5335 0.6292 -5.9804 0.7889 -3.4940 1.5118 -5.9015 1.6294
Age 0.2325 0.0225 0.1161 0.0254 0.0479 0.0672 0.1325 0.0505
Age (squared) -0.0028 0.0003 -0.0011 0.0003 -0.0004 0.0008-0.0016 0.0006
Married 0.0804 0.0478 0.0992 0.0571 0.3322 0.2010.5260 0.1325
No. of children -0.0364 0.0254 0.0129 0.0305 -0.1086 0.1168 -8.118.0754
German 0.5473 0.3466 0.4379 0.5385 - — 0.2362 1.1186
Health Restrictions
No health restrictions Reference Reference Reference Reference

80% and over
50% to under 80%
30% to under 50%

30% to under 50%, no equaffs.

Other health restrictions

0.5178 0.47591.4518 0.5573 - - - -
0.4365 0.1969 0.5807 0.2347 -1.4326 0.5567 -0.7914 0.2946

0.4529 0.31580.7554 0.3569 -0.2376 0.6014 -0.5929 0.3551
-0.3667 0.2868 0.2628 0.32281.5368 0.5986 -1.4669 0.3575
-0.1379  0.0829.2702 0.1102 -1.4582 0.4757 -1.4201 0.2704

Professional Training

No training, no CSE Reference Reference Reference Reference
No training, with CSE 0.2601 0.1111 0.3509 0.1640 0.5223 0.5107 0.6162 0.3679
Industrial training 0.3229 0.1042 0.4682 0.1550 0.7740 0.4846 1.0380 0.3500
Full-time vocational school 0.8186 0.1923 1.0866 0.2239 1.5601 0.8076 1.1518 0.5658
Technical school 0.8768 0.1338 1.0290 0.1791 0.9645 0.6850 1.6763 0.4136
Polytechnic 1.1698 0.2657 0.6220 0.3315 - — 1.4532 0.8711
College, University 0.7909 0.1961 0.9003 0.2259 2.0844 1.0417 1.7580 0.5851
Occupational Group

Farming’ 0.2647 0.0959 0.1891 0.1247 0.4605 0.4937 -0.0783 0.3578
Mining, mineral extraction - - - - - - - -
Manufacturing Reference Reference Reference Reference
Technical professions 0.3947 0.1165 0.1993 0.1373 1.1130 0.5869 0.6039 0.3457

Service professions
Other professions

-0.0181 0.0548 0.0205 0.0718 0.1787 0.2438470.10.1530
-1.2045 0.4590 -1.6496 0.7227 -1.1534 0.5723 -1.1029 0.3940

Professional Rartk

BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker 0.1086 0.0749 0.0792 0.0900 0.4266 0.3127168% 0.2051
WC, simple occupations 0.1047 0.08650.2467 0.1020 0.8961 0.4137 0.3767 0.2532

continued on next page
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Table B.14:(continued)

Long-term More than 5 Vocational Placement

unemployed plac. prop. rehabilitation restr.

Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.

WC, advanced occupations -0.2570 0.1618 -0.0078 0.2035 0.6756 1.100358 0.4599
Other -0.0286 0.0602 0.0828 0.0762 -0.1914 0.2424 -0.0977 1D0.162
Work experience -0.1475 0.07570.1722 0.0869 0.0118 0.2266 -0.0730 0.1759
Duration of empl. (months) -0.0023 0.0003 -0.0022 0.0006 -0.0036 0.0015 -0.0030 0.0008
Duration of Unemployment (Weeks)
Up to 13 weeks - —  Reference Reference Reference
Between 13 and 52 weeks - - 0.1092 0.0858 -0.1973 0.2680 0.0806 0.1775
More than 52 weeks — — -0.0971 0.0853 -0.4276 0.2680 -0.2595 0.1770
No. of placement propositions 0.0751 0.0044 0.1030 0.0194 0.1177 0.0119
Last contact -0.0548 0.0113 -0.0448 0.0145 -0.2311 0.0587 -0.0845 0.0308
Vocational rehabilitatioh 0.0394 0.1473 0.0743 0.2060 - -0.3679 0.1259
Placement restrictions -0.4019 0.1179 -0.0938 0.1520 0.0799 0.2267 - -
Programme Before Unemployment
No programme Reference Reference Reference Reference
VT8, cont. education 0.3857 0.0589 0.3756 0.0687 0.2770 0.4142 0.5584 0.1756
VT, voc. adjustment 0.6921 0.1017 0.3540 0.1173 0.2049 0.6470 0.5412 0.3001
Job-preparative measure 0.7818 0.6239 0.8678 0.6220 - - - -
Job creation scheme 1.1226 0.0590 1.3201 0.0706 1.3785 0.2465 1.5575 0.1570
Rehabilitation measure 0.2434 0.4755 -0.0416 0.6348 0.5243 0.2982402 0.4080
Regional Context Variables
Cluster la 0.4612 0.1952 0.5028 0.2108 -0.1445 0.5643 -0.3686 0.3380
Cluster Ib 0.3262 0.1920 0.0424 0.2053 0.1129 0.5345 -0.4143208.
Cluster Ic 0.1912 0.2033 -0.0727 0.2160 0.3546 0.5734 -0.007(428.
Cluster Il Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variablesegt prediction of participation
decision or missing.

! percentages refer to accepted degree of restriction.

2 People with accepted degree of restriction, but no equalisation to other perisotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

& VT = Vocational training.

Table B.15: Estimation Results of the Logit-Models for the Propensitpi@ for
Women in East Germany

ALMP part. Target Score=0  Target Score=1  Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Constant -7.3543 0.6275 -3.7688 2.2948-9.7937 1.0491 -10.3091 0.7327
Age 0.1833 0.0203 -0.0896 0.1151 0.2138 0.0405 0.3020 0.0273
Age (squared) -0.0019 0.0002 0.0016 0.0015-0.0026 0.0005 -0.0036 0.0003
Married 0.1552 0.0465 0.0821 0.1429 0.1024 0.0725 0.0391 0.0584
No. of children -0.0450 0.0256 0.1926 0.0684 -0.0315 0.0357 -0.0400 0.0314
German 0.9316 0.3952 - — 0.1887 0.3497 0.6934 0.4241
Health Restrictions
No health restrictions Reference Reference Reference Reference
80% and over 1.3778 0.4208 - — 15039 0.5690 1.1216 0.4316
50% to under 80% 0.6615 0.1877 2.1834 0.6706 0.8030 0.3261 0.8575 0.2086
30% to under 50% 0.8842 0.2807 - — 0.2386 0.6536 0.6925 0.3656
30% to under 50%, no equaffs.  -0.1998 0.2955 0.3870 1.0712 -0.1905 0.5179 0.2908 0.3040
Other health restrictions -0.0561 0.0851 0.1333 0.2646 -0.2037 .138.0568 0.0987

continued on next page
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Table B.15: (continued)

ALMP part. Target Score=0  Target Score=1  Target Score=2
Coeff. Std. Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err. Err.
Professional Training
No training, no CSE Reference Reference Reference Reference
No training, with CSE 0.2187 0.1173 - — 0.1501 0.33310.4983 0.1725
Industrial training 0.2450 0.1103 -0.9665 0.6323 0.3714 0.32760.9045 0.1751
Full-time vocational school 0.7326 0.1877 -0.7729 0.8146 0.9874 0.3941 1.4513 0.2508
Technical school 0.9459 0.1305 -0.0033 0.6451 1.3011 0.3420 1.4696 0.1968
Polytechnic 0.8606 0.2319 - — 1.0864 0.4466 1.9362 0.3069
College, University 0.8461 0.1719 -0.5305 0.6951 1.2193 0.3662 1.5150 0.2475
Occupational Group
Farming’ 0.4204 0.0880 0.0045 0.2898 0.4083 0.1364 0.3249 0.1119
Mining, mineral extraction - - — - - - - -
Manufacturing Reference Reference Reference Reference
Technical professions 0.2151 0.1065 0.0668 0.3529 0.2143 0.1693 0.0291 0.1425
Service professions 0.1150 0.0564 0.1345 0.1737 0.0710 0.0869 -0.0484 0.0684
Other professions -2.4967 1.0079 - — -2.0183 1.0131 -1.2813 0.5147
Professional Rartk
BC, not skilled worker Reference Reference Reference Reference
BC, skilled worker 0.1685 0.0713 -0.0391 0.1964 -0.1836 0.1092 0.1638 0.0898
WC, simple occupations 0.3703 0.0820 0.0097 0.2411 0.2255 0.12420.2516 0.1027
WC, advanced occupations -0.0948 0.1713 0.0304 0.5593 0.1391 0.2842057 0.2107
Other -0.3845 0.0532 0.0766 0.1690 0.0276 0.0894 0.0692 0.0756
Work experience -0.1155 0.0697 - — 0.4064 0.243D.6318 0.1246
Duration of empl. (month§) -0.0028 0.0004 -0.0032 0.0015 -0.0030 0.0006 -0.0027 0.0004
Duration of Unemployment (Weeks)
Up to 13 weeks Reference Reference Reference Reference
Between 13 and 52 weeks -0.1212 0.0694.7815 0.1627 0.3235 0.0962 -0.0874 0.0851
More than 52 weeks -0.3214 0.0691 - — 0.5843 0.1402 -0.6910 0.1028
No. of placement propositions 0.0806 0.0043 0.4758 0.0376 0.0899 0.0099 0.0491 0.0070
Last contact -0.0500 0.0108 0.0289 0.0381 -0.0306 0.01860.0624 0.0142
Vocational rehabilitatioh 0.1415 0.1571 - - -0.1721 0.7493 -0.2613 0.2432
Placement restrictions -0.3044 0.1220 - — -0.2999 0.2976 -0.8847 0.1649
Programme Before Unemployment
No programme - - Reference Reference Reference
VT#, cont. education - - - — 0.3056 0.1396 0.0264 0.0963
VT, voc. adjustment - - - — -0.0498 0.2367 -0.1040 0.1456
Job-preparative measure - - - - - - - -
Job creation scheme - - - -1.5409 0.1390 1.0577 0.0936
Rehabilitation measure - = - - = — -0.7858 1.0412
Regional Context Variables
Cluster la 0.2586 0.2121 0.3204 0.530QL.0593 0.3699 0.2173 0.2188
Cluster Ib 0.0624 0.2089 0.1852 0.520(0.9867 0.3658 0.0349 0.2143
Cluster Ic -0.1564 0.2171 -0.4020 0.57540.8377 0.3803 -0.1919 0.2290
Cluster Il Reference Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variabke$eqt prediction of participation
decision or missing.

! percentages refer to accepted degree of restriction.

2 people with accepted degree of restriction, but no equalisation to other pesisiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.
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Table B.16: Estimation Results of the Logit-Models for the Propensitpt® for

Women in East Germany

Target Score=3  Target Score=4  Target Score=5
Coeff. Std. Coeff. Std. Coeff. Std.
Err. Err. Err.

Constant -9.4019 0.9522 -8.2956 0.9689 -3.4244 2.3470
Age 0.3279 0.0300 0.3380 0.0480 0.1438 0.1008
Age (squared) -0.0040 0.0004 -0.0040 0.0006 -0.0018 0.0012
Married 0.2165 0.0704 0.2306 0.1132 0.2905 0.2556
No. of children -0.0684 0.0409 -0.0369 0.0706 -0.2178 0.1927
German 1.1553 0.7320 - — -0.9381 1.2628
Health Restrictions

No health restrictions Reference Reference Reference

80% and over

50% to under 80%

30% to under 50%

30% to under 50%, no equafis.
Other health restrictions

0.5004 0.5222 1.4642 0.5994 0.5876 1.1427
0.1031 0.2542 0.4059 0.3297 -0.7586 0.8327
0.7089 0.3768 1.0000 0.4307 -0.2938 0.9879
-0.1779 0.3472 -0.2638 0.4280 - -
-0.2542 0.1258 -0.3546 0.1989 -0.9858 0.6646

Professional Training

No training, no CSE

No training, with CSE
Industrial training

Full-time vocational school
Technical school
Polytechnic

College, University

Reference Reference Reference
0.2433 0.1462 0.1489 0.1721 0.1807 363
0.9678 0.1551 0.9351 0.2041 0.4043 0.4438
1.3885 0.2807 1.5385 0.4891 - -
1.6689 0.1928 0.9147 0.3320 0.6527 0.8928
0.9845 0.4491 2.2644 0.7013 - -
1.5700 0.2741 1.2290 0.5758 - -

Occupational Group

Farming’

Mining, mineral extraction
Manufacturing

Technical professions
Service professions
Other professions

0.0744 0.1443 0.3742 0.2188 0.4983 0.6275

Reference Reference Reference
0.3159 0.16370.8039 0.2839 1.0893 0.6660
0.0388 0.0827 -0.0562 0.1293 0.4940 0.3101
-1.0677 0.5161 -1.2010 0.7368 0.1282 0.8041

Professional Rartk

BC, not skilled worker

BC, skilled worker

WC, simple occupations
WC, advanced occupations
Other

Reference Reference Reference
0.2333 0.1096 0.2948 0.1844 0.7054 0.3654
0.2536 0.1223 0.5018 0.2143 -0.4972 0.6897

0.1020 0.2281 -0.5324 0.4396 0.8921 1.2048
0.0613 0.0903 0.1888 0.1453 0.0524 0.3099

Work experience
Duration of empl. (months)

0.4693 0.1144 0.5986 0.1706 -0.2520 0.2902
-0.0026 0.0005 -0.0011 0.0008 -0.0045 0.0023

Duration of Unemployment (Weeks)

Up to 13 weeks
Between 13 and 52 weeks
More than 52 weeks

Reference Reference Reference
-0.2099 0.1285 -0.3230 0.2729 -0.7341 0.5949
-1.0925 0.1362 -1.5612 0.2742 -0.8532 0.5495

No. of placement propositions
Last contact

Vocational rehabilitatioh
Placement restrictions

0.0392 0.0077 0.0461 0.0122 0.0392 0.0271
-0.1073 0.0176 -0.0142 0.0242-0.2505 0.0760
-0.6310 0.2032 -0.2549 0.2324 0.0968 0.3644
-0.8055 0.1704 -1.0862 0.2418 0.0211 0.6638

Programme Before Unemployment

No programme

VT8, cont. education

VT, voc. adjustment
Job-preparative measure
Job creation scheme
Rehabilitation measure

Reference Reference Reference
-0.2280 0.1136 -0.1241 0.2088 0.7459 0.4421
-0.0454 0.1499 0.1614 0.2658 0.8615 0.5636

-0.9887 1.0263 0.1747 0.8019 1.0704 1.2199
0.7500 0.1114 0.8692 0.2045 1.4599 0.4315
-0.0674 0.4974 -0.2202 0.4681 0.0743 0.6860

Regional Context Variables

Cluster la
Cluster Ib

-0.3988 0.2204 -0.2230 0.3446 -0.2794 0.8194
-0.6045 0.2136 -0.5581 0.3323 -0.1361 0.7871

continued on next page
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Table B.16: (continued)

Target Score=3  Target Score=4  Target Score=5
Coeff. Std. Coeff. Std. Coeff. Std.

Err. Err. Err.
Cluster Ic -0.7589 0.2305 -0.4487 0.3536 0.0587 0.8278
Cluster Il Reference Reference Reference

Bold letters indicate significance at 1% levighlic letters refer to the 5% level.

— Variables not included in estimation due to collinearity to other variablrfegt prediction
of participation decision or missing.

1 percentages refer to accepted degree of restriction.

2 people with accepted degree of restriction, but no equalisation to other perigiotise same DoR.
3 Farming comprises plant cultivation, breeding and fishery.

4 BC = blue-collar worker, WC = white-collar worker.

5 Duration of last employment in months.

6 Time since last contact to job-center in weeks.

7 Attendant for vocational rehabilitation.

8 VT = Vocational training.
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Table B.17: Results of the Calculations for the Means of the Standaddise
Differences in Percent Before and After Matching

West Men Women
before after before after
Main Group 1462 251 16.08 3.20
Target Group
Age < 25 10.48 3.08 12.50 6.82
Age > 50 17.82 5.83 20.48 6.62
Without professional training 1431 3.29 16.79 4.25
Without work experience 14.02 5.69 1593 6.36
Long-term unemployed (more than 52 weeks) 17.77 3.06 19.13 4.18
Number of placement propositions 8.28 195 11.42 4.00
Vocational rehabilitation 18.13 8.45 23.96 16.31
Placement restrictions 19.29 4.61 26.99 4.99
Participation in ALMP before unemployment 18.59 6.46 16.93 8.80

Target Scores

0 1558 10.10 14.16 6.73

1 10.51 3.93 14.25 5.79

2 1530 2.42 16.36 4.51

3 21.40 3.72 25.06 4.42

4 26.25 3.81 31.58 5.68

5 and more 24.90 11.65 27.99 29.14

East Men Women
before after before after

Main Group 12.01 1.78 10.83 1.60

Target Group

Age < 25 1474 4.94 13.73 8.90

Age > 50 16.79 2.55 14.98 1.55

Without professional training 11.17 248 11.04 2.72

Without work experience 12.10 4.18 12.17 3.35

Long-term unemployed (more than 52 weeks) 13,55 2.00 11.61 1.69

Number of placement propositions 11.67 252 8.62 1.62

Vocational rehabilitation 12.88 4.38 15.87 5.87

Placement restrictions 15.35 3.91 18.37 3.11

Participation in ALMP before unemployment 13.20 4.82 10.62 3.08

Target Scores

0 1571 7.41 7.68 4.39
1 9.92 356 9.68 248
2 12.61 2.78 12.85 2.49
3 1756 3.12 1565 2.26
4 1891 3.75 18.04 2.14
5 and more 16.80 4.69 2251 8.84
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Figures

Fig. B.1: Balancing of AGE within Strata
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Fig. B.2: Balancing of MARITAL STATUS within Strata
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Fig. B.3: Balancing of PLACEMENT RESTRICTIONS within Strata
West Germany
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Fig. B.4: Balancing of NO. OF PLACEMENT PROPOSITIONS within Strata

Mean of Placement propositions

Mean of Placement propositions
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Fig. B.5: Balancing of DURATION OF LAST EMPLOYMENT within Strata

Mean of Duration of last employment in months

Mean of Duration of last employment in months
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Fig. B.6: Balancing of JOB CREATION SCHEME within Strata
West Germany
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ALMP
ATE
ATT
ATU
BAE
BewA
BSt
cDiD
CM
CMEA
CrSE
CSE
DiD
FDSS
FEA
GDP
GDR
GSOEP
IAB

JSCI
JTPA
LEA
LMM
LMM-SA
MMPH
MTG

NN

Work Support Act Arbeitsbrderungsgese}z

Active Labour Market Policy

Average Effect of Treatment

Average Effect of Treatment on the Treated

Average Effect of Treatment on the Untreated
Before-After Estimator
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Conditional Difference-in-Differences Estimator
Calliper Matching

Council for Mutual Economic Assistance
Cross-Section Estimator
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Difference-in-Differences Estimator
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Federal Employment Agency
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OECD
PEP
SGB Il
SGI
SM
SOMS
ST11

UA

uB

ul

UK
us
WPRS

Organisation for Economic Co-operation and Development
Public Employment Programme

Social Code Il Gozialgesetzbuch NI

Service Group Indicator

Stratification Matching

Service and Outcome Measurement System

Programme Participants’ Database of Subsidised Employ-
ment

Unemployment Assistance

Unemployment Benefits

Unemployment Insurance

United Kingdom

United States

Worker Profiling and Reemployment System
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